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Although AI increasingly becomes a relevant part of important sectors such as healthcare, hiring, and criminal justice, the ethical challenges challenged by AI-driven decision-making-on bias, opacity, and accountability- become more critical. In fact, both researchers and policymakers acknowledge this (Baracas & Selbst, 2016; Mittelstadt et al., 2016); however, present-day solutions yielded are almost entirely theoretical and fragmented. For example, ethical principles were proposed by AI4People (Floridi et al., 2018), but what they lack is an action framework toward the real world. Like global ethics guidelines put emphasis on transparency and fairness (Jobin et al., 2019), their enforcement mechanisms are weak, creating the gap of policy and practice. Many technical solutions-for instance, those bias mitigation algorithms (Mehrabi et al., 2021)-do not address sociocultural contexts, which means that it is oversimplified systems that will increase inequality (Selbst et al., 2019). And, as if that weren't enough, systems of universal standard for measuring fairness are still lacking. This fact signifies the urgent need for interdisciplinary approaches to practical engineering that will ensure ethics in AI systems and compliance with complex real-life conditions.

Research Objectives
    Integrate Technical, Ethical, and Policy Perspectives: A framework that is holistic to address AI's ethical challenges identifies a combination of technical solutions (e.g., bias mitigation), ethical principles (e.g., transparency), and enforceable policies developed as a comprehensive effort.
    Bridge the Implementation Gap: Provide practical steps that turn theoretical ethical regulations (like the those in the EU AI directive) into tangible tools for developers and organizations.
    Contextualize Fairness Metrics: Create adaptive fairness assessment standards considering sociocultural variables (e.g., historical discrimination) to guarantee equitable outcomes across diverse populations.
    Evaluate Real-World Impact: Examining existing solutions and frameworks (like the AI4People framework) with given case studies to understand the barriers that remain for implementation and improvement of scale-up strategies to meet this need.

Justification for Research
There is no current approach that establishes a relationship between technical limitations, ethical principles, and societal context. For instance, Mehrabi et al. (2021) established several sources of bias but did not provide a universal fairness metric. Similarly, Selbst et al. (2019) criticized oversimplified data regarding social factors by means of their thesis but did not offer tools for cohesively incorporating these social factors. This research aims to fill this lacuna by providing actionable, interdisciplinary solutions that will help establish ethical AI systems that are technically robust as well as socially equitable.
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