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Using artificial intelligence to predict delays in infrastructure projects in
Jeddah
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Abstract :

This study aims to examine the potential of employing artificial intelligence techniques to
predict delays in infrastructure projects in the city of Jeddah. The research focuses on
developing models based on historical project data and associated risk factors, including
project size, budget, contractor performance, environmental challenges, design changes,

.and resource availability

Several machine learning models were tested—such as random forests, deep learning
networks, and advanced regression models—and compared in terms of accuracy and their
ability to explain delay-related factors. The results showed that deep learning models
achieved the highest accuracy in predicting the expected delay duration, while more
interpretable models (such as regression) provided better insights into the most influential

.factors

The study concludes that artificial intelligence can significantly enhance planning and
decision-making for project management authorities by enabling early prediction of
potential issues and reducing financial and time losses. It recommends developing a unified
database for Jeddah’s infrastructure projects and integrating Al tools into future project

.management systems
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