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ABSTRACT




The Impact of Using Artificial Intelligence Systems on Enhancing

Enterprise Risk Management

Prepared by: Mashael Mohammed Alahmari

Supervised by: Dr. Alaa Ahmad - Dr. yousra Dahman — Dr. Sara Fareed

Year: 2025

This study aimed to explore the impact of using artificial intelligence (Al) systems
on enhancing enterprise risk management (ERM) through a field study on a sample
of (20) respondents from employees working in organizations that use Al
technologies in risk management processes.

The study adopted a descriptive-analytical approach, where a questionnaire
consisting of (5) main items was developed to measure the extent of Al'simpact on
various dimensions of risk management. The reliability of the instrument was
verified using Cronbach’s Alpha coefficient, which reached (0.7429), indicating the
instrument’s reliability and consistency. Pearson’s correlation coefficient was also
used to test hypotheses and analyze relationships between variables.

Key Findings:

.YMain Hypothesis: The results showed a very strong relationship (r = 0.9859,

p <0.001) between the use of Al systems and the enhancement of enterprise

risk management, decisively confirming the pivotal role of Al in improving risk
management practices.

.YDescriptive Analysis: The overall mean of all questionnaire items was,(¥,70)
atan “agree” level, where the “risk prediction accuracy” item received the

highest mean (4.05), while the “error and time reduction” item received a mean
of.(¥,Y0)

.YSub-Hypotheses: All sub-hypotheses were statistically significant, with the
strongest relationship for decision-making support (r=0.8711, p <0.001),

followed by error and time reduction (r=0.7775, p <0.001), Al integration

strategy (r=0.6270, p =0.0031), and finally risk prediction accuracy (r=

,.,££0Yp=0.0492.(
.¢Demographic Characteristics: Females constituted (65%) of the sample, half
of the sample (50%) were under 30 years old, most (60%) held bachelor’s.

degrees, and (40%) had less than 5 years of experience.




Key Recommendations:

Based on the findings, the study presented several recommendations:

*For Organizations: Develop a comprehensive Al integration strategy, investin
advanced prediction systems, develop intensive training programs for
employees, and improve data quality.

*For Researchers: Conduct longitudinal studies, comparative studies across
sectors, in-depth case studies, and study factors affecting implementation.
success.

*For Policymakers: Establish clear regulatory frameworks, encourage

innovation and research, develop national standards, and support digital.

Scientific Contribution:

This study contributes to enriching the limited Arabic literature on Al and risk
management, provides empirical evidence of the strong relationship between the
two variables, offers practical guidelines for organizations, and provides a reliable

measurement tool for researchers.

Keywords:

Artificial Intelligence, Enterprise Risk Management, Machine Learning,

Risk Prediction, Decision Support, Competitive Advantage, Digital Transformation.
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