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Related work 

 Ibomoiye Domor Mienye applied a DL techniques, including convolutional neural network (CNN), simple recurrent neural network (RNN), long short-term memory (LSTM), and gated recurrent unit (GRU),The European credit card dataset https://www.kaggle.com/datasets/mlg-ulb/creditcardfraud  has been widely used by researchers in building robust CCFD models. This dataset contains 284,807 transactions from European countries, which have been labeled as either normal or fraudulent. The dataset has the 284,807 transactions, only a tiny fraction (0.17%) belongs to the positive class (i.e., fraud transactions), while the majority class (99.83%) represents the negative class or legitimate transactions.
Mienye and Sun developed an approach for credit card fraud detection using a stacked ensemble of long short-term memory (LSTM) and gated recurrent unit (GRU) networks, with a multilayer perceptron (MLP) as the base learner. 
The result the MLP model achieved good performance, especially with regard to accuracy and specificity. However, its sensitivity indicates a limitation in predicting fraud cases compared to the GRU



Tesfahun Berhane developed a hybrid CNN-SVM model to identify fraudulent credit card transactions. We assessed the effectiveness of our proposed hybrid CNN-SVM model for detecting credit card fraud using real-world, openly accessible credit card transaction data.
The dataset from https://www.kaggle.com has 284,809 transactions in total. The dataset has V1, …, V28, time, and amount among its 30 features.
 the results, our hybrid CNN-SVM model produced classification performances with accuracy, precision, recall, F1-score, and AUC of 91.08%, 90.50%, 90.34%, 90.41, and 91.05%, respectively










Aya Abd El Naby proposed model is OSCNN (Over Sampling with Convolution Neural Network) which is based on over-sampling preprocessing and CNN (convolution neural network). The MLP (Multi-layer perceptron) was also applied to the dataset. Comparing the MLP-OSCNN results, they proved that the proposed model achieved better results with 98% accuracy



Salwa Al Balawi applied the Artificial Neural Network (ANN) and Convolutional Neural Network (CNN). The Credit-card Fraud Detection dataset at Kaggle consists of credit-card transactions made in September
2013 by the European cardholders for two days, the result was the CNN without Pooling layer offers (83.72%) better results than the CNN with Pooling layer and the ANN models (71.01%).



Tesfahun Berhane developed a hybrid CNN-SVM model for detecting fraud in credit card transactions. The result hybrid CNN-SVM model produced classification performances with accuracy, precision, recall, F1-score, and AUC of 91.08%, 90.50%, 90.34%, 90.41, and 91.05%, respectively.


Sumaya S. Sulaiman developed Three deep learning models: AutoEncoder (AE), Convolution Neural Network (CNN), and Long Short-Term Memory (LSTM) are proposed to investigate how hyperparameter adjustment impacts the efficacy of deep learning models used to identify credit card fraud. The experiments conducted on a European credit card fraud dataset. The results that LSTM significantly outperformed AE and CNN in terms of accuracy (99.2%), detection rate (93.3%), and area under
the curve (96.3%).



Rahul Roy Devarakonda applied the  Hybrid ML-Based Fraud Detection: XGBoost, and LSTM , results show that
XGBoost produced a high accuracy of 97%, while LSTM had the best recall of 95%,distinguishing sequential fraud activities.
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