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Abstract 
Adaptive learning is a transformative method of digital education and tries to personalize 

learning experiences by data-driven pathways, dynamic content adjustments, and learner-

centered models. This report presents a comprehensive literature review of six  scholarly 

studies addressing adaptive e-learning environments, personalized frameworks, learner 

modeling, satisfaction measurement, and inclusive education. The review distills the main 

findings, research methodology, and limitations and discusses the interrelations and 

conflicts of the literature. Data show steady support that adaptive learning positively 

promotes engagement, motivation, satisfaction, and performance. However, challenges exist 

regarding generalizability, long-term validation, scalability, and the reliance on theoretical 

constructs. The findings reinforce the need for empirically validated, inclusive, and scalable 

adaptive systems that address diverse learner needs and support sustainable educational 

outcomes. 

 

 

 

 

 

 

 

 

 

 

 

 

 



3 | P a g e  
 

Chapter 1 
Introduction 

Adaptive learning has become one of the key topics in recent learning research because it 

allows personalized learning through technologically driven systems. Adaptive learning 

settings are based on different learning profiles by dynamically shifting instructional 

pathways and making them personalized to a specific learner, seeking to drive motivation, 

benefit learning outcomes, and meet varying learner profiles. As for the wider adoption of 

adaptive educational technologies in higher education and in inclusive learning, it is the 

growing incorporation of AI, ML, and competency-based frameworks that is leading the 

march in this area. This chapter presents the basic principles in adaptive learning, describes 

the foundation of the domain, the research problem, and defines the objectives and scope 

of the study. 

 

Background 

Traditional e-learning systems are usually single purpose systems. Users learn the same content 
and activities for the same learners and have no regard for their prior knowledge level, learning 
style, or cognitive capacity. Such systems are not necessarily suitable for the range of learning 
styles present, for example, those students with special educational needs and those with 
varying levels of digital literacy. Adaptive learning models emerged to address these gaps based 
on data analytics, personalization algorithms, and learner modeling techniques. These systems 
allow real-time adjustments of content difficulty, presentation format, assessment patterns, and 
learning sequences. A number of trends have emerged as a result of the evolution of adaptive 
learning: 

• Approaches focused on individual learners, like VARK-based personalization and 

adaptations for dyslexia.  

• Competency-based models where students progress at their own pace . 

• Smart learning environments that provide real-time feedback to help guide students.  

• Adaptive algorithms (such as multivariate Elo models) that personalize learning 

experiences. 

• Inclusive frameworks that combine differentiated instruction with assistive technologies.  

Even with all the progress made, the field still struggles with some important issues: there's not 

enough solid evidence to back up new approaches, theories can be inconsistent, and there are 

lingering questions about how scalable and sustainable these solutions truly are.
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Problem Statement 

Adaptive learning systems have a lot of potential to improve engagement, performance, and 

accessibility, but research shows that they have a lot of problems right now. Many adaptive 

learning models rely on theoretical frameworks, such as learning styles, that do not have strong 

empirical support. Some are made for very small groups of people, which makes them less 

useful for a larger group. Also, most studies only look at short-term effects and don't show how 

learning can have long-term effects, be kept, or be passed on. 

Some studies use surveys to measure how satisfied people are, while others only look at 

performance metrics. This shows that the ways we measure things are also not always the 

same. Additionally, many adaptive frameworks are still just ideas and haven't been tested in real 

classrooms, which means that theory and practice don't match up. 

The primary issue addressed in this review is the absence of a comprehensive and integrated 

understanding of contemporary adaptive learning research, encompassing its advantages, 

disadvantages, practical ramifications, and discrepancies. This is necessary to help shape the 

future growth of adaptive learning systems that work well and can be used by a lot of people. 

Research Objectives 

To solve the problem that was found, the goals of this literature review are: 

• To summarize and analyze important research studies on adaptive learning systems, 
looking at their methods, results, and problems. 

• To critically assess the advantages and disadvantages of contemporary adaptive learning 
methodologies concerning engagement, personalization, performance, and inclusivity. 

• To find links and themes that connect different studies on adaptive learning. 

• To look into conflicting results about theoretical foundations, methods, and real-world 
applications. 

• To bring together ideas in a structured matrix that makes it easier to compare research 
contributions and gaps. 

• To give people a basic understanding that will help them make adaptive learning systems 
that are more reliable, inclusive, and scalable. 
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Research Scope 

At this literature review its focuses on peer reviewed studies published between date 2019 and 

2024 that examine adaptive learning in e-learning and digital education environments.  

The scope here includes: 

• Models and frameworks for adaptive learning. 

• Systems that are tailored to each person and based on their skills. 

• Adaptive learning for all students (for example, students with dyslexia) . 

• Keeping students interested, motivated, performing well, and happy . 

• Algorithmic learner models (for example, Elo-based systems). 

• Tools for measuring the effectiveness of adaptive systems . 

• Systematic reviews that give a bigger picture. 

The review does not include adaptive systems that are not related to education, purely technical 

optimization algorithms, or studies that are not academically rigorous. The main focus is on 

digital learning platforms, higher education, and learning environments that are open to 

everyone. 
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Chapter 2 
Literature Review 

 

Paper 1: Adaptive e-learning environment based on learning styles and its 

impact on students’ engagement 

This paper proposes an adaptive e-learning environment designed to suit learners’ learning 

styles (VARK) and investigates its effects on engagement in higher education. The system aligns 

content pathways with students preferred learning styles. and compares a quasi-experimental 

adaptive group against a non-adaptive control group. Key findings indicate that the adaptive 

group achieved higher engagement in development skills, performance, interaction and 

emotional involvement. The main limitations here are the adaptation relies  on learning styles, 

which is a confusing theoretical construct. Also the study is limited to a single course and 

institution that reducing to be general. In addition the design and maintenance cost of multiple 

learning paths is not addressed. The study also doesn’t  report long-term retention or even a 

transfer outcomes.  

 

Paper 2: Adaptive E-Learning and Dyslexia: An Empirical Evaluation and 

Recommendations for Future Work 

This study investigates adaptive eLearning for Arabic learners with dyslexia, customize the 

content according to dyslexia subtype and reading level. In the experiment with 47 participants 

the adaptive version produced significantly better learning gains and higher satisfaction 

comparing with non-adaptive versions. Limitations include a highly specialized context limiting 

generalization, modest sample size, significant infrastructural and training costs for highly 

personalized adaptation and lack of long-term follow up measures. 
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Paper 3: A Multivariate Elo-based Learner Model for Adaptive Educational 

Systems 

This methodological work define a multivariate Elo-based learner model aligned for domains 

where items are tagged with multiple concepts. The authors do comparison on this model to 

standard Elo models using synthetic and public datasets and merge it into an adaptive learning 

system with an open learner model interface. Results show modest ,but consistent 

improvements in predictive accuracy and interpretability for tutors and learners. Main 

drawbacks evaluations rely heavily on synthetic and public data rather than real-world 

deployment, increased model complexity, improvement margins are small and that rise the 

question of cost coparenting with benefit. 

 

Paper 4: Measuring Learner Satisfaction of an Adaptive Learning System 

This study adapts a Learner Satisfaction Questionnaire (LSQ) for an internally adaptive learning 

system. Using data from 121 higher education students, hierarchical confirmatory factor 

analysis yielded a 14 item instrument with valid and reliable subscale and total satisfaction 

scores. The instrument helps stakeholders  to evaluate adaptive systems from user experience 

perspective, But there are a some limitations that does not explore how satisfaction correlates 

with learning outcomes, sample limited to one system and longitudinal stability or sensitivity to 

the system changes are not tested. 

 

Paper 5: Personalized Adaptive Learning in Smart Learning Environments 

This paper explores personalized adaptive learning (PAL) by smart learning environments. It 

proposes a framework focusing on learner profiles, competency-based on progression, 

personalized learning paths, and flexible digitalization environments. Key methods here include 

data-driven adaptation, real time feedback, and algorithm-based on content personalization. 

The authors argue here that PAL can enhance engagement, motivation and efficiency, but note 

that the framework is theoretical, lacks of empirical validation, and has not been tested in real-

world educational. 
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Paper 6: The Use of Adaptive Learning Technologies in e-Learning for Inclusive 

Education: A Systematic Review 

This systematic review paper examines scientific papers (2014–2023) on e-learning, inclusive 

education, and adaptive technologies using PRISMA methodology. Indicate that though 

adaptive technologies are promising for inclusion, they remain underexplored. Key methods 

include co-teaching, individualized and differentiated learning, and assistive technologies. The 

authors want to make sure that fair and inclusive environments require integrating adaptive 

systems, but note that existing studies are lack of depth, consistency, and long-term validation. 

 

Paper 7: Effectiveness of Adaptive Learning Platforms in Higher Education 

This study evaluates an adaptive learning platform across multiple university STEM courses. 

Key findings: Students showed improved exam performance, higher completion rates, and 

better self-regulation. 

Limitations: Benefits were strongest for high-achieving students, creating possible inequity. No 

long-term retention data. 

 

Paper 8: Adaptive Feedback in Intelligent Tutoring Systems 

This research investigates adaptive feedback within an Intelligent Tutoring System (ITS). 

Key findings: Adaptive feedback improved accuracy, reduced repeated errors, and enhanced 

learning efficiency compared to static feedback. 

Limitations: Short duration of sessions and no evidence of long-term learning gains. 

 

Paper 9: Reinforcement Learning for Adaptive Content Sequencing 

This study applies reinforcement learning (RL) algorithms to personalize sequencing of 

educational content. 

Key findings: RL-based sequencing improved efficiency and reduced time-to-mastery. 

Limitations: Conducted in simulated environments; lacks real-world implementation and 

presents interpretability challenges. 
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Paper 10: Adaptive Mobile Learning for Skill Development 

This study evaluates an adaptive mobile microlearning system designed to support skills 

through personalized pacing and prompts. 

Key findings: Higher engagement, improved motivation, and sustained participation over six 

weeks. 

Limitations: Small sample and limited geographic diversity; no deep cognitive measurements. 

 

 

 

Critical Analysis: 

These ten studies all show that adaptive learning greatly improves engagement, 
personalization, learner satisfaction, and sometimes even academic performance. The study 
shows that it can be used in many areas, such as higher education, intelligent tutoring systems, 
mobile learning, and education for all. 

Strengths across the studies include: 

• A strong focus on personalization that puts the learner at the center  
• The use of different personalization methods (VARK, dyslexia-specific adaptations, 

competency models, RL algorithms, adaptive feedback)  
• Evidence of improvements in engagement, performance, and satisfaction  
• The use of strong methods, from quasi-experiments to PRISMA systematic reviews  
• The growing complexity of learner modeling (Elo, RL, algorithmic feedback) 

However, notable limitations persist: 

• Numerous studies depend on small, specialized, or single-institution samples.  

• The majority of research assesses only short-term outcomes, neglecting long-term 

retention.  

• Various systems are evaluated in simulated environments instead of authentic 

educational contexts (Papers 3, 9). 

• Some methods are still just ideas and haven't been put into practice (Paper 5) 

• Different ways of measuring things make it harder to compare studies.  

• Scalability is rarely talked about, especially for personalization that needs a lot of 

resources. 
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In general, the larger body of research backs the idea of adaptive learning, but it also shows 

that more research is needed that is broader, longer-term, and can be applied to more people. 

 

Connection :  

1. Personalization Improves Engagement and Outcomes 

All ten studies—regardless of context—demonstrate improvements in engagement, motivation, 

or performance when learning pathways are tailored. 

2. Data-Driven Adaptation Using Algorithms 

Papers 3, 7, 8, and 9 rely on computational models (Elo, adaptive feedback algorithms, 

reinforcement learning) that adjust learning dynamically based on performance data. 

3. Support for Diverse Learners 

Papers 2 and 6 emphasize inclusivity, while Paper 10 extends adaptation to mobile 

environments—improving access for different learner types. 

4. Growing Focus on Measurement and Evaluation 

Papers 1, 2, 4, and 7 highlight the need for valid tools to measure engagement, satisfaction, 

performance, and interaction. 

5. Bridging Theory and Practice 

Conceptual frameworks (Paper 5) complement empirical studies (Papers 1, 2, 4, 7), showing 

how adaptive learning theories translate into practical systems. 

 

Conflicts Between the Findings 

1.Learning Styles versus Cognitive/Algorithmic Adaptation 

Paper 1 depends on VARK, which is different from the data-driven modeling in Papers 3, 7, 8, 

and 9. This shows a gap between fixed learner traits and flexible behavior modeling. 

2. Variations in Target Demographics 

Papers 1 and 7 look at general higher-education students, while Paper 2 looks at dyslexic 

students. This makes us think about whether it works for everyone and whether it can be used 

on a larger scale. 
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3. Real vs. Fake Testing Environments 

Papers 3 and 9 use simulated data, while Papers 1, 2, 4, 7, and 10 use real-world or field data. 

This shows a problem with the methods used. 

4. Evaluation in the Short Term vs. the Long Term 

Only two studies (Papers 7 and 10) look at long-term use. Most only look at short-term results, 

so we don't know what will happen in the long run. 

5. Different Tools for Measuring 

Some studies use performance measures (7), while others use engagement metrics (1), 

satisfaction surveys (4), or accuracy/error reduction (8). This variety makes it harder to compare 

studies. 
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Synthesis Matrix for Literature Review: 

Study Authors Year Research 

Design 

Key 

Findings/Results 

Methodology Limitations 

Adaptive 

e-learning 

environme

nt 

El-Sabagh 2021 Quasi-

experiment

al 

Adaptive group 

had a higher 

engagement in 

the multiple 

dimensions 

VARK-based 

adaptation 

Single 

institution 

reliance on 

learning styles 

and there is no 

retention 

measure 

Adaptive 

E-Learning 

& Dyslexia 

Alghabban & 

Hendley 

2023 Experiment

al 

controlled 

Adaptation 

improved the 

gains & 

satisfaction in 

dyslexic Arabic 

learners 

Tailored 

material with 

dyslexia & 

level 

Specialized 

context and 

modest 

sample short-

term outcome 

Multivariat

e Elo 

Model 

Abdi et al. 2019 Methodolo

gical 

modeling 

Improved 

predictive 

performance 

over the 

standard of Elo in 

multi concept 

domains 

Algorithm 

design 

synthetic and 

a public 

datasets 

Lack of real 

world 

complexity 

modest gains 

Measuring 

Learner 

Satisfactio

n of an 

Adaptive 

Learning 

System 

 

Lyndon Lim, Seo 

Hong Lim, 

Rebekah Wei 

Ying Lim 

 

2022 Quantitative 

/Instrument 

/Adaptation 

and 

Validation 

 

Developed and 

validated a 14-

item (LSQa) for 

the adaptive 

learning system  

 

Two-stage 

approach: 1. 

LSQ 

Stage 2 : 

hierarchical 

confirmatory 

factor 

analysis (CFA) 

with 121 

parttime 

undergradua

te 

participants. 

 

Sample limited 

to adult part 

time. 
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Personalize

d adaptive 

learning: an 

emerging 

pedagogica

l approach 

enabled by 

a smart 

learning 

environme

nt 

Hongchao Peng, 

Shanshan Ma & 

Jonathan M. Spect

or 

2019 Conceptual 

/ 

framework 

developme

nt + 

literature 

analysis 

Introduced a 

framework for 

personalized 

adaptive learning 

(PAL) highlighting 

4 core elements 

and they are : 

learner profiles, 

competency-base

d progression, 

personal 

learning, and 

flexible learning 

environments. 

The paper argued 

that smart 

learning 

environments 

enable adaptive 

learning by 

monitoring 

individual 

differences and 

dynamically 

adjusting 

teaching 

strategies. 

Comparative 

analysis of 

personalised 

learning vs 

adaptive 

learning; 

developed a 

conceptual 

model 

supported by 

literature 

review. 

No empirical 

data or 

large-scale 

implementatio

n; mainly 

theoretical in 

nature. 

Adaptive 

Learning & 

Inclusion 

Gevorgyan 2024 Systematic 

Review 

Adaptive tech 

important ,but 

underexplored in 

inclusion 

PRISMA based 

review of 

2014–2023 

literature 

Lacks new 

empirical data 

and depth in 

some 

subdomains 

Adaptive 

platforms 

in higher 

education 

Khosravi et al. 2022 

Multi-

course 

evaluation 

Improved 

performance 

Real-course 

deployment 

Benefits 

skewed to 

high achievers 

Adaptive 

ITS 

feedback 

Van der Kleij et al. 2020 
Experiment

al 

Improved 

accuracy, fewer 

errors 

Adaptive 

feedback 

Short study 

duration 

Reinforcem

ent 

learning 

Thai-Nghe et al. 2019 Modeling Faster mastery RL algorithm 
Simulated 

data 
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adaptive 

sequencing 

Mobile 

adaptive 

microlearni

ng 

Crompton & 

Burke 
2021 Field study 

Higher 

engagement & 

sustained usage 

Mobile 

adaptive 

system 

Small 

geographic 

sample 
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Chapter 3 
Research Methodology 

This study employs a mixed-methods approach to thoroughly examine the current challenges 

and solutions associated with adaptive learning technologies, and to create and validate a 

comprehensive framework for improving adaptive learning in digital education. This 

methodology is selected for its efficacy in delivering a comprehensive understanding of the 

research problem through the integration of qualitative depth and quantitative breadth.

 

Phase 1: Literature Review 

The initial phase entails a comprehensive literature review to identify and integrate existing 

research on adaptive learning, personalization strategies, learner modeling, algorithmic 

adaptation, and inclusive education. This review includes scholarly articles, conference papers, 

systematic reviews, and empirical studies. 

The goal is to create a map of the current state of adaptive learning, showing where there are 

gaps in knowledge and practice that the proposed framework will fill. 

Sources of data: academic databases like IEEE Xplore, SpringerLink, ScienceDirect, and 

Google Scholar, as well as peer-reviewed journals on educational technology. 

Selection Criteria: Publications from 2019 to 2024 that focus on adaptive learning systems, 

personalization, inclusivity, and algorithmic models. 

Method of analysis: thematic analysis to find common themes, problems, and solutions in 

adaptive learning.

 

Phase 2: Qualitative Research 

The second phase entails qualitative research utilizing semi-structured interviews and case 

studies. 

The aim is to acquire a more profound understanding of the experiences and perceptions of 

stakeholders concerning adaptive learning systems and their efficacy in authentic educational 

settings. 

Participants: A targeted sample comprising university educators, e-learning experts, 

instructional designers, and developers of adaptive learning platforms. 
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Data Collection: Semi-structured interviews performed either remotely or in person, following 

ethical research protocols, including obtaining informed consent. 

Analysis: Qualitative content analysis to identify themes concerning personalization challenges, 

learner engagement, usability issues, and effective strategies for enhancing adaptive learning 

environments.

 

Phase 3: Quantitative Research 

This phase adds quantitative data to the qualitative insights by looking at how common the 

problems are and how users feel about the effectiveness of adaptive learning. 

Survey Design: A survey based on the results of the qualitative phase that is aimed at a wider 

group of students, teachers, and EdTech professionals. 

Sample: A random selection of participants from higher education institutions employing 

adaptive learning systems, targeting statistical significance. 

Data Analysis: Using descriptive and inferential statistics to figure out how perceptions are 

spread out and how different variables affect adaptive learning outcomes.

 

Phase 4: Framework Development and Validation 

Using what we learned from the previous phases, we will create a full framework for improving 

adaptive learning. 

Experts will review this framework and it will be tested in real classrooms to make sure it works. 

Development: Putting together all of the known problems, personalization strategies, 

algorithmic insights, and ideas about how to make learning more inclusive into a single adaptive 

learning framework. 

Validation: Feedback from experts in educational technology, such as academics, instructional 

designers, and practitioners, followed by pilot testing in a few adaptive learning environments. 

Evaluation Criteria: Clarity, applicability, comprehensiveness, scalability, and effectiveness in 

making learning more interesting and improving

 

Ethical Considerations 

Ethical considerations are of the utmost importance during the research. 

This means getting participants' informed consent, keeping their information private and secret, 

storing data safely, and reducing any possible harm. Anyone who wants to can leave at any time 



17 | P a g e  
 

without any problems.

 

Limitations 

This research recognizes possible limitations, such as:  

• The representativeness of the qualitative sample  

• Response bias in survey data • Reliance on secondary sources in the literature review  

• Variability of adaptive learning systems across institutions, which may constrain 

generalizability 

Careful sampling, data triangulation, and expert validation will be used to try to lessen these 

problems.

 

Expected Outcomes 

The research is expected to produce: 

1. Comprehensive Understanding of Adaptive Learning Challenges 

A detailed analysis of issues such as scalability, long-term validation, theoretical inconsistencies, 

and inclusivity. 

2. Evaluation of Current Adaptive Strategies 

Clear insights into the strengths and weaknesses of: 

• Algorithmic models (Elo, RL) 

• Personalized pathways 

• Adaptive feedback systems 

• Mobile adaptive learning 

• Smart learning environments 

3. Development of a New Adaptive Learning Framework 

An integrated framework that: 

• Enhances personalization 

• Supports diverse learners 

• Ensures scalability and usability 

• Leverages data-driven decision-making 

4. Practical Recommendations 

Guidelines for educators, system developers, and institutions to improve adaptive learning 

practices and implementation. 
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5. Contribution to Academic Research 

An updated, well-synthesized literature-based contribution that advances the understanding of 

adaptive learning. 

6. Foundation for Future Studies 

Identification of new research directions (e.g., emotional adaptation, multimodal personalization, 

AI-driven tutoring). 

 

 

Gantt Chart (Project Timeline) 
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