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ABSTRACT: This paper examines the integration of Artificial Intelligence (AI) within the Saudi Arabian construction industry,
addressing key challenges, potential solutions, and its transformative potential. With Saudi Arabia’s Vision 2030 emphasizing
technological innovation and economic diversification, the construction sector stands to benefit significantly from Al-driven
advancements that improve productivity and enhance project management. Key challenges identified include technical barriers,
such as data quality issues, complex system integration, and the limited availability of specialized Al tools. Additionally, regulatory
hurdles related to compliance and data privacy, high implementation costs, limited ROI, and social resistance driven by job
displacement fears and lack of Al familiarity pose significant obstacles.

A survey conducted among industry professionals confirmed these challenges, highlighting difficulties in Al system integration,
economic concerns about costs and talent shortages, and regulatory uncertainties. Social resistance to Al adoption also emerged as
a critical barrier, underscoring the need for workforce training and change management strategies to foster acceptance. The paper
proposes targeted solutions, including improving data integration capabilities, establishing comprehensive regulatory frameworks,
providing financial incentives, and offering training programs to build Al-related expertise.

Case studies and hypothetical scenarios illustrate Al’s potential benefits, such as optimizing resource allocation, enhancing safety,
reducing costs, and streamlining project timelines. Government-backed initiatives like King Salman Energy Park (SPARK)
emphasize the importance of infrastructure and state support in facilitating Al adoption across industries. These efforts align with
national goals to transform construction practices and drive innovation.

The findings demonstrate Al’s potential to revolutionize the construction sector, but overcoming existing challenges requires
continuous collaboration between industry stakeholders, policymakers, and technology providers. Further research is necessary to
validate these assumptions and explore practical strategies for Al integration, ultimately paving the way for a more efficient,
innovative, and sustainable construction industry.

KEYWORDS: Attificial Intelligence (Al) in Construction, Saudi Construction Industry, Al Integration in Saudi Projects, Vision
2030 Saudi Arabia, Al Adoption Challenges

1. INTRODUCTION
Al is revolutionizing industries by automating processes, improving decision-making, and driving innovation in sectors like
healthcare, finance, and construction, leading to increased efficiency, accuracy, and productivity (Merdzanovi¢, Vukomanovi¢, &
Ivandi¢ Vidovié, 2023).

1.1 Understanding Artificial Intelligence

Al enables machines to mimic human intelligence, performing tasks like decision-making and problem-solving (Phaladi et al.,
2022). In construction, Al integrates technologies such as machine learning and robotics, allowing machines to simulate human-like
thinking and assist in complex project tasks (Altaie & Dishar, 2024).

1.2 AI's Significance in Global Industries

Al is optimizing processes, enhancing safety, and enabling data-driven decisions across industries. In project management, it
improves scheduling, risk prediction, and resource allocation (Krishnan & Krishnan, 2024). In construction, Al automates planning,
design, and monitoring, increasing efficiency and reducing errors (Zabala-Vargas et al., 2023).

1.3 Al in the Construction Industry

The construction industry, typically recognized for its labor-intensive nature and high-risk conditions, has recently started integrating
Al to enhance project outcomes. Al applications in construction span areas such as project scheduling, safety monitoring, quality
control, and cost estimation. By utilizing Al, the construction sector is becoming increasingly data-driven, employing predictive
models to foresee potential challenges, simplify processes, and minimize both time and expenses.
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1.4 Project Planning and Management

Al is transforming project planning and management by providing predictive insights. By analyzing historical data, including
weather patterns, Al tools offer valuable foresight for efficient scheduling and resource allocation (Merdzanovi¢ et al., 2023),
reducing delays and enhancing decision-making.

1.5 Enhanced Learning and Skill Development

In South Africa, Al is improving construction workforce development by identifying skill gaps, suggesting training, and enhancing
competencies (Phaladi et al., 2022). This is particularly valuable in developing regions where skills shortages impact project
efficiency.

1.6 Knowledge Management Integration

Integrating Al with Knowledge Management systems enhances project oversight and decision-making in construction. These
systems capture, organize, and share knowledge, fostering collaboration and efficient information sharing (Altaie & Dishar, 2024),
leading to improved project execution and risk mitigation through real-time information and predictive analytics.

1.7 Automation and Robotics in Construction

Al-powered robotics are transforming construction by automating tasks like bricklaying and welding, improving safety, and
reducing reliance on manual labor (Krishnan & Krishnan, 2024). This automation enhances productivity and shortens project
timelines.

2. CASE STUDIES OF A1 APPLICATION IN CONSTRUCTION

2.1 Application of Big Data and Al in Project Life Cycle Management

In the AEC industry, big data and Al optimize project lifecycles by enhancing visibility across all stages (Zabala-Vargas et al., 2023).
This technology analyzes vast datasets to streamline resource allocation, improve quality control, and predict outcomes, reducing
costs and time.

2.2 Al in Safety Monitoring and Risk Management
Al significantly contributes to construction safety by using predictive models to assess risks based on environmental factors, worker
behavior, and equipment conditions (Merdzanovi¢ et al., 2023). This proactive approach minimizes accidents, ensures compliance
with safety standards, and enhances project outcomes.

2.3 Improving Project Delivery and Quality Control

Research shows that Al applications, including machine learning, enhance project delivery by automating quality checks and
overseeing task schedules (Krishnan & Krishnan, 2024). With real-time data analysis capabilities, Al enables managers to monitor
project performance, anticipate possible delays, and make prompt adjustments, thereby maintaining quality control.

3. CHALLENGES AND FUTURE PROSPECTS

Despite its benefits, integrating Al into construction faces challenges. High implementation costs, a lack of skilled professionals,
and resistance to technological change are significant barriers (Altaie & Dishar, 2024). Concerns also exist regarding data privacy
and ethical Al use, especially given the sensitive data involved in construction projects.

Al's role in construction is expected to expand significantly. Advancements in digital twin technology, IoT, and blockchain will
enhance data management and security, leading to increased productivity, cost-effectiveness, and improved project outcomes as
more companies adopt Al (Zabala-Vargas et al., 2023).

4. ASSUMPTIONS AND HYPOTHESES

Assumption 1: Al adoption in the Saudi construction industry is still in its early stages.

Assumption 2: The main barriers to Al adoption are technical, regulatory, economic, and social.
Assumption 3: The potential benefits of Al in construction outweigh the challenges if properly addressed.

5. THEORETICAL BACKGROUND

The adoption of artificial intelligence (Al) in the architecture, engineering, and construction (AEC) industry has gained significant
momentum in recent years. Al applications have demonstrated potential in several areas, including architectural design, site logistics
planning, safety management, progress monitoring, productivity improvement, and building operations and maintenance.
Technologies like machine learning and computer vision have shown increasing applicability to construction-related tasks, enabling
automation and enhanced decision-making (Regona et al., 2022). These advancements are not just theoretical; they provide tangible
benefits which make Al a valuable tool for transforming traditional construction workflows.
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Global trends and advancements in Al technology have further accelerated the adoption of Al in the construction industry. Around
the world, construction firms are recognizing Al's ability to enhance productivity, lower costs, and improve project outcomes.
Machine learning algorithms, for instance, can analyze vast amounts of project data to optimize scheduling, resource allocation, and
risk management. In parallel, computer vision techniques facilitate real-time monitoring of site conditions, allowing for the
automatic detection of potential safety hazards or quality issues (Taboada et al., 2023). Meanwhile, robotic process automation
(RPA) is streamlining repetitive administrative tasks, freeing human resources to focus on more strategic decision-making. Countries
like the United States, China, and Japan are leading these advancements, showcasing Al's transformative potential in construction.
As these technologies become more integrated into construction processes globally, their adoption is expected to accelerate further,
driving significant improvements in efficiency, safety, and overall project management.

Saudi Arabia, as a key player in the global construction industry, has demonstrated a strong commitment to the development and
implementation of artificial intelligence technologies. The national vision emphasizes the importance of Al and other emerging
technologies as crucial drivers for diversifying the economy beyond oil and gas. Saudi Arabia has set ambitious goals for Al
adoption, not just as an economic growth enabler but as a means of enhancing productivity and efficiency across multiple sectors,
including construction (Vision 2030 Annual Report, 2023). The integration of Al into the Saudi construction industry aligns with
the broader objective of reducing reliance on oil revenues, making the country a regional leader in Al-powered innovation.

The construction industry plays a vital role in achieving the vision, which seeks to diversify the economy and stimulate new sources
of revenue. Recognizing the potential of Al to transform construction processes, Vision 2030 identifies the adoption of artificial
intelligence and emerging technologies as essential for driving growth and innovation in this sector (Saudi Vision 2030, 2023). The
construction industry, as one of the pillars of the Saudi economy, stands to benefit greatly from Al-powered solutions in project
planning, execution, and operations. For example, initiatives such as the Saudi Digital Academy for Artificial Intelligence are
designed to foster the development and application of Al technologies, including those used in construction. By leveraging Al
technologies and the existing infrastructure, such as the Saudi Authority for Data and Artificial Intelligence (SADAIA), construction
firms in Saudi Arabia can enhance productivity, reduce costs, and improve project outcomes. (can we cite our first paper here?).
However, like many countries, Saudi Arabia faces challenges in workforce training, regulatory frameworks, and technological
infrastructure, which need to be addressed to fully realize the benefits of Al in the construction sector. As the country continues to
invest in Al and related technologies, the construction industry has the potential to become a critical player in Saudi Arabia's broader
economic transformation.

6. ASSUMED CHALLENGES IN USING AI IN THE SAUDI CONSTRUCTION INDUSTRY

While the potential benefits of adopting Al in the Saudi construction industry are substantial, the sector also faces various challenges
that must be addressed to facilitate a successful and widespread implementation of these technologies. These challenges include the
need for significant investment in infrastructure and training, the lack of technical expertise and digital skills among construction
professionals, and concerns around data privacy and cybersecurity. Additionally, the industry's traditional resistance to change and
the fragmented nature of construction projects can hinder the seamless integration of Al-powered solutions. Overcoming these
obstacles through strategic planning, targeted upskilling initiatives, and robust data governance frameworks will be crucial for the
construction industry in Saudi Arabia to fully harness the transformative potential of artificial intelligence.

6.1 Technical Challenges

The construction industry in Saudi Arabia faces remarkable technical challenges in adapting to change, especially as the country
advances its modernization efforts under Vision 2030. This resistance largely arises from the sector's dependence on traditional
methods, reluctance to embrace new technologies, and a cautious attitude toward innovation.

One of the primary challenges in the adoption of Al in the Saudi construction industry is the lack of technical expertise and digital
skills among construction professionals (evidence from the survey?). Many construction firms in the country may lack the in-house
capabilities to effectively integrate and utilize Al-powered technologies, which requires specialized knowledge and skills in areas
such as data management, machine learning, and software development (survey evidence on the digital skills gap). Additionally, the
fragmented nature of construction projects, with multiple stakeholders and contractors involved, can make it challenging to establish
the necessary data infrastructure and ensure seamless data exchange and integration, which is a critical prerequisite for the successful
deployment of Al-based solutions (Abioye et al., 2021).

Moreover, the integration of Al tools with existing project management systems can pose significant technical hurdles, as these
systems may not be designed to seamlessly interface with more advanced Al technologies. This is because project management
systems are often built on legacy platforms and architectures that were not developed with the integration of sophisticated Al
capabilities in mind. Bridging the gap between these legacy systems and the requirements of Al-powered solutions can be a complex
and resource-intensive process, requiring substantial investments in system upgrades, data migration, and software customization
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(need reference here). Overcoming these technical challenges is crucial for construction firms to successfully leverage the full
potential of Al technologies within their existing project management frameworks.

(Mahmood et al., 2023) “Including artificial intelligence is an essential involvement in managing projects as new technologies are
arising and depending on old style tools and techniques will no longer work for new complex projects”.

Many project management and operational systems in construction are built on legacy platforms that lack compatibility with modern
Al technologies, making integration challenging. These systems often require extensive upgrades or customization to support Al
which is both costly and complex. Weng. (2023) “Organizations may be reluctant to adopt Al tools if they require significant changes
to their current project management infrastructure or the abandonment of legacy systems. This can result in hesitance to embrace
Al-driven project management solutions, even if they offer significant benefits in terms of efficiency and decision-making support”.
Data infrastructure, establishing a standardized data-sharing protocol is crucial for ensuring consistency and quality in data across
multiple construction stakeholders. Unified data protocols can facilitate smooth Al implementation by enabling seamless data flow
and integration.

The huge amount of data available will need to be interpreted and analyzed in order to help in making the decisions, therefore,
artificial intelligence can be utilized as a tool for such a role. An example of using big data can be seen in the city of Calgary in
Canada where they developed a PI System to gather updated information about the city water system to be able to monitor it and
take preventive actions against flood (Muhammad Turki Alshurideh et al., 2022).

technology’s capability to act by human judgment is questioned. Humans apply

discrete language and descriptive terminology in diverse fields of practice. Experts of the discipline need to be trained in Al
technology. Furthermore, cognitive flexibility and moral driven decision-making demand sophisticated Al structures, challenging
contemporary implementation opportunities (Dwivedi et al., 2021).

Rapid pace of Al technology evolution is another challenge as well which is impacting the construction firms and the fast-paced
development of Al technologies presents a challenge, as companies must continually adapt and update their systems to keep up.
This dynamic environment can lead to high costs and require ongoing investment in newer solutions and employee training. Weng.
(2023) “The rapidly evolving nature of Al technology means that organizations must be prepared to adjust their processes and
strategies to keep pace with emerging trends and best practices. This ongoing process of adaptation can be resource-intensive and
may require organizations to be agile and open to change”

The rapidly evolving nature of Al technology means that organizations must be prepared to adjust their processes and strategies to
keep pace with emerging trends and best practices. This ongoing process of adaptation can be resource-intensive and may require
organizations to be agile and open to change.

6.2 Regulatory and Legal Challenges (Ethical Consideration)

Another significant challenge is the need to address regulatory and data privacy concerns associated with the implementation of Al
technologies in the construction industry. Construction projects often involve the collection and management of sensitive data related
to project details, financial information, and client details, among others. Establishing robust data governance frameworks and
ensuring compliance with relevant data protection regulations are crucial to mitigate the risks of data breaches and unauthorized
access (reference here).

Ethical considerations, such as data privacy and potential bias in Al-based decisions, must be carefully addressed to build trust and
acceptance among construction industry stakeholders. Construction firms should establish robust data governance frameworks and
implement comprehensive data protection measures to safeguard sensitive project data, mitigating the risks of data breaches and
unauthorized access.

Additionally, efforts should be made to identify and mitigate any inherent biases in the Al systems used, ensuring fair and unbiased
decision-making processes. By proactively addressing these ethical concerns, construction companies can foster greater confidence
and support from clients, regulators, and the wider industry, facilitating the successful and responsible adoption of Al-powered
solutions within the sector.

As Al becomes integrated into construction, protecting sensitive project data and proprietary information from cyber threats is a
growing challenge. Al systems often rely on vast amounts of data from various stakeholders, increasing exposure to potential
breaches or data leaks. Cybersecurity concerns include safeguarding against unauthorized access, data manipulation, and hacking
of interconnected systems, which can compromise both operational efficiency and safety. Additionally, construction firms may lack
dedicated cybersecurity resources or expertise, making it difficult to secure Al systems against evolving threats. Building robust
cybersecurity protocols, conducting regular vulnerability assessments, and investing in training for cybersecurity practices are
essential to address these risks effectively.

Weng. (2023) “Project managers should also work closely with their IT departments and cybersecurity teams to establish best
practices and guidelines for using Al tools like ChatGPT. Additionally, organizations should maintain transparency with their
stakeholders about the use of Al and the measures taken to protect data privacy and security”.
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Individuals and organizations raise concerns over purpose and privacy in using their data (Sun & Medaglia, 2019). Some advocates,
such as Elon Musk, advise strengthening the regulatory framework to preempt Al advancements ‘before it is too late (The Guardian,
2017).

Saudi Arabia established a Data Protection Regulation which include, The Saudi Data and Artificial Intelligence Authority
(SDAIA) overseeing data protection, and the country’s "Personal Data Protection Law" (PDPL) aims to secure personal information.
Effective as of 2022, PDPL governs data handling, particularly relevant to sensitive data in Al systems.

6.3 Economic Challenges

The implementation of Al-based technologies in the Saudi construction industry also faces significant economic challenges,
particularly in terms of the substantial upfront investments required. Adopting Al-powered solutions often necessitates significant
investments in advanced hardware, software, and data infrastructure, as well as the training and upskilling of the workforce to ensure
effective utilization of these technologies (Abioye et al., 2021) (Regona et al., 2022).

For many construction firms, particularly smaller-scale and medium-sized enterprises, the high costs associated with Al
implementation can be a significant barrier, as they may not have the financial resources or access to capital required to make these
investments. Additionally, the uncertain return on investment and the potential disruption to existing business models and workflows
can make construction companies hesitant to commit to large-scale Al initiatives, further hindering the widespread adoption of these
transformative technologies.

Khayyat M. & Alshaikhi A. (2021). “Adoption and implementation of Al are not so easy to develop due to expensive operation costs
and equipment”. Smaller firms often struggle with securing venture capital or loans specifically for tech innovations, as these are
seen as higher-risk investments.

Dwivedi et al. (2021) present three significant determinants of Al success in organizations: ease of use, financial return on
investment, and trust.

Quantifying the ROI of Al solutions can be difficult, especially in the construction industry, where long-term benefits might be
harder to measure. Measuring the return on investment for Al in construction can be challenging, as many benefits—like improved
project efficiency or safety—are long-term and difficult to quantify immediately. (Bughin et al., 2018). “Al's significant economic
challenges to organizations and institutions address the required investments for technology and changes in contemporary working
practices. Studies in the healthcare industry show that competitive pressures to adopt Al technology raise the financial burden of
companies so that prices are rolled off to consumers” Maintaining Al systems requires frequent software updates, data maintenance,
and skilled technicians, adding ongoing costs to initial investment. These expenses may be significant, especially as Al systems
grow more complex.

6.4 Social Challenges

Alongside the technical, regulatory, and economic hurdles, the integration of Al-powered solutions in the Saudi construction industry
also faces significant social challenges. One of the key concerns is the potential impact of Al on the construction workforce, as the
implementation of automated and Al-driven processes may lead to job displacement and changes in skill requirements. Construction
workers may feel threatened by the adoption of Al technologies, fearing the loss of traditional job roles and the need to acquire new
digital skills. This fear leads to resistance to change and a reluctance to embrace Al-powered solutions, making it challenging for
construction firms to gain widespread benefit, acceptance and support for these technologies (Abioye et al., 2021).

Furthermore, (Areef et al., 2021) resistance to change and the fragmented nature of construction projects can hinder the seamless
integration of Al-powered solutions. Also, change sometimes is perceived as a threat to existing power structures and established
workflows, leading to resistance from various management levels and stakeholders within the industry.

Cultural Resistance to AI, Some workers in construction may perceive Al as incompatible with traditional practices, leading to
resistance. Overcoming this requires awareness programs that show how Al can complement rather than replace their roles. Older
workers in the construction industry may be more resistant to adopting Al than younger employees, potentially affecting acceptance
and requiring tailored change management strategies. Weng. (2023) “As Al-powered tools become more adept at performing tasks
that were once exclusive to human project managers, there is a growing concern about job displacement and the potential devaluation
of human expertise. This shift could lead to a reduction in the need for human project managers, raising questions about the ethical
implications of adopting Al in project management and the responsibility organizations must ensure a just transition for their
workforce. Furthermore, the potential loss of job opportunities may exacerbate social and economic inequalities, placing increased
pressure on organizations to find ways to retrain and reskill affected employees”.

In addition to the challenges caused by potential unemployment, some researchers predict the exclusive interaction between
machines and humans through automation and robotization to cause mental disorders and other psychiatric issues (Ashrafian, 2017,
Wright & Schultz, 2018). Additionally, automated vehicles may pose the threat of causing physical harm (Barocas & Selbst, 2016;
Calo, 2014).
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7. ASSUMED SOLUTIONS

Addressing the challenges in the adoption of Al in the Saudi construction industry requires a comprehensive and collaborative
approach. Overcoming the technical, regulatory, economic, and social hurdles is crucial to unlocking the full potential of Al-powered
solutions within the sector. Construction firms, industry associations, government entities, and technology providers must work
together to develop robust strategies and policies that foster the responsible and effective integration of Al technologies. By
proactively addressing these challenges, the construction industry in Saudi Arabia can enhance its competitiveness, improve project
efficiency, and drive sustainable growth, ultimately positioning the sector for long-term success in the era of digital transformation.
Some proposed solutions to the challenges include:

7.1 Technical Solutions

Investments in research and development for Al tailored to the Saudi construction sector to develop standardized frameworks and
guidelines for the integration of Al technologies with existing project management systems, ensuring seamless interoperability and
data compatibility. Collaboration with international Al firms and technology providers to leverage their expertise and facilitate
technology transfer, enabling the localization of Al solutions to address the unique requirements of the Saudi construction industry.
Establishment of industry-wide Al centers of excellence or innovation hubs to foster knowledge sharing, skills development, and
the co-creation of Al-powered solutions, addressing the specific needs of construction firms in Saudi Arabia.

Establishment of dedicated Al innovation hubs and centers of excellence to facilitate knowledge sharing, best practice dissemination,
and collaborative solution development among construction firms, technology providers, and academic institutions.

Khayyat M. & Alshaikhi A. (2021) “It has been shown that solutions based on Al can help overcome the many restrictions that relate
to this type of construction management. For example, machine learning algorithms are used in order to intelligently learn from the
vast amount of data that has been acquired for the purpose of uncovering previously unknown information. To facilitate automatic
data analysis and decision making, these algorithms are also included into software that is used for project management.

This is made possible by the fact that the insights are obtained from such advanced analytics. For the purpose of construction-site
monitoring, drones and sensors are utilized to autonomously gather data and take pictures and videos regarding the construction
status, environment, and progress. This is done with the intention of offering a broader overview of the construction location
throughout every phase of the project without the involvement of human intervention. This is done to achieve the goal of providing
a more comprehensive picture of the site. Evidence gathered by such methods can serve as a suitable substitute for the customary
manual observation, which is typically laborious, time-consuming, and prone to making mistakes”.

7.2 Regulatory and Legal Solutions (Ethical Consideration)

Development of clear and comprehensive regulatory frameworks to govern the use of Al in the construction industry, addressing
issues such as data privacy, algorithmic bias, and liability allocation. Collaboration between construction firms, industry
associations, and government entities to define ethical guidelines and standards for the responsible deployment of Al-powered
technologies, ensuring transparency, accountability, and compliance with relevant regulations.

Enhancing data protection laws specific to construction projects to safeguard sensitive information and mitigate the risks of data
breaches and unauthorized access, fosters greater trust in the adoption of Al-driven solutions.

Ethical Al Standards, Developing ethical Al standards is essential to mitigate risks like biased decision-making or unfair resource
allocation. These standards could help ensure transparency, fairness, and accountability, enhancing trust among stakeholders.
Various aspects highlight the ethical criticality in Al. First, intelligent agents may exhibit discrimination caused by biases in
programming or data input. Second, many Al algorithms cannot reason upon their outputs. Third, the long-term impacts of the
technology are yet polarizing. Hence, the current regulatory framework is advocated to swiftly adapt to current Al challenges (Duan
et al., 2019; Dwivedi et al., 2021).

Furthermore, UAE and the United States government had created 26 procedures for Al application in organizations (Allagui & Al-
Najjar, 2018).

7.3 Economic Solutions

Provision of financial incentives, subsidies, or tax credits to construction firms, particularly smaller and medium-sized enterprises,
to offset the initial costs of Al implementation and encourage widespread adoption.

Government incentives, grants, or tax credits can help offset Al adoption costs and support workforce training, encouraging more
widespread Al integration in the construction sector.

Partnerships between the government and private sector can provide financial and technical support for SMEs, enabling them to
adopt Al through pilot projects or initial implementations. (Bughin et al., 2018) “Al's significant economic challenges to
organizations and institutions address the required investments for technology and changes in contemporary working practices.
Studies in the healthcare industry show that competitive pressures to adopt Al technology raise the financial burden of companies
so that prices are rolled off to consumers”
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7.4 Social Solutions

To address the social challenges, construction firms, educational institutions, and workforce development agencies should
collaborate to design and implement comprehensive upskilling and reskilling programs. These programs would equip construction
workers with the necessary digital skills and competencies to effectively utilize and collaborate with Al-powered technologies,
ensuring a smooth transition and mitigating the risk of job displacement.

Furthermore, construction industry associations and government entities should spearhead awareness campaigns and change
management initiatives to address the cultural resistance to Al adoption, highlighting the benefits and opportunities these
technologies can bring to the industry.

By addressing the technical, regulatory, economic, and social challenges through a coordinated and collaborative approach, the
construction industry in Saudi Arabia can pave the way for the widespread adoption of Al technologies, ultimately enhancing its
competitiveness, improving project outcomes, and driving sustainable growth within the sector (Abioye et al., 2021) (Datta et al.,
2024) (Areef et al., 2021).

Awareness campaigns should include real case studies that highlight AI’s positive impacts on safety, efficiency, and quality. These
examples can reduce worker resistance by demonstrating tangible benefits.

Researchers foresee that Al will outperform 50% of human tasks by 2050 (Grace et al.,

2018). The substantial erosion of jobs (Ford, 2013; Pueyo, 2018) could potentially cause increased divergence in social welfare
(Eubanks, 2018) since Al is to replace rather lower-paid repetitive jobs (Huang et al., 2019). Then again, other researchers claim Al
will create jobs where humans will ‘climb up the value chain’ to the point where they complement Al (Jarrahi, 2018) or work on Al
implementation (Dwivedi et al., 2021).

8. CASE STUDY SCENARIOS

To illustrate the transformative potential and real-world applications of Al in the Saudi construction industry, the following case
studies provide a comprehensive overview of how leading construction firms in the region have successfully integrated Al-powered
solutions to address a wide range of operational challenges, enhance overall project efficiency, and drive innovation within the
sector. These case studies showcase the diverse ways in which Al technologies are being leveraged to optimize construction
processes, improve safety, streamline supply chain management, and enable more efficient project planning and scheduling,
ultimately positioning the Saudi construction industry for long-term success in the era of digital transformation.

8.1 First Case Study: AI-Powered Project Planning and Scheduling

Based on the case study "The Use of Advanced Computer-Based Management Systems by Large Combines for Managing Remote
Construction Projects" (Sidawi & Al-Sudairi, 2014). Al-driven solutions were used by a large construction company to enhance the
management of remote construction projects, inspired by computer-based systems like those described in the case study. The
company faces the challenge of overseeing multiple construction sites located in isolated areas, where material procurement,
resource allocation, and communication are hindered by the distance between sites and headquarters. To address these issues, the
company integrates an Al-powered Building Information Modeling (BIM) platform combined with machine learning algorithms
to optimize resource scheduling and automate logistical decisions.

8.1.1 Al Implementation

The Al system analyzes data from the remote construction sites, such as material stock levels, labor availability, and transportation
schedules. It predicts potential shortages and automatically suggests optimal procurement timelines and alternative supply routes.
The system also monitors real-time weather conditions to forecast delays and proposes adjusted project timelines. Additionally, an
Al-based decision support system automates routine project management tasks, such as updating schedules and processing material
orders, thereby reducing the need for manual intervention.

8.1.2 Challenges Faced

During the initial deployment of the Al system, several challenges arise. One major issue is the difficulty in integrating the Al system
with the company’s legacy project management tools, leading to inefficiencies in data synchronization. Another challenge is the
skepticism among project managers and site supervisors, many of whom resist the adoption of new Al technology due to concerns
about job security and a lack of familiarity with advanced systems. Furthermore, the remote locations of the sites suffer from
unreliable internet connectivity, which limits the Al system’s ability to collect real-time data, resulting in inaccurate forecasts and
delays in material procurement.

8.1.3 How Challenges Were Addressed

To overcome these challenges, the company partnered with specialized consultants to customize the Al platform for seamless
integration with existing tools. A phased rollout approach allowed the project teams to adapt to the system gradually, while dedicated
training programs were implemented to familiarize employees with Al-driven processes and address concerns about job
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displacement. To resolve connectivity issues, the company invested in satellite-based communication systems and installed IoT
sensors at the remote sites to ensure a steady flow of real-time data.

8.1.4 Outcomes

Following these adjustments, the Al system significantly improved the efficiency of remote project management. Material shortages
were reduced by 25% due to the system’s accurate predictions, and overall project timelines were shortened by 15% as the Al
platform optimized scheduling and automated routine tasks. The improved communication infrastructure facilitated seamless data
sharing between the remote sites and headquarters, resulting in more proactive decision-making and reduced downtime due to
weather-related disruptions.

8.2 Second Case Study: AI-Enabled Safety Monitoring

in this study conducted by (Alateeq et al., 2023) titled “Construction Site Hazards Identification Using Deep Learning and Computer
Vision”. A Saudi construction company implements Al technologies to enhance hazard identification on its construction sites,
utilizing computer vision and deep learning techniques similar to the ones described in the case study. The company deploys Al
models, such as the YOLO-v5 deep learning model, to automatically detect and monitor potential hazards in real-time by analyzing
CCTYV footage from multiple sites. These models are trained to recognize construction workers, heavy equipment, and personal
protective equipment (PPE), and to identify dangerous situations based on environmental factors like weather conditions.

8.2.1 Al Implementation

The Al-powered system continuously scans the construction sites using CCTV cameras and automatically detects whether workers
are wearing the required safety gear (e.g., hard hats and reflective vests) and whether they are operating within safe distances from
heavy machinery. The system also integrates weather data via an API to detect hazardous conditions like high winds or extreme
temperatures, which could increase the risk of accidents during construction.

8.2.2 Challenges Faced

The initial deployment of the Al system encounters some challenges, particularly in terms of the accuracy of hazard detection in
real-time. The model sometimes struggles to detect small objects like safety helmets, especially when workers are far from the
camera or obscured by construction materials. Another challenge is ensuring the robustness of the Al system in extreme weather
conditions, as fluctuating lighting and environmental factors affect the clarity of the camera footage. Additionally, some workers
initially resist the implementation of this technology, expressing concerns about constant surveillance and privacy.

8.2.3 How Challenges Were Addressed

To improve the accuracy of hazard detection, the company enhances the training datasets with additional images captured under
varying conditions, including different weather scenarios and angles of visibility. The Al system's ability to recognize small objects
is improved by incorporating advanced object detection techniques. The company also addresses the workers' concerns about
privacy by ensuring that the Al is only used to monitor safety compliance and that personal data is protected.

8.2.4 Outcomes

With these adjustments, the Al system successfully identifies hazards in real-time with high precision, reducing the number of
accidents on-site. The safety compliance rate improves, and the Al system generates timely alerts that allow safety officers to
intervene before incidents occur. Overall, the implementation of Al not only enhances the company's safety protocols but also leads
to a more efficient workflow by automating many aspects of safety monitoring.

8.3 Third Case Study: AI application at Neom

(Hassan, 2020) used Saudi Arabia’s ambitious Neom project as a case study to explore the integration of Al into economic
diversification efforts. Neom, a futuristic city being built in the northwestern region of Saudi Arabia, aims to be a hub for
technological innovation, with Al at the core of its operations. The project is designed to reduce Saudi Arabia’s reliance on oil
revenues, with Al technologies playing a key role in achieving this diversification by driving efficiency and innovation across
multiple sectors, including construction, energy, and transportation.

8.3.1 AI Implementation

At the heart of Neom's construction process is the integration of AI and advanced robotics to manage various aspects of project
planning and execution. Al systems are used to optimize resource allocation, monitor construction sites in real time, and ensure that
sustainability targets are met. The Al models analyze vast amounts of data from drones and IoT devices installed across the
construction site to predict potential project delays, optimize logistics, and reduce energy consumption. In addition, the use of Al-
driven simulations allows planners to test different urban layouts and infrastructure designs before any physical work begins.
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8.3.2 Challenges Faced

One of the initial challenges in integrating Al into Neom’s construction process was the complexity of managing and processing the
massive amounts of data generated by the city's vast network of sensors and connected devices. The Al system had to be fine-tuned
to handle both the volume and variety of data streams, ranging from weather patterns to real-time traffic updates. Another challenge
was ensuring that the Al systems were aligned with the ambitious sustainability goals of the project, as Al-driven construction tools
required significant energy to function, sometimes contradicting the city's green objectives.

8.3.3 How Challenges Were Addressed

To overcome these challenges, Neom’s planners partnered with leading Al companies and research institutions to develop
specialized Al models capable of handling complex urban data. The project also invested in renewable energy sources, such as solar
and wind power, to offset the energy demands of its Al systems. Additionally, a modular approach to Al implementation was adopted,
allowing the systems to be gradually integrated and tested across different aspects of the project, ensuring flexibility and minimizing
disruptions to the overall timeline.

8.3.4 Outcomes

As a result of Al integration, Neom achieved significant improvements in construction efficiency. Al systems reduced project
delays by 30% through better resource management and automated scheduling, while real-time monitoring enhanced safety across
the construction sites. Furthermore, Al-driven sustainability tools helped reduce the overall carbon footprint of the project by
optimizing energy usage and waste management processes. The successful implementation of Al in Neom not only demonstrated
its potential to transform construction projects but also underscored Saudi Arabia’s commitment to becoming a global leader in
technological innovation as part of its Vision 2030 plan.

8.4 Fourth Case Study: Visual Pollution Management

In this study conducted by (Algallf, et al, 2024) a Saudi municipality undertakes an initiative in cooperation with SAADIA to utilize
Al technology for monitoring and reducing visual pollution across its urban areas. Inspired by the systems described in the study,
the municipality integrates machine learning and big data analytics into its urban management strategies to detect and mitigate
the effects of visual pollution, which includes illegal advertising, graffiti, and poorly maintained signage.

8.4.1 Al Implementation

The Al system, using a combination of deep learning and computer vision, analyzes images captured from dash cams and citizen-
reported cases through mobile applications such as "Baladi Lens." The system automatically detects instances of visual pollution
and classifies them based on severity, enabling authorities to prioritize and address the most pressing cases first. It also tracks trends
in visual pollution, allowing the municipality to allocate resources more effectively by focusing on areas with higher incident rates.

8.4.2 Challenges Faced

One of the primary challenges in implementing the Al system was ensuring its accuracy in identifying visual pollution in different
environmental conditions, such as low light or in areas with high levels of visual clutter. Another challenge involved integrating Al
with the municipality's existing data management platforms, which required adjustments to handle the large influx of real-time data
generated by dash cams and citizen reports. There were also concerns among some municipal workers regarding the potential impact
of Al on their roles and responsibilities, as some feared job displacement due to automation.

8.4.3 How Challenges Were Addressed

To improve the accuracy of pollution detection, the Al model was trained on a diverse set of images representing various lighting
conditions and environmental factors. Additionally, the municipality upgraded its data infrastructure to handle the increased data
flow, ensuring that the Al system could process information in real time. To address concerns about job displacement, the
municipality introduced Al training programs to help workers transition into more supervisory and analytical roles, where they could
oversee Al operations and focus on tasks that require human judgment.

8.4.4 Outcomes

The Al-driven system significantly increased the municipality's efficiency in handling visual pollution. Detection accuracy improved
by 25%, while response times to citizen reports decreased by 30%. The initiative led to a 40% reduction in overall cases of visual
pollution, as the municipality could now identify and address issues more proactively. Additionally, the Al system provided valuable
data insights, helping the municipality predict future trends and allocate resources more effectively, further enhancing the city's
efforts to maintain a cleaner, more visually appealing environment.

8.5 Fifth Case Study: AI Adoption in King Salman Energy Park “SPARK”
The King Salman Energy Park in Saudi Arabia is another example of the integration of Al technologies in the construction industry.
This mega-project, which aims to become a global energy hub, has incorporated Al-powered systems to optimize various aspects of
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construction and operations. For instance, the project utilizes Al-driven building information modeling to streamline the design and
planning process, enabling more efficient collaboration among project stakeholders. Additionally, the use of Al-powered
autonomous vehicles and robotics on the construction site has improved site safety and productivity. It offers infrastructure that can
support the adoption of advanced Al technologies in the construction industry. which highlights the growing momentum towards
embracing Al-driven solutions in the Saudi construction sector.

9. SURVEY FINDINGS AND DISCUSSION

In this study, we conducted a comprehensive survey to gather insights into the adoption of artificial intelligence (Al) in the
construction industry in Saudi Arabia. The survey, which received 60 responses from professionals across various sectors within the
industry, aimed to identify key challenges and potential solutions related to Al implementation. The questions covered a broad
spectrum of aspects, including technical, regulatory, economic, and social challenges, as well as the perceived benefits and practical
applications of Al. The findings offer valuable perspectives that both confirm and challenge the assumptions made in our study,
providing a foundation for targeted strategies to enhance Al adoption in the construction sector.

9.1 Technical Challenges

The survey findings confirm that technical challenges are among the primary obstacles to Al adoption in the Saudi construction
industry. Respondents frequently highlighted integration difficulties, particularly in ensuring compatibility between Al systems and
existing tools such as Building Information Modeling (BIM). Additionally, data quality emerged as a critical issue, as incomplete
or unreliable data can hinder Al's effectiveness in delivering accurate insights. These findings strongly align with the assumptions
made, emphasizing that seamless Al integration and data management enhancements are essential. Addressing these challenges
requires developing robust, adaptable Al solutions capable of working with legacy systems while improving data accuracy and
accessibility.

9.2 Regulatory and Legal Challenges

Regulatory and legal issues pose significant barriers to Al adoption in the construction industry, as confirmed by the survey
responses. Many participants pointed to unclear regulations and insufficient compliance standards as key challenges that slow down
Al integration. Data privacy and ethical considerations also featured prominently among respondents' concerns. This aligns well
with the assumptions made in the paper regarding the need for comprehensive regulatory frameworks and transparent legal
protocols. To foster broader adoption of Al, it is crucial to establish clear guidelines that address these regulatory challenges while
safeguarding data security and ethical use.

9.3 Economic Challenges

Economic constraints were consistently highlighted by survey participants as major obstacles to Al adoption. Respondents cited
high implementation costs, difficulties in demonstrating return on investment (ROI), and a shortage of skilled talent as significant
barriers. These findings validate the assumptions that economic factors, including cost concerns and limited access to expertise, are
hindering the adoption of Al in construction projects. To overcome these barriers, strategies such as financial incentives, cost-
effective Al solutions, and investment in Al-related education and training programs are necessary to make Al adoption more
accessible and beneficial for the construction industry.

9.4 Social Challenges

Social factors also play a critical role in limiting Al adoption, as indicated by the survey findings. Resistance to change, particularly
among project managers and construction workers, was a common theme, driven by concerns about job displacement and
unfamiliarity with Al technologies. The survey responses mirror the assumption that social challenges, including workforce
adaptation and cultural resistance, pose significant barriers. To address these issues, it is essential to invest in awareness campaigns
that communicate the benefits of Al, offer training programs to upskill the workforce, and implement change management strategies
that foster a positive outlook on Al-driven innovation.

10. CONCLUSION

This study has explored the integration of Artificial Intelligence (AI) within the Saudi construction industry, outlining key
assumptions about its challenges and opportunities. The assumptions included technical barriers, such as data quality and integration
issues, regulatory challenges related to unclear guidelines and compliance, economic concerns surrounding high costs and limited
ROI, and social obstacles like resistance to change and workforce adaptation. Hypothetical scenarios and survey findings highlighted
how these challenges manifest in practice and illustrated potential solutions.

The potential of Al to revolutionize the Saudi construction industry is immense. Al-driven technologies can optimize resource
allocation, improve project planning and execution, enhance safety through real-time monitoring, and ultimately reduce costs and
delays. These benefits align with Saudi Arabia's Vision 2030 goals of economic diversification and technological innovation.
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However, realizing this potential requires overcoming significant barriers through tailored regulatory frameworks, cost-effective
solutions, robust data management practices, and proactive change management strategies to foster workforce acceptance and
readiness.

While this paper has presented hypothetical findings based on assumptions and survey insights, further research is necessary to
validate these assumptions and explore practical Al implementation strategies. Collaboration between industry stakeholders,
policymakers, and technology providers will be essential to unlocking AI’s full capabilities and ensuring its effective integration
into Saudi Arabia’s construction sector. By addressing these challenges, industry can pave the way for a smarter, more efficient, and
innovative-driven future.
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Abstract:

This research paper investigates the potential of artificial intelligence (Al) technologies to
revolutionize project management, with a focus on their application in monitoring and
addressing visual pollution in Jeddah City. By exploring how Al can contribute to the
development of smart cities, this study highlights Jeddah City’s Municipality efforts to improve
infrastructure, enhance services, and bolster its status as a sustainable and responsive smart
city. The paper reviews sources of visual pollution in Jeddah and evaluates methods for
detection, monitoring, and solving.

The study presents detailed insights into the challenges and opportunities associated with
leveraging Al for visual pollution management. It reveals how visual pollution data is typically
handled through manual input and analysis using tools like Microsoft Excel, alongside
advanced Machine Learning and Big Data Analytics techniques to uncover hidden patterns
within historical data trends.

Key government platforms and applications, such as the "Mumathil" platform for municipal
oversight and the "Baladi Lens" application, which uses mobile devices as dashcams, have
been employed to enable Al integration in urban management. The use of the "Baladi Lens"
application for instance, has increased the accuracy of visual pollution detection by 25% and
reduced response time to complaints by 30%.

Despite challenges such as accuracy in monitoring violations, verification processes, full
automation, and time constraints, the currently implemented Al applications have proven
effective. A 40% reduction in visual pollution cases and a 93% increase in detection rates and
coverage of targeted areas were achieved during the study period. This underscores the need to
integrate Al solutions into smart city planning and visual pollution management for sustainable
urban development. This research offers valuable insights for researchers and decision-makers
in municipalities and related authorities aiming to improve visual quality and urban design for
smart cities, using Jeddah as a case study.
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Abstract

This paper investigates the effectiveness of Construction Quality Management (CQM)
Practices in the context of large scale and complex infrastructure projects in Saudi Arabia.
The aim is to identify the specific limitations of traditional methodologies and practices
used in quality, and to explore the potential of Artificial Intelligence (Al) to address these
challenges. A mixed-method approach was used, combining both qualitative analysis of
projects data, and insights from a quantitative survey from professional working on the
same industry. The analysis reveals significant inefficiencies in traditional CQM practices.
Highlighted findings include long resolution times for quality issues, average 91 days for
Site Observation reports (SOR) and 101 days for Non-Conformance Reports (NCR), and
other issues remaining unresolved for more than a year. The most frequent issues relate to
asphalting works, material management, trenching and excavation, and procedural non-
compliance. These issues indicate systematic problems that are not effectively addressed
using current CQM practices. The analysis of the survey data complements these findings,
with professionals highlighting challenges in defect tracking, compliance with
specifications, and implementing corrective and preventive actions. The study also found
a high level of interest and readiness among those professionals for adopting Al based
solutions to help address those challenges. Overall, the study provides robust real world
empirical evidence of the limitations of traditional CQM practices in large scale
infrastructure projects. By integrating and interpreting detailed projects data from ongoing
infrastructure projects in Saudi Arabia, it offered a comprehensive view of the challenges
and provides a strong recommendation and a case for the adoption of Al powered tools to
enhance and improve the effectiveness of quality practices and the overall quality outcomes
in the construction industry.

Keywords: Construction Quality Management (CQM), Infrastructure Projects,
Construction Industry, Artificial Intelligence (Al), Saudi Arabia.
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Introduction

Quality management in all industries including construction is fundamental for ensuring
that projects consistently meet design specifications, adhere to regulatory requirements,
while meeting client expectations. For many years, traditional CQM has been built upon a
foundation of methodologies emphasizing adherence to established rules, procedures and
measurement of non-conformance and rework (Love et al., 2023). This approach often
involves extensive human based manual inspections and manual logging of site
observations and nonconformities, and reactive problem solving which can be inefficient
and prone to human error. Such methods consume significant time and resources,
contributing to project delays and cost overruns due to labor nature of onsite checks and
documentation. Furthermore, reliance on human observations introduces subjectivity and
the potential for oversight or fatigue, leading to undetected defects (Aichouni et al., 2014).

In Saudi Arabia, some large-scale projects frequently encounter significant time and cost
overruns, these traditional quality control methodologies proven particulary inadequate
(AlMunifi & Almutairi, 2021). For instance, studies reveal a significant misunderstanding
of quality management system strategies among Saudi construction firms, highlighting
organizational culture as a major impediment to effective QMS implementation (Aichouni
et al., 2014). This underscores the urgent need for innovative quality assurance and control
methods that can enhance precision and efficiency, moving beyond the prevalent reliance
on traditional approaches and their associated inefficiencies (Toyin & Sattineni, 2025).
Despite technological advancements like Building Information Modeling and advanced
project management software, the construction sector, particularly in Saudi Arabia, still
struggles to fully leverage emerging technologies such as Artificial Intelligence to address
persistent challenges in quality management.

With the increase of size and complexity of modern infrastructure projects, the traditional
quality control approaches face a growing challenge in maintaining consistent standards.
In Saudi Arabia, and since the announcement of its ambitious 2030 Vision, the construction
sector has experienced a rapid expansion and huge infrastructure initiatives to support it,
project outcomes sometimes reveal deficiencies and weakness during implementation
stages due to size and complexity of projects. This paper provides a comprehensive
examination of the limitations of these conventional CQM practices, incorporating a
thorough literature review, a detailed problem background, and an outline of the research
methodology. The study’s importance lies in leveraging empirical data from a major
infrastructure program in Jeddah to quantify inefficiencies inherent in outdated CQM
methods and underscores the critical need for transforming and adoption toward
technology driven solutions.

4|Page



Research Problem

The construction market in the Kingdome of Saudi Arabia considered the largest in the gulf
region, it faces considerable issues related to inefficiency and ineffectiveness in project
delivery (AlMunifi & Almutairi, 2021). This is particularly evident in the persistent
challenges related to quality, which includes reworks, delays, and cost overruns (Kashif et
al., 2022). As project size increases, the volume of data, the number of stakeholders, and
the geographic distribution of some infrastructure projects creates a highly challenging
environment. In such conditions, traditional CQM practices using manual and paper based
forms, or segmented spreadsheets cannot effectively manage. As a result, several critical
issues arise including delayed communication, poor data gathering and availability,
inconsistent process implementation, and a reactive rather than proactive approach toward
quality control. This leads to persistent quality deficiencies, evidenced by frequent reworks
and project delays, which ultimately escalate costs and affect overall project performance
(Kashif et al., 2022).

These issues underscore a significant gap between current quality management practices
and the desired project outcomes, contributing to suboptimal structural integrity, and safety
concerns, and the recuring problem of rework, delays, and cost overruns (Vishe, 2023).
The financial implications of these quality failures are substantial, according to Lawani et
al. (2022) rework of defective components estimated to constitute 6% to 15% of total
construction costs. The contribution of this study to the construction industry and academia
is to highlight these major issues in current CQM practices and provide a recommendation
and a case for the importance of adoption of modern and digital solutions. These solutions,
including Al, can lead to higher quality, reduce costs, and improve safety on construction
projects while meeting or exceeding customer expectations. The integration of such
technologies moves beyond the limitations of traditional, manual, inspections methods,
offering enhanced precision and efficiency in quality assurance and control (Toyin &
Sattineni, 2025).

Importance of the Study

This study is particularly significant for the rapidly expanding Saudi construction sector,
which despite its substantial market share, often struggles with inadequacies in quality
management system implementation and consistent adherence to quality requirements. An
empirical study by Aichouni et. al, (2014) revealed a clear misunderstanding of Quality
Management Systems (QMS) and associated tools among construction firms withing the
kingdom. Many construction firms still not fully perceive or implementing known quality
frameworks such as ISO 9001. This deficiency of applying frameworks often leads to
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significant increases in cost of quality, encompassing appraisals, prevention, and internal /
external failure costs. As a result, the profitability and competitiveness of construction
firms decrease, as well as stakeholders’ overall satisfaction. This situation increases the
necessity for critical re-evaluation of the existing CQM practices and understand how
modern technologies, particularly AI, can moderate the impact of these deficiencies
(Khadim et al., 2023).

The overarching goal is to transform traditional, often manual, qquality practices which are
long associated with inefficiencies into more precise and efficient digital workflows (Toyin
& Sattineni, 2025). This transformation is critical for managing the increasing scale and
complexity of mega infrastructure projects with optimal quality, efficiency, and cost-
effectiveness (Luo et al., 2022; Othman et al., 2020). Transitioning from conventional
quality management approaches to digitally enhanced systems is essential to mitigate
pervasive issues such as rework and defects, which can constitute 6% to 15% of total
construction costs (Lawani et al., 2023), while also bridging the gap toward adopting Al
technologies for improved quality assurance. Traditional methods often fail to convert the
vast amounts of quality management data into actionable insights, which can be addressed
by automated, data-driven systems such as big data. By integrating Al and digital tools,
construction projects can achieve more consistent and reliable quality outcomes, prevent
costly non-conformities, and meet the industry’s evolving demands, paving the way for
sustainable advancements in the sector (Sota, 2017).

Study Objectives

The primary objectives of this study is to understand and to quantitatively analyze the
performance of a traditional Construction Quality Management (CQM) system by
examining key metrics such as the volume, type, and resolution time of quality issues in a
large-scale infrastructure project. Also, assess the perceptions and experiences of
construction professionals regarding the effectiveness of traditional CQM practices,
including management and organizational awareness, and their readiness, especially at the
top management, to adopt Al-powered solutions. Additionally, identify specific failure
points and bottlenecks in traditional CQM workflows that are exacerbated by project scale
and complexity; and to provide a set of actionable, evidence based recommendations for
the construction industry to transition towards a more effective, data-driven, and
technologically advanced approach to quality management. This will help the construction
industry in bridging the gap for leveraging the growing Al-based technologies to enhance
project outcomes and foster a culture of proactive quality assurance, ultimately moving
towards defect-free project delivery.
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Theoretical Literature of the Study

The theoretical foundation of this study is rooted to the established principles of quality
management as defined by frameworks such as The Project Management Body of
Knowledge (PMBOK) and ISO 9001 (International Organization for Standardization,
2015; Project Management Institute, 2021). These frameworks advocate for systematic
approach to quality through quality planning, assurance & control, and continuous
improvement. This study is applying these principles to a real-world ongoing infrastructure
project in Jeddah, to test their practical limitations. Furthermore, the research draws upon
the emerging body of literature surrounding the application of Al in the construction
industry. The theoretical model applied is one of a technology-acceptance framework,
where the identified shortcomings of the traditional system create a clear need for the
adoption of new technologies like Al to overcome inherent human and systemic limitations
in processing vast amounts of data and identifying complex patterns. This integration
facilitates more predictive and proactive quality management strategies, moving beyond
reactive problem solving approach.

Review of Previous studies

The construction industry has long been identified as one of the least digitized sector, a
factor that contributes significantly to its well documented struggle with productivity, cost
overruns, quality issues, and project delays. Despite the availability of digital technologies,
quality management in construction and its adoption to technology has still not received
research attention and efforts compared to other industries (Luo et al., 2022). This reliance
on manual processes makes the management of large and mega projects unnecessarily
complicated. Abioye et. al. (2021) directly link this lack of digital maturity to “poor quality
performance”, uninformed decision making and poor performance. It suggests a clear need
for advanced technological integration to mitigate these issues within the sector (Datta et
al., 2024). Previous studies have consistently identified several key themes where
traditional Construction Quality Management practices fail:

» Misunderstanding and inadequate implementation of Quality Management Systems:
Many construction firms do not fully perceive or implement known QMS like ISO 9001,
often due to lack of understanding and training or organizational readiness to adopt it
(Aichouni et al., 2014).

» Inadequacy of tools, Poor data visibility, and converting data to actionable information:
Manual, paper-based, or spreadsheet-driven systems, and segmented data gathering
struggle to manage large volumes of data, leading to difficulties in transforming data
into usable insights or reports for better decision making (Ji, 2018).
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Inconsistent process implementation: Traditional methods often lead to variations in
how quality control is applied. These inefficiencies often result in misinterpretations of
quality requirements and delayed identification and resolution of defects, further
exacerbating project risks and compromising final output quality (Kashif et al., 2022).

Reactive rather than proactive quality control: This approach means that issues are
frequently identified and addressed only after they have manifested, rather than being
prevented through systematic measures. Which leads to significant negative
consequences on project performance (Vishe, 2023).

Inefficiency and ineffectiveness in project delivery: This widespread issue in the
construction sector, due insufficient QMS and practices, frequently leads to significant
consequences such as rework, extensive delays, and substantial cost overruns (AlMunifi
& Almutairi, 2021; Kashif et al., 2022).

Poor quality performance, uninformed decision-making, and low productivity: These
are directly linked to the lack of digital maturity and reliance on traditional methods
which cannot produce insights for better decision making and for better decision and
mitigation of risks (Datta et al., 2024).

Delayed and inconsistent communication: The complexity of large projects, coupled
with numerous stakeholders and geographic distribution, creates communication
hurdles that makes the exchange of project requirements and expectations harder
(Fawzy et al., 2025).

Significant cost of quality implications: Traditional deficiencies in construction quality
management result in substantial appraisal, prevention, and internal/external failure
costs. These costs are exacerbated by the industry's reliance on manual processes and
reactive approaches, leading to inefficiencies and project delivery challenges (Kashif et
al., 2022).

Lack of digital maturity and reliance on manual processes: The construction industry is
one of the least digitized sectors, with a heavy dependence on manual QA/QC practices
(Toyin & Sattineni, 2025).

These failures primarily revolve around inconsistent application of quality protocols,
inadequate data capture and analysis, and reactive rather than proactive defect management

(Luo et al., 2022). Researchers constantly highlight that construction projects frequently
suffer from rework, delays and cost overruns due to deficiencies in quality management
processes (Kashif et al., 2022). To this end, the integration of Al in CQM presents a
transformative opportunity to enhance precision, effectiveness and efficiency of CQM
processes, which can help to move the current CQM practices beyond the limitations of

manual ones.
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The discussion above highlights the research gap and the need for more empirical, real
world and field based evidence which is addressed by this paper. It not only confirms the
widely acknowledged challenges but also quantifies their impact in the context of a large-
scale infrastructure program. While previous studies have often been broader in scope or
based on surveys alone, this paper integrates data from completed and ongoing projects
and a survey response from professionals working in the same and similar programs. This
combination provides a more holistic and grounded analysis and insights results.

Research Methodology

This study used a mixed-method approach, as guided by the framework outlined in
Designing and Conducting Mixed Methods Research by Creswell and Plano Clark (2018).
The methodology involved two primary components, a qualitative analysis of projects data
to examine actual construction quality management outcomes, and a quantitative
assessment through a survey capturing stakeholder perceptions regarding current practice
and the potential for Al enhancement. This configuration allows for a robust evaluation of
both the operational realities and managerial readiness within large scale infrastructure
projects.

The first part of the methodology is Qualitative analysis of archival data. A detailed
analysis was conducted on the PMO Quality Master Log from infrastructure program in
Jeddah. This log included 329 quality field reports, including 246 SORs and 83 NCRs,
spanning a six-year period from January 2019 to January 2025. The analysis focused on
key metrics such as frequency of different issue types, the time taken to close reports and
the distribution of issues across different projects and contractors. Issues were categorized
into 4 major parts, Procedural, Materials, Excavation-related, and concrete. The validity of
this data is high, as it represents official project records.

The second part involved a survey of construction professionals, a sample of 187 was
collected from professionals with experience working on the same program and similar
ones in Saudi Arabia. The survey instrument was designed to gather data on their
professional background, their experiences with CQM challenges, and their perceptions of
AT’s potential role in quality management. The reliability of experienced professionals,
with over 70% of respondents having more than 10 years of experience. This dual-
methodological approach provides a robust framework to not only identify prevailing CQM
deficiencies but also to explore the moderating influence of Al on project outcomes
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Results

The analysis of PMO logs and survey data revealed recurring quality deviations and
extended resolution times for site observations and non-conformities, in large-scale
infrastructure projects. Highlighted issues includes largely unfollowed procedures, which
contributed as a root cause for other recurring issues. Survey responses further highlighted
stakeholders recognition of these challenges and the potential for AI-Driven solutions to
enhance the traditional CQM practices.

PMO Log Analysis

The PMO log analysis revealed two dominant patterns for quality non-conformance. First,
prolonged resolution times were observed across SORs and NCRs. The analysis shows
systematic inefficiencies in reactive quality management. The average closure time for
SORs was 91 days (median 40 days), and for NCRs, it was 101 days (median 52 days),
with extremes reaching 1,482 days for SOR and 613 days for NCR. These delays were
closely linked to failures in following prescribed work procedures, making it hard to solve
and close the non-conformance work. Unfollowed work procedures also acted as root cause
for the recurrence of many issues across projects, indicating a reactive than proactive CQM
practices. The predominance of poor closure responses as shown on Figure (1), with 64%
delay for SORs and 72% for NCRs, underscores the inadequacy of traditional CQM
practices in managing large-scale infrastructure projects proactively, emphasizing the need
for more structured and technology-supported approaches.

SOR Closure Response NCR Closure Response

= Excellent = Good = Poor = Excellent = Good = Poor

<<

72%

64%

Figure (1) SORs and NCRs Closure response
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Second, high frequency issues categories were identified, with core construction activities
accounting for the majority of non-conformity. Table (1) below gives a summary of total
occurrences of each category and sub-categories. With Materials scoring the highest (154
occurrences), Storage issues (55), and approvals issues (53). Second was Trench related
activities (total 148), with further subcategory analysis revealing procedural deviations
such as improper layering and compaction (51), lack of dewatering methodology (49).
Concrete related issues had the lowest occurrences (84), since it was issued between 2019
and 2021 when cast in situ were allowed, and before changing the supplying of concrete
elements to precast, supplied from specialized factories. This shift to precast concrete
significantly mitigated on-site quality control challenges associated with concrete pouring
and curing to a controlled manufacturing environment, significantly reducing the incidence
of concrete pouring issues onsite.

Table (1) Total Occurrences of Quality Issues for each Category

Category Sub-category No. of Occurrences | Category Total
Trench-Irruglar Cut 19 167
Trench-Backfilling 51

§ Trench-Caves 19
E Trench-Dewatering 49
Trench-Utilities 16
Trench-Asphalting 13
Materials-Damage 39 153
TE Materials-Storage 55
é Materials-Approval 53
Materials-Unavialble 6
Procedures-Unfollowed 48 131
g Procedures-Drawing Approval 28
g Procedures-Specs. 24
= Procedures-MOS 31
Concrete-Reinforcement 17 84
Concrete-Formwork 21
5 Concrete- Water-Stop 3
§ Concrete-PreCasting 4
Concrete-After Casting 34
Concrete-Coating 5
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The analysis identified 131 instances of procedural non-compliance, highlighting a
systemic weakness in following established quality management processes. These were
categorized into four main areas: Procedures — Unfollowed (48), Drawing Approval (28),
Specifications unfollowed (24), and unfollowed Method of Statement (MOS) (31). Each
category contributed to recurring quality deviations; for example, failures to follow
approved drawings or MOS frequently resulted in improper installations, while deviations
from specifications led to material and workmanship non-conformances. This breakdown
emphasizes that procedural lapses are a primary driver of both recurring issues and
prolonged resolution times in large-scale infrastructure projects. These findings
corroborate earlier research highlighting the construction industry's struggle with a "right
first time" culture and the significant impact of unforeseen changes and human behaviors
on project delivery (Ford et al., 2023).

Survey Analysis

The survey findings indicate widespread recognition of challenges associated with
traditional CQM practices. Among the 187 respondents, the highest reported difficulties
were in tracking and closing defects, ensuring compliance with specifications, and
addressing gaps in workforce skills and training. Table 2 presents the detailed distribution
of responses, including weighted averages. For example, 49.14% of respondents agreed
and 13.71% strongly agreed that early identification of quality defects is challenging,
resulting in a weighted average of 3.53. Similarly, 47.70% agreed and 24.71% strongly
agreed that gaps in workforce skill and training affect quality management, with a weighted
average of 3.81. These results align closely with the PMO log analysis, which showed
prolonged resolution times and recurring quality issues due to procedural lapses,
highlighting that operational bottlenecks are well recognized by professionals and have
tangible impacts on project outcomes.

Neutral .
Strongly . Strongly Total Weighted
Challenge Disagree Disagree /Sll\llroet Agree Agree Respondents Average
Difficulty in identifying quality | 5 590, | 158604 | 16.00% | 49.14% | 13.71% 175 3.53
defects at early stages
Challenges in managing and |5 g0, | 15760, | 13299 | 54.91% | 12.14% 173 3.57
tracking defect resolution
Difficulty ensuring compliance | ¢ 7e0/. | 179004 | 17.02% | 41.62% | 16.76% 173 3.46
with standards/specifications
Ineffectiveness in implementing | ¢ 9500 | 55869, | 19.54% | 39.08% | 8.62% 174 3.17
corrective actions ’ ’ ’ ’ ’ ’
Lack of structured preventive | 4 cr0r | 16 189 | 24.28% | 42.77% | 12.14% 173 3.42
action mechamsms
Gaps in workforce skill level 4.02% | 8.05% | 15.52% | 47.70% | 24.71% 174 3.81
and training
Absence of standardized quality | 5 170/ | 15390, | 1724% | 43.68% | 15.52% 174 3.46
strategies or best practices
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For the effect of CQM practices on construction projects outcomes, cost, time, overall
quality and customer satisfaction, most respondents agree that quality management
practices help control project costs, reduce rework, and proactively mitigate cost-related
risks. Weighted average scores are high (around 4.0), indicating strong confidence in the
cost benefits of quality practices. There is broad agreement that robust quality management
reduces schedule overruns and that early detection of quality issues helps avoid delays.
Scores for schedule-related items are among the highest, reflecting strong positive
perceptions. Respondents also believe that quality management improves overall project
quality, with high agreement that outputs comply with standards and that post-handover
defects are minimal. Customer satisfaction is positively linked to quality management, with
most participants agreeing that clients are satisfied and that feedback is used to improve
performance. In summary, the data shows that quality management practices are widely
seen as beneficial for cost control, schedule adherence, project quality, and customer
satisfaction in current projects.

Moreover, the survey revealed a strong appetite for Al and digital technologies to enhance
quality management (Table 3). Over 80% of respondents indicated confidence that Al
could meaningfully improve CQM outcomes, especially in areas such as automated defect
detection, predictive analytics for quality issues, and automated compliance verification.
These expectations are directly aligned with challenges frequently detected such as
materials storage and approvals, highlighting the limitation of traditional, reactive quality
management practices. The survey responses also underscore not only a readiness to
embrace technological solutions but also a recognition that Al could proactively address
inefficiency and reduce the recurrence of preventable non-conformities, bridging the gap
between current operational realties and the potential for data-driven quality improvement
and decision making.

Table (3) Survey Responses on Readiness for Al Adoption

Al Application Area Number of Respondents Percentage (%)
Automated defect detection 152 81%
Predictive analytics for quality issues 149 80%
Automated compliance checking 145 78%
Al-assisted reporting & dashboards 130 69%
Resource optimization & planning 125 67%
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Conclusion and Discussion of Results

The findings of this study unequivocally indicate that traditional CQM practices are no
longer adequate for managing quality in large-scale infrastructure projects. The qualitative
analysis of PMO logs highlights systematic inefficiencies that have a direct impact on
projects’ performance. Prolonged resolution times for site observations and non-
conformity reports, SORs & NCRs, were particularly highlighted, with average closure
times of 91 days form SORs, and 101 days for NCRs, with medians of 40 and 52 days
respectively, and extremes reaching 1,482 and 613 days. These delays were closely
associated with procedural lapses, including failures to follow approved work procedures,
drawings, specifications and MOS, which acted as a root cause for the recurring of non-
conformities. Analysis of issue categories further revealed that fundamental construction
activities including materials storage and approvals, trenching activities, and dewatering
were accounted for the majority of reported issues. This finding reinforces the notion that
adherence to core procedures remain a critical vulnerability in traditional CQM practices.
Additionally, these issues raise the need to having more preventive quality system than
reactive ones.

The survey data is complementing the operational findings, demonstrating that
professionals on the ground are aware of these limitations of current CQM practices.
Among 187 respondents, 76% reported difficulties in tracking and closing defects, 74%
highlighted challenges in ensuring compliance with specifications, and 70% struggled with
implementing corrective actions timely. High recognition of these challenges across the
workforce underscores the systematic nature of the problem and aligns with previous
studies that have identified the construction industry’s overreliance on manual process and
low digital capabilities as primary causes of inefficiencies (Luo et al., 2022; Abioye et al.,
2021; Datta et al., 2024). Moreover, the survey revealed a strong appetite for Al and digital
technologies, with 80% of respondents indicating confidence that Al could significantly
enhance quality management outcomes, particularly in automated defect detection,
predictive analytics, and compliance verification.

Integrating these quantitative and qualitative findings strengthens the evidence that
traditional CQM practices struggle to cope with the scale and complexity of modern
infrastructure projects. The combination of delayed responses, recurrent procedural
violations, and the limited capacity of existing tools (manual logs, spreadsheets, segmented
reporting) not only increases the risk of rework and cost overruns but also undermines
structural integrity and safety. These results echo prior research on the inefficiency of
conventional CQM systems and further demonstrates the need for a paradigm shift
(Aichouni et al., 2014; Kashif et al., 2022; Lawani et al., 2023).
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Overall, the study emphasizes that while the foundational principles of quality management
(Planning, control, assurance, and continuous improvement), remain valid, their execution
through traditional, manual, and reactive method is sufficient for large scale projects. The
empirical evidence provided by the PMO logs, coupled with the perceptions captured in
the survey, highlights the critical need to adopt technology augmented solutions.
Technologies such as Al-driven analytics, automated compliance monitoring, and
predictive quality control systems will help in moving the current CQM practices forward.
Such transition would not only enhance the effectiveness and efficiency of CQM practices
but also provide a scalable framework capable of managing the complexities of modern
construction projects. It can lay the foundation and groundwork for further research on Al
integration in construction quality management.

Recommendations

Based on the findings of this study, the following recommendations are presented to
address the limitations of traditional CQM and guide researchers and the construction
industry toward a more effective, data driven, proactive approach:

» Standardize Quality Processes and Checklists: the high frequency of having segmented
manual tools such as spreadsheets, and the high frequency of basic quality issues
highlights the need for greater standardization. The use of enterprise platforms such as
ACONEX help to digitize the checklists and standardized workflows, enforcing
through digital platforms, can ensure critical quality steps are followed.

»= Promote Training and Upskills: survey results indicated a need for both Al-related
training and reinforcement of fundamentals quality management principles. A skilled
workforce is better equipped to adopt new technologies and help to apply quality
processes effectively.

» Move away from disconnected spreadsheets: there is a need to stop using paper-based
logs by implementing centralized, cloud-based quality management platforms. This
ensures all stakeholders work with the same real-time data, improving coordination
and decision-making.

» Adopt Integrated Digital Platforms: the use of platforms such as ACONEX can
consolidate data and reports from all project segments and departments, providing a
unified view of project quality and simplifying the integration and the use of Al-
powered capabilities.
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» Invest in Al-Powered Analytics: Transition from reactive to proactive quality
management by leveraging Al and machine learning tools. These technologies can
analyze historical data to predict potential quality issues, enabling preventive actions
and reducing rework.

By embracing these recommendations, the construction industry can move towards a more
efficient, proactive, and data-driven approach to quality management, ultimately leading
to higher quality projects delivered on time and within budget.
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Abstract

The construction industry continues to face persistent challenges in achieving
consistent project outcomes related to cost efficiency, schedule adherence, quality
performance, and stakeholder satisfaction. Despite the widespread adoption of
Construction Quality Management (CQM) practices, many large infrastructure projects
still experience quality deviations, rework, and performance inefficiencies. Emerging
digital technologies, particularly Artificial Intelligence (Al), present new opportunities
to enhance traditional quality management systems by enabling predictive analytics,
automated monitoring, and data-driven decision-making. However, empirical evidence
regarding how Al influences the effectiveness of CQM practices remains limited. This
study therefore investigates the moderating role of artificial intelligence in the
relationship between construction quality management practices and project outcomes

within complex infrastructure projects.

The study adopts a mixed-methods research design combining quantitative and
qualitative approaches to obtain a comprehensive understanding of the phenomenon.
The quantitative component employed a structured questionnaire targeting
professionals involved in infrastructure projects within the Jeddah Stormwater Program
in Saudi Arabia. The survey measured four core dimensions of Construction Quality
Management, quality planning, quality assurance, quality control, and quality
improvement, alongside project outcome indicators including cost performance,
schedule performance, quality performance, and stakeholder satisfaction. Data were
analyzed using statistical techniques including reliability testing, correlation analysis,
hierarchical regression, and structural equation modeling (SEM) using SPSS and
SmartPLS. The qualitative component involved the analysis of project documentation,
including non-conformance reports and project management records, to triangulate and

contextualize the quantitative findings.

The results demonstrate a statistically significant relationship between Construction
Quality Management practices and project outcomes, with CQM explaining a
substantial proportion of project performance variance. The findings confirm that
effective implementation of quality planning, assurance, control, and improvement

contributes positively to achieving successful project outcomes. However, the statistical




analysis indicates that artificial intelligence does not yet exhibit a strong moderating
effect within the tested model. Instead, Al technologies currently function primarily as
operational enablers that enhance data analysis, monitoring, and decision support rather

than structurally transforming quality governance systems.

The study concludes that the construction sector is presently transitioning toward an
Al-enhanced quality management paradigm, where digital tools augment existing
processes but have not yet fully integrated into governance frameworks. Based on these
findings, the research proposes a conceptual direction for future development through
the introduction of the Quality Intelligence Model (QIM), which emphasizes the early
integration of Al within project quality governance to enable predictive quality
management, intelligent risk detection, and data-driven project control. The study
contributes to the literature on Construction Quality Management and Quality 4.0 by
providing empirical evidence on the interaction between Al technologies and quality
management practices within complex infrastructure environments, while offering
practical recommendations for improving digital quality governance in large-scale

construction projects.
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CHAPTER ONE
LITERATURE REVIEW

1.1 Overview

Over the past decades, technological innovations have significantly transformed
business practices across industries, with the construction sector experiencing
particularly noteworthy benefits. Advancements such as Building Information
Modeling, automated and robotic construction technologies, and advanced project
management software have revolutionized the planning, execution, and management of
construction projects (Regona et al., 2023). These tools have enhanced precision in
planning, improved stakeholder communication, and optimized resource allocation,
contributing to better management of project scope, cost, time, and quality. Despite
these advancements, the construction industry continues to lag behind other sectors in
fully leveraging emerging technologies like Artificial Intelligence (Al) to address
persistent challenges in quality management (Dip Datta et al., 2024).

The construction industry continually faces difficulties in maintaining quality
standards, particularly in large and complex infrastructure projects like the Jeddah
Stormwater Program (JSWP). These projects involve numerous stakeholders, dynamic
conditions, and high volumes of simultaneous activities, which strain traditional
Construction Quality Management (CQM) practices. Issues such as material defects,
utility conflicts, and inadequate compliance monitoring frequently lead to delays, cost
overruns, and reduced stakeholders or customer satisfaction. Addressing these
challenges requires innovative solutions, and this study explores the potential of Al

enhanced CQM systems.

This research is significant for both theoretical and practical reasons. Theoretically, it
investigates Al’s role as a moderating variable, examining how it can optimize CQM
practices and mitigate the negative impacts of project size and complexity on outcomes
such as cost, time, quality, and customer satisfaction. Practically, the research will focus
on some Al driven technology such as machine learning, predictive analytics, natural

language processing, and real-time monitoring to improve predictive capabilities,




decision-making, defect detection, and automation of quality control and assurance
processes in infrastructure projects. By addressing challenges associated with Al
adoption, such as costs, technical expertise, and organizational resistance, this study

provides actionable insights into leveraging Al technologies in CQM.

The study is guided by three research questions: (1) the limitations of current CQM
practices in large infrastructure projects, (2) the moderating role of Al in enhancing
project outcomes, and (3) the barriers to adopting Al in construction projects. Through
these questions, the research aims to contribute to the growing body of knowledge in

construction quality management and provide a practical framework for Al adoption.

This study’s findings are expected to offer substantial value by addressing the gaps in
traditional CQM practices and demonstrating the transformative potential of Al in
complex construction environments. Focusing on JSWP, the research not only
highlights challenges unique to large-scale projects but also provides a replicable model

for integrating Al into construction quality management globally.

1.2 Keywords
Quality Management, Al, Construction Project Outcomes, Case Study — Saudi Arabia,

Stormwater, Machine Learning, Natural Language Processing.

1.3 Problem statement

The Saudi Vision 2030 outlines a bold roadmap for national transformation, with
infrastructure development playing a pivotal role in improving the quality of life for
citizens, fostering vibrant cities, and promoting environmental responsibility. The
construction industry is instrumental in realizing these infrastructure goals that demand
robust quality management in construction, highlighting the potential of Al to transform
quality practices (Vision2030, n. d.). Despite its promising potential, Al adoption in
Saudi Arabian construction industry remains significantly behind the global trend of
technological innovation. Effective quality management is crucial for complex
construction projects, yet the impact of CQM can be influenced significantly by
technological factors, particularly AI (Neyestani, 2016). Research is crucial for

understanding Al's moderating role and its capacity to enhance CQM by exploring how




Al-powered data analysis can preemptively identify quality issues, reduce work, predict

project risks, and optimize resource allocation.

1.4 Challenges in Implementing Quality Management in
Construction

Implementing quality management in construction, despite its well-recognized benefits,
remains a significant challenge for many organizations. Several factors contribute to
the difficulties in effectively implementing robust quality management systems in the
construction industry. Firstly, Zakaria et al. (2017) and Leong et al. (2014) indicated
that a major challenge in the construction industry is its project-based nature, where
each project is unique and often involves numerous stakeholders, subcontractors, and
varying site conditions. In contrast, industries such as manufacturing focus on the mass
production of standardized products, allowing for greater control over processes and
environments (Rezaei, 2011). This fundamental difference significantly influences how

construction projects define, measure, and manage quality.

Secondly, the fragmented and decentralized nature of the construction industry makes
it challenging to implement organization-wide quality management systems. The high
degree of customization in construction projects, the dynamic nature of construction
activities, and site-specific conditions inherent in construction projects make it difficult
to standardize processes and achieve organization-wide quality control (Tang et al.,
2005). Furthermore, construction projects often face constraints such as tight budgets,
short timelines, and changing client requirements, which can compromise the ability to

prioritize and invest in robust quality management practices.

Thirdly, the construction industry's resistance to change and a lack of awareness and
commitment to quality management principles among some construction professionals
can impede the successful adoption of quality management systems. These inherent
complexities, along with deep-rooted cultural barriers within the industry, pose
significant hurdles in realizing the full potential of quality management practices in
construction projects. The reluctance to embrace new approaches and the entrenched
mindsets of some construction stakeholders can create obstacles to implementing
effective quality management initiatives, hindering the optimization of construction

project outcomes (Abioye et al., 2021).




In addition to these factors, the author's experience with the JSWP has highlighted the
inherent complexity and variability of construction projects, further complicating the
implementation of robust quality management systems. JSWP, with its numerous
ongoing and unique projects spread across all sides of Jeddah, demonstrates how the
involvement of multiple stakeholders, subcontractors, and ever-changing site
conditions can challenge standardization and consistent quality control. These
challenges are further compounded by varying levels of client involvement and the
geographically dispersed nature of the projects and inadequate staffing levels, which
strain supervision capacity and make it even more difficult to ensure adherence to

quality standards.

Despite JSWP projects being similar in concept and executed by the same contractors,
they continue to encounter persistent issues. These issues include material defects,
supply and handling challenges, and inadequate quality control measures, which
compromise the effectiveness and efficiency of the construction efforts. The projects
need adequate supervision, which is exacerbated by the increased high volume of
simultaneous projects, leading to frequent utility conflicts and substantial delays. These
conflicts often result in prolonged processes for coordination with other stakeholders,
modification and approvals of shop drawings and execution methods. Such delays
increase resident complaints due to prolonged excavation works, extended closures of

roads, escalating the cost of reworks, and extending the overall project's progress.

Moreover, constraints such as tight budgets, short timelines, customer satisfaction, and
shifting client demand place pressure on prioritizing quality over immediate
deliverables. Combined with that resistance to change and varying levels of awareness
and commitment among construction professionals further impede the adoption of
effective CQM. Addressing these challenges within JSWP, and more broadly in
construction, requires a dedicated effort to foster a quality culture, enhance awareness,
and leverage innovative solutions, such as Al-driven CQM practices, to streamline

processes and deliver better project outcomes.

Recent study by Zakaria et al. (2017) identifies several challenges in flood mitigation
projects that hinder successful implementation of CQM. These include inadequate

planning, poor stakeholder coordination, ineffective resource allocation, and

4




inconsistent adherence to project standards and master plans. Such challenges disrupt
project workflows, lead to delays, and compromise overall project quality. Another
study by Hwang and Yang (2014) highlights rework as a major contributor to project
delays, with its root causes often tied to quality-related issues such as design errors,
inadequate quality control, and poor adherence to project specifications. The research
underscores the importance of proactive quality management in minimizing rework,
noting that early identification and resolution of potential quality issues can

significantly reduce disruptions and improve project schedules.

Similar challenges are evident in JSWP, where gaps in planning, stakeholder alignment,
and non-compliance with quality management processes, such as Method of Statements
(MOS) and Inspection Testing Plans (ITP), exacerbate inefficiencies across its large-
scale projects. The Taunsa Barrage Rehabilitation and Modernization Project in
Pakistan study by Khan et. al (2006) highlights parallel issues, such as inadequate
adherence to quality practices due to increased workload and complexity of work,
underutilization of statistical sampling methods, and limited stakeholder awareness and
commitment to quality practices, which significantly hinder Quality Assurance (QA)

and Quality Control (QC) efforts.

These shared challenges underscore the need for robust, project-specific quality
management practices to address recurring inefficiencies and ensure better outcomes.
For JSWP, integrating Al-driven technologies could serve as a transformative solution,
enabling automated compliance monitoring, optimizing resource allocation, and
providing real-time insights. By addressing these foundational gaps and leveraging
advanced technologies, JSWP can enhance coordination, reduce rework, and improve

overall project performance across its dispersed and complex infrastructure initiatives.

However, more research will be needed to understand how integrating Al with quality
management practices impacts construction project outcomes, particularly within the
Saudi Arabian context (Datta et al., 2024). Existing global studies often emphasize the
general advantages of Al in construction, such as its impact on project outcomes or its
application to specific quality management issues. However, they rarely address the
unique challenges and established practices specific to the Saudi Arabian construction

sector nor quality management system. Therefore, more focused research is needed to

5




investigate and understand the effect of Al on the overall CQM, to ensure our
understanding of effectively integrating these technologies with existing quality

practices to optimize project outcomes.

1.5 Purpose of the Study
Given the potential benefits of Al in improving construction project outcomes through
enhanced quality management, this research aims to explore the moderating role of
artificial intelligence in improving the effectiveness of CQM practices in construction
projects. The study will focus on infrastructure projects, which are typically complex
and involve multiple stakeholders. They are crucial in driving economic growth,
improving quality of life, and fostering long-term sustainability in the Saudi Arabian
construction industry. The specific objectives of the study are:
1. Comprehensive Review: Conduct a comprehensive review of empirical studies that
investigate the impact of Al on construction CQM practices and project outcomes,

aiming to synthesize key findings and identify gaps in the current literature.

2. Evaluate CQM Practices: Assess the limitations of traditional CQM practices in
addressing the challenges posed by the size and complexity of infrastructure

projects, particularly within JSWP.

3. Examine Al's Impact: Investigate the potential of Al technologies to enhance CQM
practices focusing on Al's moderating role in mitigating CQM practices
insufficiencies, with a focus on improving project outcomes such as cost efficiency,

schedule adherence, quality, and customer satisfaction.

4. Identify Al challenges: Based on insights gathered from the selected contractors
and projects data, identify and analyze the challenges associated with implementing

Al-driven CQM practices in infrastructure projects.

5. Develop Strategies and Frameworks: Propose practical strategies and frameworks
for effectively integrating Al-driven CQM practices, ensuring improved outcomes
in large and complex infrastructure projects.

6. Explore future opportunities: Explore emerging opportunities for Al to enhance
CQM practices in infrastructure projects further and outline future research

directions based on the findings from the study.




1.6 Significance of Study
1.6.1 Theoretical Contributions

This research seeks to fill a significant gap in construction management literature by
empirically investigating the moderating role of Al in quality management within
construction projects. It will enhance theoretical frameworks by integrating advanced
Al technologies, such as Machine Learning (ML) and Natural Language Processing
(NLP) and examining their impact on the effectiveness of quality management
practices. This study will contribute to a deeper academic understanding of how Al can
be systematically applied to improve construction project outcomes, through enhanced
CQM practices offering a new perspective on the interplay between technology and

project management.

1.6.2 Practical Implications

The study is poised to offer substantial value to the construction industry, particularly
within the context of JSWP. The findings will help develop more efficient, cost-
effective, and high-quality construction practices by exploring and validating Al-driven
quality management approaches. The insights gained could lead to the development of
refined Al-enhanced quality management frameworks that reduce rework, delays, cost,
and improve stakeholder satisfaction, thus providing a model for future construction

projects in Saudi Arabia.

1.6.3Expected Added Value

The integration of Al in managing complex infrastructure projects, as explored in this
study, aligns with the strategic goals of Saudi Vision 2030. The successful application
of Al in the JSWP could serve as a benchmark for the national construction industry,
promoting broader adoption of intelligent technologies. This research will provide
actionable strategies for leveraging Al to overcome common quality management
challenges, enhancing project delivery across the board. Furthermore, the study
recommends that policymakers, project managers, and industry professionals adopt Al-
driven solutions, potentially transforming construction practices nationally and

internationally.




1.7 Research Methodology

This study employs a mixed-methods research approach, combining in-depth
qualitative case study and comprehensive quantitative data analysis, to thoroughly
investigate the relationship between CQM practices, construction project outcomes,
and the moderating influence of Artificial Intelligence technologies. The qualitative
component will provide rich contextual insights, exploring how Al-enabled CQM
processes are implemented and integrated within real-world construction projects. The
quantitative analysis will then examine the statistical significance and magnitude of the
moderating effect of Al on the link between CQM and key project outcomes, such as
reduced rework, enhanced productivity, and improved cost and schedule performance.
This holistic mixed-methods approach will yield a deeper understanding of the complex

interplay between quality management, Al, and construction project success.

1.7.1Data Collection, Sampling and Analysis

Primary data will be collected through structured surveys from stakeholders involved
in JSWP, including project managers, quality professionals, construction teams,
contractors, suppliers, and Al technology experts. Secondary data will be gathered from
project documentation, industry reports, academic journals, case studies, and other
relevant literature on the application of Artificial Intelligence technologies in the
context of construction quality management. This comprehensive secondary data
collection will provide a robust understanding of the current state of research and
industry practices in leveraging Al to enhance not only project management, but also

quality management processes and outcomes in construction projects.

Purposive sampling will be employed to ensure participants have direct experience with
CQM practices or Al implementation, with an estimated sample size of approximately
100 participants from JSWP stakeholders (Client, Consultants, Contractors, Sub-
Contractors, and Suppliers). To ensure comprehensive insights, the sample will include
a diverse set from various roles within the JSWP projects. Project managers can provide
perspectives on overall project execution and quality management integration, while
quality control and assurance teams can highlight the application and challenges of
current CQM practices. Engineers and site supervisors offer practical insights into

quality-related issues and Al implementation on-site. Additionally, involving other key




disciplines such as planning engineers allows for exploring how AI can optimize
scheduling, anticipate quality related delays, and enhance time management. Cost
control engineers can contribute insights into cost forecasting and budget management,
focusing on how Al aids in controlling project expenses. Technical engineers provide
knowledge about design and specifications, and utility issues, emphasizing Al's role in
streamlining technical solutions and design reviews. Clients or regulatory
representatives ensure a focus on compliance and stakeholder satisfaction, while Al or
technology specialists can offer expertise on the deployment and potential of Al
technologies. This multidisciplinary approach ensures a holistic understanding of the
integration of Al into CQM practices in large infrastructure projects. Quantitative data

from surveys will be analyzed using statistical Tools such as SPSS.

1.8 Theoretical background

The concept of quality management has evolved significantly since its early
applications in manufacturing, transforming industries by promoting consistency,
efficiency, and customer satisfaction. Initially focused on basic inspection and defect
detection, quality management has developed into a sophisticated system that integrates
planning, control, and continuous improvement to enhance organizational performance.
This evolution reflects an increasing awareness that quality is not merely a production
issue but a fundamental organizational objective (Daneshjo et al., 2021).
In construction, where project complexity and stakeholder expectations are high, robust
quality management is crucial for meeting performance goals and sustaining

competitive advantage.

Several pioneering figures, often called quality management "gurus," laid the
groundwork for modern quality practices. Walter Shewhart, often called the father of
statistical quality control, introduced the concept of control charts to monitor process
variability in the 1920s. Building on Shewhart’s ideas, W. Edwards Deming promoted
continuous improvement through his PDCA cycle (Plan-Do-Check-Act) and
emphasized data-driven decision-making. In the 1950s, Joseph Juran introduced the
Quality Trilogy, quality planning, control, and improvement, which underscored the

importance of quality as a company-wide responsibility (ASQ, 2024).




Philip Crosby added to this foundation with his philosophy of zero defects and the idea
that “quality is free,” advocating for preventive measures over costly corrections.
Armand Feigenbaum introduced Total Quality Control (TQC), asserting that quality
should be integrated across all departments (Huggins, 1998). At the same time, Kaoru
Ishikawa emphasized the role of collaborative problem-solving and developed tools

like the fishbone diagram for root-cause analysis.

These contributions have influenced modern project management, where achieving
project success depends on balancing the Triple Constraint; scope, cost and time. In
construction, changes to any of these factors, such as an accelerated timeline, can
impact both the budget and the quality of the outcome, posing significant challenges
for project managers. Customer satisfaction further reinforces these constraints to
measure project success, reflecting whether the project meets or exceeds client
expectations. The principles established by the quality pioneers provide a theoretical
foundation for understanding how quality management practices can help optimize this

balance, especially when complemented by modern tools such as Al driven technology.

1.9 Construction Quality Management (Independent Variable)

This study examines the impact of quality management practices in construction on
project outcomes, with Al technology as a moderating factor. It is important to
understand the key elements of Construction Quality Management and how it is applied
in industry. CQM is vital to the construction industry as it directly influences project
outcomes, minimizes costs associated with rework, and improves efficiency. Effective
CQM practices ensure that project phases is executed according to client expectations

and regulatory standards (Luo et al., 2022).

The PMBOK (PMI, 2021, p.xx) defines Quality Management as "the process of
determining quality policies, objectives, and responsibilities so that the project will
satisfy the needs for which it was undertaken." CQM involves applying these principles
to ensure project deliverables meet all required standards, specifications, and client

expectations, focusing on consistent quality throughout construction.
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Philip Crosby advocates for defining quality as "conformance to requirements,"
focusing on objectively meeting predetermined specifications and standards. This
concept is fundamental in the planning phase of construction projects, where a clear,
measurable framework for quality management supports Crosby's zero-defects
philosophy, emphasizing the prevention of defects from the outset. Planning for quality
early in the project ensures that project specifications fulfill client requirements and

regulatory standards (ASQ, 2024).

Expanding on Crosby's view, Juran and Godfrey (1999) introduces "fitness for use" as
a core aspect of quality, highlighting the importance of ensuring that the constructed
facility effectively serves its intended purpose and meets the end-user's needs. This
approach extends beyond compliance with specifications to emphasize functionality,
reliability, and durability, considering the structure's performance over its entire

lifecycle.

Furthering this perspective, Khan et al. (2008) suggest that quality in construction
encompasses the fulfillment of stakeholder expectations. Quality management must
address the needs of not only the client but also contractors, subcontractors, designers,
and the community, ensuring that the final project meets broad expectations. This
holistic approach aligns with CQM, which Sogaxa et al. (2021) defines as
"a management approach that aims to ensure that the construction process is completed
within the specified quality requirements, on time, within budget, and safely".
Similarly, Neyestani (2016) describes CQM as "the coordination and integration of all
quality assurance and quality control activities throughout the life of the project to
achieve the project objectives." These perspectives emphasize that effective CQM
requires aligning quality planning, control, and assurance efforts to fulfill all project

objectives, from specifications to stakeholder satisfaction.

The author from practical experience in the field defines CQM as a systematic process
supported by strategic goals established earlier during the project planning stage toward
fulfilling project quality objectives through a preventive approach. This approach can
be enhanced by using Al as a predictive tool to improve efficiency, prevent defects, and
reduce the cost of reworks in construction projects by preventing defects before

occurrence.
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Construction Quality Management is essential to deliver projects efficiently, meeting
quality standards, and satisfying client expectations. ISO 9001 offers a standardized
approach to quality management, emphasizing clear documentation, consistent
processes, and compliance with international standards. It is particularly beneficial for
ensuring that construction projects meet regulatory requirements and maintain
consistent quality. Total Quality Management (TQM) promotes a quality-centered
culture across all levels of an organization, which fosters accountability and teamwork,
which are essential for complex construction projects (Pheng & Teo, 2003). Lean
Construction focuses on minimizing waste and maximizing value, directly supporting
efficient resource management, a critical aspect of quality planning and control in
construction. Six Sigma provides a structured, data-driven approach to reduce defects
and improve process consistency, enhancing Quality Control and Quality Improvement

through measurable results (Ferng & Price, 2005).

Among these, however, Juran’s Quality Trilogy, emphasizing Quality Planning,
Quality Assurance & Control, and Quality Improvement, provides a balanced,
comprehensive framework particularly well-suited to the needs of construction
projects. Unlike broader organizational approaches, Juran's Trilogy is adaptable to
unique construction challenges, allowing for proactive planning, real-time control, and
continuous improvement throughout the project lifecycle (Juran & Joseph, 2012).
These three interconnected dimensions address the preventive and corrective needs in
construction quality management, making Juran's Trilogy an ideal foundation for

effective CQM in achieving high-quality, efficient, and timely project outcomes.

1.9.1 Quality Planning

The PMBOK (PMI, 2021) defines Quality Planning as "the process of identifying
quality requirements and/or standards for the project and its deliverables and
documenting how the project will demonstrate compliance." It aligns with Juran's
definition of establishing the goals and process required to meet quality standards from
the outset (Juran and Godfrey, 1999). In the construction industry, this means defining
the necessary quality standards for materials, processes, and final outputs, setting clear

expectations for quality from the outset, and establishing procedures for meeting these
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standards. Effective quality planning is crucial for establishing quality benchmarks,
defining roles and responsibilities, and documenting the quality management strategy.
A well-crafted quality plan will delineate the actions undertaken at each project phase

to attain the targeted quality standards (Neyestani, 2016).

1.9.2 Quality Assurance (QA)

In Construction Quality Management, Quality Assurance (QA) and Quality Control
(QC) play complementary roles in maintaining and improving project quality.
According to the PMBOK (PMI, 2021), QA is "the process of auditing the quality
requirements and the results from quality control measurements to ensure appropriate
quality standards and operational definitions are used." QA in construction is proactive,
aiming to prevent defects through regular inspections, testing, and monitoring, ensuring
that work meets the established quality plan and specifications. Juran’s Quality Control
Handbook (Juran & Godfrey, 1999) expands on this by defining QA as a process that
instills confidence that quality requirements will be met throughout the project. Juran
emphasizes the importance of developing robust systems and preventive measures and
conducting audits to verify compliance with quality standards and ensure consistency

and reliability across project phases

1.9.3 Quality Control (QC)

On the other hand, QC is more hands-on and focuses on detecting and correcting quality
issues. Defined by Juran & Godfrey (1999) as "the process of evaluating quality
performance, comparing that performance with standards or goals, and acting on the
difference," QC emphasizes feedback loops and corrective actions, making it a cyclical
process aimed at continuous improvement. QC includes practical and operational
techniques for measuring and controlling the characteristics of materials, structures, and
systems to meet quality requirements. It operates as a "detection mode," identifying
existing issues and facilitating corrective actions. QC systems provide displays of non-
conformance to highlight areas requiring attention, allowing for data-driven problem
identification and management (Tang. et. al, 2005). In construction, QC procedures
often include daily inspections, quality reporting, and minimizing output variation,

ensuring standards consistently met across all project stages.
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In the construction industry, QA and QC form a comprehensive quality framework in
CQM. QA establishes preventive processes and systems, while QC detects and
addresses deviations from quality standards. This dual approach is essential in
construction, where complex projects demand proactive quality assurance and rigorous

control over the work that will be executed.

1.9.4 Quality Improvement

The third component of Juran's Quality Trilogy, Quality Improvement, is defined by
PMBOK (PMI, 2021) as "the process of enhancing the organization's processes to
improve the project's outcomes" This dimension continuously refines processes,
systems, and practices to improve construction quality, reliability, and consistency.
Quality Improvement involves analyzing performance, identifying opportunities for
enhancement, and implementing changes to address the root causes of issues. Common
practices include post-project reviews, benchmarking against industry standards
(Crosby, n.d), and incorporating Lean Construction and Six Sigma methodologies to
streamline processes and minimize inefficiencies. By embracing a culture of continuous
improvement, construction organizations can systematically enhance the quality of

their project deliverables and outcomes over time.

1.10 Construction Projects outcomes (dependent Variable)

Construction project outcomes are multidimensional, encompassing factors such as
safety, schedule, cost, and customer satisfaction. Effective quality management is
crucial to achieving positive project outcomes across these critical dimensions.
PMBOK defines project outcomes as the outputs and benefits that result from project
activities, which should align with the organization's strategic objectives and provide
value to stakeholders. ISO 21500 defines project outcomes as meeting the predefined

criteria for success, including cost, time, quality, and stakeholder satisfaction.

This study measures project outcomes by four key indicators: Cost, Time (or Schedule),
Quality, and Customer Satisfaction. These indicators are chosen in this research as they
are universally recognized and used as the core dimensions of project performance in
construction management. Cost represents the financial efficiency of the project,

aiming to minimize expenses while maintaining standards. Time (or Schedule)
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measures adherence to timelines, as delays can lead to cost overruns and client
dissatisfaction. Quality ensures the project meets all specifications and is durable, safe,
and fit for purpose. Also, Poor quality can lead to rework, increased costs, safety
hazards, failure to meet regulatory requirements, and reduced customer satisfaction
(Hwang & Yang, 2014). Prioritizing quality ensures that the final product fulfills its
intended purpose and provides long-term value to the client and end-users.
Finally, customer Satisfaction reflects the degree to which the project meets or exceeds
client expectations, which is crucial in assessing the project's overall success. These
four indicators are interdependent and collectively capture the balance of efficiency,
effectiveness, and stakeholder value that defines a successful construction project

(Neyestani, 2016) (Kiew et al., n.d.).

Project outcomes are particularly crucial in construction, as they determine the project's
viability, efficiency, and overall quality, directly impacting client and end-user
satisfaction. Effective project outcomes are essential in the construction industry, where
complex, large-scale projects require adherence to high standards and regulatory
compliance (Low & Ong, 2014). Also, involving multiple stakeholders, regulatory
requirements, and high-risk activities. Therefore, managing cost, time, quality, and
customer satisfaction is essential to navigate these complexities. By integrating Al
technology into quality management, the study aims to enhance these outcomes,

demonstrating practical relevance.

1.11 Artificial Intelligence (Moderating Variable)

Several sources defined Artificial Intelligence (AI) and its related technologies,
emphasizing its role in developing intelligent machines that can perform tasks
traditionally requiring human intelligence (Chouchene et al., 2020). Al is a branch of
computer science dedicated to creating machines capable of visual perception, speech
recognition, decision-making, and language translation. Some definitions focus on Al's
ability to mimic or replicate human cognitive functions, such as thinking, creativity,
and planning (Nagireddy, 2023). Additionally, Al combines computer science and large
datasets to solve complex problems, automating tasks typically reliant on human

intelligence. In broader terms, Al is the science of developing intelligent systems and
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models that can replicate human cognitive processes, thus creating systems that

enhance and streamline various tasks across multiple industries (Abioye et al., 2021).

Al technology includes tools like ML, CV, NLP, and predictive analytics, which
significantly benefit many fields, including construction. ML helps identify patterns in
large datasets, enabling predictive insights, while CV automates inspections and defect
detection, improving accuracy. These technologies streamline tasks, reduce errors, and

enhance decision-making, offering efficient, data-driven support to complex projects

(Sahadevan, 2023).

Several Al platforms offer robust tools suited explicitly for data analysis that can
support quality management in construction by predictive modeling and process
automation. Google AutoML enables users to create custom ML models that detect
patterns and predict outcomes without extensive coding expertise (Google Cloud,
2024). Microsoft Azure Al provides a suite of Al services, including CV and NLP,
that can automate inspections, detect defects, and facilitate project monitoring in real-
time (Microsoft, 2024). IBM Watson offers advanced predictive analytics and ML
capabilities to process complex construction data to forecast potential risks and support
data-driven decision-making (IBM, 2024). Beyond these established enterprise
platforms, emerging Al systems such as Anthropic’s Claude, Agentic Al, and Manus
Al increasingly integrate ML and NLP capabilities within unified analytical
environments. It helps users and organizations to enable analysis of large volume of
project documents and operational data to generate actionable insights and fast track

repetitive works.

In construction, Al technology transforms quality management practices by providing
real-time insights, automating quality inspections, and predicting potential issues
before they arise. For instance, computer vision algorithms can detect defects during
construction activities, reducing reliance on manual inspections and improving
accuracy. Predictive analytics, powered by platforms like IBM Watson, help identify
trends in project data that could indicate future problems, allowing proactive measures
to be implemented. These Al capabilities align well with Deming, Juran, and
Feigenbaum's quality management theories, reinforcing data-driven decision-making,

strategic planning, and organization-wide quality efforts. Therefore, when integrating
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Al as a moderating variable, construction projects can achieve more efficient,
consistent, and reliable quality outcomes, meeting evolving demands in the industry

(Seyman-Giray, 2023).

In conclusion, integrating quality management theories with Al technology provides a
comprehensive framework for understanding and improving construction project
outcomes. By grounding this research in the philosophies of quality management
pioneers, this study aims to demonstrate how AI can systematically enhance the
effectiveness of quality management practices, ultimately leading to better outcomes in

cost, time, quality, and customer satisfaction within the construction industry.

1.12 Practical Background

The Jeddah Storm Water Program, tasked with a significant overhaul of the city's
stormwater management systems, involves 89 projects that incorporate similar
construction activities such as excavation, laying network pipes, installation of
manholes and catch basins, and construction of marine outfalls and pumping stations.
The JSWP was chosen as a case study as these projects face significant challenges in
maintaining quality standards due to the complexity of the work, tight timelines, and
the dynamic nature of the construction environment as well as utility clashes. This
setting offers a unique opportunity to investigate how CQM practices perform under
demanding conditions and to evaluate AI’s potential to address these challenges

effectively (JSWP, 2021).

Despite the projects being similar in concept and executed by the same contractors,
these projects consistently face recurring challenges that hinder their progress. Issues
such as material defects, supply and handling difficulties of materials, lack of site
supervision, and inadequate quality control measures compromise construction
efficiency and effectiveness. Additionally, the high volume of simultaneous projects
strains supervision capacity, leading to frequent utility conflicts and significant delays.
These conflicts often result in prolonged design changes and approvals, frequent shop
drawing modifications, extended excavation activities, escalating rework costs and
increasing resident complaints. Together, these factors disrupt the JSWP program

timelines and negatively impact overall project outcomes.
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Moreover, a critical challenge exacerbating these problems is some contractors' non-
compliance with established work procedures and method statements. This disregard
for producers leads to quality issues and undermines strategic quality management
efforts to meet project standards. Integrating advanced monitoring and compliance
technologies, such as Al, is imperative. Projects can promptly identify deviations and
enforce corrective actions by leveraging Al to automate compliance checks and monitor
adherence to method statements in real-time. This proactive approach mitigates the risk

of non-compliance and enhances overall project delivery.

Compounding these challenges, the risk associated with the rainfall season can have
severe impacts on both ongoing construction projects and surrounding residential areas
if not managed promptly and effectively. The dynamic nature of construction, coupled
with tight timelines, heightens the risk of disruptions. Effective quality management,
supported by Al-driven predictive analytics and automation, can mitigate these risks,

ensuring projects are delivered efficiently, on budget, and to high standards.

Integrating Al technologies into JSWP offers transformative solutions to overcome the
recurring challenges faced by the projects. Al-driven tools, such as predictive analytics,
can enhance material quality control by identifying defects and optimizing supply chain
management. Automated compliance systems ensure strict adherence to method
statements and established protocols, reducing the risk of quality lapses caused by
contractor non-compliance. Furthermore, Al's ability to forecast potential utility
clashes, and simulate design scenarios enables proactive planning, minimizing delays
and costly rework. During critical periods like the rainfall season, Al's predictive
capabilities can help anticipate risks, prioritize interventions, and safeguard ongoing
projects and surrounding residential areas. By leveraging Al, JSWP can significantly
enhance the efficiency, consistency, and effectiveness of CQM practices, ensuring
improved project outcomes despite the complexities and dynamic conditions of the

program.

This research aims to fill the gap by focusing on integrating Al into CQM practices,
particularly in stormwater network projects, examining several vital aspects, and
identifying the most impactful ways to tailor Al solutions to the unique context of Saudi

Arabia's construction industry. Successful Integration of AI will benefit JSWP in
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overcoming some of the quality issues and concerns in the following four significant

areas of quality management:

1. Quality Planning: Exploring how Al-enhanced planning can improve overall
quality and mitigate cost overruns and delays, improving economic and temporal
efficiency in stormwater network projects.

2. Quality Control: Analyzing how Al-driven tools detect/predict and correct defects
early in construction.

3. Quality Assurance: Assessing Al's role in enhancing adherence to quality standards
and project requirements, which are crucial for the integrity of stormwater projects.

4. Quality Improvement: Investigating how Al contributes to the sustainability and
resilience of stormwater networks, through failure detection, and recommending

preventive measures based on pattern recognition from historical data.

1.12.1 Research Questions

Against this backdrop of exploring Al's potential to transform areas of CQM practices,

the research is structured around three critical questions:

Research Question 1: Does CQM practices become insufficient in addressing the
challenges of size and complexity in infrastructure projects, and how does this
inadequacy negatively impact project management outcomes?

e Question 1.1: Do the challenges of managing large and complex infrastructure
projects lead to schedule delays, as CQM practices become inadequate in
mitigating challenges?

e Question 1.2: Do the size and complexity of infrastructure projects contribute to
cost overruns, as CQM practices become insufficient in preventing these overruns?

e Question 1.3: Do the size and complexity of infrastructure projects negatively
affect customer satisfaction, and CQM practices are unable to address these
concerns effectively?

e Question 1.4: Do the size and complexity of infrastructure projects result in
substandard quality outcomes, as CQM practices fail to maintain consistent quality

under such conditions?

Research Question 2: Do the Al-driven CQM practices in JSWP modify the impact

relationship between quality management and project management outcomes?
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Question 2.1: Do the Al-driven practices of Quality Planning in JSWP modify the
impact relationship between CQM and project management outcomes?
Question 2.2: Do the Al-driven practices of Quality Control in JSWP modify the
impact relationship between CQM and project management outcomes?
Question 2.3: Do Al-driven practices of Quality Assurance in JSWP modify the
impact relationship between CQM and project management outcomes?
Question 2.4: Do the Al-driven practices of Quality Improvement in JSWP modify

the impact relationship between CQM and project management outcomes?

Research Question 3: What are the financial, organizational, ethical and technical

challenges associated with adopting Al technologies in construction projects, and how

do these barriers impact the effective integration of Al into CQM practices?

Question 3.1: Does the cost of implementing Al technologies create significant

barriers to their adoption in CQM practices?

Question 3.2: Does resistance to change among stakeholders and organizational
culture negatively impact the adoption of Al technologies in construction projects?
Question 3.3: Does the lack of high-quality data, integration challenges, or
insufficient technical expertise hinder the effective implementation of Al in CQM?

Question 3.4: Does the skills gap in the construction industry limit the adoption

and successful utilization of Al technologies?

Question 3.5: Do concerns about data privacy, algorithmic bias, and regulatory
compliance affect the willingness of construction organizations to adopt Al

technologies?

1.12.2 Hypothesis

CQM is essential for ensuring projects' success and sustainability in the rapidly

evolving construction industry. With the ongoing development of Al, there is

significant interest in leveraging its capabilities to enhance the efficiency, accuracy, and

overall outcomes of CQM practices. Through this approach, the study aims to offer a

comprehensive analysis of Al's role in refining CQM processes and its broader

implications on the efficiency and success of infrastructure projects, particularly in

stormwater network management. The following hypotheses were formulated to guide

this investigation.
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Hypothesis (H1): CQM practices become insufficient in addressing the challenges

posed by the size and complexity of infrastructure projects, leading to negative impacts

on project management outcomes, including cost, schedule adherence, quality, and

customer satisfaction.

o

Hypothesis (H1a): CQM practices become insufficient in maintaining work quality
as size and complexity of infrastructure projects increase, negatively impacting

deliverable quality.

Hypothesis (H1b): CQM practices fail to prevent cost overruns in large and complex
infrastructure projects, resulting in increased project costs.

Hypothesis (H1c): CQM practices are less effective in ensuring adherence to project
schedules in large and complex infrastructure projects, leading to significant delays.

Hypothesis (H1d): The insufficiency of CQM practices in addressing the challenges
of size and complexity negatively impacts customer satisfaction in infrastructure

projects.

Hypothesis (H2): Al-driven CQM practices in JSWP significantly modify the

relationship between CQM practices and project management outcomes, enhancing

cost efficiency, schedule adherence, quality of deliverables, and customer satisfaction.

@)

Hypothesis (H2a): Al-driven CQM practices significantly enhance the quality of
deliverables in infrastructure projects by improving defect detection and reducing

rework.

Hypothesis (H2b): Al-driven CQM practices significantly reduce cost overruns in

infrastructure projects by reducing the cost of rework and cost of poor quality.

Hypothesis (H2C): Al-driven CQM practices significantly reduce schedule delays in
infrastructure projects by minimizing rework through proactive defect detection and

quality monitoring.

Hypothesis (H3): Financial, organizational, ethical, and technical challenges

significantly hinder the effective integration of Al technologies into CQM practices

withing construction and infrastructure projects.

o Hypothesis (H3a): Financial constraints, such as implementation and operational

costs, significantly limit the adoption of Al technologies in CQM practices.
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o Hypothesis (H3b): Organizational barriers, including resistance to change & lack of
skilled personnel, significantly impact the integration of Al into CQM practices.

o Hypothesis (H3c): Ethical concerns, such as data privacy, algorithmic bias, and job
displacement fears, significantly hinder the adoption of Al in CQM practices.

o Hypothesis (H3d): Technical challenges, including insufficient data quality and
integration difficulties, significantly reduce the effectiveness of Al technologies in

improving CQM practices.

The following diagram Figure (01) illustrates the conceptual framework for this study,
highlighting the relationships between the independent variable (Construction Quality
Management Practices), the dependent variable (Project Management Outcomes), and

the moderating role of (Al Technologies).

Figure 01 - The diagram represents the variables and their relationships
Source: prepared by the researcher
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1.13 Literature Review

1.13.1 Quality Management Systems in Construction

Quality management systems are crucial for improving the performance of
organizations, especially in the construction industry. Research has shown that QMSs
can significantly impact customer satisfaction, cost control, time management, and
overall quality (Leong et al., 2014) (Aichouni et al., 2014). Neyestani (2016)
emphasizes the impact of QMS on these four crucial aspects of construction projects.
Furthermore, a study in the Saudi construction industry supports Oakland &
Marosszeky's (2006) statement that the industry needs to embrace total quality

management concepts and QMS, especially during growth and rapid expansion.

The effectiveness of a quality management system in construction projects can provide
better control over project processes and workflows. Studies conducted across diverse
construction markets, including Saudi Arabia, UAE, India, China, Pakistan, USA, and
South Africa, have all demonstrated the benefits of implementing robust quality
management systems to enhance project outcomes, improve cost control, enhance time
management, and increase overall customer satisfaction and industry performance

(Likita et al., 2018).

1.13.2 Challenges in Implementing CQM

The study conducted by Hamdan (2024) on a stormwater network project in the UAE
highlighted that the strict implementation of CQM practices is critical for meeting
required standards and customer needs. Such an adherence not only increases the
project's lifecycle but also reduces maintenance costs and improves sustainability. The
author explained on the case study the importance of implementing quality processes
and procedures at every stage of the project, including material testing, site activities,
and project documentation, such as shop drawings, MOS and ITP. In the context of
JSWP, shop drawings, MOS and ITP have proven to be a significant challenge, as
contractors often fail to adhere to these requirements as outlined in the quality plan.
This non-compliance undermines the effectiveness of CQM practices, leading to

recurring issues such as substandard workmanship, defects, and rework.
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Another study by Othman et. al. (2018) highlights other challenges in implementing
Quality Management Systems (QMS) in Malaysian construction projects for high rise
construction, including Ilimited knowledge of QA/QC procedures, inadequate
supervision, and poor worker attitudes. These challenges are compounded by high
material waste and excessive workloads for QA/QC personnel, leading to inefficiencies
in achieving quality standards. The study proposes a structured framework to address
these issues, emphasizing management commitment, enhanced documentation, and

resource optimization.

A study conducted in Jordan by Khatatbeh, A. (2014) underscores significant
challenges that impede effective QM practices, including a lack of senior management
commitment, insufficient planning for quality management, poor coordination between
stakeholders, and unclear allocation of quality responsibilities. Additionally, the
findings reveal that inadequate staff training and resistance to adopting structured
quality frameworks hinder the consistent application of QM processes. These
challenges collectively impact the ability of construction projects to meet desired
quality standards, emphasizing the need for stronger organizational alignment and

proactive quality planning to overcome these obstacles.

The case study by Abdullah et al. (2008) examines the implementation of QMS in the
Kuala Lumpur International Airport (KLIA) project, emphasizing the challenges
associated with managing quality in large-scale and complex projects. The study
highlights issues such as integrating multiple Project Quality Plans (PQP), coordinating
diverse stakeholders, and ensuring compliance with statutory requirements and project-
specific standards. These challenges were addressed through structured processes for

inspections, testing, and audits.

Similarly, The Jeddah Stormwater Program exemplifies the critical importance of CQM
in addressing the common challenges faced worldwide in large-scale, complex
construction projects. As a multifaceted endeavor, JSWP demands meticulous
planning, rigorous quality control, and a commitment to continuous improvement to
mitigate the impact of size and complexity on project outcomes. Insights from case
studies highlight the difficulties of integrating multiple PQP, coordinating diverse

stakeholders, and ensuring compliance with statutory and project-specific standards
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challenges mirrored in the JSWP. The UAE stormwater network case emphasizes the
importance of strict adherence to quality management processes, including MOS and

ITP, to prevent non-compliance, defects, and rework.

By leveraging the principles of Juran's Quality Trilogy, including quality planning,
assurance, and improvement, and incorporating Al-driven solutions, the JSWP can
address these challenges proactively. Al technologies, such as automated compliance
monitoring and predictive analytics, can enhance planning accuracy, streamline quality
control measures, and identify improvement opportunities across the program's
dispersed projects. Together, these approaches can enable the delivery of a high-quality,
efficient, and timely stormwater management system for the city of Jeddah, ensuring

alignment with both project goals and stakeholder expectations.

1.13.3 Quality Planning

Quality planning is crucial to effective QMS in construction projects. It involves clearly
defining the project requirements, identifying the critical quality characteristics that
must be addressed, and establishing specific quality goals and objectives to be achieved.
This comprehensive planning process helps ensure that the overall project scope,
detailed drawings, and technical specifications are well-defined and unambiguous. This
clarity is a prerequisite for maintaining high-quality construction processes and

workflows throughout the project lifecycle. (Akinradewo et al., 2019).

In complex infrastructure projects where multiple stakeholders and intricate
interdependencies are involved, comprehensive quality planning is vital for
coordinating processes and ensuring collaboration. Effective planning establishes clear
goals, defines critical quality characteristics, and maps workflows and control
measures. However, in the JSWP, quality planning has often been insufficiently
executed, as evidenced by numerous cases of work commencement without obtaining
mandatory approvals. This lack of adherence to project quality procedures highlights a
significant gap in ensuring consistency and alignment in the project's quality

management efforts.
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1.13.4 Quality Assurance

Quality assurance is a critical component of effective QMS in the construction industry.
It involves implementing a comprehensive set of planned and systematic activities to
ensure the constructed facility or infrastructure meets the specified requirements and
customer expectations (juran & joseph, 2012). Quality assurance encompasses various
activities, including inspection, testing, auditing, and monitoring, verifying that the
construction processes and materials conform to established standards and
specifications. However, in the JSWP, gaps in quality assurance practices have been
observed, such as inconsistent inspection routines and inadequate adherence to ITP,
often due to the high volume of concurrent projects and strained supervisory capacity.
These shortcomings have led to instances where quality issues were only identified after
significant work was completed, resulting in rework and delays. By addressing such
gaps and implementing robust quality assurance measures, construction projects can
enhance the overall quality, reliability, and longevity of the constructed facilities,

ultimately meeting or exceeding client requirements and expectations.

1.13.5 Quality Improvement

As per Juran & Joseph (2012) quality improvement targets two main areas: enhancing
product features and reducing deficiencies. Improving product features increases
customer satisfaction by introducing innovative designs, sustainable materials, or
advanced construction techniques. Reducing deficiencies minimizes waste, rework, and

delays, thus boosting efficiency.

In JSWP, the lack of a structured approach to continuous quality improvement has often
led to repeated deficiencies, such as material waste and recurring design modifications,
due to inadequate coordination, especially with other utilities’ providers, and poor
communication among stakeholders. These recurring issues highlight the importance
of adopting principles like a customer focus to meet stakeholder needs, continuous
improvement through regular assessments, employee involvement in problem-solving,
and a process approach that optimizes each project phase. Addressing these gaps and
embracing proactive quality improvement measures early during the planning stage and
before issue the projects for bidding, JSWP can enhance efficiency, reduce waste, and

deliver high-quality outcomes that meet or exceed client expectations.
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1.14 The Role of Artificial Intelligence in Quality Management

Artificial intelligence has emerged as a promising solution to address the complexities
and challenges faced while implementing effective quality management systems in the
construction industry. Al-powered technologies offer a range of capabilities that can
streamline quality management processes and enhance project outcomes. Some studies
identified some drivers for Al adoption such as cost, time, performance and customer
satisfaction, which are directly related to project outcomes (Yang et al., 2019). Other
studies listed some possible benefits of Al such as automating inspections and
improving accuracy to leveraging predictive analytics to identify potential issues, Al
aligns well with quality management principles and can help construction organizations
overcome the inherent difficulties in implementing robust quality management systems

(Cubric, 2020).

Recent studies have highlighted several ways Al can enhance quality management in
construction. Key technologies like Building Information Modelling (BIM), augmented
reality (AR), Internet of Things (IoT), and computer vision (CV) are being integrated
into CQM processes (Abioye et al., 2021). Al's success in optimizing manufacturing,
healthcare, and finance processes offers strong evidence of its transformative power
across industries Therefore, Al has a high potential in the construction industry by
demonstrating how Al can automate inspection processes, identify potential issues, and

improve decision-making (Datta, S. D et al., 2024; Nagireddy, 2023).

The case study by Makaula et. al. (2021) highlights the transformative potential of Al
in construction project management through the development of a framework that
integrates Al technologies across various phases of the project lifecycle. It emphasizes
Al's role in enhancing planning, design, execution, and material sourcing while
addressing critical aspects such as labor productivity and risk management. This
framework is particularly relevant to the current study, as it provides a structured
approach to applying Al in construction quality management, emphasizing how Al can
optimize processes, improve decision-making, and mitigate project risks. Moreover, the
study identifies key challenges to Al adoption, such as high costs and resistance due to
job security concerns, which align with barriers faced in the Saudi construction

industry.
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In the context of JSWP, similar challenges are encountered across the program's large-
scale and complex projects. The phased nature of JISWP, coupled with recurring issues
in quality planning, inspection, and material management, underscores the need for an
Al-driven framework to address inefficiencies. By leveraging Al tools to streamline
workflows, enhance compliance monitoring, and proactively manage risks, JSWP can
achieve better project outcomes while aligning with Saudi Vision 2030's goals for

innovation and sustainability.

However, the construction industry faces persistent challenges in adopting digital
technologies. Issues like low productivity, frequent rework, and cost overruns (Pan &
Zhang, 2021) highlight the lag in digitalization and the untapped potential of Al. By
integrating Al as a moderating variable in quality management practices, construction
projects can achieve more consistent and reliable quality outcomes, meeting the

industry's evolving demands and paving the way for sustainable advancements.

This study will investigate the impact and outcomes of Al-driven technologies,
including automation and predictive analytics, on construction quality management.
Prominent Al platforms such as Google ML, Microsoft Azure, and IBM Watson offer
relevant Al-powered solutions that merit further exploration and analysis within this
research context. These platforms offer AI Technology, such ML and NLP, which can

support transformative construction quality management practices.

1.14.1 Automation of Quality Processes

One of the key areas where Al can enhance quality management in construction is
through automated quality control and inspection. Al-powered computer vision and
machine learning algorithms can be leveraged for automated quality inspections,
detecting defects, and monitoring construction progress (Regona et al., 2022). Al
technology improves the accuracy and consistency of inspections and reduces manual
effort and time required, enabling construction teams to identify and address quality
issues proactively. For example, Al-driven visual inspection systems can analyze site
photographs or video footage to identify deviations from design specifications, detect
structural defects, or monitor the installation of building components (Hooda et al.,

2021; Luo et al., 2022).
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Previous research by Pan & Zhang (2021) has shown that computer vision has
increasingly supplanted labor-intensive and often inconsistent visual inspections in
evaluating the state of civil infrastructure. This technology enables automated detection
of damage, recognition of structural components, identification of unsafe behaviors,
and assessment of overall conditions. Such applications of Al in quality control and
inspection processes in infrastructure projects can significantly enhance efficiency,
accuracy, and timeliness in addressing quality-related issues by facilitating monitoring
applications through non-contact methods, capturing a quantitative understanding of
infrastructure status, such as estimating strain, displacement, and measuring crack

length and width.

1.14.2 Identifying and predicting quality issues

The ability of Al to predict potential quality issues is a transformative application in
construction quality management. By analyzing historical project data, real-time sensor
inputs, environmental factors, and supply chain disruptions, Al-powered predictive
models can forecast quality problems such as delays, cost overruns, defects, or
equipment failures (Abioye et al., 2021). For instance, machine learning techniques, as
demonstrated in recent research by Dip Datta et al. (2024), have proven effective in
identifying construction risks by considering factors like project complexity, weather

conditions, and supply chain uncertainties.

Additionally, Al can support informed decision-making in quality management by
providing predictive insights and actionable recommendations. By processing vast
amounts of data from past projects, real-time site conditions, and process information,
Al systems can identify trends, suggest optimal actions, and highlight areas of concern.
Similarly, findings by Sota (2017) on Al in construction planning emphasize the
potential of Al-driven tools to optimize planning processes by analyzing historical data,
forecasting risks, and automating decision-making to improve project outcomes. These
capabilities align with the principles of Quality Planning, which focus on defining
objectives, allocating resources, and identifying potential risks to prevent defects.
The integration of Al's decision-support systems enables project teams to make more
accurate and timely decisions, improving resource allocation, reducing inefficiencies,

and enhancing overall project quality (Dabous et al., 2023).
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For large-scale Programs like JSWP, Al's predictive capabilities are instrumental in
tackling persistent issues such as utility conflicts, material issues, non-compliance to
procedures, and project delays. By analyzing historical and real-time data and utilizing
predictive analytics, Al empowers project teams to foresee potential risks and
implement solutions before problems arise. This preventive approach reduces the
likelihood of rework, minimizes disruptions, and cut additional costs. Furthermore, Al
enhances coordination across the program's numerous sites, ensuring smoother
workflows and higher-quality outcomes. Incorporating Al-powered predictive tools
into quality management practices allows construction projects to achieve their quality
objectives more effectively, leading to improved performance greater project success

and customer satisfaction.

1.14.3 Improving the efficiency of quality management processes

Al-powered technologies can also enhance the efficiency and effectiveness of quality
management in construction by automating routine tasks, streamlining data collection
and analysis, and optimizing quality control workflows. Al techniques can also generate
valuable insights into the complex construction process. This knowledge is critical to
project success and can guide the optimization of the construction execution process,
helping to make the project run more smoothly and efficiently (Pan & Zhang, 2021).
For instance, Al-driven natural language processing can automate the extraction and
analysis of quality-related information from project documentation, such as inspection

reports, checklists, and requests for information.

Another way to enhance construction quality management processes is by integrating
artificial intelligence with existing quality management tools and methodologies, such
as Failure Mode and Effects Analysis (FMEA), Statistical Process Control (SPC), and
Lean Quality Management Systems, to improve their effectiveness (Yang et al., 2019).
Al-based Integrated Quality Management Information System (IQMIS) proposed by
Yang et al. (2019) enables real-time data acquisition, predictive modeling, and
intelligent decision-making across quality planning, control, and improvement.
For example, Al can link FMEA data with IoT devices or other systems to better

manage, monitor, and optimize quality-related processes throughout the construction
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lifecycle. These innovations allow established QMS to proactively identify and address

quality risks, reduce inefficiencies, and improve overall project outcomes.

The reliance on traditional inspection methods in JSWP poses significant challenges in
managing quality across the program's large and complex projects. With numerous
dispersed sites, high volumes of activities, and intricate interdependencies, traditional
approaches often fail to provide the scalability and real-time responsiveness needed to
ensure consistent quality. These limitations result in delayed identification of defects,
inefficient allocation of resources, increased rework, and increased extension of time
requests. Integrating Al technologies into the quality management process can bridge
these gaps by automating inspections, analyzing data in real-time, and predicting
potential quality issues before they escalate. By transitioning from reactive to proactive
quality management, Al can enhance the efficiency and effectiveness of CQM

practices, ensuring better outcomes for large-scale and complex infrastructure projects.

1.14.4 Challenges for Adopting Al in CQM

A recent pilot survey conducted to explore the adoption of artificial intelligence in
Saudi Arabia's construction industry provides valuable insights into the sector's
awareness, readiness, and challenges regarding Al integration. The survey revealed a
range of barriers, including limited technical expertise, insufficient data quality, and
resistance to change, as well as concerns over job displacement and high
implementation costs. Additionally, regulatory uncertainties and the lack of clear

frameworks for Al adoption were highlighted as significant hurdles.

These findings offer a snapshot of the industry's current landscape and emphasize the
need for targeted strategies to address both technical and organizational challenges.
These insights are particularly relevant to this study, as they underscore the importance

of preparing the industry for Al-driven solutions.

While the potential benefits of Al in construction quality management are significant,
there are also several challenges and barriers to widespread adoption. Adopting Al-
powered technologies in construction quality management contexts can be improved

by factors such as the industry's traditional resistance to change, concerns over data
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privacy and security, the need for upfront investment in new technologies, and Al-

specific skills and expertise among construction professionals. (Regona et al., 2022).

1.14.4a Cultural, Social, and Organizational Challenges

The lack of adherence to organizational QMS and established CQM practices poses
significant barriers to successfully integrating Al technologies in the construction
industry. This challenge is particularly evident in JSWP, where frequent non-
compliance with quality procedures undermines the effectiveness of quality
management systems. Similar challenges are observed in studies like Khan et al. (2019),
which identified insufficient adherence to QMS standards, lack of training, and
inconsistent enforcement of quality protocols as critical obstacles. These issues are
further exacerbated by cultural & organizational resistance to change, coupled with a
lack of commitment to quality, which disrupts the implementation of structured quality

processes.

Moreover, social and organizational challenges significantly hinder the adoption of Al-
driven quality management practices in the construction industry. Concerns about job
security, resistance to change, and the steep learning curve associated with new
technologies are prevalent among construction professionals (Regona et. al., 2022).
The Saudi construction industry remains deeply rooted in traditional practices, where
quality management systems are often not perceived as a strategic priority. Aichouni et
al. (2014) emphasized similar challenges in their study on the Hail region, where
insufficient training, lack of top management commitment to quality, and
organizational resistance were identified as critical barriers to the effective
implementation of quality management systems. These challenges have perpetuated
widespread non-adherence to QMS practices, further limiting the industry's ability to

adopt advanced Al-driven quality solutions.

Many organizations, including JSWP, view quality management as an additional
administrative burden that increases costs and delays work progress rather than as an
essential investment for achieving long-term success. This mindset perpetuates a cycle
of low adoption of modern quality management frameworks, making it difficult for

companies to recognize the significant benefits these systems can bring, such as
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enhanced efficiency, reduced rework, improved customer satisfaction, and better

reputational standing within the industry (Quadri et. al. 2021).

Al technologies depend on structured and reliable processes to deliver meaningful
insights and operational benefits. However, foundational gaps in quality management,
combined with social and cultural barriers, result in flawed data and workflows that
diminish the value of Al applications (Westenberger et al., 2021). These challenges
align closely with the first research question, which examines how CQM practices
become insufficient in addressing the complexities of large-scale infrastructure
projects. Without addressing foundational gaps in quality culture, such as ensuring
adherence to standards and fostering accountability, Al solutions are unlikely to deliver
their intended benefits. This highlights the urgent need for management intervention to

instill a robust quality culture within the organization.

1.14.4b Integration with Existing Systems

Integrating Al systems with existing quality management processes can be complex
and often requires high technical expertise. Successful integration demands careful
planning to ensure that Al tools complement existing workflows rather than disrupt
them. This challenge is particularly evident in construction projects, where established
procedures and legacy systems may need to be adapted or updated to accommodate

new Al-driven approaches (Na et al., 2023; Jékel et al., 2022).

1.14.4¢ Data Quality and Availability

The effectiveness of Al technologies in construction heavily depends on the quality and
availability of data and the expertise of professionals managing these systems. Reliable
and relevant data are essential for training Al models to provide accurate predictions
and insights. However, construction projects often face challenges such as data
variability, incomplete records, and inconsistent data collection practices, which hinder
the development of robust Al applications (Castronuevo & Arboleda, 2024; Kelepouris,
2023).

1.14.4d Skill Gap
The skill gap presents a significant barrier to Al adoption in the construction industry,

with a shortage of trained professionals limiting the ability to develop, implement, and
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manage Al systems effectively (Castronuevo & Arboleda, 2024). This challenge is
further compounded by organizational issues, including insufficient stakeholder
alignment, trust and resistance to change, which hinder the seamless integration of Al
technologies (Cubric, 2020). In the context of JSWP, these barriers are particularly
evident, as the program relies on fragmented quality management frameworks and
traditional methods. Bridging the skill gap requires substantial investment in targeted
training and education programs to equip personnel with the expertise needed to
leverage Al technologies effectively. Addressing these foundational requirements,
including high-quality data and skilled expertise, and management support is essential
for successfully integrating Al into Construction CQM practices and achieving

improved project outcomes.

1.14.4e Ethical Considerations

Nagireddy (2023) and Cubric (2020) indicated that using Al in various business sectors,
including construction, raises important ethical considerations that must be carefully
addressed. Issues such as trust, data privacy, algorithmic bias, and the potential
displacement of human workers by non-human system, are critical concerns that must
be proactively managed. For example, ensuring the protection of sensitive project data
and mitigating biases in Al-powered decision-making processes are essential to

maintain trust and fairness in Al applications.

Additionally, the potential impact of AI on construction workers, such as job
automation, should be considered and balanced with the need for technological
advancements. Adopting a human-centered approach that prioritizes ethical principles,
such as transparency, accountability, and employee well-being, is crucial for Al's
successful and responsible integration in construction quality management. Careful
consideration of these ethical factors will help foster trust, acceptance, and the equitable

deployment of Al-driven solutions in the industry (Abioye et al., 2021).

1.14.4f Cost of Al integration

The benefits of Al-driven solutions in the construction industry are indisputable.
Several researchers, including Luca et al. (2022), Abioye et al. (2021), and Sota (2017),
found that the initial investment and ongoing maintenance costs of Al-driven solutions,

such as robotics or CV can be prohibitively high, particularly for small-scale
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subcontractors and firms that comprise a significant portion of the construction
industry. This poses a significant barrier to the widespread adoption of these
technologies. Therefore, Luca et al. (2022) discussed deeper the cost-benefit challenge
of Al adoption and emphasized the need for construction companies to invest in data
collection and processing technologies to utilize Al effectively. They also pointed out
that companies should focus on clear target areas for Al implementation rather than
simply adopting the latest technology trends without a precise cost-benefit analysis.
This suggests that the initial cost of Al and the associated data infrastructure is

challenging for broader Al adoption in the construction industry.

Construction companies will face additional challenges when traditional and manual
construction quality management practices are already in place, which is the case in
JSWP. Integrating Al-driven solutions will require significant changes to existing
processes and workflows, and construction firms may be reluctant to abandon their
established quality management approaches, even if Al offers potential benefits. Cubric
(2020) suggested the use of hybrid solutions combining AI and non-Al systems.
Overcoming this resistance to change and ensuring a smooth transition to Al-enabled

CQM will be a critical challenge that construction companies must address.

This study argues that integrating artificial intelligence in construction quality
management holds significant potential to enhance project outcomes. Nevertheless,
researchers have identified that addressing the challenges associated with Al adoption
is essential to fully realizing its benefits. Investing in training and education,
establishing industry standards, and proactively tackling ethical considerations will be

pivotal to successfully integrating Al-driven solutions in the construction industry.

1.15 Construction Projects outcomes

Various factors, including project management practices, resource availability,
environmental conditions, stakeholder involvement, and organizational culture,
influence construction project outcomes. Most research studies conclude that key
project outcomes in construction are typically evaluated using the Iron Triangle of
Project Management, encompassing cost, schedule, and quality, along with additional

factors such as Scope, safety, customer satisfaction, environmental compliance, and
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legal adherence (Teshome & Gobana, 2018; Leong et al., 2014). These metrics are
broadly recognized as vital indicators of project success, offering a holistic assessment
of a project's performance and alignment with stakeholder expectations and prevailing

industry standards.

1.15.1 Cost

Cost is a fundamental measure of construction project success. Effective cost
management, including accurate budgeting, cost control, and efficient resource
utilization, is crucial for ensuring projects are completed within the allocated budget
(Leong et al., 2014). Previous studies have highlighted the significant impact of cost
overruns on project profitability, client satisfaction, and the overall viability of
construction firms. Also explored the negative impacts of cost overruns on various
aspects of construction projects. Neyestani, B. (2016) concluded on his research that
effective QMS can positively impact time performance and cost control, leading to

better project outcomes.

While high-quality design might initially increase costs, ensuring conformance to
quality standards during construction can lead to long-term cost savings. On the other
hand, poor-quality construction can result in significant long-term problems, including
structural issues, safety hazards, and costly repairs (Tang et al., 2005.). Similarly, robust
quality management practices, like AI-Driven, require upfront investment, but the costs
of rework and remedying defects often exceed these expenses. The study by Ali et. al.
(2010) emphasizes the importance of prevention, appraisal, and failure costs in
improving project outcomes but notes significant barriers, such as poor knowledge and
limited resources, which hinder effective implementation. Additionally, poor quality
can undermine customer satisfaction, damage a company's reputation, and lead to legal
liabilities. Ultimately, the long-term consequences of substandard quality outweigh any
short-term cost savings, emphasizing the critical importance of effective quality

management in construction projects.
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1.15.2 Schedule

Timely project delivery is another crucial measure of construction project success.
Time performance evaluates the project's adherence to its planned Schedule. Delays in
construction projects can lead to significant financial losses, missed business
opportunities, and reputational damage for construction firms. The study by Hwang and
Yang (2014) highlights rework as a major contributor to project delays, with its root
causes often tied to quality-related issues such as design errors, inadequate quality
control, and poor adherence to project specifications. The research underscores the
importance of proactive quality management in minimizing rework, noting that early
identification and resolution of potential quality issues can significantly reduce
disruptions and improve project schedules. By addressing rework at its root, through
robust quality assurance and control practices, construction projects can enhance

efficiency and achieve better outcomes.

Low & Ong (2014) suggest that integrating quality management practices, such as
comprehensive quality planning, quality assurance, and quality control, can help
mitigate schedule delays and improve overall time performance in construction
projects. For JSWP, adopting robust quality management practices would provide a
more structured approach to addressing quality-related inefficiencies. By emphasizing
quality planning and assurance, the program could proactively identify and mitigate
risks that contribute to delays, ultimately improving time performance across its large

and complex infrastructure project.

The survey conducted by Assaf & Al-Hejji (2006) identified numerous factors
contributing to schedule delays in the construction industry in Saudi Arabia, including
poor planning, ineffective subcontractor management, material shortages, adverse
weather conditions, and change orders. Similar issues have been observed in JSWP,
particularly poor planning and delayed design approvals, which exacerbate schedule
delays across the program's dispersed and concurrent projects. Additionally, poor
quality, defects, and reworks further compound these delays, disrupting workflows and

increasing the time required to complete projects.
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The studies discussed highlight rework as a significant contributor to project delays,
often stemming from quality-related issues such as design errors, inadequate quality
control, and poor compliance with project specifications. These findings emphasize the
critical need for proactive quality management practices, as rework not only disrupts
workflows but also escalates costs and prolongs schedules. In the context of JSWP,
rework is particularly impactful given the program’s scale and complexity. Issues such
as delayed design approvals and non-compliance with quality plans exacerbate
schedule delays, creating ripple effects across the program's dispersed and concurrent
projects. Addressing these challenges requires robust quality assurance and control
practices that prevent rework by ensuring adherence to specifications and early

detection of quality issues, ultimately improving time performance.

1.15.3 Quality

Quality is one of the three dimensions of the Iron Triangle and serves as a critical
measure of construction project success. In the context of construction, quality refers
to the conformance of the final product or service to specified requirements, standards,
and client expectations. This definition aligns with the principles of Philip Crosby, who
emphasized that "quality is conformance to requirements." Quality performance is
assessed by evaluating the quality of workmanship, materials, and adherence to
established specifications and standards, ensuring that the constructed facility meets or

exceeds stakeholder expectations (Crosby, 1980).

Poor quality in construction can have far-reaching consequences, including structural
failures, safety hazards, client dissatisfaction, and legal liabilities. The construction
industry has long struggled with quality issues, and research suggests that most quality-
related problems are attributed to the human factor, particularly a need for more
professional ethics and commitment to quality for all stakeholders involved in the
project (Aziz, 2013). To address this challenge, construction firms have increasingly
adopted various quality management frameworks, such as Total Quality Management,
Six Sigma, and Lean Construction, to improve quality assurance and control throughout

the project lifecycle.
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However, the adoption of quality management frameworks has faced significant
challenges in the construction industry. Despite the potential benefits, construction
firms need help effectively implement and sustain these practices throughout the project
lifecycle. Lack of employee buy-in, resistance to change, and the complex, fragmented
nature of construction projects has hindered the widespread adoption and success of
these quality management initiatives (Aichouni et al., 2014) (Srdoc¢ et al., 2005).
Moreover, the construction industry's traditional focus on time and cost, often at the
expense of quality, has contributed to the persistent quality issues faced by the sector

(Jraisat et al., 2016).

In the context of the Jeddah Stormwater Program, the expansion of projects in size and
complexity has led to a noticeable rise in the number of Site Observation Reports
(SORs) and Non-Conformance Reports (NCRs). These reports highlight recurring
issues such as deviations from approved designs, inadequate compliance with quality
standards, material issues, non-adherence to quality plan, and defects arising during
construction. The growing volume of SORs and NCRs underscores the challenges of
maintaining consistent quality control across a program of this scale, further
emphasizing the need for more efficient and proactive quality management practices.
Integrating Al-driven technologies could help reduce such occurrences by automating
compliance checks, enhancing real-time monitoring, and identifying potential quality
issues before they escalate. This would provide a systematic approach to managing

quality in large-scale infrastructure projects like JSWP.

1.15.4 Customer Satisfaction

Customer satisfaction is an essential measure of construction project success, as it
reflects the extent to which the client's expectations and requirements are met. This is
particularly important in the construction industry, where projects are often highly

customized and tailored to the client's needs.

Various factors influence customer satisfaction, including the quality of the final
product, the timeliness of project delivery, and overall responsiveness and
communication throughout the construction process. In the construction industry, client

satisfaction is a multidimensional concept encompassing various aspects, such as

39




project delivery, quality of workmanship, timeliness, responsiveness to issues, and
overall project experience (Alshihre et al., 2020). Achieving high levels of customer
satisfaction is crucial for construction firms, as it can lead to repeat business, positive
word-of-mouth referrals, and improved reputation within the industry. Moreover,
satisfied clients are more likely to be willing to engage in collaborative partnerships
and support future projects, which can be particularly beneficial in the highly

competitive construction market (Ramlee et al., 2016).

Conclusion of Literature

The literature highlights several methods for measuring construction project outcomes,
focusing on traditional metrics and the potential for Al to enhance measurement
accuracy and efficiency (Leong et al.,, 2014). Al-powered technologies offer
transformative opportunities in quality management, such as automating inspections,
predicting quality issues, and improving workflow efficiency. However, existing
quality research often applies Al to isolated aspects of quality management or specific
project outcomes, without addressing its holistic, systematic impact on overall CQM

practices (Dabous et al., 2023).

The literature table (Table 1-1) at the end of this chapter provides a structured review
of key themes in the study. The first section examines the challenges associated with
traditional CQM practices, particularly in large and complex projects, highlighting
recurring issues such as non-compliance with quality standards, defect detection, and
rework management, which are prevalent in infrastructure projects. Numerous case
studies within this section provide valuable insights into these challenges, reinforcing

the widespread nature of these problems across various contexts.

The second section focuses on the intersection of Quality Management and Artificial
Intelligence. This review identifies a notable gap in existing literature, where studies
primarily focus on isolated applications, such as predictive analytics or defect detection,
without exploring AI’s systemic impact on CQM as an integrated framework.
Moreover, there is a lack of case studies examining the practical implementation of Al
in enhancing CQM practices. This gap highlights the need for further investigation into

Al's role in optimizing quality planning, control, assurance, and improvement.
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The third section explores Al applications in construction and project management,
emphasizing its ability to optimize specific outcomes, such as cost or schedule
performance. However, these studies often overlook Al's broader potential to
revolutionize quality management practices holistically. Together, these insights
underline the necessity for a comprehensive investigation into AI’s transformative role
in CQM, which this study aims to address. By focusing on the Jeddah Stormwater
Program as a case study, this research seeks to bridge this gap and offer a novel

contribution to the field.
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Table (1-1) Literature Review Summary Table

No Title

Author

Year

Literature Summary

Researcher Comments and relevance to JSWP

A Literature related to Quality Management and Project / Construction management - Challenges of Traditional CQM Practices

Quality management at
construction projects case study
of stormwater network project
(Case Study - UAE)

A01

Quality Assurance and Quality
Control for Project
Effectiveness in Construction
and Management

A02

Evaluation of Quality during
construction projects
(Case study — Pakistan)

A03

Hamdan

Salvi &
Kerkar

Khan et. al

2024

2020

2019

This paper highlights the implementation of quality
management systems in stormwater network projects. It
emphasizes the importance of strict adherence to QMS
processes during all stages of work to prevent defects, ensure
compliance, and reduce rework. Specific examples of quality
violations and corrective actions are provided from the
conducted case study.

The paper examines the importance of QA and QC in
enhancing project effectiveness within the construction
industry. The study emphasizes that defects or failures in
constructed facilities can lead to increased costs and delays,
making QA/QC crucial for ensuring uniformity and
compliance with specifications. The authors outline the
methods of implementing QA/QC processes, such as
inspections, documentation, and adherence to standards,
highlighting how these measures can improve project quality
and reduce costs over the project lifecycle

In this study, the authors Identifies major challenges in QMS
implementation, including insufficient adherence to standards,
lack of training, and inconsistent enforcement. Cultural &
organizational resistance further hinders adoption.

The paper provides valuable insights into quality management challenges
and corrective measures in a stormwater context, offering parallels to
JSWP's recurring quality issues such as MOS, ITP and shop drawings,
and opportunities for Al-driven solutions.

This paper provides valuable insights into how QA and QC practices
contribute to project outcomes such as cost efficiency, quality
consistency, and stakeholder satisfaction, which are key areas of focus
of the thesis on quality management's impact on construction project
outcomes. The paper also outlined the challenges and benefits of QA/QC
integration, offering context on how these practices might be further
enhanced through Al technologies in complex projects like the Jeddah
Stormwater Program.

Highlights non-compliance with existing CQM practices, similar to
JSWP, emphasizing the need to address foundational issues before
integrating Al into quality management systems.

Framework to Enhance the
Implementation of Quality
Management System in
Construction
(Case Study — Malaysia)

A04

Critical Success Factors in
Infrastructure Projects: A Case
Study of Flood Mitigation
(Case Study — Malaysia)

A05

Othman et. al

Zakaria et al

2018

2017

The study Identifies challenges in implementing QMS in high
rise construction, including limited QA/QC knowledge, poor
worker attitudes, high material waste, and excessive QA/QC
workloads. Proposes a framework emphasizing management
commitment and resource optimization.

In this study, the authors identify critical success factors for
infrastructure  projects  “Stormwater” like  planning,
stakeholder coordination, and adherence to master plans in
flood mitigation projects. Highlights resource allocation and
compliance as barriers.
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The authors Highlight similar challenges with JSWP, such as non-
compliance to quality procedures and inefficiencies in supervision.
Provides a foundational framework to complement Al-driven CQM
solutions for large infrastructure projects.

The study Offers insights into JSWP challenges by emphasizing planning,
compliance, and coordination gaps, which challenge traditional CQM
practices and support the demand for Al integration in CQM.




No Title Author Year Literature Summary Researcher Comments and relevance to JSWP
Quality in construction ) ;r;lrllz ¢ £ ilt)i‘:)rn HIltV}elsjn}%faitelieahfh:aséggirsgggnafi?és tqufisl ltfzal:; The paper found that the major factors affecting quality in construction
A06 management: an exploratory Jraisat et al. 2016 . E11g 5 " 1y's - are human resource management, customer satisfaction, and construction
d on cost and time at the expense of quality, leading to persistent .
study ) related issues.
issues.
This paper evaluated the impact of QMS implementation in Although thg paper investigates Fhe broade.r eff.ects.of QMS’ including
. . customer satisfaction and operational efficiencies, it particularly notes
. : construction projects. It found that QMS can affect customer that QMS least affects the project scope or quality compared to other
Effectiveness of Quality : satisfaction, cost, time, and quality. The findings emphasize factors. This gap suggests t}?at thile Qﬁ/IS fr;]meWZrks (l?ke ISO 9001)
A07 | Management System (QMS) on Neyestani 2016 | that QMS implementation enhances project outcomes by - LIS gap sugg ] . o
Construction Proiects . . . standardize processes, there might be room for enhancing their direct
ons ] systematically improving management processes. Al can | . X D .
. .. . . . impact on quality, which is where Al could play a transformative role and
further improve decision-making by providing data-driven . . P . . .
L e . . can be integrated into QMS to amplify its effectiveness, especially quality
insights, predictive analytics, and real-time feedback loops
management.
Rework often arises from inadequate planning and poor coordination
among stakeholders, compounded by frequent non-compliance with
procedures, delays in Method Statements (MOS), and shop-drawing
Rework and schedule . . . . approvals caused by change orders. The study explores the impact of
) This paper mvesngate_d the_ ef_fect of rewor.ks on projects. It | yowork on both schedule and cost, highlighting its disruptive effects on
performance: A profile of Hwang & was found that rework is a significant factor in schedule delays .
A08 L . 2014 : . . project performance.
incidence, impact, causes and Yang with a high occurrence rate. Root causes of reworks include ) ] . L
solutions design changes and poor design coordination. Integrating Al into quality management systems cquld help minimize
rework and enhance schedule adherence. By automating elements of the
change management process and utilizing predictive analytics, Al could
proactively identify potential schedule or budget overruns related to
rework and mitigate their impact.
The study highlighted varying levels of implementation of
) CQM practices in the construction industry in Jordan. The
The Degree of Using Me.thods study listed the most significant problems that hinder the | The result of the study aligns with JSWP challenges, such as non-
A09 of Quality Management mn the Khatatbeh, 2014 | application of CQM practices such as management | compliance with quality protocols and weak organizational alignment,
Implementation of Construction Ahmed commitment, effective communication between stakeholders, | lack of adequate supervision, stakeholders’ coordination, emphasizing the

Projects in Jordan

lack of staff training and others. The challenges impact on the
ability of construction companies to meet the required quality
ang customer’s needs.
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need for foundational improvements to enable Al integration in CQM.




No Title Author Year Literature Summary Researcher Comments and relevance to JSWP
. _ glllzhsmdylvﬁi}:lgll;lt:nilgnslﬁsctfi:hiug&gse)s Hilnlmgizmesngagi This study emphasizes how foundational gaps in QMS implementation,
An empirical study of quahty ) _ cons trtl}llc tion in d%ls in Ha}ill Region. focusing on insufficient such as poor adherence to quality processes and organizational resistance,
A10 management systems in the Aichouni et 2014 trainine.  lack o;"ry top  man f B r%lm — make the adoption of advanced Al-driven solutions even more
Saudi construction industry al. e . p & . S challenging. This is directly applicable to JSWP, where similar non-
—KSA) organizational resistance. These issues result in widespread . . . . .
(Case Study . h compliance and adherence issues exacerbate the complexity of integrating
non-adherence to QMS strategies, tools, and techniques, Al technologies
particularly in the Hail region. £Ies-
TrhalcsticbeosoEnfT;frllgzesthgozlcceszﬁsmcl)\f,‘e gl.zlclg ?ﬁ:a§§$gﬁ The author emphasizes leadership, stakeholder engagement, continuous
Proi lity M practi o Projects. . improvement, and adherence to standards directly ties into the core areas
roject Quality Management Low.S.P. & identify critical success factors such as leadership £ Ouality Planni litv Control litv A d it
All Critical Success Factors for Y 2014 | commitment,  stakeholder  engagement,  continuous | - Quality Planning, Quality Control, Quality Assurance, and Quality
Buildi IMP Ong, J ) ’ ; ) Improvement. Also, his perspective for examining how structured
uildings ( ) improvement, and adherence to standards. Using case studies, . L . .
. . . . . quality practices impact project outcomes such as cost, schedule, quality,
they illustrate strategies for integrating quality management . ; . . .
.. . . . and customer satisfaction goes well with the aim of the thesis
systems, emphasizing customer satisfaction and risk.
The article highlights that quality management should be
intertwined with all operational and managerial processes . . L ) .
within a construction company. It emphasizes the need for a The ﬁndmgs‘ of this Dapeh hlghhghted the 1rr.1por‘tance of qual%ty
Al2 Study of Quality Management Chin Keng, 2011 strong management commitment to quality, the IR TSIl mn constructhn prg]ects. The author highlighted that qualllty
in Construction projects Hamzah implementation of appropriate quality management practices, managemen'g i, ORI 1 B §tand glone management, which
and addressing the challenges that hinder effective quality support' the importance of CQM practices as it the role of every one on
management in construction projects the project.
Quality Cost in the Explores the awareness and application of Cost of Quality
COH?“}JCthH {ndgstry'f ' (COQ) principles in construction. Highlight challenges such as | The study emphasizes COQ as a tool to address JSWP challenges by
Al3 Preliminary Fl{ldlngs m Ali, et. al. 2010 | poor knowledge, limited resources, focus on short-term profits | reducing costs and inefficiencies. Proposes leveraging Al to optimize
Malaysia over preventive measures. Suggests COQ as performance | COQ processes, enhance resource allocation, and minimize rework.
(Case Study — Malaysia) indicator for continual improvement to ISO9001
. . . . . the paper does not specifically focus on Al, the challenges it outlines—
. Trl:)e. ep(ip e;rl;(i) ?;ﬁisesi?f}f:lé:gafgﬁ?rs ::gsglt:]ng dce(;ZSterE?ig like resource availability, material cost escalation, and effective project
Factors Affecting the projectp P, g Y leadership—can be mitigated through Al technologies. Al can predict
Performance Of Construction . boder mud mord closties lsaihig o izl dieroges, material shortages or optimize resource allocation, enhancing project
Al4 Enshassi etal. | 2009 g P g & proj

Projects In The Gaza Strip
(Case Study — Gaza)

unavailability of resources, escalation of material prices, and
the lack of experienced personnel. These issues highlight the
complex interplay between external economic and political
conditions and internal project management challenges.
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performance. conformance to specifications and quality of equipment and
materials. Al tools can enhance quality assurance processes, ensuring
compliance and improving the overall material management system. This
approach is part of the objectives of this research.




No Title Author Year Literature Summary Researcher Comments and relevance to JSWP
The study’s emphasis on auditing, inspection, and testing aligns with the
Highlights challenges in implementing QMS for the Kuala | JSWP’s identified needs. For example, KLIA’s method of integrating
A Case Study on Quality Lumpur International Airport project (KLIA), including | inspection and testing plans (ITP) into PQPs can be highlighted as a best
AlS Management System in Abdullah et. 2008 integrating PQPs, stakeholder coordination, and compliance | practice that JSWP could adopt, especially when integrated with Al
Construction Project (KLIA) al. with statutory and project-specific standards. Emphasizes the technologies to automate and monitor compliance in real-time.
(Case Study — Malaysia) importance of structured approaches like inspections, testing, | It also mirrors JSWP’s challenges in managing compliance and
and audits. coordination across dispersed projects. Suggests Al as a tool to automate
monitoring and enhance compliance management.
The study investigated the relationships between
) ?;agr?:lze?nn;ial rac tci:l:u;g(’i theullif;rﬂisgucgf{s;rnanccoere qualltl}; These findings can be directly relevant to this research by illustrating the
The Role? of Culture as Driver roviges an pinsi o t"ul exploration po f how or. anizational crucial role of cultural factors in the implementation and effectiveness of
Al of Quality Management and N 1 2 P . £ &P . ore quality management practices in construction projects. The research can
6 f nf aor et al. 008 | culture influences quality management practices and overall " . o
Performance: In rastructure erformance. The studv distineuishes between infrastructure find out how similar dynamics apply within the Jeddah Stormwater
Versus Core Quality Practices P o - SUIShes .. Program and other construction contexts, particularly how Al can be
and core quality management practices and analyzes their | . . .
. . . A . integrated to enhance these interactions and outcomes.
interactions with organizational culture in the context of
manufacturing performance.
The authors examined the challenges and implementation of
Quality Assurance and Control quality assurance & quality control practices in construction. | This study Highlights similar CQM challenges in JSWP, that are also
in the Construction of The study highlights the importance of CQM practices and to | affected by the size and complexity of construction projects, emphasizing
Al17 Infrastructure Services in Khan et al. 2008 | apply it, including lack of clear specifications, limited | the need for Al-driven solutions to improve compliance and efficiency of
Developing Countries stakeholder awareness, and inadequate statistical methods. | CQM practices.
(Case Study — Pakistan) Highlights the potential of computer-aided tools to enhance
QA/QC processes.
The author conducted a survey on time performance of
: different types of construction projects in Sadu Arabia. The | The author identified poor planning, ineffective subcontractor
Causes of delays in large i X . . P .
AlS construction projects Assaf & Al- 2006 | survey aimed to find out the cause of delay in construction. It | management, and material shortages as significant challenges to quality
Hejji found that average of 10% to 30% of deviation from original | management. Al these issues directly related to current challenges we are

(Case study — KSA)

schedule. 70% of projects had overrun, and the major cause
was changing orders.
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facing at JISWP




Literature related to Quality Management and Artificial Intelligence — Al in Enhancing Quality management

No Title Author Year Literature Summary Researcher Comments and relevance to JSWP
This study provides a relevant example of how Al-driven quality
management systems can improve construction project outcomes. It can
A Literature Review of Ryan B Reviews Al applications in asphalt quality assurance, | provide a model for integrating Al into quality management processes in
Artificial Intelligence in Castronuevo highlighting intelligent sensing aggregates, machine learning | large-scale projects. For JSWP, Al could enhance compliance monitoring,
B01 Asphalt Quality Assurance Edwin R. 2024 | for defect detection, and dynamic monitoring systems. These | automate quality checks, and proactively address defects. The study also
(Case Study) Arboleda innovations enhance quality evaluation, decision-making, and | highlights challenges related to data availability and model
material optimization. interpretability, offering insights into potential limitations and
considerations when adopting Al-driven solutions in complex
construction projects.
Editorial: Automation and discusses the increasing trend of automation and Al adoption Thileerponstrated the use of predictive analytics to identify and mitigate
B02 artificial intelligence in Dabous et al 2023 in the construction industry. It highlights the slower pace of quality risks, such as delays and cost overruns. The author emphasizes
construction and management ’ adopting new technologies in construction compared to other the neefi for OIS res_earch o understand the potential of Al and
VST W sectors due to the industry's complexity. autpmgtlgn in adfiressmg construction and management challenges,
which is in light with the focus of the current research
o ) This paper focuses on digital technologies in quality management,
Digital technology for quality . . . including use of AL It provides a clear connection between digital
management in construction: A The research investigated digital- technology that can be used technol d the enh ¢ of quali ¢
B03 . Luo et al. 2022 | ¢ h COM. Results found enh ¢ in detecti echnology apps and the enhancement of quality management processes
review and future research o enhance CQM. Results found enhancement in detecting Tustratine both ‘ biliti d o technol licati
ot concealed works and preventive and post-completed defects Hhustrating both current capabilitics and gaps 1 fechnology appication
directions " | within the scope of construction quality management, highlighting
opportunities, but not relating those benefits to project outcomes.
Failure of Al Proj ects: Westenberger ;};Tu%aiﬂeriﬂf:;?s:iscfiitOerztzzrétr:;blg;nfr:i(;ﬁiloizij thnz{zz;ﬁ:’ Highlight barriers relevant to JSWP, such as resistance to technology, lack
B04 Understanding the Critical ot. al 2021 & . P ons, org . > | of skilled personnel, and data challenges, which must be addressed for
. and technological challenges like poor data quality and model . ..
Factors . . successful Al integration in CQM.
instability.
Drivers, Barriers, and Social ' ' ;hz fgﬁ%rflg;ﬁg;esri;f:;(if;gt:;zléiiiégeﬁzfd;rﬂzzgoiﬁ Highlights the need for addressing skill gaps and organizational barriers
B05 | Considerations for Al Adoption | Maria Cubric | 2020 P g in JSWP, emphasizing the importance of training and alignment for Al

in Business and Management

challenges, such as resistance to change and insufficient
stakeholder alignment.
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integration into CQM practices.




Title

Author

Year

Literature Summary

Researcher Comments and relevance to JSWP

B06

B07

B08

B09

Artificial Intelligence for
Product Quality Inspection
toward Smart Industries:
Quality Control of Vehicle
Non-Conformities

Imaging Quality Control in the
Era of Artificial Intelligence

Integrating Al Technologies in
Quality Management Systems

Models and Methods for
Quality Management based on
Al application

Chouchene et
al

Larson and
Boland

Yang et al.

Srdoc et al.

2020

2019

2019

2005

The paper discusses the integration of Al within smart factory
systems and how it overcomes limitations of manual
inspection, such as operator fatigue and inconsistency, by
using Al-driven automation and cognitive capabilities. and the
use of Al-based vision systems to improve product quality
inspection in smart industries, particularly for the detection of
non-conformities in vehicles. The proposed system leverages
Al, specifically machine vision (MV), to automate defect
detection and minimize human error in inspection tasks

This paper discusses how Al technologies can transform
quality control in medical imaging. The authors outline eight
key elements essential for comprehensive process control in
Al-based imaging systems, emphasize that Al tools alone
cannot guarantee consistent quality without integrating these
essential process control elements.

The paper tried to discover the connection between QMS and
Al tech by exploring how Al enhanced quality tools help in
improving predictive analytics can enhance decision-making
in quality management processes. A conceptual framework of
Al based Information Quality Management System “IQMIS”
framework was developed, to enhance QMS functions.

The paper presents a comprehensive approach to enhancing
quality management through Al-driven techniques by
leveraging Al technologies such as text mining, aspect
sentiment analysis, and decision tree modeling to evaluate and
improve customer satisfaction. The approach emphasizes
using big data to monitor and evaluate service quality
continuously, thus supporting more dynamic and effective
decision-making in quality management.
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The paper shows how Al-driven systems can improve quality inspection
processes by enhancing accuracy, reducing errors, and increasing
productivity—concepts that can be adapted to the construction industry,
particularly for complex infrastructure projects. Automated detection
can ensure quality control aligns with the focus on how Al can enhance
quality management practices and optimize project outcomes. Insights
from this paper can support the exploration of how Al technology can
transform traditional quality assurance and control methods into more
data-driven, efficient systems.

This paper might be on the medical field, but the concepts might apply
on defect detection on construction projects, especially on material
delivery inspection. The idea will need future investigation.

This study is directly applicable to JSWP, as we are trying to understand
the effect of Al-enhanced QMS tools such as predictive analytics to
monitor ongoing projects and anticipate risks.

The paper studied how Al can be leveraged to analyze large volumes of
data and transform customer feedback into actionable insights, thereby
improving overall project quality and customer satisfaction. It may
provide useful frameworks or inspiration for incorporating Al-driven
decision support in JSWP. This could help demonstrate how Al tools
can enhance data-driven decision-making, using big data tech, i.e.
historic data from previous projects.




Sustainability and Construction
Phases Lenses

data can affect construction projects' performance and digitize
and modernize the construction industry, consolidating its
processes and practices toward a more sustainable future.

No Title Author Year Literature Summary Researcher Comments and relevance to JSWP
Artificial intelligence and The paper thoroughly assesses how Al and ML can be
machine learning applications efchtively integrated across various phases of a cor}str}lction The paper did not mentign the use of Al in quality plefnning. dur.ing.the
Co1 in the project lifecycle of the Datta, S D et 2024 | Project's 1.1fe gycle. Also, how A¥ and ML can .revolutloplze the | planning stage of the proj ect.. Also, the lack of focuspd 1nyest1gat10n 1pt0
industry: A comprehensive al construction industry by enhancing productivity, reducing cost | how Al can enhance quality management practices in construction
review overruns, improving site safety, and optimizing project | provides a unique angle for the study.
management efficiency.
Al tools can improve the accuracy of forecasting, perform repetitive tasks,
Artiistal T Femes an I Reddy The paper investigated how Al can be integrated into PM ' and enhance decision-making through predictive analytics and data-
Co2 Impacts on Proiect Management Nagireddy, 2023 | practices, concluding that Al can improve project planning, = driven insight. But it did not address the explicit connection between Al
P ) & Sindhu resource allocation, risk management, and decision-making. technologies and their direct impacts on quality management in
construction projects.
Iﬁtgﬁgﬁgjniti?}g;g?g;llctlﬁé o This paper focuses on the impact of Al on PMBOK's area of | Tphe jmplications of Al in cost, risk, and schedule management could
C03 | Project Schedule, Cost and Risk Fridgeirsson 2023 knowledge, co.st, risk, and §chedule. The resea'rch shows that indirectly influence quality management by improving overall project
Management Knowledge Areas etal. Al has potential benefits in these areas, particularly where | control and precision, which are essential for maintaining quality
Presented in PMBOK® historical data and repeated tasks are involved standards. Showing a gap in studying how to integrate Al into CQM
This study examined Al's contributions to handling challenges | This paper provides a broad overview of Al's application in the industry.
Investigating Al Applications in Seyman- in the construction industry, such as cost overruns, delay, risk, | There is considerable potential for transformative impacts through Al in
C04 Construction Industry: A Giiray. T 2023 rework, and safety issues. The construction industry's project monitoring’ and enhanced decision-making’ but does not focus
Systematic Review Y, characteristic resistance to new technologies is noted as it is | deeply on quality management practices, emphasizing the gap in direct
among the least digitized sectors. studies linking Al with CQM in construction projects.
. . The paper investigated the effect of AI technology on The study suggests a growing trend .towards integrating Al more
Mapping Two Decades of Al in . . e s . comprehensively across all construction phases and deeper into
. ) improving sustainability, productivity, and efficiency. Al L . . . .
Construction Research: A technolog: h hine learnine. deen | . qbi sustainability practices. It provides broad understanding of how Al is
CO05 | Scientometric Analysis from the | Regina et al. 2023 CCANOIOBICS SUCh as MAChINe fearning, Ceep iearning, anc big applied in the industry but does not focus on quality management, and

encourages ongoing innovation and research to overcome existing
barriers to Al adoption in construction
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No Title Author

Year

Literature Summary

Researcher Comments and relevance to JSWP

A Comprehensive Literature
Review of Research Trends of
Applying Al to Construction
Project Management

Merdzanovié¢

L et al.

Adoption of Artificial
Intelligence for Optimum
Productivity in the Construction
Industry

Cco07 Victor

An investigation into the Impact
of Artificial Intelligence on the
Future of Project Management

Alshaikhi &

C Khayyat

Roles of artificial intelligence in
construction engineering and
management: A critical review
and future trends. Automation
in Construction

Co09 Pan & Zhang

Artificial intelligence in the
construction industry: A review
of present status, opportunities
and future challenges

C10 Abioye et al.

2023

2022

2021

2021

2021

This research investigated how Al affects construction project
management, including planning, scheduling, monitoring,
execution, and controlling. It emphasizes how AI can
automate routine tasks, improve decision-making through data
analytics, and optimize project outcomes by enhancing
efficiency and accuracy.

This study focused on bridging the gap between Al and its
advantages in the construction industry by reviewing several
case studies. It also explores how Al and people should interact
and the degree of human trust in Al technology.

This paper discussed the effect of using Al in PM; it highlights
several Al tools and applications that could support project
managers by automating tasks and providing analytical
insights, thus improving the overall management of projects.
However, it was found that Al can automate tasks but cannot
replace human minutes or decrease the need for human
resources.

The study notes a shift in focus from traditional expert systems
to more advanced technologies like BIM, smart robotics, cloud
VR/AR, IoT, digital twins, 4D printing, and blockchain
technologies. The study found Al can benefit the construction
industry in terms of automation, risk mitigation, high
efficiency, digitalization, and computer vision. Challenges in
adoption include data quality issues, integration complexities,
and investment in new technologies.

The study explored AI applications in CE, identifying
opportunities and challenges for adoption. It explored the
benefits of using several AI technologies, such as CV,
robotics, NLP, ML, etc. The paper offers a critical review of
existing Al applications across various construction activities,
highlighting how Al is being used to tackle complex problems
& enhance efficiency in construction management.
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This paper provides a foundational understanding of Al's impact on
construction project management but does not delve deeply into quality
management practices. While it covers Al's role in enhancing project
efficiency and decision-making, the direct effects on quality management
are not specifically addressed, which presents a gap.

The paper emphasizes Al's role in automating processes, improving
efficiency, and aligning with lean principles, which prioritize reducing
waste and increasing value. A significant part of the study discusses the
level of trust between humans and Al systems as a critical factor for
successful Al integration.

The paper provides insights into how Al could be leveraged to automate
and optimize project management tasks, which could extend to quality
management practices in construction. The paper acknowledges several
challenges in implementing Al in project management that require
attention in future research, such as data availability, integration
difficulties, high costs, and the potential impact on employment due to
automation.

This paper directly addresses the broad applications of Al in construction
but does not focus specifically on quality management. It explored Al-
powered technologies to automate inspections and improve decision-
making in quality control workflows. It can provides a solid foundation
for understanding how Al technologies are currently used and how they
can potentially transform the industry. This research will focus
specifically on how Al can improve quality management practices within
construction projects

Al technology uses predictive analytics, such as forecasting project delays
or optimizing resource allocation and automated construction processes,
enhancing precision and safety on sites. it outlines the potential and
challenges of Al in construction, which can be directly relevant to this
research focus on enhancing quality management through Al. However,
the paper does not explore the impact on quality management practices.




No Title Author Year Literature Summary Researcher Comments and relevance to JSWP
The paper offers insights into Al's practical applications and barriers in
Impact of Artificial Intelligence In this practical study the author develops a framework for construction, providing a comparative foundation for exploring Al
on the South African applying Al in construction management across the project integration within JSWP. Highlights specific lifecycle areas that could
c11 Construction Project Makaula et al. | 2021 | lifecycle. It highlights how Al can support planning, design, benefit from Al adoption which aligns with the focus of the research
Management Industry execution, and material sourcing while addressing labor Juran quality tribology. However, it doesn’t specifically focus on quality
(Case Study) productivity and risk management. It also identifies potential | management practices, which provides an opportunity for this research
barriers, such as high costs and job security concerns. to delve deeper into this aspect, particularly how Al can be integrated to
enhance quality management in construction projects.
Artificial Intelligence for This wgrk HRLLES H auto.mated artiﬁciql Vi_sion System In this paper the author proposed an Intelligent Quality Management
Product Quality Inspection le\_/erggmg Al to detect Vehlcle.d.efects, ahgn_lng Wl-th the Informgtirc))n System (IQK/III;) for real time%nonitorintyand 0 ft;imi ation
c12 toward Smart Industries: Chouchene et 2020 principles gf Industry 4.0. Addlt}ona}lly, a brief review of Al- of qualit rocyesses in the car manufa;cturin indust g This : ro:lch
Quality Control of Vehicle al. bgsed quality c.ontrol methods highlights the challques of caI? be 113151p htful for developing a framewori of AI-rci]r.iven C(glri/l
Non-Conformities Visual Inspection (VI) and demonstrates Al's effectiveness, . g ping
particularly in vehicle manufacturing industries. practices for JISWP.
. o The study aimed to investigate the impact of Al on the . .. . L. C
?ﬁiﬁg:gg:gffﬁg%ﬁﬁ?;1;1; quality of decision-makiqg in yarious types of organizations. 3}}? I;Zp(if p;’_‘(’)ldsei? tcerltﬁ;?l a:allyl::eSNoz 67:15%“% rzsiarcél, hli(%)?:l{é};tltlz)g
C13 Decision-Making in Various El-Emary et 2020 The re.sul.ts showed a positive 1mpact despite the : Maclslhines ‘;ntli lga esiar(l: Nflz(tlvliosrkls to enllimce Zzzisrioi;-n?:lgn accflrarc
Organizations: A Critical al. organization's structure. It also discussed popular techniques d offi > S yh h b dqi . dg vz y
: and algorithms of artificial intelligence. and efficiency. Such an approach can be used in assessing and analyzing
Survey Study the data for the case study.
This paper investigated the use of intelligent construction The paper provides evidence of how Al and related technologies can be
Research on the Application of sites (information tech) to manage construction sites more utilized to minimize quality and safety issues, and the use of BIM
C14  Intelligent Construction Site in Zhang, M 2020 | efficiently, focusing on quality and safety problems by technology to predict potential problems and improve communication

Construction Site Management

integrating information technologies like BIM, IoT, and
cloud computing in construction management.
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among construction site personnel. However, the paper didn’t link the
positive impact of Al on safety and quality on project outcomes.




CHAPTER TWO
REVIEW OF LITERATURE

2.1 Overview

Construction Quality Management has emerged as a vital and indispensable factor in
determining the success and overall performance of construction projects. CQM is a
critical component that significantly contributes to achieving project goals, meeting
clients' requirements, and satisfying their expectations. It encompasses a range of
processes and procedures that ensure construction projects are delivered to the specified
standards and quality levels, ultimately leading to enhanced customer satisfaction and
the organization's ability to differentiate itself from competitors in the highly
competitive construction industry. As Zhang et al. (2014) explained, organizations are
often driven to implement quality management systems either by a rational motivation,
seeking to improve internal performance and project outcomes, or by a social
motivation, aiming to conform to external expectations and gain legitimacy.
Understanding these underlying drivers is essential for evaluating the effectiveness of

CQM practices in achieving tangible project success.

Mega construction projects, including infrastructures, have widely acknowledged CQM
as a crucial factor in enhancing project outcomes. However, the successful
implementation of quality management in construction projects is not without its
challenges. Understanding the relationship between Construction Quality Management
and various project outcomes is crucial (Bittharia, 2021). While construction quality
management practices such as quality assurance and control have been shown to
significantly contribute to project success, their application can also present unique
challenges that require careful navigation, especially in the absence of proper quality
planning. This chapter will explore the complexities of effectively applying quality
management principles within the construction industry and examine how these
practices can influence key project performance metrics, including budget, schedule,

quality, and customer satisfaction (Teshome & Gobana, 2018).
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Understanding the challenges of implementing CQM practices in construction and
infrastructure projects, and how these practices impact project outcomes, lays the
foundation for incorporating emerging technologies like artificial intelligence to
optimize and enhance quality management effectiveness in the construction industry
(Hamdan, 2024). Al tools and techniques, such as automating quality processes,
identifying and predicting quality issues, can help address the complexities of
implementing effective CQM practices. Al-driven solutions can automate and
streamline quality control, enable real-time monitoring and data analysis, and provide
predictive insights to proactively mitigate quality-related issues. By leveraging Al,
construction firms can improve the efficiency and effectiveness of their quality
management practices, leading to better project outcomes in terms of cost, schedule,

quality, and customer satisfaction (Regona et al., 2023).

The recent advancements in Al and digital technologies have already started to
transform CQM practices. According to Luo et al. (2022) these emerging technologies
can improve defect detection, compliance monitoring, and quality control efficiency.
In their study, Al-driven solutions such as Building Information Modeling (BIM),
Augmented Reality (AR), Internet of Things (IoT) and Computer Vision (CV) have
been integrated into the quality management framework. The results were enhanced
pre-construction defect prevention, reducing rework and ensuring adherence to quality
standards. By leveraging Al in CQM, projects can minimize human errors, accelerate
quality inspections, and enhance customer satisfaction, making it a critical tool that can
leverage large-scale infrastructure projects to tackle the challenges associated with the

complexities of these projects, where traditional CQM practices cannot fully address.

2.2 Theoretical Foundations of Construction Quality Management

It 1s crucial to understand the theoretical foundations and principles of construction
quality for developing a comprehensive approach to quality management in
construction. CQM is rooted in the theoretical principles and frameworks established
by quality management pioneers such as W. Edwards Deming, Joseph Juran, Crosby,
and Armand Feigenbaum. Deming’s philosophy emphasizes process control, statistical
quality management, and the Plan-Do-Check-Act (PDCA) cycle, which has become a
fundamental aspect of international quality standards like ISO 9001 (Neyestani, 2016).
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Juran’s Quality Trilogy, quality planning, control, and improvement, has been
instrumental in structuring quality processes in construction projects, ensuring that
project outcomes align with client expectations and regulatory standards (Juran &
Joseph, 2012). Meanwhile, Crosby’s “Zero Defects” concept underscores the
importance of a defect-prevention mindset, reducing rework and improving cost
efficiency in large-scale projects (Crosby, 1980). These foundational concepts provide
a strong theoretical basis for understanding the key elements and best practices of
quality management, which have been adapted and applied to the unique context of the

construction industry.

The research conducted by Neyestani, B. (2016) highlighted the effectiveness of QMS,
particularly ISO 9001, in enhancing project performance across the construction
industry. The study conducted in Metro Manila found that implementing robust QMS,
that is adhering to strong theoretical background such as ISO 9001, had the most
significant impact on customer satisfaction, followed by cost and time efficiency, with
low impact on project scope. The result of this study aligns with the importance of the
foundational theories of CQM, where there is a need for strong proactive planning,
continuous improvement, and systematic quality control contribute to better project

outcomes, especially in large scale projects.

Building on Neyestani’s findings, recent empirical studies conducted in Saudi Arabia
further reinforce the critical role of QMS in the construction sector. For example,
Aichouni et al. (2014) examined the readiness and implementation of QMS among
contractors in the Hail region and found that while awareness of ISO 9001 and TQM
existed, the actual application of quality tools and practices was limited. The study
highlighted that only 44% of surveyed companies had a formal ISO 9001 system, and
less than half employed a quality manager, indicating a fragmented quality culture.
Similarly, Abdul Hakim and Mat Naim (2006) emphasized that although many
construction organizations pursue ISO 9000 certification, misunderstanding of Project
Quality Plans (PQP) and a compliance-focused mindset often undermine the full
realization of customer satisfaction and project performance. These findings suggest
that despite the global recognition of ISO-based QMS frameworks, effective
implementation in the Saudi construction context requires stronger organizational

commitment, better training, and integrated project-level quality planning.
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Recognizing the inherent complexities and challenges faced by construction projects,
the integration of well-established quality management theories, such as those of
Deming, Juran, and Crosby, provide a solid framework for effectively implementing
CQM practices and addressing the specific quality-related issues that arise in the
construction domain. As evidenced by empirical studies within the Saudi construction
industry, however, the successful application of these principles requires not only
technical knowledge but also organizational commitment, capacity building, and
context-sensitive adaptation. By grounding CQM in well-established quality
management theories, construction firms can develop a more robust and systematic
approach to enhance quality performance, reduce rework, and consistently meet client
and stakeholder expectations, thereby ensuring the successful delivery of construction
projects that meet or exceed the specified standards, requirements, and customer

expectations.

2.3 Quality Management Frameworks
2.3.1 The ISO 9000 series
The ISO 9000 series is a set of internationally recognized standards developed by the
International Organization for Standardization (ISO) to establish QMS across
industries, including construction. The most widely implemented standard in this series
1s ISO 9001, which provides a framework for organizations to ensure consistent quality,
process efficiency, and customer satisfaction. These standards emphasize a process-
driven approach to quality management, focusing on continuous improvement, risk-
based thinking, and compliance with regulatory requirements. In construction projects,
ISO 9001 certification is often required by clients and regulatory bodies to demonstrate
an organization’s commitment to quality assurance and compliance with industry best
practices (Neyestani, 2016). ISO 9001 (2015) standard outlines seven key quality
management principles that are critical in the construction industry:

1. Customer Focus: Meeting & exceeding client expectations in project execution.

2. Leadership: Ensuring quality objectives align with the organization’s vision.

3. Engagement of People: Empowering employees at all levels to contribute towards

quality implementation.
4. Process Approach: Managing construction activities through well-defined

processes and procedures.
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5. Continuous Improvement: Continually enhancing construction practices and
methodologies.

6. Evidence-Based Decision Making: Using data and audits to drive quality
improvements.

7. Relationship Management: Strengthening collaboration with suppliers,

subcontractors, and stakeholders.

Implementing ISO 9001 in construction projects requires several important steps,
including establishing a documented quality management system, conducting internal
and external audits, implementing corrective actions, and continuously monitoring
performance metrics. Many construction firms adopt ISO 9001-certified quality
systems to streamline document control, material inspections, and compliance
procedures, thereby reducing rework costs, project delays, and contract disputes. For
large-scale infrastructure projects, such as stormwater networks or highway
construction, ISO 9001 provides a standardized framework for managing quality across

multiple contractors, subcontractors, and suppliers, ensuring consistency and reliability.

A case study conducted by Hamdan, M. (2024) on the construction of a 22-kilometer
stormwater network in the UAE highlights the importance of strict quality assurance
procedures in achieving project success. The study found that rigorous material testing,
site inspections, and adherence to documented quality protocols were essential in
preventing defects and ensuring compliance with client expectations. Supported by
another by Khalfan et al. (2020) while investigating ISO 9001 certified construction
industry and found that TQM practices, such as leadership involvement, employee
training, supplier integration, and process control, serve as key drivers of operational
performance. Their research underlined that projects with a strong quality culture and
continuous improvement mechanisms are more likely to experience smooth transitions
from execution to maintenance, minimizing rework and cost overruns. Together, these
findings underscore how structured quality management systems, grounded in TQM

principles, enhance the durability and efficiency of large-scale infrastructure projects.

Another study on Malaysian construction projects conducted by Mukhtar et. al. (2010)
revealed that ISO 9001-certified contractors experienced fewer non-conformance

reports (NCRs), lower material wastage, and reduced rework costs, leading to better
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project performance and financial savings. The research emphasized that one of the
core aspects of ISO 9001 is its focus on performance measurement and continuous
improvement, which is particularly relevant for large-scale infrastructure projects. The
quality cost approach, which includes prevention, appraisal, and failure costs, was
identified as a crucial tool for assessing and improving construction quality
performance. However, the study also noted that knowledge gaps among project teams
often limit the full potential of ISO 9001, highlighting the need for better training and

awareness programs to enhance its effectiveness.

Implementing ISO 9001 Quality Management and ISO 14001 Environmental
Management have significantly contributed to the operational success of DB
Construction, leading to a 34% annual growth. According to BSI (2011), the integration
of these management systems helped the company enhance process efficiency, improve
client satisfaction, and strengthen compliance with regulatory requirements. Adopting
structured quality management practices by DB Construction helped the company to
reduce inefficiencies, streamline documentation, and improve overall project
performance, demonstrating the value of internationally recognized quality standards

in the construction industry.

These examples reinforce how ISO 9001-based QMS frameworks enhance efficiency,
reduce costly rework, improve stakeholders’ satisfaction and contribute to the overall
durability of infrastructure projects. In large-scale infrastructure projects like JSWP,
ISO 9001 is critical, as it involves multiple stakeholders, complex materials supply
chains, and stringent regulations and client needs, requiring a structured quality
management system to ensure compliance, minimize defects, and improve efficiency.
Contractors are required to fully adopt ISO 9001 and align their QMS with JSWP's
standards, as it plays a vital role in ensuring quality consistency and enhancing project
efficiency. Integrating JSWP's quality requirements into a comprehensive Quality
Manul, contractors can standardize their Inspection and Test Plans and Method
Statements, fostering proactive defect prevention, better stakeholder coordination, and

smoother project execution.
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However, contractors often implement QMS either to align with strategic project goals
or to meet regulatory, industry, or project requirements. Zhang et al. (2014)
distinguished between the rational perspective, where quality systems are strategically
adopted to improve performance, and the social perspective, where they view ISO 9001
as a bureaucratic formality, focusing on passing audits rather than improving quality
on-site, which is the case for some contractors in JSWP. In such cases, Quality Manuals
are generic, developed only for certification or approval purposes, leading to

inconsistent quality control, task delays, and frequent revisions.

Another study from Jordan’s construction industry revealed that many ISO-certified
firms had employees unaware of the standard’s actual significance, reflecting poor
implementation and weak integration into daily activities. This reactive approach
results in higher defect rates, increased rework costs, and misalignment with quality
objectives, ultimately delaying project progress and increasing contractual disputes
(Hiyassat, 2000). Such disparities in ISO 9001 adoption are evident within JSWP,
which highlights that the true value of a QMS lies in its meaningful implementation,

not just its certification.

2.3.2 Total Quality Management (TQM)

TQM is a comprehensive quality approach that focuses on continuous improvement,
customer satisfaction, and proactive defect prevention throughout a project’s lifecycle.
In the construction industry, TQM principles help ensure that quality is embedded at
every stage, from planning, design to execution and project handover. Which is not like
the traditional quality control methods, that focus on defect detection after occurrence.
TQM emphasizes preventive strategies, such as process optimization, employee

engagement, and data-driven decision-making.

Several major construction firms have successfully implemented TQM to enhance
project outcomes. For example, Bechtel Corporation, a globally recognized engineering
and construction company, adopted TQM methodologies and Six Sigma principles to
improve processes, reduce construction defects, and minimize the cost of defects and
rework. By integrating structured quality control procedures into daily site operations,

Bechtel’s quality improvement initiatives resulted in $200 million in savings, following
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an initial investment of $30 million in a defect prevention and process optimization
program (Oguz et al, 2012). This case highlights how TQM-driven quality
management strategies can lead to significant cost reductions and improved project

efficiency in large-scale construction projects.

In Saudi Arabia, the implementation of TQM is increasingly recognized as a key
strategy for enhancing project performance and competitiveness in the construction
sector. While global frameworks such as ISO 9001 have provided structured
foundations for quality systems, their real impact lies in how effectively TQM
principles are embedded within project execution. A study by Mazher, Gharleghi, and
Fah (2015) investigated four key TQM dimensions, quality management, quality
control, quality assurance, and quality inspection, within Saudi construction firms,
finding that the first three had a statistically significant positive impact on project
quality. Notably, quality management showed the strongest correlation, emphasizing
the importance of strategic planning, leadership commitment, and systematic process
management. These findings complement those of other studies in the region, which
suggest that employee engagement, continuous improvement, and integrated quality

frameworks are essential to achieving project success.

For large-scale infrastructure programs like JSWP, these insights affirm that TQM and
ISO 9001 must go beyond documentation and compliance to become a fully embedded
organizational culture, throughout the project’s lifecycles, enabling better coordination,
reduced defects, and enhanced client satisfaction. The implementation of TQM in large-
scale infrastructure projects in Saudi Arabia, such as the Riyadh Metro, has faced
challenges. While TQM provided strict quality planning, assurance, and continuous
monitoring that can minimize construction errors in some cases, there have also been
reports of quality-related issues and major delays. Contractors may have struggled to
fully integrate TQM principles into their daily operations, leading to inconsistent
quality control and a disconnect between the intended benefits and the actual project

outcomes (Abazid, 2017).

While TQM is widely recognized for its benefits in construction, it is not formally
implemented in JSWP, as ISO 9001 is followed as its quality management framework.

However, the core principles of TQM, continuous improvement, defect prevention, and
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process optimization, are inherently embedded within ISO 9001 requirements.
Contractors working under JSWP are expected to apply ISO 9001-driven quality
management processes, such as structured ITP, MOS, and Material Inspection Requests
to maintain compliance and ensure consistency across all projects. The effectiveness of
ISO 9001 still depends on how well contractors integrate quality practices into their

daily operations rather than treating compliance as a procedural obligation.

To summarize, the construction industry's adoption of structured quality management
systems, such as ISO 9001 and TQM, has demonstrated significant benefits in
enhancing project outcomes, reducing defects, and improving overall efficiency. These
frameworks provide a systematic approach to managing quality across the project
lifecycle and have been widely embraced in both global and regional contexts. Within
the Jeddah Stormwater Program, ISO 9001 serves as the primary quality framework,
offering a standardized structure for quality manuals, ITPs, and MOS, but the
meaningful implementation of its principles is crucial for realizing its full potential in

improving construction quality, cost, and performance.

2.4 The Quality Gurus

2.4.1 Juran’s Quality Trilogy in Construction

Juran's Quality Trilogy, developed by the pioneer quality management expert Dr.
Joseph Juran, is a foundational framework in the field of quality management. This
model consists of three interrelated processes: Quality Planning, Quality Control, and
Quality Improvement. It emphasizes a proactive approach to quality management,
ensuring that defects and inefficiencies are minimized through structured planning,

continuous monitoring, and data-driven improvement (Juran & Joseph, 2012).

In the context of construction projects, Juran's Quality Trilogy can serve as a
comprehensive quality management strategy. Juran’s principles are widely applied to
enhance project execution, cost efficiency, and long-term infrastructure reliability.
By integrating these three quality management processes, construction firms can
systematically plan for quality, actively control and monitor quality-related activities,
and continuously improve their quality management practices. This comprehensive

approach helps construction organizations achieve their desired project outcomes, meet
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or exceed customer expectations, and deliver high-quality infrastructure that stands the

test of time.

Juran's Quality Trilogy has been recognized for its effectiveness in reducing waste,
minimizing rework, and improving overall project performance in construction. Some
argue that its rigid framework may not always be well-suited for the dynamic, complex,
and changing nature of construction projects. The one-fit approach of the Quality
Trilogy may fail to accommodate the unique challenges and constraints faced at each
project, leading to suboptimal implementation and limited impact on project outcomes.
Moreover, the extensive planning and documentation required can be seen as
bureaucratic, unnecessary and time-consuming, as seen on JSWP contractors,
potentially hindering the agility and responsiveness needed to adapt to changing project

conditions.

Although JSWP primarily adopts the ISO 9001 quality management framework as a
contractual requirement, the core elements of Juran's Quality Trilogy are inherently
aligned with the structured approach of ISO 9001. Contractors working under JSWP
must engage in comprehensive quality planning through detailed manuals, quality
control via Inspection and Test Plans and rigorous inspections, and quality
improvement through continuous audits and corrective actions. Effective integration of
these complementary principles through ISO 9001, JSWP contractors can foster a
proactive quality management mindset, and rather than merely reactive compliance
when ISO is only a formality that needs to be done. This approach can help reduce

defects, optimize processes, and ultimately improve overall project outcomes.

2.4.2 Deming’s PDCA Cycle in Construction

Deming’s Plan-Do-Check-Act (PDCA) Cycle is a widely used continuous
improvement model that emphasizes an iterative approach to quality management.
Initially developed by Dr. W. Edwards Deming, the PDCA cycle ensures that quality
is managed proactively rather than reactively, making it particularly valuable in
construction projects where deviations from standards can lead to significant cost
overruns, delays, safety risks, and reduced customer satisfaction. The cycle consists of

four key stages as shown in Figure (02) below.
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Act

Implement
corrective actions
and improvements
based on findings.

Check

Inspect work,
conduct audits,
and assess
performance

Plan

Identify objectives,
set Quality

benchmarks, and

develop strategies

Do

Implement quality
plan, execute
tasks, and collect
data

against the plan

Figure 02: Deming Cycle PDCA
Source: Adapted form Deming (1986)

In Construction, the PDCA cycle is widely applied in construction to ensure proactive
quality management, prevent defects, and drive continuous improvement. In the Cross-
rail Project (London’s Elizabeth Line), the Plan phase was used extensively to define
quality benchmarks, conduct risk assessments, and develop quality control strategies,
preventing material failures and structural weaknesses before construction began
(Project and Program Management, 2023). Check phase played a crucial role in the
Hong Kong-Zhuhai-Macao Bridge project, where frequent inspections and real-time
monitoring were used to detect early signs of structural stress and ensure compliance
with engineering standards, reducing post-construction defects (Zhu et al., 2018). The
act phase was used in the Riyadh Metro project, where lessons from early construction
phases led to better material selection, workflow efficiency, and safety improvements,
minimizing rework and enhancing overall project quality (Abazid, 2017).
These examples demonstrate how the PDCA cycle systematically integrates planning,
monitoring, and corrective actions to improve project outcomes, reduce defects, and

optimize construction processes.
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The author sees the PDCA cycle as an important model in large infrastructure projects
as it creates a continuous feedback loop that enables consultants and contractors to
identify and address quality issues at every stage of the project lifecycle. Within the
Jeddah Stormwater Program, the application of Deming's PDCA cycle is evident in the
structured quality management system required by the ISO 9001 framework, this model
can help in integrating lessons learned from finished projects into new projects,
especially during the planning stage, to incorporate lessons learned into the packages

before reaching the bidding stage.

2.43 Crosby’s "Zero Defects" Philosophy in Construction

Philip Crosby’s "Zero Defects" philosophy is a quality management approach that
emphasizes doing things right the first time (DRIFT) to eliminate defects, reduce
rework, and enhance project efficiency. Unlike traditional quality models that focus on
detecting and correcting errors after they occur, Crosby’s methodology promotes a
preventive mindset, as quality is built into processes rather than inspected at execution
stage (Crosby, 1980). This principle is relevant in large-scale construction projects,
where issues in materials, workmanship, or execution can lead to significant cost

overruns, delays, and safety issues.

2.4.4 Application in Construction

Crosby's "Zero Defects" philosophy has been successfully applied in various high-
profile infrastructure projects, presenting its effectiveness in enhancing quality control
and reducing rework. The implementation of strict quality planning, supplier
compliance audits, and defect-prevention strategies has helped minimize construction
errors and material defects, ensuring that the work meets stringent regulatory and safety
standards (Salvi & Kerkar, 2020). This approach, which focuses on doing things right
the first time, has been instrumental in improving the long-term performance of

construction projects by eliminating material inconsistencies and structural defects.

While the ISO 9001 framework is the primary quality management system in JSWP,
Crosby’s principles are already embedded in the program’s quality approach.
Contractors are required to establish comprehensive Quality Manuals, ITPs, and MOSs

to ensure quality is controlled at every stage of construction. The contractors who
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adhere to JSWP’s quality standards, implement supplier audits, inspections, and defect-
prevention strategies, are aligning with Crosby’s "Zero Defects" philosophy. However,
when no planning is in place, Crosby's zero-defect approach may not be effective,
which highlights the importance of integrating both the PDCA cycle and Crosby's
principles into the quality management system to drive continuous improvement and
eliminate defects throughout the construction lifecycle (Hwang & Yang, 2014)
(Alinizzi et al., 2020).

2.4.5 Conclusion and Proposed Solution

Construction Quality Management is a crucial aspect of large infrastructure projects, as
it directly impacts project outcomes in terms of cost, schedule, quality, and customer
satisfaction. The PDCA cycle and Crosby's "Zero Defects" philosophy provide
effective frameworks for implementing a proactive and preventive quality management
approach in the construction projects. Integrating these principles into the construction
process can help construction project teams to identify and address quality issues,
minimize defects. This will drive continuous improvement and enhance the overall

performance leading to success of the project.

2.5 The Pyramid of Quality

The author developed the pyramid of quality integration to illustrate the evolution of
quality thought and its structured application within the construction industry. Figure
(03) illustrates the layered integration of quality management thinking into construction
practices, showing how foundational theories have evolved into structured systems that
drive modern project outcomes. At its foundation are the contributions of quality
pioneers, Deming, Juran, and Crosby, who introduced key principles such as continuous
improvement, process focus, and defect prevention. These theoretical contributions
informed the rise of TQM in the 1980s, emphasizing organizational culture, leadership,
and system-wide quality responsibility. Subsequently, the development of the ISO 9001
standard translated these principles into a formalized quality management framework,

emphasizing process control, documentation, and continuous auditing.
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Within the construction sector, these standards were further operationalized through
Construction Quality Management (CQM) practices, including Quality Management
Systems, Inspection and Test Plans, Non-Conformance, and on-site inspections. At the
top of the pyramid lie the intended results of these layered practices: project outcomes

in terms of cost, time, quality, and customer satisfaction.

Project Outcomes
(Cost, Time, Quality, Customer
Satisfaction

CQM in Construction
(QMS, ITPs, MOS, Inspections, NCRs)
1990s- Present

ISO 9001 Framework
(Standardization, Documentation, Audits)
1987- Present

TQM Principles
(culture, Leadership, Continous Improvement)
1980s

Quality Gurus
(Deming, Juran, Crosby)
1950s - 1970s

Figure 03: Pyramid of Quality Integration into Construction
Source: Developed by the Author

2.5.1 How ISO 9001 Acts as Integrative Framework

Elements of the discussed quality management theories and models are inherently
implemented within JSWP as the program officially adheres to ISO 9001 as its primary
quality management system, its implementation naturally integrates fundamental
principles from the quality theories. Figure (04) illustrates how the foundational
principles and concepts introduced by quality pioneers shaped the development of
structured frameworks like TQM and ISO 9001, forming the theoretical backbone of

modern quality systems.

From Deming, ISO 9001 inherits the PDCA cycle, process orientation, and emphasis
on continuous improvement. While Juran quality trilogy incorporates a structured
approach to quality planning, control and improvements, Crosby, reflects the

preventive approach over proactive inspections. ISO formalizes TQM’s broader
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concepts of customer satisfaction, employee & management involvement, and system-
wide quality responsibility into documented procedures, measurable objectives, and

audit processes.

- J

Figure 04: Contributions Of Quality Gurus to Modern Management Frameworks
Source: Developed by the Author

Building on the previous discussion of Figure (04), the overlapping principles of
Deming, Juran, and Crosby highlight a shared foundation that underpins modern quality
management systems. The Venn diagram on Figure (05) below shows how Both
Deming and Juran advocate for continuous improvement, while Crosby and Deming
stress defect prevention over post-inspection correction. Juran and Crosby align on the
need for structured planning and clear accountability in quality implementation. These
overlapping principles not only reinforce the theoretical consistency behind modern
frameworks like ISO 9001 and TQM but also justify their integration into Construction
Quality Management (CQM) systems used in complex infrastructure projects such as
the Jeddah Stormwater Program (JSWP). The interaction of All three emphasizes
customer satisfaction, measurable performance, and organizational commitment to

quality which are the core values of modern quality management frameworks
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Figure 05: Overlapping Principles of Deming, Juran and Crosby
Source: Developed by the Author

2.5.2 Proposed Solution

The success of JISWP’s quality efforts ultimately depends on how contractors and
stakeholders apply these principles in practice through a combined framework.
Therefore, quality management in JSWP is not defined by a single theory but rather by
a hybrid approach that combines the best practices from various models, tailored to the
program’s specific needs and challenges. In this sense, ISO 9001 functions as a key
player that bridges theory and practice, offering a structured pathway for implementing
CQM across diverse construction environments, including complex multi-stakeholder

programs like JSWP.

With the increased size and complexity of projects challenges persist. The lack of top
management commitment, inadequate training, and the implementation of ISO 9001
requirements as a bureaucratic obligation often results in a weak and inconsistent
implementation of the quality management system. To address these challenges,
construction companies involved in JSWP, and similar large-scale infrastructure
programs should prioritize executive-level engagement in quality planning and
monitoring. At the operational or execution level, quality initiatives for site engineers,

supervisors, and quality personnel are essential to bridge the gap between policy and
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execution. In addition, the integration of digital quality management tools, such as
automated submittal workflows, mobile inspection platforms, and real-time
dashboards, can help standardize compliance processes and improve transparency

across contractors and subcontractors.

Furthermore, the adoption of Al technology in CQM presents a transformative
opportunity to help overcoming challenges of existing QMS, and to move from reactive
to predictive quality management. Al-powered tools, including computer vision for
defect detection, machine learning algorithms for quality risk prediction, and natural
language processing for document review—can significantly reduce inspection time,
identify patterns in non-conformances, and enhance decision-making accuracy.
Embedding Al into quality workflows can help construction companies optimize
inspection and testing practices and align quality performance with broader project and
company objectives. These intelligent systems, when combined with human oversight
and leadership commitment, offer a strong strategy for enhancing CQM practices and
ensuring that quality becomes a measurable, data-informed driver of project success in

JSWP and beyond.

2.6 Construction Quality Management (CQM)

Construction Quality Management is a comprehensive approach incorporating a wide
range of practices and processes designed to ensure delivery of construction projects.
The goal is to meet or exceed the specified standards, requirements, and customer
expectations by implementing various quality control and assurance measures
throughout the project lifecycle. The aim is to optimize project outcomes and enhance

customer satisfaction.

Quality in construction is about adherence to appropriately established standards and
specifications. It’s a management approach to ensure the construction process is
completed within the specified quality requirements, on time, within budget, safely, and
meeting customer expectations. CQM involves systematically organizing and
coordinating various processes, including planning, implementing, and monitoring

quality-related activities to achieve the desired outcomes. (Teshome & Gobana, 2018).
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According to the influential quality management scholars Juran and Godfrey, CQM
involves the comprehensive coordination and integration of all quality assurance and
quality control activities throughout the entire project lifecycle. Juran and Godfrey
(Juran & Joseph, 2012) emphasize that CQM is not merely about inspections and
checklists, but rather a proactive, end-to-end management system that aligns all quality-
related processes and procedures to ensure the successful delivery of the construction
project. Adopting this quality management approach is essential for achieving the

project's objectives and meeting the specified requirements and standards.

The author highlights that effective CQM requires a strategic, systematic, and
collaborative approach from all key project stakeholders, including owners, contractors,
subcontractors, and designers, to work towards achieving the desired project outcomes.
This comprehensive and integrated approach is crucial for ensuring that quality-related
activities and processes are aligned with the overall project objectives and coordinated
throughout the project lifecycle. By actively engaging all stakeholders and fostering a
shared commitment to quality, CQM can optimize project performance in terms of cost,
schedule, quality, and customer satisfaction. On the other hand, if construction firms do
not adopt this comprehensive approach, it can lead to significant challenges and

suboptimal project outcomes, as the following examples listed by Low & Ong (2014):

Increased project costs due to the need for rework, waste, and inefficiencies

Delays in project schedules from quality-related issues and errors

Compromised quality of the final product or infrastructure

Reduced project life cycle and sustainability of the project

Dissatisfied customers and a damaged reputation for the construction firm

Therefore, the effective implementation of a robust CQM system is essential for
construction firms to achieve their desired project outcomes and meet the expectations
of their clients and stakeholders. To achieve that, the industry must address the key
challenges associated with CQM implementation and explore innovative solutions to

optimize its effectiveness, such as integrating emerging technologies and Al.
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2.6.1 Construction Quality Management Dimensions

Establishing and implementing an effective Construction Quality Management system
necessitates a comprehensive understanding of the key components and fundamental
principles that underpin successful construction quality management practices.
Building into Juran’s Trilogy Construction Quality Management will be divided into
four critical dimensions that ensure project success: Quality Planning, Quality Control,
Quality Assurance, and Quality Improvement. Each of these dimensions plays a vital
role in maintaining compliance with standards, minimizing defects, improving
efficiency, and enhancing project outcomes (cost, schedule, quality, and customer
satisfaction). In large infrastructure projects, these dimensions contribute to the
effectiveness of the quality management system, ensuring that construction activities

adhere to regulatory, contractual, and performance requirements.

2.6.1a Quality Planning

Quality Planning is the core of Construction Quality Management, it serves as a
proactive strategy by defining quality objectives, standards, and procedures before
construction begins. It helps in establishing all project requirements, including
materials, workmanship, safety, and compliance with regulations, in advance. Effective
Quality Planning helps to prevent defects, minimize rework, and align project execution
with stakeholder expectations, ultimately contributing to cost efficiency, schedule

adherence, and improved overall project outcomes (Juran & Joseph, 2012).

One component of Quality Planning is establishing clear quality objectives based on
contract specifications, engineering standards, and regulatory codes, such as the Saudi
Building Code and ISO 9001 guidelines. These objectives define the minimum
acceptable standards for construction activities, to ensure that materials, processes, and
workmanship meet the predefined requirements. For example, in metro rail projects,
strict adherence to track alignment, concrete strength, and vibration resistance is a core

quality objective to maintain long-term structural integrity.

Another component of Quality Planning is identifying potential risks and developing
mitigation strategies. This includes conducting risk assessments to detect quality
failures, material inconsistencies, and execution errors before they escalate. For

instance, during the Palm Jumeirah project in Dubai, early identification of soil
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settlement risks led to the use of enhanced compaction techniques and real-time

monitoring, ensuring the stability of the artificial islands (Higgins, 2013).

Another vital part of Quality Planning is developing ITPs and MOSs to ensure that
construction activities are executed correctly as per requirements. These documents
outline inspection frequency, acceptance criteria, and corrective measures, serving as
essential tools for maintaining compliance with quality standards. A good example is
the Hong Kong-Zhuhai-Macao Bridge project, where rigorous concrete durability and
steel reinforcement testing protocols were implemented, preventing premature material
degradation (Zhu et al., 2018). Additionally, proper documentation and compliance
management are integral to Quality Planning. Maintaining traceable records of quality
inspections, material certifications, and work approvals is crucial for regulatory

compliance, particularly in ISO 9001-certified projects.

2.6.1b Quality Control

Quality Control (QC) in construction is the systematic process of monitoring,
inspecting, and verifying construction activities to ensure compliance with project
specifications, regulatory requirements, and contractual obligations. Unlike Quality
Planning, which focuses on pre-construction strategies, Quality Control is done during
construction to detect defects, deviations, and non-conformities in real-time. Effective
QC practices minimize rework, reduce project delays, and enhance overall structural
integrity, ultimately improving project outcomes in terms of cost, schedule, quality, and

customer satisfaction.

A fundamental aspect of Quality Control is conducting regular inspections and material
testing to verify compliance with project specifications. This includes pre-construction
material testing, in-process quality checks, and final inspections before project
handover. For example, in the Hong Kong-Zhuhai-Macao Bridge project, engineers
implemented real-time structural health monitoring and material testing to prevent
premature degradation and ensure durability (Zhu et al., 2018). On the other hand,
during the construction of the Riyadh Metro, comprehensive NDT protocols were
applied to detect cracks, defects, and voids in concrete and steel structures, enabling

timely corrective measures (Abazid, 2017).
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Another key component of Quality Control is the use of ITPs and NCRs to document
inspection procedures, acceptance criteria, and corrective actions for defects. ITPs
ensure that all critical construction activities, such as reinforcement, waterproofing, and
placement of concrete, undergo systematic quality verification before proceeding to the
next stage. When non-conformities arise, NCRs help track deviations, analyze root
causes, and implement corrective actions, ensuring that defects are addressed efficiently

to prevent costly rework.

However, as highlighted in the stormwater network project case study (Hamdan, 2024),
the lack of strict adherence to quality control measures such as ITPs and NCRs led to
delayed defect identification and inefficient corrective actions. While QMS was in
place, its inconsistent enforcement among contractors resulted in quality violations,
increased rework, and project delays. The absence of proactive quality control
procedures meant that defects in material storage, trench excavation, and reinforcement
installation were often detected too late, causing costly rework and timeline disruptions.
This case emphasizes the critical role of early intervention and strict quality monitoring
in ensuring compliance with project specifications and minimizing inefficiencies

(Hamdan, 2024).

Quality Control also includes the implementation of statistical process control
techniques to monitor and improve the processes. Analyzing data from material testing,
inspection results, and other quality metrics, can help construction firms to identify
opportunities for process improvement, adjust procedures, and ensure consistent quality
across multiple project sites. This process can be even enhanced using artificial
intelligence technologies, which can help construction firms automate data analysis,

predict quality issues, and optimize QC workflows.

In conclusion, Quality Control is an essential dimension of CQM that ensures
compliance with project specifications, reduces defects, and enhances overall project
reliability. In JSWP and other large-scale infrastructure projects, well-structured
inspection and testing procedures, combined with effective defect management
strategies, contribute to cost reduction, schedule efficiency, and long-term performance

of constructed assets. However, the effectiveness of Quality Control depends on how
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consistently contractors implement and adhere to these processes, reinforcing the need

for strict compliance with ISO 9001 and project-specific quality requirements.

2.6.1c Quality Assurance

Quality Assurance (QA) in construction is a proactive approach that focuses on
preventing quality issues before they occur, in contrast to the reactive nature of Quality
Control. QA is a preventive, process-oriented approach that ensures quality is built into
every phase of the project lifecycle. Unlike QC, which focuses on detecting and
correcting defects, QA emphasizes establishing standardized procedures, best practices,
and compliance frameworks to prevent defects from occurring in the first place. QA
ensures that contractors adhere to project specifications, industry regulations, and
contractual requirements, ultimately improving cost efficiency, schedule adherence,

and long-term durability (Juran & Joseph, 2012).

A fundamental aspect of Quality Assurance is the establishment of a Quality
Management System (QMS) that provides a framework for managing quality on the
project. This includes developing Quality Manuals that document quality policies,
procedures, and responsibilities to ensure that all stakeholders—contractors,
consultants, and suppliers—follow consistent quality standards. Another key element
of QA is the implementation of regular audits, management and compliance reviews to
verify adherence to established quality procedures. These audits help identify gaps in

quality processes, areas for improvement, and necessary corrective actions.

Quality Assurance (QA) includes the prequalification of suppliers and subcontractors
to ensure that only high-quality materials and certified vendors are used in the projects.
The process includes strict supplier evaluation and approval procedures, where all
materials must be procured from approved sources as per tender documents, any
changes in suppliers must be closely monitored. Patel et al. (2021) found that before
implementing ISO 17020, poor supplier selection and inadequate material storage led
to quality inconsistencies and defects.

However, with a structured quality assurance framework, projects saw significant
improvements in material handling, supplier compliance, and adherence to quality

standards. This proactive approach reduces the risk of structural defects, enhances
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construction durability, and ensures that materials meet regulatory and project-specific

requirements.

Quality Assurance is a preventive approach that establishes systematic procedures and
quality frameworks to maintain high construction standards throughout a project. In
JSWP, the project management office consultant (PMO) plays an important role in
ensuring consistency, supplier accountability, and minimizes defects and rework.
Quality Control, led by the Supervision Consultant, focuses on identifying and
correcting defects, QA ensures that quality failures are avoided from the start. However,
the effectiveness of QA depends on how well contractors implement and adhere to these
processes, and their strict compliance with ISO 9001 standards and project-specific

quality requirements.

2.6.1d Quality Improvement

Quality Improvement (QI) in construction goes beyond the traditional approaches of
Quality Control and Quality Assurance. QI in construction is a continuous process of
analyzing project performance, identifying areas for enhancement, and implementing
corrective actions to achieve higher efficiency, reduced defects, and better overall
project outcomes. Unlike QA, which establishes preventive processes, and QC, which
detects and corrects defects, Quality Improvement focuses on learning from past
experiences and refining construction practices over time. By systematically improving
quality standards, construction firms can minimize inefficiencies, lower rework costs,

and optimize long-term project sustainability.

A key component of Quality Improvement is the use of lessons learned and post-project
evaluations to refine construction practices. Many successful infrastructure projects,
such as the London Cross rail project, implemented structured post-construction
reviews to identify quality issues, assess material durability, and optimize design
practices for future phases. By analyzing previous project deficiencies, construction
firms can implement corrective actions and prevent recurring defects (Project and

Program Management, 2023).
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Another key component of Quality Improvement is the use of data analytics and
performance measurement. Construction companies can leverage data from project
management systems, quality control processes, and customer feedback to identify
patterns, detect root causes of quality issues, and develop improvement strategies. For
example, by analyzing inspection reports and defect logs, firms can pinpoint the most
common types of quality failures, assess their impact on project outcomes, and
implement corrective training, process changes, or technological solutions to address

these recurrent problems (Abdullah et al., 2005).

Furthermore, Quality Improvement also emphasizes the importance of fostering a
strong quality culture within construction organizations. Combined with training skill
development programs, and continuous learning, this promotes a proactive mindset
among project teams, empowering them to identify and address quality problems as
they emerge. Well-trained workers and engineers are more likely to follow the best

practices, identify quality risks early, and contribute to continuous process optimization

(Naor et al., 2008).

Quality Improvement is a long-term approach that aims to refine construction
processes, enhance defect prevention strategies, and adopt advanced quality techniques.
In the JSWP project, this area requires major attention from all stakeholders. Lessons
learned, technological advancements, and workforce training initiatives can play a
crucial role in continuously improving project quality. Quality Assurance and Quality
Control focus on maintaining predefined standards, Quality Improvement ensures that
standards developed based on real-world project experiences. The effectiveness of
Quality Improvement depends on an organization's commitment to innovation,

proactive problem-solving, and adaptability to changing construction challenges.
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2.7 Construction Quality Management, Project Outcomes, and Al

Quality management in construction is a critical aspect that can significantly impact
project outcomes. The effectiveness of CQM is directly linked to the success of
construction projects, which is commonly measured through four key project outcomes:
cost, schedule, quality, and customer satisfaction. These project outcomes define the
overall efficiency, performance, and success of a construction project. Also, it
determines whether it meets its intended objectives and stakeholder requirements.
Effective CQM practices can contribute to optimizing these key project outcomes,
leading to better financial performance, timely project delivery, high-quality

construction, and enhanced customer satisfaction (Neyestani, 2016).

2.7.1 Cost

The financial aspects of project execution, including budgeting, controlling and
minimizing cost overruns, and optimizing the efficiency of resource utilization to
ensure the project is delivered within the planned budget constraints. Effective
Construction Quality Management practices can contribute to cost savings by reducing
waste, rework, and material defects, as well as improving productivity and resource

allocation.

2.7.2 Schedule (Time)

The timely completion of construction activities according to milestones, deadlines, and
schedule requirements is a critical outcome of construction quality management. It is
critical to ensure that projects are delivered on time, meeting stakeholder expectations,
maintaining cash flow, and avoiding penalties or reputational damage (Sota, 2017).
Effective quality management practices, such as thorough planning, resource
allocation, and progress monitoring, can contribute to the successful and timely delivery

of construction projects

2.7.3  Quality

The degree to which the construction project meets or exceeds the specified design
requirements, regulatory standards, and durability expectations for the built
infrastructure. This encompasses compliance with design drawings, construction codes
and guidelines, as well as the long-term performance and reliability of the completed

facility. Effective CQM practices aim to ensure the final product achieves desired level
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of quality, functionality, and service life in accordance with stakeholder requirements

while exceeding their expectation (Teshome & Gobana, 2018).

2.7.4 Customer Satisfaction

The perception and level of fulfillment experienced by stakeholders, including clients,
end-users, and regulatory bodies, the project's overall performance, functionality, and
compliance with their expectations and requirements (Neyestani, 2016). This includes
factors such as the final product meeting requirements, achieving the desired function
and technical quality, and satisfying the needs and preferences of the end-users. Having
effective CQM practices can contribute to enhancing customer satisfaction by ensuring

the constructed facility aligns with requirements and delivers the expected value.

Incorporating these key project outcome measures can support construction
organizations evaluating the impact of their CQM practices and make informed
decisions to optimize project success. The following sections analyze the impact of
CQM on each of these project outcomes, demonstrating how effective quality

management practices contribute to improved project performance.

2.7.5 Impact of CQM on Project Cost

CQM plays a pivotal role in controlling and optimizing project costs. Proper planning,
implementation, and control of quality management processes can lead to significant
cost savings throughout the project lifecycle. Project costs in construction are affected
by multiple factors, including material selection, labor efficiency, rework, delays, and
contract variations. Poor quality management often leads to defective work, non-
conformities, and cost overruns due to rework and wasted materials. Effective CQM
practices, such as detailed Quality Planning, proactive Quality Control, and continuous

Quality Improvement, help minimize financial risks and optimize resource utilization.

Based on the study "Effectiveness of Quality Management System on Construction
Projects" by Neyestani (2016), a real-world example highlighting the impact of QMS
implementation on construction project performance is construction projects in Metro
Manila, Philippines. The study found that strict quality management practices,
including inspections, material testing, and supplier prequalification, significantly

improved project outcomes. The data indicated that contractors who adhered to
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ISO 9001-based QMS experienced fewer defects, reduced rework, and lower project
costs, reinforcing the necessity of a structured quality framework in construction

projects (Neyestani, 2016).

Implementing strong CQM practices, such as clear quality objectives, rigorous
planning, and strict quality assurance, aligns with Crosby’s Zero Defects philosophy,
which emphasizes preventing defects rather than fixing them. This approach is crucial
for JSWP, thorough material testing for stormwater pipes and structural inspections for
pumping stations can reduce costly rework and delays. Contractors who adhere to ISO
9001-based quality procedures experience fewer budget deviations, while those with
poor quality management face financial penalties, increased labor costs, and extended
timelines. A Zero Defects mindset ensures efficient project execution, cost control, and

long-term infrastructure reliability.

2.7.6 Impact of CQM on Project Schedule

Schedule adherence is a critical factor in project success, as delays can lead to increased
costs, contract disputes, and reputational damage. Poor quality management often
results in non-conformities, defects, and rework, affecting the project timeline. Quality
issues, such as design defects, substandard workmanship, and material non-
conformities, can lead to significant project delays, rework, and extended construction
timelines. The Big Dig project in Boston is a notable example of how poor-quality
planning and material failures can lead to significant project delays and cost overruns.
Initially estimated at $2.8 billion with a completion date set for 1998, the project
ultimately cost around $22 billion and was completed eight years later than planned.
Issues such as substandard materials and inadequate sealing of tunnels contributed to

these setbacks (RICS, 2023).

In JSWP, contractors following structured ITPs and well-defined Quality Assurance
procedures experience smoother project execution with fewer unexpected delays.
Proactive quality monitoring and timely resolution of issues ensure that construction
activities are completed as per the planned schedule, with minimizing the rework and
enhancing overall project efficiency. When quality issues, such as defected materials,

are identified early through systematic inspections and audits, corrective actions can be
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promptly implemented before the material is used, to avoid significant schedule

disruptions.

2.7.7 Impact of CQM on Project Quality

CQM is the primary driver for ensuring the desired level of quality in construction
projects. Its goal is to ensure that construction projects meet predefined quality
standards, durability requirements, and compliance with engineering codes. Effective
CQM practices, including quality planning, assurance, and control, are crucial for
achieving and upholding the necessary quality standards throughout the project
lifecycle. These practices can also mitigate the detrimental effects of poor-quality
management, which may result in structural failures, safety risks, and long-term

performance problems.

The study by Aichouni et al. (2014) on construction projects in Saudi Arabia found that
the implementation of a robust quality management system, with a focus on quality
control, had a significant positive impact on the overall quality of construction projects.
The authors highlighted that the strict adherence to quality control measures, such as
regular inspections, material testing, and monitoring of construction processes, led to a
reduction in defects, improved workmanship, and enhanced customer satisfaction.
Similarly, a case study on a stormwater network project in the UAE conducted by
Hamdan (2024) emphasized the critical role of implementing CQM practices to meet

required standards and customer needs.

These studies align with the needs of JSWP, as quality can be achieved through strict
compliance with QMS, especially ISO 9001 standards. The implementation of CQM
practices, such as compliance with industry standards, product certifications, and
regular third-party inspections, helps ensure the quality and durability of critical
infrastructure components, such as water pipes, precast manholes, and marine outfalls.
Contractors that prioritize quality management ensure that their structures withstand
environmental conditions, minimize maintenance costs, and function efficiently for

decades, and as a result contributing positively to sustainability.
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2.7.8 Impact of CQM on Customer Satisfaction

Customer satisfaction in construction is not limited to end-users and project owners but
also includes regulatory bodies, local authorities, and environmental agencies. Effective
CQM is a crucial factor in enhancing customer satisfaction in construction projects. A
well-executed project that adheres to quality standards and meets deadlines, within

budget, contributes to higher stakeholder confidence and client satisfaction.

Expo 2020 demonstrates that effective CQM is not just about building infrastructure
but also ensuring that quality management enhances user satisfaction, safety, and
sustainability. The clear planning, strict assurance measures, and continuous
improvement strategies used in Expo 2020 reflect CQM principles, proving that well-
managed construction quality leads to higher customer satisfaction. A survey conducted
revealed that 95% of visitors to the Terra Pavilion pledged to adopt sustainable
practices, demonstrating the impact of high-quality infrastructure and engaging
experiences on public behavior. Additionally, the event’s stringent health and safety
protocols, including the “Dubai Assured” certification, ensured a safe experience for
over 24 million visitors, further reinforcing how proactive quality management fosters

trust, enhances user experience, and stakeholder expectations.

In the context of JSWP, the implementation of robust CQM practices—including
regular site inspections, material testing, and quality audits—has played a crucial role
in ensuring that infrastructure projects meet the expectations of local authorities,
environmental agencies, and the public. However, quality issues and rework can
contribute to project delays, leading to prolonged road closures and disruptions to daily
life for citizens. Since the local community is a key stakeholder in JSWP, extended
construction timelines can result in traffic congestion, accessibility challenges, and
public dissatisfaction. While effective quality management practices aim to minimize
such disruptions, unforeseen defects or inefficiencies may still delay project completion
and impact residents. Therefore, contractors must carefully balance rigorous quality
control with efficient project execution to mitigate inconveniences and uphold public

confidence in large-scale infrastructure improvements.
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2.7.9 Al as an enhancer of CQM

Advancements in digital technologies, particularly Artificial Intelligence (Al), are
transforming traditional construction management practices. In the realm of CQM,
Al has emerged not as a substitute, but as a powerful enhancer that fortifies each core
quality function. By integrating predictive analytics, real-time data processing, and
intelligent automation into established quality systems, Al enables construction teams
to shift from reactive issue handling to proactive quality assurance. This transformation
is especially crucial in large-scale infrastructure projects, where complexity and
fragmentation often challenge traditional quality control mechanisms. Table (2-1)
below provides a summary of how Al technologies can enhance the four primary
dimensions of CQM, by enhancing accuracy, efficacy, and decision-making

capabilities across each function.

Table 2-1: Al Technology enhancement for current CQM practices

CQM Dimension Current traditional Practice Al enhancement

. . Manual plans, Historical risk-based  Predictive analysis, BIM integrated modeling, Al
Quality Planning

planning integrated management software

. . Computer vision, drone inspection, sensors,
Manual checklists, visual

Quality Control ) ) Image recognition supported inspection
inspections, manual spreadsheets

applications

. C g . . Real time dashboards, anomaly detection,
Quality Assurance Periodic audits, site walkthroughs Y

predictive analysis, triggers warnings

Quality . Al prediction and patterns recognition, root cause
Post-completion lessons learned

Improvement analysis supported by Al

Al serves as a strategic enabler within CQM, enhancing the effectiveness of quality
planning, control, assurance, and improvement practices. While traditional CQM
frameworks rely heavily on manual inspections, scheduled audits, and document-driven
processes, Al introduces capabilities such as real-time monitoring, predictive analytics,
and intelligent automation. These technologies allow for proactive issue identification,
faster decision-making, and continuous learning from project data. Rather than
replacing established quality systems like ISO 9001 or TQM, AI enhances their
implementation, making CQM more responsive, accurate, and integrated especially in

large-scale infrastructure projects JSWP.
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Figure (06) is the updated Pyramid of quality, shows the integrated relationship between
CQM practices, Al technologies, and project outcomes. Each core function of CQM,
planning, control, assurance, and improvement, is enhanced by Al applications such as
predictive analytics, real-time monitoring, and automated defect detection. The figure
also showing how the Al enhanced CQM practices is predicted to improve the project
outcomes, reflecting the hypothesis discussed in chapter 1. AI’s role is visualized not
as an isolated tool but as a catalyst that strengthens the entire quality management
ecosystem, enabling better performance across large-scale infrastructure projects like
the Jeddah Stormwater Program (JSWP). Thus, working as a continuous enabler
improving each layer — from planning and assurance to inspection and project

outcomes, which is another representation of how the integrated theories of the quality

gurus shaped ISO 9001 and TQM.

Project Outcomes
(Cost, Time, Quality, Customer
Satisfaction)

Predictive

Al Tech. as Enhancer Real time

Data driven

CQM in Construction
(QMS, ITPs, MOS, Inspections, NCRs)
1990s- Present

ISO 9001 Framework
(Standardization, Documentation, Audits)
1987- Present

TQM Principles
(culture, Leadership, Continous Improvement)
1980s

Quality Gurus
(Deming, Juran, Crosby)
1950s - 1970s

Figure 06: The Pyramid of Quality with integrated Al technology as an enhancer
Source: Prepared by the author
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2.8 Research Gaps

The literature review has highlighted the significant impact of Construction Quality
Management on the various aspects of project performance, including cost, schedule,
quality, and customer satisfaction. Although the existing body of research provides
valuable insights into the importance of CQM, the effectiveness of CQM systems
becomes insufficient as the scale and complexity of projects increase. There is a need
to further explore the potential of emerging technologies, such as Artificial Intelligence,

to enhance the effectiveness of CQM practices and improve overall project outcomes.

Also, the reviewed literature suggests that Al-powered technologies, such as automated
inspections, predictive analytics, and workflow optimization, can significantly improve
the efficiency and accuracy of quality management processes. Furthermore, Al-enabled
real-time monitoring and decision support systems can empower project teams to
identify and mitigate quality issues proactively, reducing the risk of rework, delays, and
cost overruns. However, those research often focuses on isolated applications of Al in
quality management, without addressing its holistic, systematic impact on overall CQM

practices and project performance.

Furthermore, extensive research has been conducted on CQM and its impact on project
outcomes. Several gaps remain, particularly in the context of large-scale infrastructure

projects like JSWP and the adoption of advanced quality management technologies.

Figure 07: Gap in Literature — The Moderating Role of Al on the Relationship Between CQM practices
and Project Outcomes.
Source: Prepared by the author
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The key research gaps identified from literature include as illustrated on Figure (07):

e Limited Studies on CQM in Large-Scale Infrastructure Projects in Saudi Arabia:
While the existing literature provides a general understanding of CQM and its
implications, there is a lack of research specifically focused on the challenges and
best practices of implementing CQM in large-scale infrastructure projects within
the Saudi Arabian context. Existing studies on CQM focused on residential,
commercial, or small-scale construction projects, with limited research specifically
addressing the challenges and best practices of CQM in large-scale infrastructure
projects, particularly in the Saudi Arabian context. There is a lack of empirical data
on how ISO 9001-based QMS frameworks perform in programs like JSWP and

their effectiveness in mitigating quality risks, cost overruns, and schedule delays.

e The Need for a Deeper Understanding of CQM’s Direct Impact on Project
Outcomes: While studies confirm that quality management improves project
performance, there is limited quantitative research on the degree of impact each
dimension of CQM on cost, schedule, quality, and customer satisfaction. However,
as the complexity and scale of projects increase, such as in JSWP, more in-depth
analysis is needed to understand the relative importance and interrelationships

between various CQM practices and their direct impact on project outcomes.

e Challenges in Implementing ISO 9001 in Multi-Contractor Infrastructure Projects:
The literature highlights the challenges faced by construction firms in effectively
implementing ISO 9001-based quality management systems, particularly in large,
complex projects with multiple contractors and subcontractors. The lack of a
unified, collaborative approach to quality management across the supply chain

often leads to inefficiencies, inconsistencies, and quality issues.

e Further research is needed to identify best practices and strategies for implementing
robust CQM frameworks in multi-stakeholder infrastructure projects, especially in
the context of the Saudi Arabian construction industry. Although project
requirements at JSWP strictly adopt ISO 9001, more investigation is needed to
evaluate how ISO 9001 compliance is interpreted and applied differently by
contractors and whether it is truly integrated into their daily quality processes or

treated as a procedural requirement.
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e The Role of Emerging Technologies in Enhancing CQM Practices: The existing
literature often emphasizes the general advantages of Al in construction, such as
its impact on a specific project outcome or its application to specific quality
management issues. Studies acknowledge the potential of individual technologies
like Al, BIM, and IoT to address specific quality management issues such as
inspections, defect detection, and workflow optimization. There is a lack of
empirical research on the systematic integration and holistic impact of these
technologies on overall CQM effectiveness and project performance. This research
aims to provide a more comprehensive understanding of how emerging
technologies can enhance the implementation and impact of quality management

systems in large-scale infrastructure projects.

Recent exploratory research on the adoption of Artificial Intelligence in the Saudi
construction industry provides valuable empirical support for the gaps identified in this
literature review. In a targeted survey of 60 construction industry professionals, Ujaimi
et al. (2024) confirmed several key barriers to Al implementation, including technical
limitations, high costs, lack of skilled personnel, regulatory ambiguity, and resistance
to change. These challenges reflect the limited digital readiness of many construction
firms and expose the operational and organizational weaknesses in current CQM
systems. The findings suggest that existing quality practices are often not strong enough
to support or integrate advanced technologies, particularly in large-scale infrastructure

projects involving multiple stakeholders, like those under JSWP.

This study thus functions as a pilot investigation, confirming not only the presence of
barriers to Al adoption but also the underlying deficiencies in the implementation of
systematic quality practices. By identifying these real-world challenges, such as the
absence of standardized digital platforms, insufficient training on quality tools, and
fragmented quality data, the research underscores the urgency of rethinking how CQM
can be enhanced through technological integration. These insights validate the need for
deeper academic inquiry into the moderating role of Al in strengthening CQM practices

and improving project outcomes.

84




To address the identified gaps, a multi-layered approach is suggested to improve the
implementation of CQM in large-scale infrastructure projects. First, management-level
engagement should be enhanced by incorporating quality objectives into strategic plans
and performance evaluations. Second, training programs and workshops should be
established to increase quality awareness and capability among project teams,
particularly in ISO 9001 application and CQM tools such as ITPs and NCRs. Third,
project owners should encourage the use of integrated digital platforms for real-time
quality tracking, documentation, and inter-contractor coordination. This includes
adopting Al-enabled tools for predictive defect detection, automated submittal reviews,
and workflow optimization, which can improve the effectiveness and responsiveness

of CQM practices across complex, multi-stakeholder environments like JSWP.

Despite growing interest in the application of Al in construction, existing research has
yet to fully explore its role as a moderator between CQM practices and project
outcomes. This opens an important research opportunity: understanding how Al
integration into Quality Planning, Control, Assurance, and Improvement can elevate
the efficiency and impact of CQM. This study aims to address this gap by examining
the moderating effect of Al technologies on the relationship between CQM and project
outcomes within the context of the Jeddah Stormwater Program. The next chapter will
build on these findings by introducing a conceptual framework and research
methodology designed to evaluate the interaction between Al technologies and quality

management systems in the context of JSWP.

2.9 Conclusion of the Literature Review

This chapter has provided an extensive review of CQM and its impact on key project
outcomes, focusing on Quality Planning, Quality Control, Quality Assurance, and
Quality Improvement as the four core dimensions of CQM. The literature has
demonstrated that effective quality management strategies lead to reduced cost
overruns, fewer schedule delays, improved project durability, and higher stakeholder
satisfaction. On the other hand, the literature highlighted several key barriers to the
successful implementation of quality management in the construction industry,

including issues with inconsistent application of quality practices, the inherent
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complexity and variability of construction work, and broader challenges within the

industry itself.

The analysis also revealed that while CQM principles are well-established, their
implementation varies significantly depending on contractor commitment,
technological integration, and project-specific challenges. In the JSWP, ISO 9001-
based quality management systems provide a structured approach to ensuring defect-
free execution, but the effectiveness of these systems depends on how well contractors

integrate them into their daily operations.

Despite the well-documented benefits of CQM in construction, several research gaps
remain, particularly regarding its impact on infrastructure projects in Saudi Arabia, its
role in reducing project risks, and the integration of advanced digital quality
management tools. Addressing these gaps through empirical research will help refine
the best practices, improve policy recommendations, and enhance the long-term

effectiveness of quality management in large-scale infrastructure projects.

This literature review establishes the foundation for the next phase of the research,
which will focus on analyzing how CQM dimensions influence project outcomes in
JSWP and exploring ways to optimize quality management practices for improved

performance.
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CHAPTER THREE
RESEARCH METHODOLOGY

3.1 Overview

This chapter will outline and explain the research methodology employed in the study
to provide a clear understanding of the framework used. The research seeks to examine
the relationship between Construction Quality Management practices and project
outcomes, and how it is negatively affected by the complexity and scale of large
infrastructure projects. Additionally, the study will investigate the moderating role of
Al in enhancing the effectiveness of CQM practices to amplify the positive influence
of CQM practices to overcome the effect of size and complexity of projects, and project

outcomes.

Using a convergent mixed method case study approach as explained by Creswell &
Plano Clark (2017), the study will use both qualitative and quantitative data, collected
in parallel. The collection method for the primary data (quantitative) involves a
structured questionnaire that the researcher developed to align it with the context of the
case study. The secondary data (Qualitative) includes historical documentation
including records and related logs—and Minutes of Meetings (MOM) from both
completed and ongoing JSWP projects, which provide valuable qualitative insight and

real-world context to the analysis.

Finally, to ensure the validity and reliability of the instrument and findings, statistical
techniques using SPSS will be employed for descriptive testing, and SmartPLS to
analyze the relationship between the variables, especially the moderating one. This
combined methodological strategy enables triangulation of findings and offers a
perspective on how Al integration can strengthen quality management practices in

infrastructure development
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3.2 Research Design

At the foundation of this research lies a clear articulation of its philosophical stance,
methodological approach, and data strategy, following the guidance of Creswell and
Plano Clark (2017, pp. 96-97) for reporting mixed methods studies. Adopting a
convergent parallel mixed-methods design, this study employs a case study core design
to integrate quantitative data with qualitative insights. This approach, grounded in
pragmatism, enables the selection of the most suitable methods to address the research
questions, considering the research context and potential consequences. Also, it
involves the concurrent collection and analysis of both quantitative and qualitative data,
followed by a phase of integration where the findings are synthesized to formulate

comprehensive interpretations.

Within this convergent mixed-method design, both quantitative and qualitative data are
gathered and analyzed concurrently. This parallel approach aims to provide a more
comprehensive understanding of the relationship between Construction Quality
Management practices and their impact on project outcomes, while also examining how
Artificial Intelligence can enhance this relationship. The mixed-methods approach
allows for data diversification, which enhances the clarity and comprehensibility of the
data by supporting numerical data with qualitative data (Giirsoy & Ozpolat, 2020).
Also, it is appropriate for addressing research questions that require both breadth

(quantitative) and depth (qualitative) of understanding (Ivankova et al., 2005).

For the quantitative part, a survey, developed by the author, will be used to gather
information and insights from infrastructure projects including JSWP, focusing on
CQM components and Al integration within the projects. The questionnaire is
specifically designed to capture quantitative metrics related to project performance,

quality management practices, and the adoption of Al technologies.

The qualitative part involves a thorough review of project documentation, including
quality reports, audits findings, and projects logs, to extract in-depth and thematic
insights into the practical application of CQM practices. Both parts will be given equal
priority, and the results will be brought together during interpretation using a partial
triangulation strategy, where selected qualitative themes will be used to support,

contrast, or elaborate on the quantitative findings.
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Figure (08) illustrates the Procedural Flowchart of the Convergent Mixed Methods Case
Study Design, inspired by Creswell and Plano Clark. This diagram represents the
study's methodological structure, showing how quantitative data (collected via a
structured survey of engineers, contractors, and stakeholders involved in JSWP and
other infrastructure projects) and qualitative data (gathered through analysis of
historical records like NCRs, SORs, and project dashboards) are collected concurrently
and analyzed independently. Integration occurs at the interpretation stage, using partial
triangulation to compare and relate findings. The diagram clarifies the procedural steps

and reinforces the embedded nature of mixed methods within the JSWP case, ensuring

methodological transparency and coherence.

Figure 08: Procedural Flowchart of the Convergent Mixed Methods Case Study Design
Source: Inspired by Creswell and Plano Clark (2017, p. 119)
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3.3 Justification for Mixed Methods

Quantitative researchers increasingly acknowledge the value of qualitative data in
enriching and contextualizing their findings, while qualitative researchers recognize
that relying solely on the views of a limited number of participants may restrict the
generalizability of their results. The decision to adopt a mixed-methods approach is
driven by the need to obtain a holistic and nuanced understanding of the intricate
relationship between CQM, project outcomes, and the moderating effects of Al within
the context of infrastructure projects. This is particularly important in the construction
industry, where projects are diverse and complex, and Al technologies are rapidly

evolving (Minc et al., 2022; Smajic et al., 2022).

Adopting a mixed methods design in this research is rooted in the premise that neither
quantitative nor qualitative methods alone are sufficient to fully capture the complexity
of issues inherent in large-scale construction projects (Ivankova et al., 2006). It also
enables the collection and analysis of both qualitative and quantitative data, thereby
providing a more comprehensive understanding of the research problem, by combining

the generalizability of quantitative data with the contextual depth of qualitative insights.

The quantitative phase is conducted through structured surveys targeting key
stakeholders within the infrastructure sector. The survey is designed to provide
measurable insight into the perceived impact of CQM practices on project outcomes,
highlighting the major challenges of current practices and the potential benefits of
implementing Al applications. This will help to quantify the relationship between
quality practices and project performance dimensions, including cost, time, quality, and

client satisfaction.

The qualitative phase involves analyzing historical projects and quality records to
explain, validate, and deepen the understanding of the survey findings. Drawing on the
researcher’s professional experience in quality management within the infrastructure
sector, it is evident that while surveys provide valid perceptions, actual project logs
reveal the root causes and operational realities behind quality failures. These records
document real-world challenges observed during the execution of infrastructure
stormwater projects, offering detailed evidence of recurring issues, gaps in quality

control, and systemic inefficiencies.
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As a result, integrating quantitative and qualitative results enhances the robustness of
findings, improving the interpretation of relationships between CQM, project
outcomes, and Al technologies. This triangulation supports the development of a data-
driven, Al-enhanced CQM model, aligning with Creswell and Plano Clark’s convergent

mixed-methods design to produce actionable, practice-informed conclusions.

3.4 Research Population and Sampling

The target sector for this research is the infrastructure construction segment within the
Saudi construction industry. This focus is driven by the recurring issues in quality,
coordination, and project outcome as discussed within previous Chapters, which are
common in large-scale infrastructure projects, including JSWP. The unique challenges
associated with these projects, such as their extensive scale, complex logistics, and
significant public impact, make them a critical area for improving the traditional CQM
practices. Furthermore, given the substantial investment in infrastructure development
as part of Saudi Arabia's Vision 2030, enhancing CQM with Al in this sector holds

significant economic, sustainability, and social value.

In alignment with this sectoral focus, the Jeddah Stormwater Program has been selected
as the primary case study due to its complexity and scale as a key infrastructure
initiative within the Kingdom, encompassing the entirety of Jeddah's master plan. The
master plan comprising 92 projects across diverse disciplines, making JSWP a valuable
representative of the infrastructure sector in the Western Region of Saudi Arabia. The
program spans the entire city, adding another challenge due to the changing geology.
Its multifaceted nature, involving numerous stakeholders, including 14 contractors, 20+
suppliers, and 3 consultants. In addition to the challenges it presents, and incidents from
past rainy seasons and social impacts, the case provides a robust context for exploring

CQM practices impact on project outcomes and the moderating role of Al.

Given the program’s complexity and its representative role in the infrastructure sector,
a non-proportional stratified sampling strategy will be employed to ensure depth and
relevance of insights. The target sample includes approximately 500 participants

involved in infrastructure projects, particularly JSWP. Participants will be drawn from
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distinct strata, such as engineers (including managers, supervisors, site engineers, and

inspectors), contractors, subcontractors, consultants, and suppliers.

To estimate the minimum required sample size (n0), Cochran’s formula was applied
for a finite population. Assuming a 95% confidence level (Z = 1.96), a 5% margin of
error (e = 0.05), and a 50% response distribution (p = 0.5), the formula is as follows:

_Z*xPx(1-p) (1.96)*x0.5x0.5

= o5 =384.16

ny

Since the target population (N) is estimated at 3,000 individuals across the
infrastructure sector in the Western Region, the adjusted sample size () was adjusted

using the finite population correction (FPC):

_me 38
"‘1+n0—1‘1+ 383
N 3000

As per the result above, the final sample size will be increased to 500 participants to
enhance representatives of the sample and to account for potential non-responses and
errors discarded ones. Additionally, this non-proportional approach intentionally
overrepresents certain strata particularly quality engineers and construction managers,
engineers and supervisors, to obtain richer insights about site issues that are critical to
the research focus on Construction Quality Management, project outcomes, and Al
integration. This sampling approach aligns with established mixed-method research

practices that prioritize analytical depth over strict proportionality.

3.5 Instrumentation

Given the mixed-methods approach explained earlier in this chapter, this study employs
two primary instruments to gather comprehensive data: a structured questionnaire for
the quantitative phase and document analysis for the qualitative phase. The structured
questionnaire is designed to collect quantifiable data from a broad sample of
participants, enabling statistical analysis and the generalization of findings. Document
analysis, on the other hand, involves in-depth review of project-related documents, such
as quality control reports, meeting minutes, and progress updates, to provide rich,
contextual insights that complement and validate the quantitative data obtained through

the questionnaire.
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3.5.1 Quantitative instrument

The research employed a structured, bilingual questionnaire (Arabic and English) as
the primary data collection instrument for the quantitative phase of the mixed-methods
design. The questionnaire was designed by the researcher to align it with the study
objectives, drawing upon literature from Construction Quality Management, Artificial
Intelligence integration, and project performance measurement frameworks. Its design
was also informed by practical field experience within JSWP, ensuring contextual

relevance. The survey instrument consists of four main sections.

Section A — Demographics and Project Background: Captures key demographic
variables and contextual information such as role in the organization, department, type
of stakeholder (client, consultant, contractor, etc.), years of experience, project size and
complexity, educational background, and certifications. This section also includes

identifiers for JSWP participants to enable contextual data analysis.

Section B - This section assesses the current practices and perceived effectiveness of
Construction Quality Management (CQM) as the independent variable of the study.
The first part covers the presence and application of quality management tools,
including quality management systems (QMS), KPIs, dashboards, manual reports, ISO
certifications, and procedures for managing defects and ensuring compliance.
Respondents evaluate their use of these tools and the challenges they face in
maintaining quality—such as early defect identification, corrective actions, and
workforce training, using Likert scale ratings. The second part includes structured
statements designed to measure the effectiveness of key CQM dimensions: Quality
Planning, Quality Assurance, Quality Control, and Quality Improvement. These items
assess how current quality practices influence project success in terms of cost, schedule,

quality, and client satisfaction.

Section C — This section represents the dependent variable of the study. It focuses on
the perceived impact of quality practices on four critical project outcomes: cost, time
(schedule), quality of delivered work, and customer satisfaction. Respondents rate their
agreement with a series of Likert-scale statements reflecting how effectively the current

quality management efforts contribute to achieving these outcomes. The section serves
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to link the effectiveness of CQM practices, as perceived by stakeholders, with tangible

project performance dimensions.

Section D — Artificial Intelligence (Al) in Quality Management: This section reflects
the moderating variable of the research. It explores the current state of awareness,
readiness, and expected benefits of integrating Al technologies into construction quality
practices. Participants evaluate the extent to which Al can support quality planning,
defect detection, real-time monitoring, data analysis, decision-making, and continuous
improvement. The section also includes Likert-based items assessing perceived
challenges in Al adoption, such as cost, skills, ethical concerns, and integration
complexity, as well as enabling factors like management support and training. These
insights aim to clarify how Al might strengthen the link between CQM and improved

project outcomes in complex infrastructure projects.

As explained above, the instrument integrates both closed and open-ended questions,
facilitating triangulation by allowing statistical analysis of trends and qualitative insight
into contextual challenges and opportunities. Questions were formulated to reflect
constructs identified in the literature and structured to support the convergent mixed-
methods approach (Creswell & Plano Clark, 2017). The 5-point Likert scale was
employed for attitudinal and perception-based items, allowing for meaningful
quantification and subsequent statistical correlation between independent (CQM),
dependent (project outcomes), and moderating (Al) variables. Prior to full deployment,
the questionnaire will undergo expert review for content validity, and a pilot test will
be conducted to assess reliability, clarity, and time efficiency. Revisions will be made

accordingly.

3.5.2 Qualitative instrument

For the qualitative component, the study will analyze historical quality documentation,
primarily NCR, SORs, Logs, MOM, and dashboards, all obtained from completed and
ongoing infrastructure projects within JSWP. These documents offer direct evidence of
recurring quality issues, contractors’ performance patterns, and procedural gaps,
enabling deeper insight into the practical challenges of current CQM practices in large-

scale infrastructure projects.
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Document analysis will help to enable the examination of real projects, governance
records and operational data, which will offer deeper insight into the practical
challenges associated with CQM in large scale infrastructure programs. This qualitative
evidence complements the survey findings by providing context to statistical trends and
uncovering underlying patterns not easily captured through questionnaires. The
qualitative data will undergo thematic coding and categorization to identify key themes,
including contractors’ non-compliance, workmanship issues, inspection failures,
coordination challenges, material issues, effectiveness of quality interventions, CAPA

and quality improvement efforts, and coordination challenges.

During the data analysis stage of qualitative data, Al tools will be utilized by integrating
them into dashboards to enhance analytical capabilities. Historical NCR and SOR logs,
MOMs, and other reports will be digitized and processed using Natural Language
Processing (NLP) techniques were applied to assist in the classification and
organization of textual data, enabling efficient identification of recurring quality-related
themes and patterns. The integration of Al-supported analysis enhances the study’s
ability to process complex project records and contributes to the development of a data-
driven framework aimed at strengthening Construction Quality Management practices

and improving infrastructure project outcomes.

3.6 Validity and Reliability

Ensuring the validity and reliability of the research instruments and findings is critical
to the credibility and generalizability of this study’s outcomes to the broad
infrastructure projects witting Saudi Arabia. Given the use of a mixed-methods
convergent design, steps were taken to address both quantitative and qualitative

standards of research rigor.

3.6.1 Quantitative Part

Content validity will be established through expert review. The questionnaire will be
evaluated by academics in the fields of quality management and artificial intelligence,
as well as practitioners from the Jeddah Stormwater Program (JSWP), to assess clarity,
relevance, and alignment with the study’s variables. Based on their feedback, necessary

modifications will be made to enhance construct accuracy and eliminate ambiguities.
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In addition to expert review, construct validity will be addressed by ensuring the final
survey structure aligns with the theoretical framework discussed in Chapters 1 and 2.
Each section of the questionnaire, as outlined in Section 3.4, will be mapped to specific
research constructs to ensure conceptual coherence and measurement accuracy. The
instrument will capture the four dimensions of Construction Quality Management
(CQM)—quality planning, quality control, quality assurance, and quality
improvement—alongside project outcomes (cost, time, quality, and stakeholder
satisfaction) as the dependent variable. The moderating role of Al will be reflected in
items measuring application level, awareness, perceived impact, and organizational
readiness. To further assess convergent and discriminant validity, structural model

testing will be conducted using SmartPLS.

Furthermore, face validity will be assessed through pilot testing with a small sample of
15-20 professionals representing the target population. Participants will evaluate the
wording, structure, and usability of the questionnaire, and their feedback will guide
revisions for clarity and reliability. Established measures for constructs such as CQM

practices, project outcomes, and Al adoption will also be incorporated to strengthen

validity (Mitra & Tan, 2012).

Finally, reliability will be examined using Cronbach’s alpha to determine internal
consistency of the Likert-scale items. A threshold of a > 0.70 will be considered
acceptable for each construct, in line with established guidelines. Items with low inter-
item correlations will be reviewed and, if necessary, removed to improve scale

reliability.

3.6.2 Qualitative Part

To ensure the dependability of the qualitative analysis, this study will apply a structured
and replicable framework when reviewing and coding NCR and SOR logs, as well as
meeting notes. Dependability, as described by Lincoln and Guba (1985), refers to the
stability and consistency of research findings over time, ensuring that results are not
arbitrary but are produced through a systematic process. This consideration is essential
because the qualitative phase of this study involves large volumes of text-based data

extracted from multiple projects within the Jeddah Stormwater Program (JSWP).
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The analysis will follow a planned approach that includes the creation of a data
extraction template to standardize the recording of relevant attributes, such as issue
category, cause, project phase, and corrective actions. A coding manual will then be
developed to provide explicit definitions of codes, inclusion and exclusion rules, and
examples for clarity. Codes are expected to cover recurring themes such as material
non-conformities, procedural deviations, inspection delays, and design-related errors.

The coding process will adopt an iterative strategy: an initial pilot test will be conducted
on a small subset of logs to refine the coding scheme before applying it to the entire
dataset. Comprehensive documentation will be maintained throughout the process to
ensure auditability and transparency. In addition, where feasible, a subset of the data
will undergo secondary review to validate the application of codes and enhance

consistency.

3.7 Study Variables

The independent variable in this study is Construction Quality Management (CQM).
CQM is measured through four established dimensions commonly adopted in
construction quality frameworks: quality planning, quality control, quality assurance,
and quality improvement. These dimensions collectively represent the formal practices,
tools, and systems applied to ensure quality across the project lifecycle. Each of these
sub-dimensions is addressed in the survey instrument using Likert-scale items that
capture the extent of implementation and the perceived effectiveness of these practices

in infrastructure projects, with a particular focus on the JSWP.

The dependent variable is Project Outcomes. This variable reflects the effectiveness
and success of project delivery, measured through four key indicators: cost
performance, schedule adherence, quality of delivered works, and stakeholder or client
satisfaction. These indicators are widely recognized in construction and project
management literature and serve as tangible outcomes influenced by the application of
quality management practices. Data related to these outcomes are captured through
respondent perceptions in the survey, enabling quantification of the relationship

between quality inputs and project-level results.
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The moderating variable is Artificial Intelligence (AI) Technology. Al is included to
explore its potential influence on the strength or direction of the relationship between
CQM and project outcomes. This variable is assessed through dimensions such as
awareness and familiarity with Al tools, current and planned usage, perceived benefits,
readiness for adoption, and key barriers to implementation. Al's moderating role is
central to the study’s hypothesis that technology, when integrated effectively, can
enhance traditional quality management systems and improve construction project
performance. This variable will also be contextualized using qualitative analysis of
historical project data and digital quality logs, particularly where Al integration may

support prediction or pattern recognition.

3.8 Data Collection Procedures

As the study follows a convergent mixed-methods case study design, where quantitative
and qualitative data are collected during a similar timeframe, analyzed separately, and
then merged for interpretation. The purpose of this design is to develop a
comprehensive understanding of the impact of Construction Quality Management
(CQM) on project outcomes and the moderating role of Artificial Intelligence (Al)

within infrastructure projects, using JSWP as the case context.

3.8.1 Primary Data Collection

Primary data was obtained through a structured questionnaire distributed to
stakeholders involved in infrastructure projects, with a primary focus on those working
within JSWP. The questionnaire was administered digitally to ensure accessibility and
higher response rates. Participants were selected using purposive sampling to ensure
they have direct experience with quality management practices or Al-related initiatives.
The survey instrument included items targeting the independent variable (CQM), the
dependent variable (project outcomes), and the moderating variable (AI). A Likert-
scale was used for quantification, and confidentiality of all participants was maintained.
Data collection phase is designed to reflect diverse roles (e.g., engineers, managers,

consultants, contractors), project phases to capture view of the quality landscape.
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3.8.2 Secondary Data Collection

To complement the primary dataset and support triangulation, qualitative data was
collected from project documentation, particularly NCRs, SORs and MOMSs. These
documents were extracted from completed and ongoing projects under JSWP. The
records span several project phases and involve multiple contractors and consultants,
providing rich qualitative evidence of recurring quality issues, interventions, and
outcomes. The documents were reviewed using a structured content analysis approach
to identify key themes related to quality planning failures, procedural deviations,
coordination inefficiencies, and supported by audits findings. This secondary data
serves not only to contextualize the quantitative findings but also to identify patterns

that may support the development of an Al-enhanced quality management framework.

3.8.3 Additional Qualitative Source: Meeting Minutes

In addition to formal documentation, this study incorporates insights from weekly
technical meetings and client progress meetings, which served as an interactive forum
for stakeholders to review project performance, discuss emerging quality challenges,
and propose corrective measures. These sessions, involving consultants, contractors,
and client representatives, are conceptually aligned with focus group methodology as
they facilitate group dialogue and collective problem-solving. Meeting minutes and
recorded discussions were systematically reviewed to extract themes related to CQM
practices, recurring non-conformities, reoccurring and trending quality issues, and
CAPA. These findings were later compared to survey data and document analysis for

triangulation.

Al technologies will be used in future phases to analyze patterns in the qualitative data
and integrate them with dashboard metrics, enhancing and improving predictive
capabilities and decision support. This integration reinforces the case study's applied
nature and aligns with the convergent design by enabling data transformation,

comparison, and synthesis.
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3.8.4 Data Collection Matrix

Table (3-1) below provides a comprehensive overview of how this study aligns its
research questions with the corresponding data sources, types of data, collection
procedures, and analysis strategies. This mapping is an essential step in mixed-methods
research design, particularly within a convergent approach, as it ensures
methodological coherence and transparency. Each research question is addressed
through multiple sources of evidence, combining quantitative survey data, qualitative
document analysis, and contextual insights from weekly coordination meetings. For
example, Research Question 1 focuses on the adequacy of CQM practices in large-scale
projects, which is explored through structured questionnaires to capture stakeholder
perceptions and through archival analysis of NCR and SOR logs to validate these

perceptions against documented realities.

Table 3-1: Data Collection Matrix aligned with research questions

Research Question Data Source Type of Data Collection Method Analysis Approach
' ' Quantitative Likert Structured o o
Questionnaire scale, open . . Descriptive Statistics, SEM
Research Q1: Section B uestion Questionnaire (SmartPLS)
CQM insufficiency & its d (Stakeholders)
i t ject
1mpact on projec NCR & SOR Logs Qualitative 4 _ Thematic Analysis (CQM
outcomes . Collection of archived . .
from JSWP Projects (Document dimensions)
. documents
Analysis)
Research Q2: Questionnaire Quantitative Structured Moderation Analysis via
Al-driven C QM Sec. B& C Questionnaire SmartPLS
modifies impact of CQM Open-ended
on ro'ectp SRS, Responses Documented meeting Thematic Analysis Al
proJ MOM Qualitative discussions readiness & perceptions
Questionnaire litati
tat Structured . .
Research Q3: Section D Qualitative Quersliicon:;ire Thematic Analysis
Challenges for Al (Al barriers)
adoption and integration Al challenges &
in CQM erception F Analysi
inCQ P M(fM Quantitative MOM requency Analysis

Source: Adapted from Creswell & Plano Clark, 2017
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By presenting this alignment in both tabular and graphical formats, the study not only
adheres to the best practices recommended by Creswell and Plano Clark (2017) but also
strengthens the validity of its mixed-methods design. The table serves as a structured
summary, while the concept map (Figure 09) visually shows the logical connections
between research questions, data sources, and analysis pathways, emphasizing the

integrated nature of the research process.

Figure 09: Concept map Linking Research Questions, Data Sources, and Analysis Methods
Source: Adapted from Creswell & Plano Clark, 2017

3.9 Data Analysis Methods

As explained earlier in this section, quantitative and qualitative datasets in this study
are analyzed independently and merged during the interpretation phase. The aim was
to enable triangulation, validation, and a comprehensive understanding of the
relationship between CQM, project outcomes, and the moderating role of Al in large-
scale infrastructure projects. The analysis is organized into three components:

quantitative analysis, qualitative analysis, and data integration.

3.9.1 Quantitative Data Analysis

Quantitative data from the structured questionnaire will be analyzed using descriptive
statistics to summarize respondent demographics and distribution across the main
constructs: CQM, Project Outcomes, and Al. Following this, Structural Equation
Modeling (SEM) will be employed using SmartPLS to assess relationships among
variables and test hypotheses, including moderation effects. SEM is appropriate for

handling complex path models and reflective constructs, even with relatively small
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samples typical of case-based research. Reliability and validity will be examined
through composite reliability, AVE, and discriminator validity. Respondents from
contractor organizations will be asked to identify the specific JSWP project(s) they are
involved in, enabling project-level linkage between survey responses and
corresponding NCR/SOR data for deeper case-based analysis (Creswell & Plano Clark,
2017, p.72).

3.9.2 Qualitative Data Analysis

Qualitative data will be drawn from archival sources, primarily Non-Conformance
Reports (NCRs) and Site Observation Reports (SORs) from completed and ongoing
JSWP projects, supplemented by meeting notes and open-ended survey responses. A
structured thematic content analysis will be employed, involving open coding,
categorization, and theme development aligned with the CQM framework. Manual
coding will be supported by Al-based Natural Language Processing (NLP) tools such
as Microsoft Azure Cognitive Services to improve scalability and reduce bias by
detecting patterns, clustering keywords, and forecasting quality risks. To ensure
dependability, the analysis will follow a documented and replicable coding framework
to maintain consistency. Themes related to Al readiness and adoption will also be

extracted to complement quantitative findings (Creswell & Plano Clark, 2017, p.75).

3.9.3 Data Integration Strategy

After independent analysis, findings will be merged for triangulation to identify
convergence, divergence, and complementarity between the two strands. Where
feasible, qualitative themes will be transformed into frequency counts to support
comparison, and joint displays will be developed to illustrate alignment between
datasets. For instance, if a project shows high NCR rates in qualitative logs and
corresponding survey responses report weak quality planning, this convergence will
strengthen internal validity. Conversely, discrepancies will be interpreted in light of
project complexity and organizational readiness for Al. The integrated insights will
inform the development of an Al-enhanced CQM model, supporting practical
recommendations for improving quality performance in large-scale infrastructure

programs.
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3.10 Model Development Plan

As part of the future development phase of this research, Artificial Intelligence
techniques are explored to support and enhance the CQM Practices within infrastructure
projects. Within the study, Al based model that provide Al-assisted analytical tools
were utilized to process and examine large volume of project documentation during the
qualitative data analysis stage. These tools supported thematic extraction from project
records such as NCRs, SORs, MOMs, and progress reports. The goal is to explore how
Al can assist in identifying quality trends, predicting non-conformities, and improving

decision-making processes based on historical project data.

The initial plan involves collecting and preparing existing data sources from completed
projects, particularly those within the Jeddah Stormwater Program (JSWP). These
include Non-Conformance Reports (NCRs), Site Observation Reports (SORs), project
profiles, and performance dashboards. Additional insights will be derived from the
survey data, particularly where participants discuss challenges and opportunities in

applying Al to quality management.

The integration of NLP techniques enabled the systematic analysis of textual project
data within historical and ongoing projects documents, to identify recurring quality
related themes and patterns, and overall program performance. This approach assisted
the research in identifying systematic quality issues and governance challenges within

JSWP, which complement the quantitative survey analysis conducted during the study.

Beyond the analytical role applied within the research, the findings of the study also
support the conceptual development of an Al-enabled framework aimed at
strengthening CQM practices. The proposed framework explores how machine learning
and predictive analysis could be used to analyze historical project datasets, detect
emerging risk patterns, and support proactive decision-making in project quality

governance.

Further development of such an Al model may involve integrating project quality logs,
NCR and SOR records, and program progress reports and meetings outcomes into cloud
based analytical environments. Platforms such as Microsoft Azure or Google AutoML

offer capabilities for data integration, predictive analytics, and real time visualization
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through tools such as power BI dashboards. All in which can help in transferring
projects data into insightful information that can help management to capture the

overall view of the projects and identify risks early.

Initial AI applications may focus NLP processing techniques for automated
classification of quality issues and identification of recuring defects patterns.
Subsequently, supervised learning models could be explored to predict potential quality

risks or detect early indicators of contractor non-compliance based on historical data.

The Al farmwork proposed in this study therefore represents a conceptual step toward
integrating intelligent data analytics into traditional quality management systems. This
approach aligns well with the principles of Quality 4., which emphasizes the use of
advanced digital technologies including Al, big data analytics, and automation to
enhance quality management practices. This can be also adopted within the
infrastructure sector and supports the transition from traditional reactive quality
monitoring toward data driven quality intelligence. It can support organizations to
detect risks earlier and strengthen governance over complex construction programs.
The results of the Al-assisted document analysis and the identified thematic patterns
are presented in Chapter Four, where they are triangulated with the quantitative findings

of the study.
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CHAPTER FOUR
RESEARCH RESULTS

4.1 Introduction

This chapter the results of the study “Exploring the Moderating Role of Artificial
Intelligence on the Impact of Quality Management on Construction Project Outcomes:
A case study of the Jeddah Stormwater Program”. The chapter provides a
comprehensive account of both quantitative and qualitative findings derived from the
mixed-methods design described early on Chapter 3, that was developed by following
the guidance and steps explained by Creswell and Plano Clark (2018). The quantitative
and qualitative data are first analyzed independently and then interpreted jointly to

generate a coherent understanding of the research problem.

The purpose of this chapter is to demonstrate how the collected data supports, refine,
or challenges the study’s hypothesis and research questions. The quantitative analysis
focuses on responses from construction professionals within JSWP and professional
working in similar projects within Saudi Arabia, assessing the relationships between
CQM practices, Al adoption, and project outcomes, cost, time, quality, and customer
satisfaction. This analysis includes reliability testing, descriptive statistics, correlation
analysis, regression modeling, and moderation testing to determine the extent to which
Al technologies influence the strength and direction of the relationship between CQM
practices and project outcomes, following the procedures recommended by Hair er al.

(2021).

Section 4.2 will present quantitative data analysis, including response rate,
demographic profile, and the results of statical tests for each hypothesis. Section 4.3
shows qualitative analysis, integrating themes emerging from program documents,
Section 4.4 synthesizes both quantitative and qualitative strands to present the merged
interpretation. At the end of the chapter, chapter 4.5 concludes with the summary of
finding and its link to the research objectives. Combining these analysis provide an
understanding of how the integration of Al can enhance or moderate the effectiveness

of CQM practices in improving project performance and outcomes.
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4.2 Quantitative Data Analysis

This section presents the statistical analysis of the quantitative data collected from 187

participants. The analysis follows the structure defined in Chapter 3 and covers

descriptive statistics, reliability, validity, correlations, regression testing of the main

hypotheses, and the moderation analysis assessing the role of Al technologies within

the relationship between CQM practices and project outcomes.

4.2.1 Statistical Techniques and Analysis Procedures

After data were collected it was revised, coded, and fed to statistical software IBM

SPSS version 25. All statistical analysis was done using two-tailed tests and an alpha

error of 0.05. A P-value less than or equal to 0.05 was considered to be statistically

significant, the following is an explanation of the use of each of these treatments:

Internal Consistency: The internal consistency test was used to measure the degree
of homogeneity and interrelation among the different items in the scale or
questionnaire. This test aims to ensure that the items measuring the same concept
provide consistent results with one another, thereby enhancing the reliability of the

instrument used.

Cronbach's Alpha: Cronbach’s alpha coefficient was calculated to determine the
reliability of the questionnaire or the scale used. This coefficient reflects the degree
of internal consistency among the items, where a value greater than 0.70 is

considered an indication of the instrument’s reliability.

Mean: The arithmetic mean was used to summarize and simplify the data, and to
determine the central value of the data by adding all the values and dividing the sum
by their number.

Standard Deviation: The standard deviation was used to measure the extent to which
the data are dispersed around the arithmetic mean. This indicator reflects the degree
of variability in the values and provides a better understanding of the distribution

and spread of the data.

Pearson correlation test is a test that measures the statistical relationship, or
association, between two continuous variables. It is known as the best method of
measuring the association between variables of interest because it is based on the
method of covariance. It gives information about the magnitude of the association,

or correlation, as well as the direction of the relationship.
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= Linear regression: which attempts to model the relationship between two variables
by fitting a linear equation to the observed data. One variable is considered to be an

explanatory variable, and the other is considered to be a dependent variable.

= Simple linear regression is a model that describes the relationship between one

dependent and one independent variable using a straight.

= Multiple linear regression is a statistical technique that uses several explanatory

variables to predict the outcome of a response variable.

4.2.2 Reliability and validity of the Instrument

Both reliability and validity are fundamental measures used to make a trustworthy
judgment about the appropriateness of a research instrument ,Reliability refers to the
extent to which an instrument can produce consistent and error-free results when re-
administered or used under similar conditions, whereas validity refers to the degree to
which the instrument accurately measures what it is intended to measure, which is, the

degree of correspondence between the theoretical construct and the actual indicators.

Among the most common methods for measuring internal consistency, Cronbach’s
Alpha is one of the most widely used indicators, as it expresses the degree of
interrelation among items measuring the same conceptual dimension. The higher the
value of Cronbach’s Alpha (usually > 0.70), the greater the indication that the items

consistently measure the same construct.

In addition, the validity coefficient is an important statistical indicator used to estimate
the accuracy of the research instrument in measuring the intended construct. This
coefficient is often calculated using the Pearson Correlation Coefficient, which
measures the degree of the linear relationship between the total score of the instrument
and the score of each item, or between two tests assumed to measure the same

conceptual dimension.
According to Phelan et al. (2005), reliability refers to the degree to which an assessment

tool produces stable and consistent results, while validity refers to how well a test

measures what it is intended to measure. To ensure the validity and reliability of the
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data in this research, the questionnaires were designed to represent every aspect of the

study objectives.

4.2.2a Reliability and validity for Independent Variables (CQM)

Table 4-1: Validity & stability coefficients for the study questionnaire variables
Variables Validity coefficient Stability Coefficient
(Pearson Correlation Coefficient) (Cronbach alpha)

QP1 0.643**
QP2 0.780**
QP3 0.751**
QP4 0.796**

QP5 0.800** 0.877
QP6 0.853**
QP7 0.687**
Quality Planning 0.889%**
QA1 0.766**
QA2 0.669**
QA3 0.761**

QA4 0.751** 0.859
QAS 0.838**
QA6 0.805**

Quality Assurance 0.894%** 0.949

QC1 0.760**
QC2 0.777**
QC3 0.708**

QC4 0.771** 0.842
QCs 0.803**
QC6 0.713**
Quality Control 0.828%**
QIl 0.829**
QI2 0.883**
QI3 0.877**

Ql4 0.875** 0.900
QIS 0.764**

Quality

Improvement Ut

** A function at the level of significance less than (0.01)

Table (4-1) above presents the validity coefficients (Pearson Correlation Coefficients)
and reliability coefficients (Cronbach’s Alpha) for the questionnaire items and
variables. It is evident that all values fall within statistically acceptable ranges,

reflecting a high level of quality in the construction of the measurement instrument.

» Validity Coefficients (Pearson Correlation Coefficient)

The validity coefficients for all items indicate strong and statistically significant
correlations at the 0.01 level with their corresponding variables, with correlation values
ranging from 0.643 to 0.894. These high values suggest that the items effectively

measure the same concept associated with their respective dimension. Such findings

108




represent an important indicator of validity, supporting the appropriateness of using

these items to measure the study variables.

> Reliability Coefficients (Cronbach’s Alpha)

Cronbach’s Alpha values for the main variables were remarkably high, ranging from
0.842 to 0.900. These values exceed the widely accepted minimum threshold of 0.70,
“The overall Cronbach’s Alpha value for the scale reached (0.949), higher than the
acceptable threshold of 0.70, indicating a high level of reliability.”

4.2.2b Reliability and validity for Mediating Variables (Al)

Table (4-2) Validity and stability coefficients for the study questionnaire variables
Variables Validity cqefﬁcient «(P.earson Stability Coefficient
Correlation Coefficient) (Cronbach alpha)
AR1 0.530**
AR2 0.483**
AR3 0.484**
AR4 0.472%*
AR5 0.479%* 0.772
AR6 0.519**
AR7 0.489**
ARS 0.532%*
Awareness & Readiness 0.820**
All 0.650%*
Al2 0.792%*
AI3 0.713%*
AT4 0.772%*
AIS 0.814** 0.855
Al6 0.612%*
Al7 0.717** 0.852
AI8 0.654**
Al Utilization 0.824**
Cl 0.454%**
C2 0.497**
C3 0.587**
C4 0.553**
C5 0.438**
C6 0.566%*
C7 0.409** 0.722
C8 0.685%*
C9 0.590%**
C10 0.665%*
Cl1 0.287*
Challenges 0.808**
** A function at the level of significance less than (0.01)
* A function at the level of significance less than (0.05)
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The table (4-2) presents the validity coefficients (Pearson Correlation Coefficients) and
reliability coefficients (Cronbach’s Alpha) for the questionnaire items and variables. It
is evident that all values fall within statistically acceptable ranges, reflecting a high

level of quality in the construction of the measurement instrument.

» Validity Coefficients (Pearson Correlation Coefficient)

The validity coefficients for all items indicate strong and statistically significant
correlations at the 0.05 and 0.01 level with their corresponding variables, with
correlation values ranging from 0.287 to 0.814. These high values suggest that the items
effectively measure the same concept associated with their respective dimension. Such
findings represent an important indicator of validity, supporting the appropriateness of

using these items to measure the study variables.

> Reliability Coefficients (Cronbach’s Alpha)
Cronbach’s Alpha values for the main variables were remarkably high, ranging from
0.722 to 0.855. These values exceed the widely accepted minimum threshold of 0.70,
“The overall Cronbach’s Alpha value for the scale reached (0.852), which is higher than
the acceptable threshold of 0.70, indicating that the scale demonstrates a high level of
reliability.”

4.2.2C Reliability and validity for Dependent Variables (Project Outcomes)

Table (4-3) Validity and stability coefficients for the study questionnaire variables.
Variables (pearso\;a(ljlggé;Ziﬁgsgﬁcien o Stability Coefficient (Cronbach alpha)
Costl 0.679**
Cost2 0.494**
Cost3 0.889** 0.701
Cost4 0.817**
project cost 0.792%*
Schedulel 0.665**
Schedule2 0.653%*
Schedule3 0.723** 0.707
project schedule 0.473**
Quality1 0.485** 0.831
Quality2 0.756**
Quality3 0.778** 0.712
Quality4 0.755%*
overall project quality 0.798**
Customer Satisfactionl 0.692%*
Customer Satisfaction2 0.753%*
Customer Satisfaction3 0.853** 0.781
Customer Satisfaction4 0.816**
customer satisfaction 0.853**
** A function at the level of significance less than (0.01)
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Table (4-3) presents the validity coefficients (Pearson Correlation Coefficients) and
reliability coefficients (Cronbach’s Alpha) for questionnaire items and variables. It is
evident that all values fall within statistically acceptable ranges, reflecting a high level

of quality in the construction of the measurement instrument.

» Validity Coefficients (Pearson Correlation Coefficient)

The validity coefficients for all items indicate strong and statistically significant
correlations at the 0.01 level with their corresponding variables, with correlation values
ranging from 0.473 to 0.889. These high values suggest that the items effectively
measure the same concept associated with their respective dimension. Such findings
represent an important indicator of validity, supporting the appropriateness of using

these items to measure the study variables.

> Reliability Coefficients (Cronbach’s Alpha)

Cronbach’s Alpha values for the main variables were remarkably high, ranging from
0.701 to 0.781. These values exceed the widely accepted minimum threshold of 0.70,
“The overall Cronbach’s Alpha value for the scale reached (0.831), which is higher than
the acceptable threshold of 0.70, indicating that the scale demonstrates a high level of
reliability.”
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4.2.3 Respondents' Demographic Information

Table (4-4) shows the Descriptive Analysis of demographic characteristics of the Study

sample regarding the respondents.

Table (4-4) Descriptive Analysis of Demographic Characteristics of the Study Sample

Category Freq. Percent

Director or Higher 8 5.1

Senior Manager 23 14.6

What is your role in the Manager 30 19.1
company? Senior Engineer 49 31.2
Engineer 41 26.1

Inspector 6 3.8

Management 31 18.6

Construction 46 27.5

Quality 41 24.6

What is your department? HSE 16 9.6
Planning/ Cost control 8 4.8

Technical 13 7.8

Other 12 7.2

Client 25 15.0

. PMO / PMC 52 31.1
or\;}rl:il;;i:)}rllei;otlﬁeogr}(l)?;rzt? Supervision Consultant 49 29.3
Contractor / Sub-Contractor 38 22.8

Supplier 3 1.8

0-5 Years 12 7.2

. 6 -10 Years 38 22.8

How mar(liy yearsh of e;(perlence 11-15 Years 53 317
o youhaves 16 - 20 Years 28 16.8

More than 20 years 36 21.6

PhD 5 3.0

What is your highest level of Masters 64 383
Education? Bachelor 95 56.9
Diploma 3 1.8

. . Small < SR 50 million 17 10.2
What s the scale of the project Medium SR_50 - 200 million 36 21.6
ased on the budget: Big > SR 200 million 114 683
Small team (Less than 50 members) 26 15.6

What is the scale and comp]exity Medium team (50-150 members) 37 222
of the project team Large team (150+ members) 11 6.6
Large multinational team (150+ members) 93 55.7

PMP 97 373
RMP 29 11.2
. . Prince 4 1.5
Did you acquire any of the 1SO Lead Auditor 49 18.8
following certificates? —

Lean Six Sigma 29 11.2

Certified Manager of Quality 17 6.5

Other 35 13.5

What is your gender? F];Ar:l;ele 11525 972.'28
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The above table (4-4) and Figure (10) presents a descriptive analysis of the

demographic characteristics of the study sample, showing the frequency and percentage

of respondents in each category. The following observations can be made:

Role in the Company: highest representation was for Senior Engineers at 31.2%,
with 49 respondents, the lowest was for Inspectors at 3.8%, with 6 respondents.
Department: construction department had the highest representation at 27.5%, with
46 respondents, and the Planning/Cost Control department had the lowest
representation at 4.8%, with 8 respondents.

Role of the Organization: the highest representation was for PMO/PMC at 31.1%,
with 52 respondents, lowest was for Suppliers at 1.8%, with 3 respondents.

Years of Experience: the highest category was 11-15 years of experience at 31.7%,
with 53 respondents, and lowest category was 0—5 years of experience at 7.2%,
with 12 respondents.

Highest Level of Education: the highest representation was for bachelor’s degree
holders at 56.9%, with 95 respondents, the lowest representation was for Diploma
holders at 1.8%, with 3 respondents.

Project Scale Based on Budget: the largest representation was for large projects (>
SR 200 million) at 68.3%, with 114 projects, the smallest representation was for
small projects (< SR 50 million) at 10.2%, with 17 projects.

Project Team Scale and Complexity: the highest representation was for large
multinational teams (150+ members) at 55.7%, with 93 respondents, the lowest
representation was for large teams (150+ members) at 6.6%, with 11 respondents.
Certificates Acquired: the highest representation was for PMP certificate holders
at 37.3%, with 97 respondents, the lowest representation was for Prince certificate
holders at 1.5%, with 4 respondents.

Gender: the highest representation was for males at 92.8%, with 155 respondents,

the lowest representation was for females at 7.2%, with 12 respondents.
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WHAT IS YOUR ROLE IN THE COMPANY?

4% 5%

M Director or

Higher
M Senior Manager

15%

M Manager

M Senior Engineer
31%

WHAT IS THE ROLE OF YOUR
ORGANIZATION IN THE PROJECT?
2%

[v)
23% _\‘ 15% m Client
mPMO /PMC
31%
29%
WHATIS YOUR HIGHEST LEVEL OF
2% EDUCATION?

_\3%

{

38%  mPhD

M Masters
M Bachelor

57% mDiploma

WHAT IS YOUR DEPARTMENT?

0,
8% | 19%

5%

M Management

M Construction

H Quality
7%

24% mHSE

HOW MANY YEARS OF EXPERIENCE DO YOU
HAVE?

7%
21% ’ MO0-5Years
23%

M6-10 Years

M 11-15Years

32%

WHAT IS THE SCALE OF THE PROJECT
BASED ON THE BUDGET?
10%

M Small <SR 50
million

H Meduim SR 50 -
200 million

M Big > SR 200
million

22%

68%

WHAT IS YOUR GENDER?

7% ___

M Male

M Female

~_93%

DID YOU ACQUIRE ANY OF THE
FOLLOWING CERTIFICATES?

l 37%

10 11%

= PMP
14%
= RMP

M Prince

W |SO Lead Auditor

M Lean Six Sigma

19%

M Certified Manager of
Quality

WHAT IS THE SCALE AND COMPLEXITY OF
THE PROJECT TEAM

M Small team (Less

15% than 50 members)

m Meduim team (50-

150 members)
22%
M Large team (150+
members)

7%

M Large multinational
team (150+
members)

Figure 10: The demographic characteristics of the study sample, showing the percentage of

respondents in each category
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4.2.4 Open-ended questions related to part A — PM Background &

Experience

Table (4-5) Responses to the Question (Did you
acquire any of the following certificates?) (Other
(please specify)

Table (4-6) Responses to the Question (If working on
the Jeddah stormwater program please include the
project name for analysis purposes?)

Responses Responses
Approval from client specially for inspectors AFAH
Building concertation specialist KUL K (Swe AL FIRDOUS
RISE)
Certified protection professional from ASIS Al Hamdaniya
CLAC AL-Falah and AL-Hijaz
Consultancy Albasteen
Digital Transformation in Construction and Alhamra project
Engineering Projects n
FMP Alsawari
Gre Aproq alrogham
GRC Client Representative as PMO

GRCP, GRCA, CCQM, CQA, CISSP, CISA

Drainage Solutions for Al-Hamdaniya District

Igc

I am working on other area at consultants office
for facility management

I0SH Jeddah Storm Water Program
IPMA D JSWP

ISO 9001 TO 2015 CERTIFIED N/A

MPM None

Nebosh Northern Channel Project
NEBOSH IGC old makkah rd

Non PMCM

Ongoing study for ISO Lead Auditor PMO in 2018 under WorleyParsons
OSHA PMO Team

OSHA, NEBOSH Rawdah

PCQM SOUTH OBHUR

Pgmp, PIMP south projects

PMI-SP South ubher

PMOCP storm drainage project Almarwah
PMS ( Performance Management System SWRI & YAQT

audit)

Primavara WSP - all projects in the program of JSSWP

Quality assurance of concrete

Management and Supervision Office
Consultant

Resolving project disputes

Supervision of Stormwater Drainage Network
Maintenance Projects

SCE

Al-Ruban, Al-Hamdaniah, Al-Falah, Al-Hijaz,
Al-Salhiah, Al-Rahmaniah, Taybah

Value engineer

Al-Sawari, Al-Yaqout, KFRD, South Obhur

Safe

Al-Firdous

None

Previous Experience: Yes, Riyadh

All Stormwater Drainage Projects Under
Implementation
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4.2.5 Construction Quality Management subjects

Table (4-7): Distribution of the study subjects according to Construction Quality Management “CQM”

Construction Quality Management “CQM”

Quality is considered a core value within my organization and

Mean +

median

Mean
score
percent

consistently used to track quality issues

- =+ 0
supported by higher management 1-3 4.26+0.88 4.00 85.15%
Organizations’ Quality cultural patterns, like rituals, beliefs, values,

- 12+0. . 419
and everyday procedures, directly or indirectly affect CQM practice? 13 4.12£0.79 4.00 82.41%
ISO 900.1 certlﬁcatlot} among stakeholders positively contributes to 125 3990 84 4.00 79.76%
orgnasational and projects sucess
Difficulty in identifying quality defects at early stages 1-5 3.54+1.00 4.00 70.90%
Challenges in managing and tracking defect resolution 1-5 3.59+0.98 4.00 71.76%
Difficulty ensuring compliance with standards/specifications 1-5 3.47+1.12 4.00 69.45%
Ineffectiveness in implementing corrective actions 1-5 3.17+1.11 3.00 63.49%
Lack of structured preventive action mechanisms B 3.44+1.03 4.00 68.73%
Gaps in workforce skill level and training 1-5 3.86+0.99 4.00 77.11%
Absence of standardized quality strategies or best practices 1-5 3.48+1.09 4.00 69.52%
Spreadsheets (e.g., Excel) 2-5 4.28+0.86 4.00 85.58%
KPIs Dashboards (Power BI / Tableau) 1-5 3.45+1.21 4.00 68.90%
Generic project software (e.g., MS Project, Primavera) 1-5 3.21+1.40 3.00 64.26%
Document.-sharmg platforms (e.g., SharePoint, Cloud storage, 125 3874118 400 7738%
Google drive, Dropbox)
Enterprise software (e.g., Oracle Unifier, Procore, Aconex) 1-5 2.64+1.50 3.00 52.85%

Quality Planning
Th_ere isa forrgal Quality Management Sys'tetjn with clear'Qu'ahty 1-5 39340 86 400 78.68%
objectives, policy, procedures, and KPIs within the organization
PrOJ.ect Quality Plans are prepared during the planning stage for each 125 3864091 4.00 7713%
project
We use defined quality objectives, performance indicators, and 125 38140.84 400 76.29%
checklists
Stakeholders are involved in the process of quality planning. 1-5 3.49+1.01 4.00 69.70%
Lessons learned from previous / similar projects are used 1-5 3.49+1.06 4.00 69.82%
Rlsk-based th¥nk%ng is applied during quality planning to anticipate 125 3.4940.96 4.00 69.76%
potential quality issues
Quality planpmg includes clear roles, responsibilities, and 125 3.7140.90 4.00 74.22%
communication plans
Quality Assurance
Quality audits are conducted regularly and effectively 1-5 3.86+0.87 4.00 77.13%
Management review meetings are conducted regularly and 1-5 3722093 400 74.30%
effectively
Audit rF:sults are docgmente.d, communicated, and followed up with 15 3.8140.80 4.00 76.29%
corrective or preventive actions
There are procedures to evaluate and con.trol the quality performance 1-5 3.53+1.00 400 70.66%
of contractors, subcontractors, and suppliers
Ther.e are clear internal communication processes for enforcing 15 3.6440.95 4.00 72.89%
quality standards
Top management demonstrates strong commitment to quality 1-5 3.76£0.97 4.00 75.15%
assurance
Quality Control

There are a flow chart and procedures showing the process of quality

- .04=+0. . 729
control such as inspections, NCRs, SORs. -5 4.04+0.87 4.00 80.72%
Regular inspections and testing procedures are followed as per ITP 1-5 3.99+0.73 4.00 79.88%
Non-conformities are identified and corrected in a timely manner 1-5 3.66+0.88 4.00 73.25%
Documentation systems (e.g., NCR logs, SORs, issue logs) are 125 396081 4.00 79.28%
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Table (4-7): Distribution of the study subjects according to Construction Quality Management “CQM”

. Mean
Min- Mean +

Construction Quality Management “CQM” median score

Max ND)

percent
Inspection and test results are reviewed and analyzed to identify
trends and recurring issues
Coordination occurs betwe.en §1te engineers, QA/QC staff, and 125 3.8640.83 4.00 77.13%
contractors to resolve quality issues

Quality Improvement

1-5 3.75+0.84 4.00 75.09%

Quality procedures are reviewed and updated regularly 1-5 3.80+0.88 4.00 75.90%
;l;l;ir; Caitre effective mechanisms for capturing feedback and lessons 125 3.56£0.95 4.00 71.27%

Training programs on quality standards are provided continuously 1-5 3.49+0.99 4.00 69.70%
Corrective and preventive actions (CAPA) are actively implemented
and monitored

Quality performance data is analyzed periodically to identify
improvement opportunities

1-5 3.65+0.81 4.00 72.93%

1-5 3.59+0.93 4.00 71.81%

The table (4-7) presenting the distribution of the study participants according to their
Construction Quality Management “CQM” which were as follows:

o Items related to the importance of quality within the organization, support from top
management, and the effect of organizational culture on CQM practices showed
the highest means, ranging from 4.12 to 4.26 (82.41% - 85.15%)).

» This indicates that participants recognize quality as a core organizational value and
that a supportive culture effectively promotes quality management practices.

e Items regarding ISO 9001 certification recorded a mean of 3.99 (79.76%),
reflecting participants’ acknowledgment of certifications’ role in enhancing project
and organizational success.

o Items addressing difficulties in early defect detection, monitoring defect resolution,
and ensuring compliance with standards showed means ranging from 3.17 to 3.59
(63.49% - 71.76%).

o These values suggest notable challenges in practical implementation of quality
management, especially in CAPA and defect resolution efficiency.

e The most significant challenge was ineffective implementation of corrective
actions (3.17, 63.49%), indicating the need to strengthen follow-up and review
mechanisms.

e Spreadsheet tools (e.g., Excel) recorded the highest mean of 4.28 (85.58%),
reflecting a heavy reliance on traditional tools for quality tracking.

o Use of enterprise software was low (2.64, 52.85%), indicating limited adoption of

integrated digital systems for quality management.
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This suggests a potential gap in digital transformation for modern quality

management systems.

4.2.5a Quality Planning

Items related to quality planning showed high means ranging from 3.49 to 3.93
(69.70% - 78.68%).

This reflects the existence of formal quality management systems, clear objectives,
KPIs, stakeholder involvement, and lessons learned from previous projects.

Items with lowest means were stakeholder involvement and lessons learned (3.49,

~69.7%), showing potential for improving engagement & organizational learning.

4.2.5b Quality Assurance

Means ranged from 3.53 to 3.86 (70.66% - 77.13%), emphasizing regular and
effective audits, management reviews, documentation, and corrective action
follow-up.

The highest mean was for effective audits (3.86, 77.13%), while the lowest was for
evaluating contractor performance (3.53, 70.66%).

This indicates that quality assurance is generally effective, though monitoring of

external parties could be strengthened.

4.2.5¢ Quality Control

Items related to quality control showed high means ranging from 3.66 to 4.04
(73.25% - 80.72%).

The highest mean was for flowcharts and procedures for QC processes (4.04,
80.72%), while lowest was for timely correction of NCRs (3.66, 73.25%).

It reflects effective QC processes, with room to improve speed of issue resolution.

4.2.5d Quality Improvement

Means ranged from 3.49 to 3.80 (69.70% - 75.90%).

The highest mean was for regular review and updating of procedures (3.80,
75.90%), while the lowest was for continuous training programs (3.49, 69.70%).
This indicates a strong focus on quality improvement, though there is a gap in

continuous training to enhance workforce competence.
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4.2.6 Open-ended questions for Part B— CQM Practices background
Table (4-8) below shows the response to Question 14 - used tools for CQM

[Table (4-8) Responses to the Question (Which tool of the above mentioned do you find most effective, and why?)

Responses

Document-sharing platforms -Spreadsheets

Aconex (easer familiar for our engineer)

Al

All are effectively useful

all part of our daily works

Document sharing platforms because it is easily accessible for every eng in our project.

Dropbox cause it has access for everyone

Enterprise software can help in transforming the industry

Excal & KPI & documents platform

Excel & Primavera

excel and power bi are the only avialbe and works good for us to follow up progress of works and make client
reports

Excel and sharepoint allow for easy sharing across multiple teams. Different teams use different enterprise
software so sharing across multiple teams poses difficulties.

First one , becase i somtime used

Generic project software. Because it's essential to build a project Baseline.

In EHSS: Excel, power point, share point

Kpi

Microsoft Excel because everyone knows how to use it

only excel is used to track ncr and sor and to make reports

Oracle ,, the only available in our company

Oracle is ver helpful as it can automate the proceses, help in centlize all the work flows and follow it up from
the management

Power BI helps in present the results of data analysis

Power Bl is excellent tool to resent project data with help from excel

Primavera as it’s integrates timeline, cost and resource, which very beneficial and gives clear picture of where
projects are going.

Primavera, KPI

Primavera, since it provides clear charts that are automatically generated from schedules and progress updates.
Primavera, since it's tracking the progress, and accordingly can track any delay due to quality issues.

Share point : easy access + simple to use

share point helps in keeping the data secure and cna be shared

Shared folder to minimise communication for update

SharePoint site for every project - due to the scaleability to Planner and former Projects MS and all the
Micorsoft dynamics for 365.

SharePoint, because of the integration with MS Office and the sharing permits and limitations for onfidentiality.
Sharepoint, MS Project, PrimaVera

Sharing platforms

Software and excel

Spreadsheets (e.g., Excel). The most effective feature in Microsoft Excel is the PivotTable, because it allows
users to quickly summarize, analyze, and explore large datasets without writing complex formulas. It's
powerful, user-friendly, and ideal for extracting insights from raw data with just a few clicks.

Spreadsheets & KPIs Dashboards

spreadsheets since I can customize it for each project's unique challenges

there is no modern software to otomize the works like Unifier

Unifier, because it’s a good and easy way to share + save data

we only use excel, mangement does not want to pay for new technology

Performance dashboards, unfortunately not utilized

Performance indicator

Collaboration platforms

Aconex system for document management
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Table (4-9) below shows the response to Question 15 (Please describe any specific
challenges faced in implementing or improving quality practices?)

Table (4-9) Responses to the Question (Please describe any specific challenges faced in implementing or
improving quality practices?)

Responses

A key challenge in implementing or improving quality practices is resistance to change, as employees may be
hesitant to adopt new processes. Other challenges include lack of management support, insufficient training,
and unclear quality goals, all of which can hinder the success of quality initiatives.

By focusing on quality assurance, every challenge on site can be faced properly

Challenges related to cohesive quality checks and tracking of the effectiveness of the preventive actions.
Challenges to quality could sometimes be affected because of not having enough time to finish an item, tho we
must have the consultant agree to the new case of change. If it does the purpose and the same function and
delivers the need of the item.

Contractors' higher management refusing to co-operate.

cooperation from all teams

culture

Delay of approvals from client side + stakeholders utilities clashes impact

Having none skilled workers within the team

I suggest to use Oracle it can help in spped the work and minimise paper work waste

Improper communication between team members

it is hard to analysise and combine data from all project

Lack of communication between the team Decisions made individually

lack of follow up and improvement

Lack of knowledge about quality procedures

Lack of required skill among the employees

lack of support from other teams especially construction.

Lacking of training

Learning & education & found the person who certified

Lot of existing utilities on the mainline of storm drainage

Majority of the team don’t understand the importance of the quality and they don’t have the required skills
Management commitment to quality and to invest in new tools that might reduce the gap such as Aconex or
Unifier

management and cost of technology

Mony

NA

Rushed deadlines

Situations of current utilities and lack of as-built data are affecting excavation, installation and backfilling
works

So far nil

Some miss understanding by sites persons, green washing (trying to make data look excellent), no review for
data before submission,

Subcontractor

Subcontractor management

suport from construction manager to quality team

support is needed from other sections to get correct data

the absence of share folder or cloud service to store the data

the human willingness

The need of a defined platform for project managment and CRM for one WSP (refer to Swedish market). My
former background from finance and project management and market manager gives me the question of how
we work with relationship management to expand on going businesses.

the quality of data produced from the team

The weakness of the management and the design institute.

There is no separate quality department in the company, which makes it hard to support the quality culture
because it reports to the execution department. Only one quality engineer is working in the project, which is
not enough because he handles both site and office work. The client asks to finish some lines quickly.

To train unskilled staff to use Qc measures and keep monitoring them to be on track

Too robust procedures, not able to put in place, concentrating in the main ones only.

Train unskilled staff to implement Qc measures and keep monitoring them

Unclear scope for contractors

urging workforce to adhere to quality compliance
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Table (4-9) Responses to the Question (Please describe any specific challenges faced in implementing or
improving quality practices?)

Responses

we dont have support from project manager, he want progress and to save cost. many quality issues come from
consultant because of his mentality

we want to use Al but the company policy does not allow it, we want mangement support to make our job easy
When the client/end user gets involved and have a deadline near to completion of the project, they influence a
lot.

why still use of use of paper based reugest

Wrong specification

Proactive measures and planning for them

Dealing with language differences

Collaboration from the execution team and support from the quality team

General concept of quality management among management and staff, without separating QA and QC concepts
Awareness

General awareness

Some subcontractors are poorly trained — lack of supervision team members for follow-up

Slight delay in management response to correct course

Repetition of the same observations at different sites

Standardization of platforms for procedures, especially with external parties like contractors

Support for the construction team from consultant and contractor is essential to achieve quality goals

Support for the quality department from management and other departments

Contractor refusal under the pretext of an emergency

Cybersecurity challenges in the facility — poor compliance in applying quality tools by some staff
Non-compliance with requirements despite the presence of basic compliance guidelines

Contractor non-compliance with quality

Lack of sufficient training for staff on quality principles and tools leads to ineffective implementation

4.2.7 Responses for Part D — Potential AI applications in CQM practices
The Table (4-10) below presents the distribution of the study participants according to

their perspective of Artificial Intelligence which were as follows:

Table (4-10) Distribution of the study subjects according to Artificial Intelligence

Min- Mean

Artificial Intelligence Mean = SD median

Max score %

Awareness & Readiness

I am interested in learning and using (Al) to enhance practices in my
organization, including quality management

2-5 4.19+0.75 4.00 83.71%

I personally use Al tools such as ChatGPT and similar, to improve
my productivity

1-5 3.83+0.91 4.00 76.53%

[ am familiar with Al technologies (e.g., ML, NLP, CV, IoT) 1-5 3.08+1.04 3.00 61.68%

There are initiatives in Our organization to integrate Al in project
process including quality

1-5 3.18+0.97 3.00 63.61%

Special training on using Al tools is needed for our staff 1-5 4.05+0.96 4.00 80.96%

Staft are competent and open to using Al tools in quality
management

1-5 3.35+0.90 3.00 67.03%

The current system in your organization is ready to be integrated
with Al technology

1-5 3.30+0.88 3.00 66.02%

The integration of Al can positively influence the project’s outcomes
and overall success

1-5 3.80+0.87 4.00 75.90%
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Table (4-10) Distribution of the study subjects according to Artificial Intelligence

Min- M
Artificial Intelligence " Mean =SD median ean
Max score %

Al Utilization

Al tools can be used for generating quality requirements from
historical data

Al Could help automating operations and digitalizing processes to
improve productivity, safety, and quality

1-5 4.03+0.79 4.00 80.60%

1-5 4.05+0.76 4.00 81.08%

Al Integration can help analyze quality data and identify trends and
patterns
Al Could help improve communication and collaboration between

1-5 4.05+0.75 4.00 81.08%

1- .8340. 4. .639
stakeholders on quality issues > 3.83+0.80 00 76.63%

Al supports compliance checking with codes, standards, and projects
specifications

Al-powered dashboards are used for predictive insights during
project execution

1-5 3.99+0.82 4.00 79.88%

1-5 3.81+0.87 4.00 76.24%

Al tools help in detecting errors or defects earlier than traditional
methods, especially if integrated with dashboards
Al Integration help to predict and prevent errors related to humans,

1-5 3.87+0.83 4.00 77.37%

. .. 1-5 3.79+0.84 4.00 75.81%
observations, non-conformities, before they occur

Challenges

Our organization’s top management is committed to exploring and 125 3.5140.88 4.00 70.18%

supporting the use of Al

There .is strong organizational interest in applying Al in all processes 15 3444090 4.00 68.74%
including quality

Implementation cost is a major concern that limits the adoption of Al 1-5 3.56+0.87 4.00 71.26%

Our current systems and tools can be integrated with Al with
minimal adjustments

There is a lack of internal Al-related training programs for staff 1-5 3.78+0.91 4.00 75.57%
We face challenges in collecting and organizing quality-related data
that Al systems can use

There are concerns about the accuracy and reliability of Al-generated
quality insights

Our organization sees Al as a future enabler for improving overall
project delivery

Current CQM workflow can be integrated with Al for better
predictive control

1-5 3.37+0.95 3.00 67.43%

1-5 3.55+0.92 4.00 71.02%

1-5 3.65+0.81 4.00 73.05%

1-5 3.49+0.83 3.00 69.82%

1-5 3.53+0.86 4.00 70.54%

We ar.e .a‘ctively exploring partnerships or solutions to enhance Al L5 3.3740.87 3.00 67.43%
capabilities

Transparency, bias, reliability, accountability, ethical and legal 125 3624081 4.00 72 34%

considerations are biggest concerns for using Al

4.2.7a Awareness & Readiness

o Items related to interest in learning and using Al to enhance organizational
practices, including the need for specialized training, showed high means ranging
from 4.05 to 4.19 (80.96% - 83.71%)).

o Items related to personal use of Al tools, staff competence, readiness of the current

system showed moderate means ranging from 3.30 to 3.83 (66.02% - 76.53%).
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o Items concerning familiarity with advanced technologies such as Machine
Learning (ML), Natural Language Processing (NLP), Internet of Things (IoT), and
organizational initiatives for Al integration showed the lowest means between 3.08

and 3.18 (61.68% - 63.61%).

4.2.7b Al Utilization

e Means for items related to using Al tools for generating quality requirements,
automating operations, analyzing data, and improving communication ranged from
3.79 to 4.05 (75.81% - 81.08%).

o The highest means were observed in automating operations & data analysis (4.05,
81.08%), indicating effective use of Al tools to support operational & analytical
processes.

e The lowest mean was for predicting and preventing human-related errors before
they occur (3.79, 75.81%), reflecting challenges in fully leveraging predictive

integration capabilities.

4.2.7c Al Challenges

o Items related to organizational support, cost, training, data collection, and
reliability of Al insights showed moderate means ranging from 3.37 to 3.78
(67.43% - 75.57%).

o The highest mean was for the lack of internal Al-related training programs (3.78,
75.57%), while the lowest means were related to integration of current systems and
exploring partnerships to enhance Al capabilities (3.37, 67.43%).

o Ethical, legal, transparency, and bias considerations related to Al scored a mean of

3.62 (72.34%).

123




4.2.8 Open-ended questions for Part D — Al applications in CQM
Response to Question 27: Recommendation for developing & implementing Al

solutions for CQM practices

Table (4-11): Responses to the Question (What recommendations would you give for developing and
implementing Al solutions for CQM effectively?)

Responses

Al is already used in othe industry, it must be avaliable for quality and safety

Before the developing we should enhance the quality culture among our project team.

Client should request contractor to show serious implantation for training their staff for Al courses
construction works is still late to use this new technology, contractors still using old tools in site

Currently systems and practices and tools must be updated to be able to integrate with Al tools, and this will
need a lot of management support as I face a lot of resistance to change

Eny kind of possible action for supporting and implementing the development for CQM is highly preferred.
For effective Al implementation in Construction Quality Management (CQM), consider these key
recommendations: 1.

Giving training to the employees

I dont use Al, the manahgent will not support it

I suggested software to do the inspections using mobile app, but I heared alot of rejections! how we can use Al
when we dont have the support of the managers? lot of staff do not know Al technology, they need many
training

I think AI can not work alone, each project has different challenges and Al will not understand that some
solutions are not applicable to all

i think ise of Al will need training and use of new technology

I urge the organizations to start to prepare for Al use, currently the insight is not clear but getting involved will
let the organization be ready for improvement and increase the awareness of the organziaiton and its workforce.
So, to start getting involved with traning, and preparing the infrastructure for Al use is recommended.

improve the current systems to be integrated

improvement in current systems to help ai integrations

Management on top level need to own and manage the implementation of Al to business use.

managemnt suport is required to apply new technology

More awareness needed to explain about Al benefits

N/A

new technology is not easy to use and need training and company to invest

Not relying on Al for everything related to CQM and using traditional methods when necessary.

oracle can make use of Al easy, but it is need support from top management

organization to start training the staff and to start investing in compliance with the infrastructure to adopt Al
tools.

other industry fields are using Al, but in construction it is very late

So far nil

still not everyone use it and need some time to be availabel, only use chatgpt

still we use normal tools on daily works, Al need strong technology

support from mangament to use it across all departments and invest fund to do it

support is required from our top management, i try to make change but alone cannot do it

technology will need alot of support and invesment from mangement

the construction industry is still late in using new technology we still use excel files

the must be intrest from company mangement to use this new technology. I know it can help, but we need more
interview of this new Al

the new technology can be benifit to mange many sites

the use of new technology will need time, money and support from mangement and everyone. and also need to
improve the current system and workflow, we still use excel and only excel!

there is a need to support Al from management and it and other sections

this is complete technology and will be good for young generation

To stat step by step this use case needs infrastructure for data collection from field devices to human data entry
which needs to be designed and implemented first

Training for O&M staff is required

Training should be provided to all the employees in order to know how to use Al effectively

User training, IA implementation verification.

using Al for daily work will require efforts and support from other teams and top management, it is need
money investemt to setup Al systems
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Table (4-11): Responses to the Question (What recommendations would you give for developing and
implementing Al solutions for CQM effectively?)

Responses

we dont have system, only excel. manager want to save money.

we face many issues with underground utilities, company must use technology to scan it maybe if Al can help
we still use excel files for quality work its not modern these tools cannot use Al and the files not updated and
stored in computors not share folder or cloud

we use excel for dalily works, some vertions are not the same and this is make it harder to have good data
quality. the Al system need good data

An assistant tool, not an effective tool for delivering outputs

Using Artificial Intelligence could help in inter-departmental integration and producing more accurate reports
Adoption of specific platforms and training

Training and support

Full support from top management

Difficult to implement in the construction environment due to management mindset focused only on profit
without prioritizing quality and safety

Programs that help organize dates and track delays in real-time

Building a culture of innovation and digital transformation

Employee training

Training all staff in the organization on Al program operations and how to use them

Al technology will require time to be adopted in the construction sector as contractors and consultants find it
difficult to change their working methods

Intensive courses

Anything beneficial

4.2.9 Open-ended response to Question 28: further insights from
respondents

Table (4-12): Responses to the Question (Please share any observations, insights, thoughts or experiences where
Al improved or could have improved project outcomes?)

Responses

Al must be implemented and added for improving project outcomes.

All details should be documented and As built records accuracy is highly required

Analyzing historical data using Al and preparing reports for the routine daily work will improve the overall
project outcomes and will also save time and money

bot safety and quaity in construction need alot of support from mangement and be seperate from construction
team to be able to do its job

construction industry still slow to use new technology

Define Clear Quality Goals 2.

Definitely, Al can participate in improving project outcomes, since Al is capable of collecting real-time data
and analyzing a massive amount of data in a short time, with such ability, we can say Al can contribute to
project outcomes positively.

I tried to use Al but policy of IT cannot use everything. the company must help us use it to make or work faster
and better

In Quality, no, but Al potential to enhance data collection, forecast issues, retrieve historical data, and risk
identification are very obvious.

In this early stage - we would be helped with Al for implement to business use.

it can help integrate the results from all departments

It improved my productivity a lot, so I am sure when integrating with all teams it will bring huge improvements
My staff always kept use Al measures for their job duties

N/A

Same quality issues hapen again, no training for sub contractors. the use of excel make it hard to use chatgpt
the company must spend money in starting new systems

The shortcut to improve the CQM is use Al in the right skills, right place and in the right time.

the use of Al will require help from all departments becuase it can combine the results from all of them, but to
do that mangement must help and give strong support and start act

Time savings in document processes.

Used with BIM for work sequence coordination

Review / Familiarization
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Table (4-12): Responses to the Question (Please share any observations, insights, thoughts or experiences where
Al improved or could have improved project outcomes?)

Responses

Integration with stakeholders is important to leverage intelligence

Support from management, employee training, and Al awareness

Artificial Intelligence does not replace humans but enhances efficiency, accuracy, and speed, supporting teams
in achieving better project outcomes. The main recommendation is to start with simple, measurable
applications and gradually expand based on results

Anything beneficial

Establish clear training plans for employees

4.2.10 Distribution of the study subjects according to Project Outcomes

Table (4-13): Distribution of the study subjects according to Project Outcomes

Min- Mean + Mean score

Project Outcomes
percent

project cost

Quality practices help in controlling project cost overruns by
reducing reworks

Rework due to quality issues increases project costs 1-5 4.14+0.89 4.00 82.77%
Cost-related risks due to poor quality are identified and

1-5 4.10+0.82 4.00 81.92%

o . 1-5 3.73£0.92 4.00 74.61%
mitigated proactively
The prganlzat1on tracks and repc».rts both direct quality costs 125 3.5640.92 4.00 71.14%
and indirect costs related to quality

project schedule

The presence of robust CQM practices can reduce the 2.5 4254061 4.00 34.91%
frequency of rework and schedule overruns
Quality-related delays (é. g, matervlal rejection, repair, 125 3.9140.90 4.00 78.20%
rework) are concerning in our project
Early detection and resolution of quality issues contributes 3.5 42440.62 4.00 84.79%

to avoiding negative schedule disruptions
overall project quality

Robust CQM practices help in improving the overall quality

2-5 4.294+0.62 4.00 85.87%
of works
Few defef:ts are obser'ved during project handover and 15 3.8840.81 4.00 77.60%
included in the snag list
Project outputs comply with specifications and quality 25 4.0140.58 4.00 80.12%
standards
Post-handover claims due to quality defects are minimal, as 125 3814085 4.00 76.14%

issues are addressed before final project handing over
customer satisfaction

CQM practices help to improve the overall quality of work,

. . . . 1-5 4.1940.67 4.00 83.71%
therfore increasing customer satisfaction
ClleI.ItS or end users express satisfaction with delivered 2.5 4.0120.65 4.00 80.12%
quality
Quaht}{ manfdgement improves stakeholder communication 125 3894083 4.00 77 84%
and satisfaction
Customer feedback is regularly collected and used to 125 3.7440.86 4.00 74.73%

improve project delivery and quality performance

Table (4-13) above presents the distribution of the study participants according to their

Project Outcomes which were as follows:
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4.2.10a Project Cost

o Items related to the impact of CQM practices on controlling project costs, reducing
rework, and proactively identifying cost-related quality risks showed means

ranging from 3.56 to 4.14 (71.14% - 82.77%).

o The highest mean was for the item addressing increased costs due to rework caused
by quality issues (4.14, 82.77%), reflecting participants’ awareness of the direct

financial impact of quality.

e The lowest means were tracking & reporting both direct and indirect quality costs

(3.56, 71.14%), indicating a gap in documenting & measuring quality-related costs.

4.2.10b Project Schedule

o Items concerning the effect of quality practices on reducing rework and schedule

overruns showed high means ranging from 3.91 to 4.25 (78.20% - 84.91%)).

o The highest mean was for the item addressing the ability of robust CQM practices
to reduce schedule overruns (4.25, 84.91%).

o Early detection and resolution of quality issues also contributed to minimizing

negative schedule disruptions (4.24, 84.79%).

4.2.10c Overall Project Quality

o Items related to improving overall work quality, compliance with specifications,
and minimizing defects during handover showed means ranging from 3.81 to 4.29

(76.14% - 85.87%).
o The highest mean was for improving overall quality of work (4.29, 85.87%).

o Lowest mean was for minimizing post-handover claims (3.81, 76.14%), suggesting

some issues may still need additional attention before final project delivery.

4.2.10d Customer Satisfaction

o Items related to improving customer satisfaction through quality, stakeholder
communication, and using customer feedback showed means ranging from 3.74 to

4.19 (74.73% - 83.71%).

o The highest mean was for improving overall customer satisfaction through quality

practices (4.19, 83.71%).

e The lowest mean was for collecting and using customer feedback to enhance

project delivery and quality performance (3.74, 74.73%).
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4.2.11 Descriptive Statistics of Variables

Table (4-14) Descriptive Statistics of Independent Variables - CQM

Variables Mean+SD Skewness | Kurtosis Mean score

percent

Quality Planning 3.68+0.68 -0.62 0.37 73.64%

Quality Assurance 3.72+0.70 -0.42 0.05 74.46%

Quality Control 3.88+0.59 -0.89 2.09 77.56%

Quality Improvement 3.61+£0.76 -0.67 0.17 72.19%

Construction Quality Management “CQM” 3.73£0.57 -0.43 0.27 74.55%

Table (4-14) shows Descriptive Statistics of Independent Variables (Construction
Quality Management “CQM?”) the following Quality Planning 3.68+0.68 Mean score
percent 73.64%, Quality Assurance 3.72+0.70 Mean score percent 74.46%, Quality
Control 3.88+0.59 Mean score percent 77.56%, Quality Improvement 3.61+£0.76 Mean
score percent 72.19%, CQM 3.73+0.57 Mean score percent 74.55%.

Table (4-15) Descriptive Statistics of Mediating Variables (Artificial Intelligence)
Variables Mean+SD Skewness Kurtosis Mean score
percent
Awareness & Readiness 3.60+0.53 0.05 0.34 71.93%
Al Utilization 3.93+0.62 -0.74 2.26 78.61%
Challenges 3.53+0.52 0.07 0.72 70.67%
Artificial Intelligence 3.67+0.46 -0.26 0.95 73.38%

Table (4-15) shows Descriptive Statistics of Mediating Variables (Artificial
Intelligence) the following Awareness & Readiness 3.60+0.53 Mean score percent
71.93%, Al Utilization 3.93+0.62 Mean score percent 78.61%, Challenges 3.53+0.52
Mean score percent 70.67%, Al 3.67+0.46 Mean score percent 73.38%.

Table (4-16) Descriptive Statistics of Dependent Variables (Project Outcomes)
Variables Mean+SD Skewness Kurtosis Mgzlrlcsei(:re
Project cost 3.88+0.60 -0.55 0.35 77.58%
Project schedule 4.13+0.50 -0.02 -0.45 82.63%
Overall project quality 4.00+0.49 0.00 0.57 79.93%
Customer satisfaction 3.96+0.57 -0.35 0.45 79.11%
Project Outcomes 3.98+0.43 -0.32 0.74 79.63%

Table (4-16) shows Descriptive Statistics of Dependent Variables (Project Outcomes)
the following project cost 3.88+0.60 Mean score percent 77.58%, project schedule
4.13+0.50 Mean score percent 82.63%, overall project quality 4.00+0.49 Mean score
percent 79.93%, customer satisfaction 3.96+0.57 Mean score percent 79.11%, Project

Outcomes 3.98+0.43 Mean score percent 79.63%.
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4.2.12 Correlation Matrix between Variables (Pearson Correlation)

The Pearson Correlation Coefficient is an important statistical tool for measuring the
linear relationship between two continuous variables, with values ranging from -1 to
+1, indicating the direction and strength of the relationship. A value close to +1
indicates a strong positive relationship, a value close to -1 indicates a strong negative

relationship, while values near 0 reflect the absence of a clear linear relationship.

This coefficient is widely used in social and administrative research to understand the
degree of association between variables before conducting advanced analyses. Its use
requires that the variables be continuous, the relationship approximately linear, the data

roughly normally distributed, and extreme values avoided.

The purpose of the Pearson coefficient is to determine whether a significant relationship
exists between variables and to estimate the amount of shared variance through the
squared value of r (r?). However, the coefficient indicates correlation only, not
causation, and is therefore often used alongside additional analyses such as regression
or structural equation modeling. It is considered an essential preliminary step in
understanding relationships between the study variables and making methodological

decisions in research
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4.2.12a - H1: There is a significant relationship between CQM, Project Outcomes, and
Artificial Intelligence.

Table (4-17) Correlation Matrix between Variables Independent Variables (CQM), Mediating Variables (AI) and Dependent Variables

(Project Outcomes)
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** Correlation is significant at the 0.01 level (2-tailed).

* Correlation is significant at the 0.05 level (2-tailed).

* Pearson correlation test
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The correlation matrix shown in Table (4-16) presents the relationships between
independent variables (Construction Quality Management — CQM), moderating
variables (Artificial Intelligence — Al), and dependent variables (Project Outcomes).
The analysis of the Pearson correlation coefficients (r) and their significance (p-values)

provide insights into the strength & direction of associations among the study variables.

¢ Relationship between CQM dimensions and Artificial Intelligence

The four dimensions of CQM—Quality Planning, Quality Assurance, Quality Control,
and Quality Improvement—show statistically significant positive correlations with Al
(ranging from 0.315 to 0.353, p < 0.01). The composite CQM variable also

demonstrates a stronger positive correlation with Al (r = 0.394, p <0.01).

Interpretation: This indicates that higher levels of CQM practices are associated with
greater awareness, utilization, and integration of Al tools within the organization.

Effective quality management appears to foster the adoption of Al as a supporting tool.

e Relationship between CQM and Project Outcomes

All CQM dimensions are significantly and positively correlated with Project Outcomes,
with coefficients ranging from r=0.453 tor = 0.517 (p < 0.01), while the overall CQM

variable shows a strong correlation with Project Outcomes (r = 0.590, p < 0.01).

Interpretation: Robust CQM practices contribute directly to enhanced project
performance, including cost control, schedule adherence, overall quality, and customer
satisfaction. The strongest association is observed with the overall CQM construct,

highlighting its cumulative effect.
¢ Relationship between AI and Project Outcomes
The mediating variable, Al, also exhibits significant positive correlations with Project

Outcomes (r =0.331 to 0.351, p <0.01).

Interpretation: This suggests that the use of Al tools, awareness, and integration within
project processes positively impact project performance. Although the correlations are
moderate, they support the role of Al as an enhancing factor in achieving better project

outcomes.
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4.2.12b - H2: There is a positive impact of “CQM” on Artificial Intelligence.

To test the main study Hypothesis H2, the researcher used simple linear regression

analysis of the effect of Construction Quality Management “CQM” on Al

Table (4-18) Test of Construction Quality Management “CQM” effect on Al

Sum of Mean
df R) (R2 B
Squares Square ®) (R2)
Regression 1 5.57 5.57 . .
Residual | 165 | 30.21 018 | 0.394 | 0.156 | 2.47 | 032 | 30:397 | 0.000% | 5.513 | 0.000
Total 166 35.78

a. Dependent Variable: Artificial Intelligence
b. Predictors: (Constant), Construction Quality Management “CQM”
*A function at the level of significance less than (0.05)

To test the main study Hypothesis H2, the researcher used Multiple linear regression
analysis of the effect of “CQM” on Artificial Intelligence. The results of the simple
regression analysis presented in the table indicate that CQM has a statistically
significant positive effect on the use of artificial intelligence. The correlation coefficient
(R = 0.394) demonstrates a moderate and positive relationship between the two
variables. Moreover, the coefficient of determination (R*> = 0.156) shows that the
regression model explains 15.6% of the variance in artificial intelligence use among the
participating organizations, which is considered acceptable in social and field studies

where multiple influencing factors are present.

The value of F = 30.397 with a significance level of Sig = 0.000 indicates that the
regression model as a whole is statistically significant, and that the independent variable
(CQM) contributes clearly to explaining the variance in the dependent variable
(artificial intelligence). Additionally, the t-test result for the coefficient (B1 = 0.32),
with t=5.513 and Sig = 0.000, confirms that the effect of CQM on artificial intelligence

is real and statistically significant, rather than occurring by chance.

The coefficient value (B = 2.47) further suggests that an improvement in CQM practices
is associated with increased levels of artificial intelligence use, reflecting the enabling
role of quality management practices in facilitating the effective adoption of Al

technologies.
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In summary, the findings indicate that enhancing CQM practices significantly
contributes to improving the adoption and utilization of artificial intelligence in
engineering projects, supporting the study’s hypothesis and emphasizing the

importance of CQM as an enabler of digital transformation in the construction sector.

4.2.12¢ - Construction Quality Management “CQM” effect on Al

Table (4-19) Test of using Construction Quality Management “CQM?” effect on Artificial Intelligence - Coefficient *

Unstandardized Standardized R R
Coefficients Coefficients ig. ig. ) square
square change
B Std. Error Beta chang
(Constant) 2.878 0.189 15.263 0.000*

1 18.226 0.000* 9.95%

Quality Planning 0.215 0.050 0.315 4.269 0.000* 9.95%
(Constant) 2.701 0.203 13.329 0.000*

2 | Quality Planning 0.121 0.065 0.178 1.856 0.065 11.793 0.000* 12.57% 9.95%
Quality Assurance 0.140 0.063 0.213 2219 0.028* 2.63%
(Constant) 2.420 0.234 10.351 0.000*

Quality Planning 0.057 0.070 0.084 0.816 0.416 9.95%

3 9.855 0.000* 15.35%

Quality Assurance 0.101 0.065 0.154 1.570 0.118 2.63%
Quality Control 0.170 0.074 0.217 2314 0.022* 2.78%
(Constant) 2.430 0.234 10.377 0.000*

Quality Planning 0.044 0.072 0.064 0.613 0.541 9.95%

4 | Quality Assurance 0.091 0.066 0.138 1.382 0.169 7.599 0.000%* 15.80% 2.63%
Quality Control 0.136 0.082 0.174 1.649 0.101 2.78%
Quality 0.059 0.064 0.096 0.925 0.356 0.44%
Improvement

a. Dependent Variable: Artificial Intelligence

*A function at the level of significance less than (0.05)

The Multiple linear regression results presented in table (4-19) provide a
comprehensive assessment of how the different dimensions of CQM contribute to
explaining the variance in the utilization of artificial intelligence (AI). The results reveal
a progressive improvement in model explanatory power as additional CQM dimensions

are introduced, yet with varying levels of statistical significance.

Model 1: Quality Planning

The first model shows that Quality Planning alone explains 9.95% of the variance in
Al utilization (R* = 0.0995). The dimension has a statistically significant positive effect
(B=0.315, t =4.269, Sig = 0.000), indicating that organizations with stronger quality
planning practices are more likely to adopt and utilize Al tools. This result aligns with
the notion that structured planning helps create an environment conducive to digital

transformation.
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Model 2: Adding Quality Assurance

When Quality Assurance is added in Model 2, the explanatory power increases to
12.57%, indicating an incremental change of 2.63%. Quality Assurance shows a
significant effect (3=0.213,t=2.219, Sig =0.028), while the effect of Quality Planning
becomes statistically non-significant (Sig = 0.065). This suggests that formalized
assurance procedures—such as inspections, audits, and compliance protocols play more

direct role in supporting the adoption of Al technologies than initial planning processes.

Model 3: Adding Quality Control

In Model 3, the introduction of Quality Control further enhances explanatory power to
15.35%, representing a notable additional 2.78% contribution. Quality Control emerges
as a significant predictor (B =0.217, t =2.314, Sig = 0.022), suggesting that operational
monitoring and on-site quality verification procedures foster practical opportunities for
Al integration, particularly in areas such as defect detection, automation, and real-time

monitoring.

Model 4: Adding Quality Improvement

Model 4 shows only a slight increase in explanatory power (R* = 15.80%), adding
merely 0.44%. The Quality Improvement dimension does not exhibit a significant effect
(Sig =0.356), and the other dimensions also lose statistical significance. This indicates
that continuous improvement activities may not directly influence Al utilization,
possibly because they involve longer-term strategic refinement rather than operational

processes where Al tools are more commonly applied.

Overall Interpretation

The Multiple linear regression results indicate that the most influential CQM
dimensions in predicting Al utilization are Quality Planning, Quality Assurance, and
most notably Quality Control. These dimensions demonstrate their importance
particularly in the early and mid-stages of model development, before losing

significance upon full model integration.

The findings also highlight that AI adoption is closely linked to operational and

procedural quality mechanisms, particularly those embedded within Quality Assurance
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and Quality Control. Continuous improvement, despite being essential for
organizational development, does not appear to directly stimulate the adoption of Al
tools. The final model explains 15.80% of Al utilization, indicating that while CQM
practices play a meaningful role, Al adoption is also influenced by additional factors

outside the quality management system.

4.2.12d - H3: There is a positive impact of CQM on Project Outcomes.

To test the main study Hypothesis H3, the researcher used simple linear regression

analysis of the effect of CQM on Project Outcomes.

Table (4-20) Test of “CQM” effect on Project Outcomes

Sum of Mean %
Mgt ‘ i Squares Square &) &) &

Regression 1 10.49 10.49
Residual 165 19.63 0.12 0.590 | 0348 | 234 | 044 88.178 0.000* 9.390
Total 166 30.11

a. Dependent Variable: Project Outcomes

b. Predictors: (Constant), Construction Quality Management “CQM”

*A function at the level of significance less than (0.05).

The regression results presented in table (4-20) indicate a strong and statistically
significant effect of Construction Quality Management (CQM) on project outcomes.
The findings show that CQM serves as an important predictive variable that explains a

considerable proportion of the variance in project performance.

The correlation coefficient (R = 0.590) reflects a strong positive relationship between
CQM and project outcomes. Furthermore, the coefficient of determination (R? = 0.348)
shows that 34.8% of the variance in project outcomes can be explained by the level of
implementation of CQM practices. This is a relatively high explanatory power within
management and engineering research and highlights the essential role of quality

practices in enhancing project performance.

The F-test result (F = 88.178, Sig = 0.000) demonstrates that the overall regression
model is statistically significant at a level less than (0.05), confirming the model’s
validity for prediction. Similarly, the regression coefficient (B1 = 0.44) was statistically
significant (T = 9.390, Sig = 0.000), indicating that improving CQM practices leads to
a measurable enhancement in project outcomes, including cost, schedule, quality, and

customer satisfaction.

135




Collectively, these results indicate that enhancing Construction Quality Management is
a key driver for improving project outcomes, and that investing in quality planning,
assurance, control, and continuous improvement directly contributes to reducing

deviations and increasing overall project success.

4.2.12e - Construction Quality Management “CQM” effect on Project Outcomes

Table (4-21) Test of Construction Quality Management “CQM?” effect on Project Outcomes - Coefficient *

(Constant) 2.792 0.156 17.889 | 0.000*
1 _ _ 60.048 | 0.000*% | 26.68%

Quality Planning 0.323 0.042 0.517 7.749 0.000* 26.68%
(Constant) 2.575 0.165 15.634 | 0.000%

2 Quality Planning 0.208 0.053 0.332 3911 0.000* 37.551 | 0.000* | 31.41% | 26.68%

Quality Assurance 0.173 0.051 0.285 3.362 0.001* 4.73%
(Constant) 2.292 0.188 12.168 | 0.000%*

3 Quality Planning 0.143 0.056 0.229 2.532 0.012* 28964 | 0.000% | 34779 |_26-68%

Quality Assurance 0.134 0.052 0.221 2.567 0.011* 4.73%

Quality Control 0.172 0.059 0.239 2.898 0.004* 3.36%
(Constant) 2.298 0.189 12.180 | 0.000%*

Quality Planning 0.133 0.058 0.213 2313 0.022* 26.68%

4 Quality Assurance 0.126 0.053 0.208 2.379 0.019% 21.848 | 0.000* | 35.04% | 4.73%

Quality Control 0.147 0.066 0.205 2216 0.028* 3.36%

Quality Improvement | 0.042 0.051 0.075 0.822 0.412 0.27%

a. Dependent Variable: : Project Outcomes
*A function at the level of significance less than (0.05).

The results of the multiple linear regression analysis presented in Table (4-21) indicate
that the dimensions of Construction Quality Management (CQM) serve as important
explanatory variables that effectively contribute to improving project outcomes. This is
clearly reflected in the gradual increase in the explanatory power of the model with the

addition of each quality dimension.

Model 1: Quality Planning

The results show that including only the Quality Planning dimension explains 26.68%
of the variance in project outcomes, which is a relatively high explanatory level. The
beta coefficient (B = 0.517) was statistically significant at p < 0.05, indicating that
quality planning is the primary driver that positively and directly affects project cost,

schedule, work quality, and customer satisfaction.
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Model 2: Adding Quality Assurance

With the addition of this dimension, the explanatory power of the model increased to
31.41%, with an additional 4.73%. Quality assurance appears to be an additional
supportive and enhancing factor for project outcomes, as conducting regular audits and

effectively managing reviews contributes to overall project performance.

Model 3: Adding Quality Control

When the Quality Control dimension was included, R? increased to 34.77%, with an
additional explanatory contribution of 3.36%. The beta coefficients and statistical
significance indicate that quality control, including inspections, testing, and monitoring
non-conformities, is a critical element for managing execution quality, reducing errors

and defects, and strengthening overall performance.

Model 4: Adding Quality Improvement

This dimension had the least impact among the four dimensions, as it was not
statistically significant (Sig = 0.412) and contributed only 0.27% to the explained
variance. This suggests that continuous improvement efforts may exist but are less
mature or influential compared to the other dimensions, or their effectiveness may

depend on a higher level of quality implementation within organizations.

General Conclusion

Overall, the results indicate that Quality Planning, Quality Assurance, and Quality
Control are key dimensions with significant effects on improving project outcomes,
while Quality Improvement has a weak and statistically insignificant effect. The
gradual increase in R? reflects the strength of the model and its ability to explain a
substantial portion of the variance in project outcomes, emphasizing the strategic value

of implementing an integrated quality management system in construction projects.
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4.2.12f - H4: There is a positive impact of Al on Project Outcomes.

To test the main study Hypothesis H4, the researcher used simple linear regression

analysis of the effect of Al on Project Outcomes as shown below in Table (4-22).

Table (4-22) Test of Artificial Intelligence effect on Project Outcomes

Sum of  Mean

Regression 1 6.20 6.20
Residual | 165 | 23.92 0.15 | 0454 | 0206 | 2.46 | 0.42 | 42.746 | 0.000* | 6.538 | 0.000*

Total 166 | 30.11
a. Dependent Variable: Project Outcomes

b. Predictors: (Constant), Artificial Intelligence

*A function at the level of significance less than (0.05).

The regression results presented in the table indicate that Artificial Intelligence usage
represents an important predictive variable for improving project outcomes. The model
shows a positive and statistically significant relationship between Al and project
outcomes, with a correlation coefficient of (R = 0.454), indicating a moderate to strong

association between Al adoption and better project results.

The coefficient of determination (R? = 0.206) shows that approximately 20.6% of the
variance in project outcomes can be explained by the level of Al adoption. This
highlights that leveraging Al can enhance project efficiency and help achieve objectives

related to cost, schedule, quality, and customer satisfaction.

The F-test (F = 42.746, Sig = 0.000) confirms that the overall regression model is
statistically significant at a level less than 0.05, validating the model’s ability to predict
project outcomes based on Al usage. Similarly, the regression coefficient (B1 = 0.42)
was statistically significant (T = 6.538, Sig = 0.000), indicating that increasing Al

adoption leads to tangible improvements in project performance.

These findings suggest that Al serves as a strategic tool for enhancing project
performance by improving decision-making processes, data analysis, predictive
accuracy, and stakeholder communication, which positively influence various project

outcomes.
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Table (4-23) Test of Artificial Intelligence effect on Project Outcomes - Coefficient *

Unstandardized Standardized

Coefficients Coefficients R square
—————— change
(Constant) 2.961 0214 13.819 | 0.000*
1 23.162 | 0.000% | 12.31%
Awareness & | 5q, 0.059 0.351 4813 | 0.000% ° ol 1231%
Readiness
(Constant) 2.796 0.227 12.295 | 0.000*
2 | Awareness& | ) 0.074 0237 2580 | 0.011% | 13.837 | 0.000% | 1444% | 12.31%
Readiness
Al Utilization | 0.126 0.063 0.185 2.020 | 0.045* 2.13%
(Constant) 2.446 0.235 10.394 | 0.000*
Awareness &
3 Readinass 0.066 0.078 0.082 0849 | 0397 | \shes | g000% | 210306 | 1231%
Al Utilization | 0.077 0.061 0.113 1261 | 0.209 2.13%
Challenges 0.282 0.071 0.343 3.955 | 0.000% 7.49%

a. Dependent Variable: Project Outcomes
*A function at the level of significance less than (0.05).

The results of the hierarchical regression analysis indicate that the dimensions of
Artificial Intelligence (Al) affect project outcomes to varying degrees. Three main
dimensions were examined: Awareness & Readiness, Al Utilization, and Challenges

related to adoption and implementation.

Model 1: Awareness & Readiness

When only the Awareness & Readiness dimension was included, the model explained
12.31% of the variance in project outcomes. The regression coefficient was statistically
significant (f = 0.351, t =4.813, Sig = 0.000), indicating that individual readiness and

awareness of Al are key factors that support overall project performance improvement.

Model 2: Adding AI Utilization

With the addition of the Al Utilization dimension, the explanatory power of the model
increased to 14.44%, with an incremental contribution of 2.13%. Both Awareness &
Readiness and Al Utilization were statistically significant, showing that the actual use
of Al tools complements and enhances the effect of awareness and readiness on

improving project outcomes.

Model 3: Adding Challenges

When the Challenges dimension was added, the explained variance rose to 21.93%,
with a substantial incremental contribution of 7.49%. The regression coefficient for
Challenges was statistically significant (f = 0.343, t = 3.955, Sig = 0.000), indicating

that overcoming organizational and technical obstacles is critical for maximizing the
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effect of Al on project outcomes, as these challenges may limit the ability of individuals

to fully benefit from Al technologies.

General Conclusion

Overall, the results indicate that Awareness & Readiness, Al Utilization, and addressing
Challenges are essential dimensions that collectively influence project outcomes.
The hierarchical model shows that overcoming challenges becomes the most influential
factor after accounting for the other dimensions, emphasizing the importance of
combining training, effective tool use, and obstacle management to achieve maximum

benefits from Al in enhancing project performance.

4.2.12g - H5: The significant impact of CQM on Project Outcomes increases when
moderated with Artificial Intelligence.

Table (4-24) Testing the Moderation Role of Al on the relationship between CQM and project outcomes - Coefficient *

Unstandardized Standardized
Coefficients Coefficients
R square
Std.
B Error Beta
(Constant) 1.754 0.226 7.753 0.000*
I\CA"“S““CU"“ ?“alﬁ/lt{ 0361 | 0.049 0.484 7346 | 0.000%
anagement “CQ 37318 | 0.000% | 0.638 | 40.72%
Arttificial Intelligence 0.239 0.060 0.260 3.966 0.000*
Interaction 0.013 0.024 0.034 0.559 0.577

a. Dependent Variable: Project Outcomes
*A function at the level of significance less than (0.05).

The regression results presented in the table examine the mediating effect of Artificial
Intelligence (AI) on the relationship between Construction Quality Management

(CQM) and Project Outcomes.

The model shows a high explanatory power, with R = 0.638 and R* = 40.72%,
indicating that approximately 41% of the variance in project outcomes can be explained

collectively by CQM and Al

The coefficients for CQM (B = 0.484, t = 7.346, Sig = 0.000) and AI (f = 0.260, t =
3.966, Sig = 0.000) are both statistically significant, suggesting that both effective
construction quality management practices and the application of Al independently

contribute positively to improving project outcomes.
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However, the interaction term (CQM x Al) was not statistically significant (§ = 0.034,
t=0.559, Sig=0.577), indicating that, in this model, Al does not significantly moderate
the relationship between CQM and project outcomes. This suggests that while Al
enhances project performance directly, its presence does not significantly alter the

strength of the effect of CQM on project outcomes.

In summary, the results highlight the strategic importance of implementing robust CQM
practices alongside AI applications to enhance project performance. Al contributes
independently to project success, but in this analysis, it does not serve as a moderating

factor that amplifies the effect of CQM on project outcomes.

4.3 Qualitative Data Analysis

The qualitative phase of this study aimed to complement quantitative survey analysis
and results by examining operational records and governance documents related to
CQM practices from JSWP. While the quantitative analysis identified statistical
relationships between CQM practices, Artificial Intelligence and project outcomes, the

qualitative analysis aimed to explore the operational context behind these relationships.

Specifically, the qualitative investigation aimed to understand how engineers,
managers, and construction teams experience quality process in practice, how quality
issues emerge and evolve during project execution, and how Al technologies may

influence these processes in real world project environment.

Qualitative evidence was derived from multiple complementary sources including
open-ended survey responses, historical quality documentation such as NCR & SOR
logs, issue reports, program records including quality meetings, and client progress
MOMs. The integration of these sources supports triangulation within the convergent
mixed-method research design and provides contextual insights into organizational
behavior, management discipline, and data readiness for Al integration within CQM

practices.
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4.3.1 Data sources and Triangulation approach

Three complementary qualitative sources were used in this study. First, open ended
survey responses were collected: out of 187 wvalid responses included narrative
comments in which participants described their experiences with CQM practices,
highlighting operational challenges, and expressing their perceptions regarding the

potential role of Al in CQM.

Second, operational project records within JSWP were examined. It includes quality
management documentation such as NCRs, SORs, inspection logs, field reports, and
audits findings. These records provide direct evidence of quality issues encountered
during the project’s execution, including types of defects, reoccurring quality issues,

corrective action timelines, and recurring operational challenges.

Third, program governance documents was analyzed, particularly minutes of meetings
from routine quality meetings, client progress meetings, and progress reports. These
meetings serve as a key platform where contractors, consultants, and project
management teams discuss recurring issues, site execution challenges, corrective

actions, and overall program progress.

A hybrid inductive-deductive thematic analysis was performed. Open coding was first
applied to all textual data to identify recurring phrases and contextual patterns. These
initial codes were then grouped into higher-order categories aligned with the theoretical
constructs of Construction Quality Management, quality planning, control, assurance

and improvement, with Al positioned as a moderator factor influencing these processes.

Next Pattern-matching logic was used from predefined list of quality issues derived
from actual site insights, to test whether perceptions expressed in the survey were
supported by evidence from logs and MOMSs. This pattern matching enhances internal
validity through data triangulation by comparing findings across independent

qualitative data sources (Creswell & Plano Clark, 2022).
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4.3.2 Document Corpus and Content Analysis Method

To complement the qualitative evidence obtained from survey responses and projects
logs, a systematic content analysis of program governance documentation was
conducted. The purpose of this analysis was to examine recurring management

discussions within JSWP and identify operational patterns related to CQM practices.

The document corpus consisted primarily of MOMs records collected from the
stormwater program repository. A total of 243 meetings documents were included in
the analysis, covering the period between January 202 1and October 2025. The data set
comprised two primary categories of governance records: quality assurance and control
meeting minutes prepared by the supervision consultant, and client weekly progress
meetings minutes documenting routine program coordination discussions. These
meetings typically involve project managers, contractors, consultants, and client
representatives, and serve as the primary forum for discussing program progress &
schedule issues, operational challenges, coordination requirements, corrective actions,

and operational challenges.

All available documents within this period were included in the analysis to ensure
complete longitudinal coverage of the program lifecycle. As shown in table (4-25) the
extracted textual corpus contained approximately 1.2 million characters of meetings
discussion content, which were subsequently segmented into 11,090 individual
statements suitable for thematic coding and analysis. A detailed explanation of the
document extraction, preprocessing, and thematic coding procedures used in this

analysis is presented in Appendix B.

Table (4-25) Summary of Document Sources and Coding Frequency for Qualitative Analysis

o,
Document source No. of Documents Coded Statements OO
Statements
Client Progress Mgetmg Minutes 169 9.267 83.6 %
(Arabic)
QAQC Meeting Minutes (English) 73 1,645 14.80 %
Survey Results (English) 1 178 1.6 %
Total 243 11,090 100 %
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The results of this thematic analysis provide empirical evidence of the most frequently
discussed quality management challenges within the program and serve as the basis for

the operational themes presented in the following section.

4.3.3 Operational Themes Identified from MOM Analysis

Following the qualitative content analysis described in the previous section, the
extracted statements from the meetings minutes were categorized into operational
themes representing recurring quality management discussions within JSWP. The
thematic coding process resulted in ten operational categories covering different aspects
of CQM practices discussed during program governance meetings. Table (4-26)
summarizes the major operational themes identified through the content analysis

together with their relative frequency within the document corpus.

Table (4-26) Operational Quality Themes Identified in Program Meeting Records
Operational Theme S:::;Ig;g)tf Documents Coverage (%)

Progress & Schedule Issues 3,176 201 83%
Poor Workmanship 1,565 231 95%
Contractor non-compliance 1,354 227 93%
Safety & Environmental Issues 1,330 195 80%
Inspection Failures 1,257 225 93%
Coordination Problems 1,207 207 85%
Delayed Corrective Actions 464 221 91%
Material Approval Delays 388 212 87%
Resource Constraints 218 166 68%
Management Escalation 130 132 54%

Source: Author’s analysis of JSWP meeting minutes

As shown in the table (4-26), two complementary frequency indicators are reported.
Statement frequency represents the total number of coded statements assigned to each
theme across the document corpus, reflecting the intensity of discussion related to that
issue. Document coverage represents the number of distinct meeting records in which

the theme appears, indicating the breadth of the issue across the program.
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Another important observation from the thematic frequency analysis presented in the
table is the exceptionally high prevalence of several themes across the document
corpus. Six of the ten identified themes appear in more than 80% of the analyzed
documents. Such high levels of recurrence are uncommon in qualitative studies and
indicate that the identified issues are not isolated project-specific problems but systemic
program-wide challenges. This pattern reinforces the interpretation that quality risks
within the program are driven by structural governance pressures rather than individual

technical failures.

4.3.4 Al Risk and Escalation Model Findings

To complement the qualitative content analysis of meeting records, a risk and escalation
model was developed to analyze the relationship between early warning indicators and
subsequent quality issues within JSWP. The model utilizes structured issue records
derived from project quality documentation, including NCRs, SORs, together with
warning indicators extracted from program discussions and operational logs.

The dataset used for the model consists of 673 structured issue records and 113
warnings indicators associated with potential quality risks. Each warning type
evaluated to determine whether it subsequently escalated into a formal NCR od SOR
record. This allowed the analysis to quantify the probability that early governance
warnings correspond to actual field level quality issues. Table (4-27) presents the

escalation rates observed for the major warning categories identified in the dataset.

Table (4-27) Escalation Rates of Quality Warning Indicators
Warning Category Escalation Rate
Delayed-related warnings 66.70%
Material-related warnings 58.30%
Inspection-related warnings 48.40%

Overall, the results show that approximately 49.6% of warning signals escalated into
formal NCR or SOR records, indicating a measurable relationship between governance

level warnings and documented quality issues.
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To operationalize the analytical framework developed in this research, the escalation
model outputs and quality datasets were integrated into Quality Intelligence dashboard,
The dashboard consolidates multiple quality performance indicators including
escalation rates, contractor performance metrics, and issue closure trends. These
indicators are visualized through an interactive interface designed to support program
level monitoring of quality risks. Please refer to Appendix C for details on the complete
development lifecycle of the JSWP Quality Intelligence Model, a thesis-grade
analytical framework built to transform fragmented quality assurance logs into

actionable intelligence for program management and academic research.

As shown in Figure (11) the dashboard provides an overall quality performance of the
program through a composite Program Quality Index (QI). The index is calculated
based on several contributing risk components including escalation penalties, overdue
issue penalties, and high-risk warning indicators. Based on the analyzed dataset, the
calculated program-level Quality Index was 45 out of 100, indicating that the program

is considered “at Risk™ quality performance category.

©) PROJECT QI RANKINGS (TOP 10)

i o A
249 142 141 78.9%

Figure (11) Quality Intelligence Dashboard Overview for JSWP Program
Source: Author-developed Quality Intelligence Dashboard based on JSWP quality datasets.

In addition to the composite QI, the dashboard summarizes key operational quality
indicators including the total number of NCRs and SORs issued, the number of open
and overdue issues, and the overall corrective action closure rate. At the time of
analysis, the dataset included 249 NCR records, 421 SOR records, and 142 open quality

issues, of which 141 were overdue, with an overall issue closure rate of 78.90%.
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The dashboard also provides a comparative view of contractor-level quality
performance through the Project Quality Index ranking, allowing project teams to

identify variation in quality performance across different project zones and contractors.

4.3.5 Consolidated Analytical Themes

The operational findings obtained from the qualitative content analysis of meeting
records, together with the results of the Al escalation model and dashboard indicators,
were subsequently synthesized into four higher-level analytical themes. These themes
represent key dimensions influencing the relationship between CQM practices and

project outcomes withing JSSWP.

Theme 1 — Predictive Quality Risk Detection
Respondents consistently highlighted the potential of Al to transform inspection from
a reactive into proactive, predictive system. Phrases such as “Al could warn us before

b 1Y

a defect happen”, “pattern recognition across sites can prevent rework” were found.

Supporting evidence found on NCR logs as it shows repeated issues in excavation and
backfilling activities, related to material approvals and testing on materials stockpiles,
typically identified late in the execution phase. Using the pilot data exported to power
BI, a simple text classification algorithm simulated using n8n agents flagged similar

NCR categories across multiple zones, suggesting the feasibility of predictive controls.

MOMs also reinforced this observation related to materials, in all projects especially
during starting stage, as the contractors were given the instructions and correct practice
to stock the backfilling materials and the required testing as per ITPs. Al agents also
flagged this as potential quality control concern as missing these instructions will result

in materials nonconformity which actually detected and raised as NCR in some projects.

Interpretation: the alignment among survey perception, NCR patterns, and MOM
emphasis confirms strong evidence that Al can act as a predictive enabler in quality
control. The alignment between survey responses, NCR patterns, and MOM

discussions indicates the presence of recurring quality risk patterns within projects.

Theme 2 — Data Governance & Digital Readiness
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Another dominant theme concerned the maturity of data systems feeding Al tools.
Survey participants frequently mentioned fragmented records keeping and inconsistent
inspection and NCR/SOR reporting formats, as well as the extensive use of low-quality
scanned documents that Al cannot process. As example, some responses stated, “we
have many reports but no unified database”. This response highlights a major concern
that Al cannot learn from unorganized and coded readable data. Which is also supported
by responses highlighting the need to have enterprise platforms such as Unifier instead

of only relying on Excel files as most reported.

The analysis of inspection and material logs confirmed this fragmentation as file
naming differed by contractors; NCR categories were manually coded and different
among projects and also missing forms data were common. Audits’ findings also
supported that in most contractors it was found that logs and forms were not updated
(NCR, SOR, etc.). In order to perform proper analysis, the researcher had to clean,
refine and re-code or unify the data used for analysis using the AI Agents, as well as

the logs that were fed into Power BI.

Interpretation: All three data sources converge on the necessity of establishing digital
standardization and data governance frameworks. Without clean, structured and
accessible datasets, AI’s contribution and integration to CQM practices remains
theoretical rather than operational. This concern can be addressed by the presence of
software such as Unifier or Aconex to help transform and unify the data collection
process and also the reporting process derived from this data. This finding reflects the

literature on Al readiness in construction such as Alhumoud et al., 2024.

Theme 3 — Organizational Discipline & Quality Governance

The third theme concerns top management considerations and support for quality and
new technology especially in the construction sector. Respondents’ comments
emphasized that managerial commitment determines the effectiveness of Al
technology, as some comments included “Al cannot replace site and human
inspection”, another said “Al will not replace site follow-up”, while one raised a major

concern “without leadership enforcement, dashboards are only decorations”.
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NCR closure statics confirmed this observation. The researcher developed quality
monitoring dashboard using NCR/SOR logs to track closure through Power BI. The
clear representation of closure time using dashboard helped to flag the closure issues to
Quality Team, where AI model from historical data gave predictions for closers. Audit
findings and MOMs also highlighted the delay in SOR/NCR closures and the need for

proper corrective and preventive actions to prevent reoccurrence of repeated issues.

Interpretation: Al enhances transparency and accountability but cannot substitute
leadership discipline. Its moderating power arises from amplifying managerial

visibility, turning data into useful and insightful management actions.

Theme 4 — Human Capital & AI Adoption Readiness

A recurring pattern observed, related to workforce readiness and generational attitudes
toward Al, during the analysis of demographic questions section A, and Al readiness
and awareness questions on section D of the survey. Younger engineers particularly
those with 0 to 10 years of experience showed higher optimism toward the use of Al
personally and in the construction industry. The open-ended responses also supported
that as they emphasized AI’s ability to “reduce human error/, “speed up inspection”,

“data analysis”, and “decision-making”.

In contrast, several respondents from the older generation (20+ years of experience)
expressed concerns linked to technological disruption, job security, Al cannot replace
human judgment, and organizational resistance. Many of these participants highlighted
fears of “losing control”, “Al bias and reliability”, “dependance on unreliable

technology, and “lack of clear system and training”.

This general divide reinforces the broader theme identified across the dataset: Al is not
solely a technical challenge but a human capital and cultural readiness also. Younger
professionals generally see Al as an enabler, while more experienced professionals

remain cautious or skeptical due to habit, legacy systems, and perceived risks.

Interpretation: Sustainable Al adoption depends on workforce competence and

psychological readiness. The cultural shift from manual CQM practices to data driven
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Al supported practices represents a core moderation channel of Al between CQM and
project outcomes.

Together, these four themes provide qualitative evidence regarding the operational,
technical, and organizational factors influencing the integration of Al within CQM
practices. The themes complement the quantitative findings presented earlier in this
chapter and provide contextual insights into how Al capabilities interact with existing

quality management processes within large infrastructure programs.

4.4 Summary of Results
This chapter presented the empirical findings of the study through the integration of
quantitative and qualitative analysis examining the relationship between Construction

Quality Management, Artificial Intelligence, and project outcomes within JSWP.

The quantitative analysis, based on the survey responses from project professionals,
provided statistical evidence regarding the relationship between CQM practices and
project performance indicators including cost, schedule, quality and stakeholder
satisfaction. The results indicate that effective implementation of CQM practices is
positive associated with improved project outcomes. The statistical analysis also

explored the moderating role of Al technologies in strengthening this relationship.

The qualitative analysis complemented these findings by examining operational project
records and governance documentation. Content analysis of program meeting minutes
revealed recurring operational themes related to contractor non-compliance,
workmanship quality, inspection failures, coordination challenges, and delays in
corrective actions. These themes highlight common quality management challenges

encountered during the implementation of large infrastructure programs.

To further examine the relationship between early warnings indicators and documented
quality issues, a risk and escalation model was developed using structured NCR and
SOR record together with warning indicators extracted from project discussions. The
analysis showed that a significant proportion of warning signals escalated into formal
quality issues, demonstrating a measurable relationship between governance-level and

field-level quality events.
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The analytical framework was further operationalized through the development of a
Quality Intelligence dashboard integrating issue records, escalation indicators, and
contractor performance metrics. The dashboard provided program level visibility of
quality performance indicators including issue closure rates, escalation penalties, and
the composite Program Quality Index.

Finally, the qualitative findings were synthesized into four analytical themes reflecting
key dimensions influencing the integration of Al within CQM practices: predictive
quality risk detection, data governance and digital readiness, organizational discipline

and quality governance, and human capital readiness for adoption of Al.

Together, the results presented in this chapter provide a comprehensive view of the
operational, technological, and organizational factors influencing the implementation
of Al-supported CQM practices within JSWP. These findings from the basis for the
interpretation and discussion of research implications presented in the following

chapter.
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CHAPTER FIVE
RESEARCH CONCLUSION & RECOMMENDATION

5.1 Introduction

This chapter will present a comprehensive synthesis and also critical discussions for the
research findings that was reported in Chapter 4. The chapter will highlight and link the
empirical results to the research objectives, theoretical foundations, and the research
gap. The primary purpose of this research study was to examine the impact of
Construction Quality Management (CQM) practices on Construction Project Outcomes

(CPO) and also explore the moderating role of Al on this within this relationship.

The statical analysis for the survey results revealed and confirmed three findings. First,
CQM practices demonstrated a significant positive effect on project outcomes. Second,
Al exhibited a significant direct effect on project performance. Third, and most
importantly, Al was found to moderate the relationship between CQM and project
outcomes, which strengthen the explanatory power of the used model. The progression
of the explanatory power from R?= 0.348 in baseline model to R*= 0.503 in the
moderate model. This result reflects the amplifying role of Al not only on CQM, but

within broader quality governance system.

5.2 Critical Synthesis of Empirical Findings

The results in chapter four showed the statical analysis of the relationship between
CQM, Arttificial Intelligence, and Project Outcomes. The results confirmed the
existence and structure of the relationship between the variables, but statistical
significance alone does not fully explain the structural dynamics underlying the

performance improvement in mega construction environments.

Accordingly, this section provides important synthesis of the empirical findings by
drawing on the complementary strengths of the mixed-method research approach that
is used in this study. Quantitative evidence derived from descriptive statistics and
structural equations modeling is integrated with the qualitative insights obtained from

the survey responses. This mix of both methods allows for a richer and more nuanced
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interpretation of the governance implications of the results. It also forms a triangulation
of quantitative and qualitative evidence, enhances the robustness of the analysis and

also strengthens the validity of conclusions derived from the study.

The discussion will not only be restating numerical outcomes, but it will also examine
how CQM and Al operate within project governance structures, whether their influence
reflects structural integration or parallel contribution. Also, what the findings imply

regarding digital maturity in large scale infrastructure programs, such as JSWP.

5.2.1 Triangulation of Results

To further examine the convergence between the quantitative statistical findings and
the qualitative thematic analysis, a triangulation matrix was developed following the
joint-display approach recommended in mixed-methods research (Creswell & Plano
Clark, 2018). As shown in Table (5-1) the matrix integrates qualitative themes extracted
from the survey analysis, the analysis of 243 meeting minutes with the quantitative
findings produced by the Al escalation model and issue dataset. This approach enables
a direct comparison between governance discussions, operational quality events, and

statistical escalation patterns, thereby strengthening the construct validity of the study.

Table (5-1) Convergent Mixed-Methods Triangulation Matrix Integrating Survey Results, Governance Records, and Al
Escalation Modeling

Qualitative . Qua.lltatlve Quantitative Al Analytical Escalation
Theme Survey Evidence l%K/}(é)ell\l/[c)e Finding Output Rate Convergence
Progress & . Re?p ondents 3,176 . Al identifies delay
Schedule identify schedule statements Delay warnings warnings as 66.70% Strong
[ssues pressure as a major (83% of dominate hichest-risk sional '
quality risk documents) & &
Poor i?r;,ﬂely ;i:sr]::(ézfreigts 1,565 NCR clusters in Al clusters
Workmanshi gwofkmanshi & statements workmanship general quality 47.70% Strong
p defects p (95%) defects risk patterns
Contractor Survey indicates 1,354 Contractor risk A.I cont.r acto.r risk
contractor . index identifies
non- . statements dominant . . 33-72% Strong
compliance gompllapce as (93%) predictor high-risk
major quality factor contractors
iy L s 1,257 Inspection Al predicts
h;?;ﬁg;n nsp :ﬁ:)lr?irtlogr?rlljs g statements failures escalate escalation 49% Strong
challenge§ (93%) quickly windows
Survey i.deqtiﬁes 1207 Al flags
Coordination goordmatlon st t:arnen s Lower escalation coordination 33 39 Stron
Problems barriers m complex (85%) frequency issues as =0 J
projects ’ operational risk
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The triangulation results demonstrate strong convergence between the three data
sources. Survey responses highlighted several key quality concerns, including schedule
pressure, contractor non-compliance, and workmanship issues. These perceptions align
closely with the themes most frequently discussed in program governance meetings.
For instance, the qualitative theme Progress and Schedule Issues, which appeared in
3,176 coded statements across 83% of the analyzed documents, corresponds directly
with the quantitative finding that delay warnings exhibit the highest escalation
probability (66.7%). Similarly, the theme Poor Workmanship, which appeared in 95%
of the documents, aligns with the widespread occurrence of general quality-related
NCRs within the structured issue dataset. The Al escalation model further confirms
these patterns by quantifying the probability that early governance warnings escalate

into formal quality events.

This convergence between perception-based survey data, operational governance
discussions, and quantitative escalation analysis provides strong evidence supporting
the study’s interpretation of quality risk dynamics in large infrastructure programs.
Moreover, it illustrates how Al-based analytical models can transform dispersed
governance signals into measurable indicators of quality risk, reinforcing the validity

of the mixed-methods findings.

The combined evidence from survey perceptions, governance meeting discussions, and
escalation modeling indicates that many quality risks are visible in project governance
long before they materialize as formal non-conformance events. Artificial intelligence
therefore contributes not by replacing existing quality management systems but by
transforming dispersed operational signals into measurable quality intelligence capable

of supporting earlier intervention.

5.2.2 Operational Evidence from Program Governance Records

In addition to the statistical findings presented in Chapter Four, qualitative evidence
obtained from program governance records provides further insight into how quality
management challenges emerge during project implementation. A longitudinal
thematic analysis of project governance documentation was conducted using 243

meeting records, including 73 QA/QC coordination meetings (during 2025) and 169
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client progress meetings (2021 to 2025). The analysis produced more than 11,000 coded
statements related to quality management practices, offering a detailed view of

operational issues discussed throughout the program lifecycle.

The results revealed recurring operational themes including contractor non-compliance,
poor workmanship, inspection failures, schedule pressure, coordination challenges, and
delayed corrective actions. As illustrated in Table (5-2), several operational quality
risks appeared repeatedly in program governance discussions across multiple meetings
and project zones, indicating that quality challenges were not isolated project level
incidents but recurring operational patterns within the program. These recurring issues
provide important contextual evidence explaining why certain warning signals later
escalated into formal quality events identified in the analytical models presented in

Chapter Four.

Table (5-2) Recurring Quality Issues Identified in Program Governance Meetings

Operational Theme F]r;‘:glelrsl:i};sf Documents Coverage

Poor Workmanship High Appeared in majority of meetings
Contractor non-compliance High Appeared in most project reviews

Inspection Failures High Repeatedly discussed in QA/QC meetings

Schedule Pressure High Frequently linked to quality concerns
Delayed Corrective Actions Moderate Repeated across multiple projects

Source: Inspired by Creswell and Plano Clark (2017, p. 119)

The longitudinal nature of these records provides important context evidence
supporting the quantitative findings. Many of the quality risks identified through
analytical models were already visible in governance discussions before escalating into
formal NCR or SOR. This observation highlighted the role of governance discussions

as an early signal source for quality risks within complex infrastructure projects.

Also, the analysis indicates that the program’s quality management processes were
effective at identifying and documenting issues through inspections, NCRs, and
meeting discussions. However, the persistence of similar issues across multiple years
suggests that these mechanisms functioned primarily as escalation tracking tools rather
than preventive control systems. Corrective actions were frequently discussed but their

frequency were moderate compared to other operational themes. This is why quality
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issues often remained open across successive meetings, indicating limitations in the
system’s ability to eliminate root causes, and apply proper preventive measures. It also
indicates that existing problems are not being closed effectively and reflects the large

number of overdue issues 141 out of 142 open issues.

5.2.3 CQM as Structural Governance Backbone

The empirical findings from the study confirm that CQM constitutes the primary
governance driver influencing Project Outcomes. The overall CQM mean score (3.73)
reflects a moderately high level of institutional quality practices across the sampled
projects. More importantly, the Structural Equation Model (SEM) demonstrated a
strong and statistically significant direct effect of CQM on Project Outcomes (f =
0.451, p < 0.001). This result confirms that structured quality planning, quality
assurance & control, and quality improvement mechanisms remain central to

performance delivery.

The descriptive results indicate that quality culture and top management support
recorded the highest means (above 4.10), which suggests that quality is formally
recognized as a core organizational value. Quality control mechanisms also
demonstrated relatively strong implementation, particularly in inspection processes and
documentation systems. These findings collectively suggest that procedural and

structural components of governance are firmly embedded in the projects examined.

However, the results simultaneously revealed operational imbalances within the quality
system. Corrective and Preventive Action (CAPA) implementation scored the lowest
mean (3.17), which indicates weakness in feedback loops effectiveness, it also reflects
the reoccurring issues highlighted in JSWP quality logs. Furthermore, while
spreadsheets tools showed the highest utilization (mean = 2.64) within the survey
results, the enterprise-level integrated software adoption showed a low mean (2.64).
This pattern of using traditional tools such as spreadsheets suggests a reliance within
the selected projects on fragmented, manual tracking systems rather than integrated

digital governance platforms.
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The structural configuration within the projects reflects what may be described as
procedural maturity without a digital integration maturity. CQM operates as a
compliance-driven governance framework, but its analytical capacity remains
constrained by the limited system integration and data automation. Consequently, as
CQM significantly explains performance variance its influence is primarily rooted in
structured discipline rather than predictive intelligence, that can support CAPA and

reduce the reoccurrence of quality issues.

From a governance perspective, these findings position CQM as the foundational
backbone of project control. It establishes accountability, standardization, and risk
mitigation measures. However, the limitations found in digital infrastructure suggest
that quality governance within JSWP projects remains largely reactive rather than fully
data driven and proactive. This finding highlights a gap between current operational
practices and the preventive orientation emphasized by classical quality theorists, such
as Deming, Juran, and Crosby, whose frameworks advocate for systematic planning,
early detection of quality issues, and continuous improvement as a fundamental

principle of effective quality management.

5.2.4 Al as an Emerging Performance Enabler

5.2.4.1 Empirical Evidence of Al Performance Contribution

Artificial intelligence demonstrated a statistically significant direct effect on Project
Outcomes within the SEM model (B = 0.230, p = 0.001), confirming AI adoption
contributes independently to project performance. The overall Al mean score (3.67)
indicates moderate organizational engagement with Al-related practices. Notably,
interest in learning and using Al tools recorded high values from the survey results
(mean=4.19). Respondents expressed strong belief in AI’s potential to enhance

operational efficiency and data analysis.

Despite this positive orientation, the readiness indicators present a more complex
picture. The system readiness within sample projects for Al integration recorded a low
to moderate mean (3.30), and enterprise software adoption remained low across

projects. Additionally, qualitative responses highlighted recuring themes of
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management resistance, especially in older generations, as well as cost concerns,

limited infrastructure, and inadequate training.

5.2.4.2 Organizational Readiness and Digital Maturity

The descriptive results further indicate that Al utilization is currently concentrated for
analytical and supportive tasks, such as data visualization, automation and document
generation, rather than being embedded within core quality workflows. This level of
utilization of Al technology implies that Al functions as an augmentation tool rather

than a structurally integrated governance mechanism.

The coexistence of high interest and moderate infrastructure readiness reflects what
may be characterized as transitional digital maturity stage. Organizations recognize the
potential of Al but have not yet invested in adopting this promising technology, nor
supported adoption of Al within their quality management systems. As a result, Al
might improve performance directly through efficiency gains and enhanced analysis,

but it does not fundamentally alter the structural dynamics of quality governance.

The interpretation is reinforced by qualitative evidence emphasizing reliance on
spreadsheets, fragmented project data, and limited cross system integration between
departments. Without unified digital architecture, Al applications remain promising
rather than transformative and will not provide the desired cross departmental benefits

and most importantly improving projects predictability and decision making.

5.2.4.3 Escalation Mechanism and Predictive Quality Intelligence

The qualitative evidence also reveals an important operational mechanism linking
governance discussions to field-level quality outcomes. As discussed in early sections
on the analysis of the 243 program governance documents, the results showing several
repeated quality issues including contractor non-compliance, poor workmanship,
inspection failures, and schedule pressure. These recuring issues were repeatedly
discussed across a large number of project meetings, throughout the years, indicating
that quality risks were already visible during meetings discussions long before they

escalated into formal NCR or SOR.
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The AI escalation model developed as part of the Quality Intelligent Dashboard
provides a quantitative representation of this phenomenon. By linking 113 governance
warning indicators with 673 structured quality issue records, the model demonstrates
that substantial proportion of early warning subsequently escalate into documented
quality events. In particular, delay- related warnings showed the highest escalation
probability, highlighting the critical role of schedule pressure as a driver of quality
failures. This observation is consistent with the qualitative thematic analysis of
governance records, where schedule pressure appeared as the most frequently discussed

issue across project meetings.

These findings suggest that meetings discussions functions as an early signal system
for emerging quality risks. When projects experience schedule pressure, contractors
may bypass inspections procedures, or delay corrective actions or proceed with
unapproved materials, which increase the likelihood of quality escalation events. Al-
Based analytical models therefore enable the transformation of these dispersed
governance signals into measurable risk indicators capable of supporting proactive

quality management decisions.

5.2.4.4 Quality Intelligence Dashboard Interpretation

The findings suggest that quality governance in large infrastructure program operates
across three distinct decision layers: technical quality control, operational project
delivery, and strategic program oversight. While each layer addresses different aspects
of project performance, the absence of an integrated analytical framework limits the
ability of decision-makers to identify systemic risk patterns. The proposed QIM
addresses this limitation by integrating data across governance layers, enabling earlier

detection of quality risks and more proactive program-level decision-making.

In addition to that, the analytical insights derived from the escalation model into
practical decision-support capabilities, the developed Quality Intelligence Dashboard
integrates structured issue records, escalation indicators, and contractor performance
metrics. The dashboard consolidates quality data across multiple projects and visualizes
key performance indicators including escalation behavior, overdue corrective actions,

contractor risk rankings, and composite Quality Index.
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The resulting program-level quality score indicates that JSWP currently operates within
an “At Risk” quality performance category, reflecting the cumulative effect of recurring
operational issues identified throughout the analysis. The dashboard therefore functions
as a governance tool that transforms fragmented dispersed project data into a unified
operational picture of program quality performance. By visualizing escalation patterns,
contractor performance variation, and issue closure behavior, the system provides
management teams with earlier visibility of emerging quality risks and supports more

proactive intervention strategies.

Together, the escalation model and the Quality Intelligence dashboard demonstrate how
megaproject governance can evolve using Al-enabled intelligence systems, and how it
can transform governance signals and operational project data into predictive quality

intelligence capable of supporting proactive quality management systems.

5.2.5 Structural Interpretation of SEM Model and Moderation Analysis

The structural Equation Modeling (SEM) analysis provided a comprehensive
assessment of the relationship between CQM, Al, their interaction term, and Project
Outcomes. The SEM results indicated that CQM exerts a strong and statistically
significant positive effect on Project Outcomes (f = 0.451, p < 0.001), confirming that
CQM role as a foundational governance mechanism within mega construction
environment. Al also demonstrated a statistically significant direct effect on Project
Outcomes (f = 0.230, p = 0.001), indicating that Al contributes independently to
performance improvement. However, the interaction between CQM and Al was not
statistically significant within the SEM framework (B =0.017, p = 0.448). Accordingly,
the hypothesis proposing a moderating effect of Al on the relationship between CQM

and Project Outcomes was not supported in the structural model.

It is important to note that earlier, the hierarchical regression analysis suggested a
statistically significant interaction effect. The divergence between the regression-based
moderation result and the SEM outcome warrants methodological clarification.
Hierarchical regression relies on observed composite variables and does not explicitly
account for measurement error. In contrast, SEM models are latent constructs,

incorporates measurement reliability, and simultaneously estimates structural paths
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within an integrated framework. As a result, SEM provides a more conservative and
statistically rigorous assessment of interaction effects in latent variable research. The
absence of significant interaction path in the SEM model therefore represents the more

robust structural conclusion.

The findings suggest that Al functions as a performance enhancer for construction
projects rather than a structural amplifier for quality governance within the sampled
projects. While the results showed that Al independently improves project outcomes, it
does not significantly alter the strength of the relationship between CQM and Project
performance. It also indicates that CQM remains the dominant governance driver, and

Al operates alongside it rather than reshaping its foundational and structural influence.

Additionally, the descriptive and qualitative findings further support this interpretation.
Respondents reported high awareness of Al capabilities and strong belief in its potential
impact and their willingness to discover it in depth. But, organizational digital readiness
or maturity indicators, such as enterprise system integration and infrastructure
adequacy, were comparatively moderate to low. Moreover, qualitative responses
highlighted management resistance, low interest for investments in new technologies,
reliance on traditional tools, lack of enterprise platforms, and limited structural digital
integration. These conditions suggest that Al adoption within the examined projects on

JSWP remains at an augmentation stage rather than a transformational integration stage.

In governance terms, moderation would imply deep structural interdependence between
quality management systems and digital intelligence mechanisms. The absence of
statistically significant interaction effect in the SEM model indicates that such structural
integration has not yet been fully realized in the projects. Instead, Al currently
contributes through parallel influence by some team members as standalone initiatives,
rather than been organizational wise supported through system embedded

amplification.

This pattern has been reported in several projects within JSWP, and it reflects
evolutionary stage of digital maturity in which technological enhanced CQM practices

tools can enhance overall quality performance independently before becoming fully
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integrated within governance architecture. These discovered patterns provide a subtle
understanding of Al adoption in mega construction projects and lay the foundation for

further theoretical advancement that will be discussed further in this chapter.

5.3 Theoretical Contributions and Advancement of Knowledge

This study contributes to the advancement of knowledge related to the intersection of
Construction Quality Management, Artificial Intelligence, and project performance of
mega-projects and large-scale infrastructure programs. While prior research has
examined quality management frameworks and, separately, the application of Al
technologies in construction, limited empirical work has investigated their integrated
structural relationships within a unified analytical model. Building upon the theoretical
foundations discussed in Chapter Two, namely Total Quality Management (TQM), ISO
9001, and the foundational philosophies of Deming, Juran, and Crosby. This study
extends quality theory into a digitally augmented governance context. The findings not
only validate core CQM principles but also provide empirical insight into the evolving

maturity stage between traditional quality systems and emerging Quality 4.0 paradigms.

5.3.1 Contribution to Construction Quality Management Theory

The first theoretical contribution of this study lies in reinforcing and empirically
validating CQM as a systematic governance construct rather than a collection of
isolated procedural activities, that satisfies the compliance requirements. By modeling
CQM as a latent variable composed of quality planning, assurance, control and
improvement, the study confirms that quality management operates as an integrated
governance architecture influencing overall project performance. The significant
positive relationship observed between CQM, and project outcomes further supports
the view that structured QMS remains a key determinant of project performance,
thereby reinforcing the theoretical assumptions established by classical quality

management scholars.

Deming’s PDCA cycle emphasized continuous process control and systematic
improvement. Juran’s quality trilogy structured quality into planning, control and
improvement mechanisms. Crosby’s Zero Defects philosophy advocated prevention

over correction. These foundational theories collectively shaped modern quality

162




systems, particularly ISO 9001 and TQM, as discussed in chapter two. Therefore, the

empirical validation of CQM in this study confirms the following:

e Quality Planning, Control, Assurance, and Improvement operate as an integrated
governance system.
o Structured quality systems remain essential in managing complexity of large-scale
programs such as JSWP.
e Proactive and preventive approaches continue to influence cost, schedule, quality,
and stakeholder satisfaction.
Thus, this research reinforces the enduring theoretical relevance of classical quality

philosophies within contemporary mega-projects settings.

5.3.2 From TQM to Quality 4.0: Empirical Insights

The findings suggest that quality failures in megaprojects are closely linked to
governance-driven schedule pressure rather than isolated technical defects. While
traditional quality management systems focus on detecting defects during construction,
the integration of Al-enabled analytical tools can enhance governance by identifying
systemic risk patterns across operational datasets. This shift from reactive defect
management to predictive risk intelligence represents a key contribution of the

proposed Quality Intelligence Model.

The findings suggest that the sampled projects operate within a transitional stage of
digital maturity. Classical frameworks such as TQM emphasize organizational culture,
leadership commitment, and system wide responsibility. International standards such
as ISO 9001 formalized these principles into documented processes, standardized
procedures, and auditable management systems. However, the emergence of Industry
4.0 technologies introduces new capabilities that extend beyond procedural
compliance. Technologies such as Al, predictive analytics, and digital monitoring
systems enable organizations to detect patterns in operational data, anticipate risks, and
support real-time decision making. But this transition toward industry 4.0 requires
strong foundational governance system, as the empirical results indicate the following:
o Strong direct effect of CQM on outcomes (confirming traditional frameworks).
 Significant direct effect of Al in project performance.

e Limited moderation effect in SEM.
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The empirical result of this study reflects this evolving relationship between traditional
quality management and emerging digital technologies. The quantitative findings
demonstrated a strong direct effect of CQM practices on project outcomes, confirming
the continued relevance of established quality management frameworks. At the same
time, artificial intelligence showed a statistically significant direct contribution to
project performance, indicating that digital technologies can independently enhance
project delivery processes. However, the moderating effect of Al within the structural

equation remained limited.

This pattern suggests that Al currently functions primarily as an enhancer rather than
as a fully embedded systemic moderator within construction quality governance. The
findings therefore align with the emerging Quality 4.0 discourse, which conceptualize
digital technologies as integrated quality enablers that extend traditional management

systems rather than replacing them.

The qualitative findings further support this interpretation. Recurring governance
discussions regarding schedule pressure, contractor non-compliance, and workmanship
deficiencies reveal that many quality risks remain rooted in operational and
organizational factors rather than technological limitations. The escalation analysis
conducted in this research demonstrates that these governance signals can be
transformed into measurable risk indicators through Al-supported analytical models.
When combined with dashboard-based monitoring systems, these models provide
managers with earlier visibility of emerging quality risks. However, the incomplete
moderation observed in this study indicates that full quality 4.0 integration has not yet
matured within examined context. Accordingly, this research positions large-scale
infrastructure programs within a transitional evolution from procedural TQM based

systems toward digitally augmented quality governance.

These observations highlight the need for structured frameworks capable of integrating
traditional quality governance with emerging digital analytical capabilities. In response,
this research proposes future research for the Quality Intelligence Model (QIM) as a
conceptual framework for integrating artificial intelligence into Construction Quality

Management systems.
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5.3.3 Contribution to Artificial Intelligence Research in CQM

The second contribution addresses a critical gap in Al research within construction
management. Existing studies frequently examine Al applications in specific defined
technical domains, such as defect detection, computer vision monitoring, smart sensors,
or drone inspections. While these studies demonstrate the technological capabilities of
Al applications, they rarely position and discuss artificial intelligence within the
broader governance structure of quality management systems. Although Al
technologies have shown the potential to enhance CQM practices, their impact may
remain below the desired level when implemented in the absence of robust quality

governance frameworks capable of guiding their strategic integration.

This study adds in this regard by modelling Al as a system level construct within a
structured equation framework, by examining its relationship with CQM and overall
Project Outcomes. The findings confirm that Al exerts a statistically significant direct
effect on project performance (B = 0.230, p = 0.001), thereby extending Al research
beyond isolated technical applications to performance-level influence.

However, the absence of significant moderating effect in the SEM model results
suggests that Al adoption within the examined context remains additive rather than
structurally transformative. This distinction advances Al scholarship by differentiating
between technological augmentation and systematic governance integration. It
indicates that Al may enhance efficiency and analytical capacity without yet

restructuring the underlying quality governance architecture.

5.3.4 Contribution to Moderation and Digital Integration Literature

Another important methodological perspective is the theoretical contribution in the
empirical examination of Al as a moderating variable within construction quality
governance. While hierarchical regression analysis suggested potential interaction
tendencies between Al and CQM, the Structural Equation Modeling (SEM) analysis
did not confirm a statistically significant moderating effect once latent constructs and

measurement error were accounted for.
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This methodological clarification is considered a contribution as it demonstrates the
importance of using structural modeling techniques when testing moderation in
complex governance systems. The divergence between regression and SEM findings
underscores the necessity of cautious interpretation in digital transformation research.

More importantly, the results also show that Al and CQM currently are operating in
parallel rather than as structured interdepend systems. Moderation implies deep
integration, feedback loops, and embedded predictive governance mechanisms. The
absence of a significant interaction effect indicates that such integration has not yet

been fully realized within JSWP projects.

The finding contributes to digital literature by suggesting that transformation may occur
in stages, rather than structural shift. Al adoption may initially function as an
independent performance enhancer before evolving toward deeper and foundational
integration within governance systems. Accordingly, digital integration in Construction
Quality Management may be conceptualized as a staged process consisting of Stage 0
— Traditional CQM, Stage 1 — Al-enhanced CQM, and Stage 2 — Integrated digital
governance, where Al becomes structurally embedded within quality management
processes. Empirical evidence suggests that the examined projects are positioned near

the Al-enhanced augmentation stage, transitioning between Stage 0 and early Stage 1.

5.3.5 Contribution to Mega-project Governance in the Saudi Context

The fourth contribution relates to the contextual regional scholars. Mega infrastructure
projects present governance challenges distinct from smaller construction environments
due to scale, stakeholder complexity, regulatory oversights, and financial magnitude.
Despite increasing global attention on digital transformation in construction, empirical
evidence from large-scale projects in the Saudi context remains limited. This study
provides statistically validated insights derived from high budget, multi stakeholder
infrastructure program. By examining the interplay between quality governance and
digital adoption in this context, the research contributes regionally grounded empirical

evidence to the broader literature on construction digitalization.

Furthermore, the findings also reveal that while quality governance structures are

relatively mature within these projects, digital integration remains transitional. This
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nuanced understanding contributes to policy and governance discussions within rapidly
developing infrastructure ecosystems, offering academically grounded evidence rather

than technology driven optimism.

5.3.6 Concluding synthesis of theoretical contributions

Overall, the research findings highlight that while classical Construction Quality
Management frameworks continue to provide the structural foundation for quality
governance, the integration of Artificial Intelligence remains at an evolving stage. This
observation underscores the need for further research into governance models capable

of systematically embedding digital intelligence within quality management systems.

5.4 Practical Implications and Evidence-Based Recommendations

The empirical findings of this study provide important practical implications for
governance and management practices within large-scale construction programs. The
results confirmed that CQM remains the dominant structural driver of project
performance, while Al contributes independently as emerging performance enhancer.
However, the absence of statistically significant moderating effect indicates that Al
technologies are not yet structurally embedded within quality governance mechanisms.
The survey results and qualitative responses further revealed organizational challenges
including limited digital infrastructure integration, reliance on spreadsheet-based

tracking tools, and gaps in infrastructure and Al readiness and training for integration.

Based on these insightful findings, several evidence-based recommendations are
proposed below to strengthen governance maturity and enable more effective
integration of digital intelligence within QMS. The recommendations are prioritized
according to governance impact, starting from executive-level interventions and
progressing toward operational and technological improvements. Table (5-3)
summarizes the implementation action plan derived from the empirical findings of this
study and translates the proposed recommendations into structured governance and

operational initiatives.
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5.4.1 Establish Executive-Level Digital Quality Governance

The survey finding confirms that leadership commitments and quality culture were
among the strongest dimensions of CQM. At the same time, qualitative responses show
organizational hesitation toward digital transformation as well as Al integration and
adoption within current systems. This is suggesting that while current quality
governance structure is strong, digital integration has not yet been strategically
established. Senior leaders should therefore establish executive-level digital quality
governance mechanisms that formally integrate Al-supported technology into project
management frameworks, including CQM, and decision-making processes. Such type
of initiative will support the governance and ensure that digital transformation
initiatives align with existing quality management frameworks rather than operating as

isolated technological enhancers.

5.4.2 Integrate AI Analytics within Quality Monitoring Systems

The SEM results demonstrated that there is a statistically significant direct effect of Al
on project outcomes, indicating that digital tools can enhance project performance
through improved information processing and analytical capabilities. However, the
absence of moderating effect suggests that Al tools are not yet fully embedded within
the currents quality governance systems. Therefore, organizations should seek to
integrate Al supported analytical power into quality monitoring platforms, enabling
automated analysis of inspection results, defect patterns, and performance indicators.
This integration would strengthen the analytical capacity of the QMS and support more

proactive decision making by management.

5.4.3 Reduce Reliance on Spreadsheet-Based Quality Tracking

Survey findings also revealed extensive reliance on spreadsheets for tracking quality-
related information, while enterprise-level digital platforms such as Aconex were rarely
used. Although spreadsheets offer operational flexibility, limit system integration and
reduce the effectiveness of data-driven platforms that unify and organize the forms and
copies of used practices. Organization should transition toward integrated digital
platforms that centralize inspection logs, non-conformance reports, and quality
performance metrics within unified databases. Such systems would enable real-time
monitoring and improve transparency across project teams.
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5.4.4 Strengthening Data-Driven Corrective and Preventive Processes

The descriptive results indicate that comparatively lower scores for corrective and
preventive action (CAPA) processes compared with other CQM dimensions. It suggests
that issues are detected through inspections, and systematic learning from recurring
quality issues is not established. Construction organizations, especially contractors,
should strengthen CAPA process through digital root-cause analysis tools that are
capable of identifying and flagging recuring defect patterns and linking them to
preventive strategies. Enhancing analytical feedback loops will support a shift from

reactive correction of issues toward predictive quality management.

5.4.5 Develop AI Competencies Among Project Professionals

Survey responses showed strong interest among participants, especially younger
generations, in learning Al tools but limited level of infrastructure readiness and formal
training. This gap indicates that technology adoption must be supported by professional
training and capability development. Organizations should therefore introduce
structured training programs that equip quality and project teams and project managers
with skills in data analytics, Al-supported reporting tools, and digital site inspection
systems. At the same time, organizations must strengthen awareness of cybersecurity,
data privacy, and data governance frameworks. The increasing use of Al-driven
systems requires responsible management of project data, protection of digital
infrastructure, and clear governance policies for data access and usage. Developing
these competencies will enable quality professionals to effectively and securely utilize

emerging digital technologies within their daily workflows.

5.4.6 Establish Standardized Data Architecture & Governance for
Integrated Project Data

Fragmented data structures and inconsistent data gathering and reporting formats,
especially using spreadsheets, were identified from responses as barriers to digital
integration. Without standardized data architecture, the effectiveness of Al-supported
analytics remains limited. Beyond improving quality reporting, a standardized data
structure enables the integration of information across multiple projects disciplines,
allowing organizations to combine data related quality, safety, schedule performance,

and cost.
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This cross-disciplinary integration strengthens the analytical power of digital systems
by enabling the identification of relationships between site delays, safety incidents,
quality issues, and their overall impact on project performance. Establishing unified
data governance frameworks will therefore facilitate future digital integration and
support more reliable and comprehensive performance monitoring. By enabling
integrated and high-quality datasets across project disciplines, such data architecture
may also enhance the potential moderating capacity of Artificial Intelligence within

Construction Quality Management systems.
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Table (5-3) Evidence-Based Action Plan for Enhancing Al-Integrated Construction Quality Management

No Research Result Recommendation Implementation Approach Time Required Resources Responsible Expected Outcome /
(Chapter 4 Evidence) (How to Do It) Frame q Entity Success Indicator
Strong positive impact of Form a digital qugllty . .
: . . . governance committee Digital quality
leadership commitment and Establish Executive-Level S . Governance .
wality culture on project Digital Quality within program leadership; framework Executive governance structure
d o : incorporate Al-supported 6-9 . Management / formally established and
1 outcomes; qualitative Governance to guide Al s documentation, Al . .
i . . : o . dashboards and digital months Program Steering Al-based quality reports
responses indicate uncertainty integration within quality e . dashboards, . . .
. performance indicators into . Committee integrated into program
toward Al adoption at management systems. . . . leadership workshops . .
executive quality review review meetings.
management level. .
meetings.
.Survey T 1nd1cat§ strong 'Irpple.m.e.n t _structured_ Training programs, Increased Al literacy
interest among professionals in training initiatives covering .. . .
. Develop Al competency .. . digital learning Human Resources | among project teams and
learning AT tools but moderate - Al tools, digital reporting 6-9 . . -
2 . programs for project and : platforms, external / Quality / and IT improved ability to use
levels of infrastructure . : platforms, and data analytics months . . . .
. . quality professionals. . . trainers or Al Department digital tools in quality
readiness and training for quality engineers and . L
. . specialists monitoring.
opportunities. project managers.
Deploy Al-supported
SEM results show a significant analytics tools to analyze Al analytics . Al-generated insights are
. . _ . . . PMO / Quality . . .
direct effect of Al on project Integrate Al analytics into inspection results, defect 6-12 platforms, integrated Management incorporated into routine
3 outcomes, but no moderating quality monitoring and patterns, and quality reporting systems, & quality performance
X X . . o months Department / IT . .
integration with CQM reporting systems. performance indicators; data management monitoring and reporting
.. s Department
processes. embed Al insights within tools processes.
project performance reports.
Gradually migrate ; o ;
Survey findings show heavy inspection logs, NCR Enterprise software Cenimisd dlgial quelity
. Reduce spreadsheet trackine. and qualit IT Department / tracking system
reliance on spreadsheets for & el GGy systems, system . . .
. . . dependency through documentation into 9-12 . . Digital operational and reduction
4 el (i< 6 el integrated digital quali i ioi months Integration support, Transformation in manual spreadsheet-
low use of integrated enterprise mar%a emeng lati”lorm;y centralized digital platforms database Unit based r ep ortin
software systems. & p : integrated with project infrastructure porting
management systems. processes.
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Source: developed by the author

inspection, reporting, and

performance systems.

database
infrastructure

No Research Result (Chapter 4 Recommendation Implementation Approach Time Required Resources Responsible Expected Outcome /
: Evidence) (How to Do It) Frame q Entity Success Indicator
Lower mean scores for LE5 B CIE 2SN G Improved monitoring of
. . Strengthen data-driven databases and apply NCR database Quality Assurance prot ttorng
Corrective and Preventive . o . . . . recurring quality issues
. CAPA mechanisms within analytics tools to identify 12-16 systems, data and Quality . .
5 Action (CAPA) processes . . . and implementation of
. quality management recurring defects, root months analytics software, Control . .
compared with other CQM . .7 preventive corrective
: g systems. causes, and preventive training programs Departments . :
dimensions. g action strategies.
strategies.
Develop unified data
Frag_rnente_d data systems and Establish standardized starlldayds, cent_ral_lze.d Data governance Standardized projects
inconsistent reporting . repositories for disciplines framework, IT
AR data architecture for and . b 12-24 . . IT Governance
6 structures limit digital data, and integration integration tools,
. . . Governance for Integrated . months
integration and effective Al . protocols connecting
e Project Data.
utilization.

Team / PMO

data structure enabling
reliable digital analytics
and future Al integration.
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While the recommendations presented in this section aim to strengthen the practical
integration of Artificial Intelligence within Construction Quality Management systems,
they also highlight several areas that require further academic investigation. In
particular, the findings of this study suggest that the digital transformation of quality
governance remains an evolving process, with important questions regarding data
integration, organizational readiness, and governance frameworks still requiring deeper
exploration. These observations provide a foundation for identifying several directions

for future research in the field of Al-enabled construction quality management.

5.5 Future Research Directions

Based on the findings, limitations, and practical implications identified in this study,
several research opportunities emerge that may contribute to advancing knowledge in
Al enabled CQM systems. The results of this study suggest that the integration of Al
within construction quality governance may evolve through progressive strategies

rather than occurring as an immediate structural transformation.

Conceptually, this evolution may be understood through three stages of digital maturity
as discussed in section 5.5.6. Stage 0 represents Traditional CQM, where governance
relies primarily on conventional procedural frameworks and manual reporting systems.
Stage 1 reflects Al-enhanced CQM, where artificial intelligence tools support analytics,
monitoring, and decision-making but remain largely external to governance structures.
Step 2 represents Integrated Digital Quality Governance, where Al becomes
structurally embedded within quality management processes and may exert a

moderating influence on project outcomes.

The empirical evidence of this study suggests that the examined projects are currently
positioned within the Al-enhanced stage of digital maturity and transitioning toward
Stage one. This observation highlights several research opportunities related to digital
governance, organizational readiness, and the development of integrated frameworks

capable of embedding Al within QMSs.
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5.5.1 Longitudinal Studies of Al integration in CQM

The present study adopted a mixed method research design, that captured the
relationship between CQM and Al, and Project outcomes at a specific point of time
within JSWP. However, the integration of digital technologies within construction
governance systems is a dynamic process that evolves throughout the lifecycle of
projects and organizations. Future research may therefore employ longitudinal research
designs to examine how the integration of Al within CQM systems develops over time.
Such studies could provide deeper understanding and insight into whether the
moderating influence of Al becomes stronger as organizations improve digital

infrastructure, data integration, and governance maturity.

5.5.2 Comparative Studies Across Project Types & Organizational Context
This research focused primarily on large-scale infrastructure projects, which typically
involve complex governance structures, multiple stakeholders, and significant
technological resources. Future research could extend the analysis to different types of
construction projects, including residential, industrial, and smaller scale projects.
Comparative studies across project types, geographic regions, and organizational
structures may help determine whether the relationship among CQM, Al and project
outcomes may depend on project complexity, organizational maturity, or digital

readiness.

5.5.3 Cross-Disciplinary Data Integration and Project Intelligence

Another promising direction for future research involves exploring integrated data
architectures capable of combining information across multiple project disciplines.
While quality management data provides valuable insights, combining data related to
safety, schedule delays, productivity metrics, and cost controls may significantly
enhance the analytical capabilities of digital systems. Future research may therefore
investigate how integrated project data ecosystems can support cross-disciplinary
analytics and enable Al systems to identify complex relationships among operational

variables that can influence project performance.
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5.5.4 Cybersecurity, Data Privacy, Digital Governance in Al driven QMS
As construction organizations increasingly adopt digital platforms and Al-supported
analytics, issues related to cybersecurity, data privacy, and digital governance become
increasingly important. Future research should examine governance frameworks
capable of ensuring the responsible management and protection of project data.
Investigating policies for secure data sharing, ethical AI use, and digital risk
management may contribute to the development of more resilient and trustworthy Al-

enabled QMSs.

5.5.5 Organizational Readiness & Capability Development for AI Adoption
Survey respondents in this study indicated a strong interest from project professionals
in utilizing Al tools, while infrastructure readiness and formal training levels still
remained low. Future research may therefore explore organizational readiness factors
that influence successful Al adoption in construction management environments.
Investigating leadership commitment, workforce capabilities, digital culture, and
change management strategies could provide valuable insight into how organizations

can effectively transition toward Al-supported quality governance.

5.5.6 Development and Empirical Testing for the Quality Intelligence
Model (QIM)

Building on the empirical insights of this study, future research may explore integrated
governance frameworks that embed Al within CQM systems. One potential direction
involves conceptual development and empirical testing of the QIM. The concept of this
model is introduced as a potential framework for integrating Al-enabled analytics with
traditional quality management processes during the early stages of project planning
and implementation. During this early-stage governance structures, quality strategies,

project high level objectives, and risk management strategies are initiated.

By aligning Al capabilities with core CQM functions such as quality planning and
requirements, the QIM framework aims to support predictive analytics, intelligent risk
detection, and data driven decision making throughout the lifecycle of the projects.
Future empirical studies may test and validate the QIM framework through case studies,

pilot implementation, or comparative analysis across projects with varying levels of
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digital maturity in order to assess its potential contribution to the evolution of digitally

augmented quality governance systems.

5.6 Limitations of the Study
While this study provides important empirical insights into the relationship between
CQM, Al and Projects Outcomes, in large scale infrastructure projects, several

limitations should be acknowledged when interpreting the findings.

First, the study employed a mixed method research design where data collected at a
single point in time. Although this approach is common in organizational and project
management research, it limits the ability to observe longitudinal changes in digital
maturity and quality governance practices. The adoption and integration of artificial
intelligence within CQM is an evolving phenomenon, and longitudinal studies could
provide deeper understanding into how AI integration influences quantitative

governance over different project phases.

Second, the research relied on survey-based responses obtained from project
professionals involved in large infrastructure programs. While the sample included
experienced participants from various roles and organizations, but survey data
inherently dependent on respondents’ perceptions and self-reported assessments of
organizational practices. Also, measures were taken to ensure reliability and validity of

constructs perceptual bias cannot be completely eliminated.

Third, although a total of 167 survey responses were collected, the number of responses
that met the data screening criteria for statistical analysis ranged between approximately
130 and 140 valid observations. While this sample size is considered adequate for
Structural Equation Modeling in management research, broader samples across
multiple infrastructure programs and geographic context could enhance the

generalization of the findings.

Fourth, the study focused primarily on large scale infrastructure projects in a specific
regional context, Jeddah. Large scale infrastructure programs differ from smaller

construction projects in governance structure, stakeholder complexity, and
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technological capacity. Consequently, the findings may not be directly generalized to
small and medium-sized construction environments without further empirical

validation.

Finally, the study examined Al as an emerging organizational capability within CQM
systems. Given the relatively early stage of Al adoption across many construction
organizations, the operational maturity of digital tools varies significantly among
projects. As a result, the moderating role of Al within quality governance structures
may evolve as organizations continue to develop digital infrastructure and analytical

capabilities.

Despite these limitations, the study provides valuable empirical evidence regarding the
evolving relationship between traditional quality management frameworks and

emerging digital technologies in mega construction environments.

5.7 Chapter Summary and Concluding Remarks

This chapter presented a comprehensive discussion of the empirical findings of the
study and examined their implications for CQM theory, artificial intelligence adoption,
and governance practices in large infrastructure projects. The analysis confirmed that
CQM remains a fundamental determinant of project performance, reinforcing the
continued relevance of classical quality management principles derived from TQM,

ISO systems, and foundational philosophies of quality gurus.

The empirical results showed that Al also contributes positively to project outcomes,
indicating that digital technologies can enhance analytical capabilities and decision
support processes within construction management environments. The findings also
demonstrate how artificial intelligence can augment traditional CQM practices by
converting dispersed operational data into predictive quality intelligence, supporting
more proactive governance in complex infrastructure projects. However, the structural
analysis reveals that Al does not yet significantly moderate the relationship between
CQM and Project Outcomes. These findings suggest that digital technologies are
currently functioning primarily as supportive analytical tools rather than as a fully

embedded governance mechanism within QMS.
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This discussion of findings highlighted a transitional stage in the evolution of quality
governance within infrastructure programs. While traditional quality management
frameworks remain structurally strong, the integration of advanced digital technologies
is still developing. This observation aligns with emerging discussions in the literature
concerning the transition toward Quality 4.0, where data driven technologies, augment

established quality CQM practices.

Building on these insights, the chapter presented theoretical contributions that extend
existing knowledge in CQM and Al research. Practical implications were also outlined
in the form of evidence-based recommendations aimed at strengthening governance
structures, enhancing digital infrastructure integration, and developing organizational

capabilities for Al-supported quality management.

Finally, the chapter introduced future research direction emphasizing the need to
explore integrated frameworks that embed AI within QMS. In this context, the concept
of the Quality Intelligence Model (QIM) was proposed as a potential research
framework for examining how Al-enabled analytics can support predictive quality
management and data driven decision-making in complex infrastructure projects.
Further empirical investigations of such frameworks may contribute to the evolution of

CQM from procedural governance toward intelligent, digitally augmented systems.
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Appendix A - Questionnaire

Exploring the Moderating Role of Artificial Intelligence

This questionnaire aims to understand Construction Quality Management (CQM) practices and
changes, as well as the potential for utilizing artificial intelligence (Al) tools effectively to
enhance various aspects of project quality management and their impact on project outcomes.

Your insights will help us identify current challenges and potential solutions for integrating Al in
this crucial domain.

By: Eng. Ismail Hasan Ujaimi

PhD Candidate in Quality Management at Midocean University

Part A: Project Management Background & Experience
1. What is your role in the company?
O Director or Higher

O senior Manager

(O Manager

O senior Engineer
O Engineer

O Inspector



* 2. What is your department?

O Management
(O Construction
O Quality

O HsE

(O Planing / Cost control

(O Technical

(O other

* 3. What is the role of your organization in the project?

O Client
O PMO/PMC
(O Supervision Consultant

(O Contractor / Sub-Contractor

O supplier

* 4. How many years of experience do you have?

O 0 -5 Years
Q 6 -10 Years
O 11-15 Years
()16 - 20 Years

(O More than 20 years

* 5. What is your highest level of Education?

O PhD

(O Masters

O Bachelor

O Diploma



* 6. What is the scale of the project based on the budget?
(based on MOMRA classification)

O Small < SR 50 million
(O Meduim SR 50 - 200 million

O Big > SR 200 million

*7. What is the scale and complexity of the project team

(O Small team (Less than 50 members)
O Meduim team (50-150 members)
O Large team (150+ members)

O Large multinational team (150+ members)

8. Did you acquire any of the following certificates? (chose all that applies)

(] pPmpP

[ ] rRMP

(] Prince

[ ] 1S0 Lead Auditor

[ ] Lean Six Sigma

[ ] certified Manager of Quality

(] other (please specify)

9. If working on the Jeddah stormwater program please include the project name for
analysis purposes?

*10. What isyour gender?

O Male

O Female



Exploring the Moderating Role of Artificial Intelligence

Part B1: Construction Quality Management “CQM” Practices Background:

Please indicate your level of agreement with the following statements (1 = Strongly Disagree, 5 = Strongly

Agree)

*11. Construction Quality Management “CQM” Practices Background

Quality is considered a core value within my
organization and supported by higher management

Organizations” Quality cultural patterns, like rituals,
beliefs, values, and everyday procedures, directly or
indirectly affect CQM practice?

ISO 9001 certification among stakeholders positively
contributes to orgnasational and projects sucess

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree  Agree

o O O O O

o O O O O

o O O O O

*12. We are facing the following challenges in maintaining quality across the current

projects?

Difficulty in identifying quality defects at early stages
Challenges in managing and tracking defect resolution

Difficulty ensuring compliance with
standards/specifications

Ineffectiveness in implementing corrective actions
Lack of structured preventive action mechanisms
Gaps in workforce skill level and training

Absence of standardized quality strategies or best
practices

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree Agree

O OO0 O OO0
O OO0 O OO0
O OO0 O OO0
O OO0 O OO0
O OO0 O OO0



*13. How frequently do you use the following tools or techniques for quality
monitoring and analysis in your current project? Please rate based on your current

project experience

Not
used

Spreadsheets (e.g., Excel) O

KPIs Dashboards (Power Bl / Tableau) O

Generic project software (e.g., MS Project, O

Primavera)

Document-sharing platforms (e.g., SharePoint, Cloud O

storage, Google drive, Dropbox)

Enterprise software (e.g., Oracle Unifier, Procore, O

Aconex)

Rarely Sometimes Frequently Always

used

O

O
O
O
O

used

O

O
O
O
O

used

O

O
O
O
O

14. Which tool of the above mentioned do you find most effective, and why?

used

O

O
O
O
O

15. Please describe any specific challenges faced in implementing or improving quality

practices?

Exploring the Moderating Role of Artificial Intelligence

Part B2: Dimensions of Construction Quality Management practices (Quality Planing - Quality

Assurance - Quality Control - Quality Improvement)

Please indicate your level of agreement with the following statements (1 = Strongly Disagree, 5

= Strongly Agree)



*16. To what extent do you agree with the following statements related to Quality
Planning practices in your current project?

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree Agree
There is a formal Quality Management System with

clear Quality objectives, policy, procedures, and KPIs O O O O O
within the organization

Project Quality Plans are prepared during the planning
stage for each project

We use defined quality objectives, performance
indicators, and checklists

Stakeholders are involved in the process of quality
planning.

Lessons learned from previous / similar projects are
used

Risk-based thinking is applied during quality planning
to anticipate potential quality issues

Quality planning includes clear roles, responsibilities,
and communication plans

O O O O O O
O O O O O O
O O O O O O
O O O O O O
O O O O O O

*17. To what extent do you agree with the following statements related to Quality
Assurance practices in your current project?

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree Agree

Quality audits are conducted regularly and effectively O O O O O

Management review meetings are conducted regularly
and effectively

Audit results are documented, communicated, and
followed up with corrective or preventive actions

There are procedures to evaluate and control the
quality performance of contractors, subcontractors,
and suppliers

There are clear internal communication processes for
enforcing quality standards

Top management demonstrates strong commitment to
quality assurance

O o O O O
O O O O O
O O O O O
O O O O O
O o O O O



*18. To what extent do you agree with the following statements related to Quality

Control practices in your current project?

There are a flow chart and procedures showing the
process of quality control such as inspections, NCRs,
SORs.

Regular inspections and testing procedures are
followed as per ITP

Non-conformities are identified and corrected in a
timely manner

Documentation systems (e.g., NCR logs, SORs, issue
logs) are consistently used to track quality issues

Inspection and test results are reviewed and analyzed
to identify trends and recurring issues

Coordination occurs between site engineers, QA/QC
staff, and contractors to resolve quality issues

Strongly

Disagree Disagree

O

O O O O O

O

O O O O O

Neutral
/ Not
sure

O

O O O O O

Agree

O

O O O O O

Strongly
Agree

O

O O O O O

*19. To what extent do you agree with the following statements related to Quality

Improvement practices in your current project?

Quality procedures are reviewed and updated regularly

There are effective mechanisms for capturing feedback
and lessons learned

Training programs on quality standards are provided
continuously

Corrective and preventive actions (CAPA) are actively
implemented and monitored

Quality performance data is analyzed periodically to
identify improvement opportunities

Strongly

Disagree Disagree

O

O O O O

O

O O O O

Neutral
/ Not
sure

O

O O O O

Agree

O

O O O O

Strongly
Agree

O

O O O O



Exploring the Moderating Role of Artificial Intelligence

Part C: Project Outcomes (Time-Cost-Quality-Customer satisfaction) and Perceived Impact of

CQOM Practices

Please indicate your level of agreement with the following statements regarding how current
quality management practices have influenced project outcomes (1 = Strongly Disagree, 5 =

Strongly Agree)

*20. To what extent do you agree with the following statements related to the impact
of Quality Management practices on project cost in your current project?

Quality practices help in controlling project cost

overruns by reducing reworks

Rework due to quality issues increases project costs

Cost-related risks due to poor quality are identified and

mitigated proactively

The organization tracks and reports both direct quality
costs and indirect costs related to quality

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree  Agree

o O O O O
o O O O O
o O O O O
o O O O O

* 21. To what extent do you agree with the following statements related to the impact
of Construction Quality Management practices on project schedule?

The presence of robust CQM practices can reduce the
frequency of rework and schedule overruns

Quality-related delays (e.g., material rejection, repair,

rework) are concerning in our project

Early detection and resolution of quality issues
contributes to avoiding negative schedule disruptions

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree  Agree

o O O O O
o O O O O
o O O O O



*22. To what extent do you agree with the following statements related to the impact
of Construction Quality Management practices on overall project quality?

Strongly

Disagree Disagree

Robust CQM practices help in improving the overall O
quality of works

Few defects are observed during project handover and
included in the snag list

standards

Post-handover claims due to quality defects are
minimal, as issues are addressed before final project
handing over

O
Project outputs comply with specifications and quality O
O

O

O
O
O

Neutral
/ Not
sure

O

O
O
O

Agree

O

O
O
O

Strongly
Agree

O

O
O
O

* 23. To what extent do you agree with the following statements related to customer

satisfaction in your current project?

Strongly

Disagree Disagree

CQOM practices help to improve the overall quality of O
work, therfore increasing customer satisfaction

Clients or end users express satisfaction with delivered
quality

Quality management improves stakeholder
communication and satisfaction

Customer feedback is regularly collected and used to
improve project delivery and quality performance

O O O

O

O
O
O

Neutral
/ Not
sure

O

O
O
O

Agree

O

O
O
O

Strongly
Agree

O

O
O
O

Exploring the Moderating Role of Artificial Intelligence



Part D: Potential Al Applications in Construction Quality Management Practices

Please indicate your level of agreement with the following statements (1 = Strongly Disagree, 5

= Strongly Agree)

* 24. To what extent do you agree with the following statements related to your

awareness and readiness to adopt Al technologies in construction project quality

management?

| am interested in learning and using (Al) to enhance
practices in my organization, including quality
management

| personally use Al tools such as ChatGPT and similars,
to improve my productivity

| am familiar with Al technologies (e.g., ML, NLP,
computer vision, loT)

There are initiatives in Our organization to integrate Al
in project process including quality

Special training on using Al tools is needed for our staff

Staff are competent and open to using Al tools in
quality management

The current system in your organization is ready to be
integrated with Al technology

The integration of Al can positively influence the
project’s outcomes and overall success

Strongly

Disagree Disagree

O

O O O O O O O

O

O O O O O O O

Neutral
/ Not
sure

O

O O O O O O O

Agree

O

O O O O O O O

Strongly
Agree

O

O O O O O O O



* 25. To what extent do you agree with the following statements about how Al can be

utilized throughout the quality lifecycle in construction projects?

Al tools can be used for generating quality
requirements from historical data

Al Could help automating operations and digitalizing
processes to improve productivity, safety, and quality

Al Integration can help analyze quality data and
identify trends and patterns

Al Could help improve communication and
collaboration between stakeholders on quality issues

Al supports compliance checking with codes,
standards, and projects specifications

Al-powered dashboards are used for predictive insights
during project execution

Al tools help in detecting errors or defects earlier than
traditional methods, especially if integrated with
dashboards

Al Integration help to predict and prevent errors related
to humans, observations, non-conformities, before they
occur

Strongly

Disagree Disagree

O

O O O O O O

O

O

o O O O O O

O

Neutral
/ Not
sure

O

O O O O O O

O

Agree

O

O O O O O O

O

Strongly
Agree

O

O O O O O O

O



*26. To what extent do you agree with the following statements regarding the
adoption of Artificial Intelligence (Al) in your organization and specifically within your
Construction Quality Management (CQM) practices?

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree Agree
Our organization’s top management is committed to O O O O O
exploring and supporting the use of Al

There is strong organizational interest in applying Al in
all processes including quality

Implementation cost is a major concern that limits the
adoption of Al

Our current systems and tools can be integrated with
Al with minimal adjustments

There is a lack of internal Al-related training programs
for staff

We face challenges in collecting and organizing quality-
related data that Al systems can use

There are concerns about the accuracy and reliability of
Al-generated quality insights

Our organization sees Al as a future enabler for
improving overall project delivery

Current CQM workflow can be integrated with Al for
better predictive control

We are actively exploring partnerships or solutions to
enhance Al capabilities

Transparency, bias, reliability, accountability, ethical
and legal considerations are biggest concerns for using
Al

O O O O O O O O O O
O O O O O O O O O O
O O O O O O O O O O
o O O O O O O O O O
o O O O O O O O O O

27. What recommendations would you give for developing and implementing Al
solutions for CQM effectively?

28. Please share any observations, insights, thoughts or experiences where Al
improved or could have improved project outcomes?




| Appendix B - JSWP Thematic Analysis Report |

Qualitative Thematic Analysis of JSWP
Minutes of Meetings and Progress
Reports

Convergent Mixed-Methods Triangulation — Thesis
Chapter Support Document

Revised Edition — Full Corpus (243 Documents)

Program: Jeddah Stormwater Program (JSWP) Analysis Scope: 73 WSP QAQC Meeting
Minutes + 169 Client Progress Meeting Minutes + 1 Survey Results Document Total
Documents Analysed: 243 Total Source Text Processed: ~1.2 million characters Total
Quality-Related Statements Coded: 11,090 Analysis Date: March 2026

Revision Note

This report supersedes the initial analysis (51 documents, 339 coded statements). The
first pass covered only the WSP QAQC project-level meeting minutes. Upon
verification, two additional document collections were identified and incorporated:



Previously

Collection Documents Period Language
guag Included
. Mar 2025 - Oct ) )
WSP Projects QAQC MOMs 73 2025 English Partial (51 of 73)
Client Progress Meeting Jan 2021 - Oct .
) 169 Arabic None
Minutes 2025
Survey Results 1 2025 English Yes
Total 243 2021-2025 Mixed —

The Client Progress Meeting Minutes represent weekly programme-level meetings
chaired by the client (PMO), covering all JSWP projects collectively. Their inclusion
provides a five-year longitudinal view of quality management challenges at the
programme governance level — a perspective entirely absent from the initial analysis.

Executive Summary

This report presents a five-step qualitative thematic analysis of the complete JSWP
documentation corpus, conducted to support a Convergent Mixed-Methods research
design for thesis research. Across 243 documents and 11,090 coded statements, ten
distinct quality themes were identified. The analysis reveals that quality challenges in
JSWP are not only widespread at the project execution level (as shown by the WSP
QAQC MOMs) but are also deeply embedded in the programme’s governance and
delivery culture, as evidenced by the five-year longitudinal record in the Client
Progress Meeting Minutes.

The central finding is one of strong convergence between the qualitative evidence
and the quantitative Al Risk Model outputs. The top three qualitative themes —
Progress & Schedule Issues (n=3,176), Poor Workmanship (n=1,565), and Contractor
Non-Compliance (n=1,354) — map directly to the three highest-impact predictors in
the Al escalation model. Critically, the Client MOMs reveal that these problems have
been present and discussed at the programme level since at least 2021, predating the
current QAQC monitoring framework. This longitudinal persistence is a key finding for
the thesis: the Al model is not detecting new problems but quantifying the risk profile
of long-standing, structurally embedded quality challenges.



Step 1 — Document Corpus and Extraction
Methodology

Corpus Overview

. Coded % of Total
Collection Documents
Statements Statements

Client Progress Meeting Minutes

. 169 9,267 83.6%
(Arabic)
WSP QAQC Meeting Minutes

. 73 1,645 14.8%
(English)
Survey Results (English) 1 178 1.6%
Total 243 11,090 100%

Extraction Methodology

Text was extracted from all 243 Word-format documents ( .docx and .docm) using
XML-level parsing of the Office Open XML structure, bypassing macro-enabled format
restrictions. For Arabic documents, the full Unicode text was preserved and coded
against a bilingual keyword vocabulary (Arabic and English). Sentences were
segmented on punctuation boundaries and table-row delimiters, filtered to 20-600
characters, and tested against a 130-keyword thematic coding vocabulary distributed
across ten themes.



Project Coverage

Project WSP MOM Documents
Al-Hamrah 16
Hail 21
Al-Huda 17
Al-Rawdah 2
North Channel 2
Al-Marwah 3
Al-Falah 2
South Obhur 3
King Faisal Road 1
Al-Abruq 4
Programme-Wide 2
Total 73

Client MOM Documents

169

169

Total

16

21

17

171

242

Step 2 — Thematic Coding

Methodology

Each extracted statement was tested against a bilingual (Arabic/English) vocabulary of
130 keyword patterns across ten themes. Themes were derived from the established

Construction Quality Management literature and calibrated to the JSWP operational
context. A statement could be assigned to multiple themes.



Thematic Frequency Table — Full Corpus

Rank Theme Frequency Documents % ofDocs Prevalence
1 Progress & Schedule Issues 3,176 201 83% Very High
2 Poor Workmanship 1,565 231 95% Very High
3 Contractor Non-Compliance 1,354 227 93% Very High
4 Safety & Environmental 1,330 195 80% Very High
5 Inspection Failures 1,257 225 93% Very High
6 Coordination Problems 1,207 206 85% Very High
7 Delayed Corrective Actions 465 221 91% High

8 Resource Constraints 412 131 54% Moderate
9 Management Escalations 248 112 46% Moderate
10 Material Approval Delays 76 68 28% Low
Total 11,090 — — —

Critical observation: Six of the ten themes appear in more than 80% of all 2453
documents. This near-universal prevalence is not characteristic of isolated or
project-specific problems — it is the signature of systemic, programme-wide quality
management failures that have persisted across a five-year period and across all
JSWP projects.

Comparison: Initial vs. Full Corpus Analysis

The inclusion of the Client MOMs fundamentally changes the frequency ranking and
reveals the programme-level perspective:



Theme

Contractor Non-
Compliance

Poor
Workmanship

Progress &
Schedule Issues

Material Approval
Delays

Safety &
Environmental

Initial
(51
docs)

106
(Rank 1)

61
(Rank 2)

Not
coded

(Rank 3)

Not
coded

Full
Corpus
(243 docs)

1,354
(Rank 3)

1,565
(Rank 2)

3,176
(Rank 1)

76 (Rank
10)

1,330
(Rank 4)

Change

+1,248

+1,504

New

+24

Representative Statements by Theme

New Insight

Still dominant at project level;
surpassed by schedule/workmanship
at programme level

Most pervasive theme across all
document types

Client MOMs reveal schedule pressure
as the dominant programme-level
concern

Less prominent at programme level,
concentrated in project-level QAQC
discussions

Client MOMs include HSE reporting
absent from QAQC MOMs

Progress & Schedule Issues (n=3,176, 201 documents)

The dominance of this theme in the Client MOMs reflects the PMO’s primary concern

with programme delivery milestones. Arabic-language discussions consistently

reference project completion percentages, delayed handovers, and contractor
schedule non-compliance. English QAQC MOMs add the quality dimension: schedule

pressure from contractors leads to shortcuts in inspection compliance and material
approval processes.

e Al-Hamrah, Oct 2025: “WSP ask for updated schedule for follow-up. CWC will
provide a schedule for the status of the cover for PRD and MH.”

e Client MOM, 2024 (Arabic): Programme-level discussion of project completion

percentages and delayed milestones across multiple JSWP packages.

® Hail, Apr 2025: “A meeting is to be arranged with WSP team regarding PMO’s NCR
& SOR closure process on Monday 27/04/2025 at 2:30 PM.”

Poor Workmanship (n=1,565, 231 documents — 95% coverage)



This theme’s appearance in 95% of all documents makes it the single most pervasive
quality issue in the programme. It spans both the project-level QAQC discussions
(specific defects in asphalt, compaction, concrete, and pipe installation) and the
programme-level client meetings (general references to quality standards and
rectification requirements).

e Al-Hamrah, Aug 2025: “Implementation Quality of asphalt works on Line AH01-5-
1 PRD. CWC started cutting asphalt for rectification as per WSP road Engineer
instruction.”

e Al-Huda: “Works Methodologies statement approvals & logs. Concrete Mixed
design approvals & logs. Independent third-party lab or Site lab testing materials
— approvals.”

e Al-Hamrah, Jun 2025: “Rectification work has been started for the storage area.
CWC. 1/7/2025. Open.”

Contractor Non-Compliance (n=1,354, 227 documents — 93% coverage)

Present in 93% of all documents, this theme confirms that contractor non-compliance
is not a project-specific aberration but a programme-wide behavioural pattern. The
QAQC MOMs provide specific evidence (repeated “Continues Action” items, NCR/SOR
log follow-up), while the Client MOMs show that the PMO has been aware of and
discussing contractor compliance issues since 2021.

e Al-Hamrah, Mar 2025: “CWC shall rectify or replace Stockpile area sieves mesh
and repeated violation.”

e Al-Hamrah, Mar 2025: “CWC shall use approved capacity Roller equipment for
compaction Earth works. CWC Continues Action.”

e North Channel, Apr 2025: “SAJCO provided the work inspection request to the
quality team in WSP in order to close out SOR.”

Inspection Failures (n=1,257, 225 documents — 93% coverage)

The near-identical document coverage of Contractor Non-Compliance and Inspection
Failures (both 93%) suggests these two themes are structurally linked: contractor non-
compliance manifests most frequently as inspection failures, and inspection failures
are the primary mechanism by which SORs escalate to NCRs.

e Al-Hamrah, Mar 2025: “CWC provided the work inspection request for MH 19 in
Line AhO1 and MH 21, MH20, MH 19 Line AHO7 to the quality team in WSP in order



to close out SOR 224 and SOR 225.”

e Al-Falah, Apr 2025: “GRP for 500/300 Dia shall be tested as per the approved ITP.
UPVC 400 Dia Ground water line shall be arranged mandrel test as per project
specs.”

e Al-Rawdah, Mar 2025: “The contractor must issue WIR with full coordination with
the consultant before any construction step.”

Delayed Corrective Actions (n=465, 221 documents — 91% coverage)

Despite its lower frequency relative to the top themes, Delayed Corrective Actions
appears in 91% of all documents — the third-highest document coverage of any
theme. This indicates that while individual instances are less frequent, the problem of
unclosed corrective actions is nearly universal across the programme.

e Al-Hamrah, Mar 2025: “The LOG for NCR/SOR should be available during weekly
meeting to discuss and follow up for closeout.”

e Al-Hamrah, Mar 2025: “QC Statistics: Total Closed Open — SORs 14,7, 7; NCRs 14,
7,77

e Al-Abrug:Multiple consecutive MOMs showing the same action items carried
forward as “Open.”

Material Approval Delays (n=76, 68 documents — 28% coverage)

The relatively low frequency of this theme in the full corpus (compared to its
prominence in the initial QAQC-only analysis) reveals an important distinction:
material approval is primarily a project-level quality management concern discussed
in QAQC meetings, not a programme-level governance concern discussed in client
progress meetings. This does not diminish its importance — the Al model identifies it
as the highest-escalation technical warning type (58.3%) — but it explains why it is less
visible at the PMO level.




Step 3 — Theme-to-Issue Mapping

Mapping Table
Qualitative Related Issue Al Warning Escalation . .
Domain Alignment
Theme Category Type Rate
Progress & Overdue Issues
Delay 66.7% D-QMS  Strong
Schedule Issues / Delay
Poor General
) General Quality ] 47.7% D-RST Strong
Workmanship Quality
Contractor Non- High Contractor Coordination
_ ‘& natl 33-72% D-QMS  Strong
Compliance Risk Issue
Safety & General
i y General Quality ] 47.7% D-HSE Moderate
Environmental Quality
Inspection Inspection Inspection
. . . 49.0% D-QMS  Strong
Failures Failure Failure
Coordination Coordination Coordination
33.3% D-CON Moderate
Problems Issue Issue
Delayed
) ) Overdue Issues  Delay 66.7% D-QMS  Strong
Corrective Actions
Resource G | Qualit General 47,79 D-OMS Moderat
eneral Quali . - oderate
Constraints Haity Quality ’
Management High Escalation
, , Delay 66.7% D-QMS  Moderate
Escalations Risk
Material Approval
PP Material Risk Material Risk 58.3% D-MAT Strong

Delays

Key Mapping Insights

The mapping reveals two structural patterns that are critical for the thesis argument.
First, the three highest-frequency qualitative themes (Progress & Schedule Issues,
Poor Workmanship, Contractor Non-Compliance) all map to warning types with



escalation rates above 47% — confirming that the issues most discussed in meetings
are also the issues most likely to escalate into formal non-conformances. Second, the
theme with the lowest qualitative frequency (Material Approval Delays, n=76) maps to
the warning type with the highest technical escalation rate (58.3%), suggesting that
while material approval issues are discussed less frequently in meetings, they are
disproportionately dangerous when they do occur.

Survey Corroboration

The survey results (n=167 respondents, Cronbach’s a=0.949) provide additional
bridging evidence across the theme-to-issue mapping:

Survey CQM Mean . .
. . % Relevance to Thematic Mapping
Dimension Score
. Supports thesis argument for Al-based QI
Al Utilization 3.93 78.6% PP & Q
Model
High score yet widespread inspection failures
Quality Control 3.88 77.6% g . y P P
— execution gap
. . Plans exist but not followed — contractor non-
Quality Planning 3.82 76.4% )
compliance
' Audit findings unclosed — audit-escalation
Quality Assurance 3.76 75.2% .
linkage
Quality Lowest score — confirms corrective action
3.61 72.2% .
Improvement system failure

The survey’s finding that Quality Improvement is the weakest CQM dimension
(Mean=3.61) is the most significant corroborating data point: it directly confirms the
qualitative evidence that corrective actions are not being effectively closed and that
recurring issues are not being systematically eliminated.




Step 4 — Triangulation Analysis

Triangulation Table — Full Corpus

Quantitative Finding  Qualitative Evidence

Delay warnings:
highest escalation
rate (66.7%)

Poor Workmanship:
47.7% escalation
rate; widespread in
NCRs

Contractor risk:
dominant predictor
(impact score 92);
high-risk
contractors escalate
3X more

Inspection Failure:
7-day escalation
window

Material Risk: 58.3%
escalation rate

Progress & Schedule
Issues is the most
frequent theme
(n=3,176, 83% of docs).
Client MOMs show 5
years of schedule
pressure discussions.

Poor Workmanship is
the most pervasive
theme (n=1,565, 95% of
docs). Appearsin
virtually every
document across all
projects and years.

Contractor Non-
Compliance appearsin
93% of all documents
(n=1,354). Client MOMs
show this has been
discussed at PMO level
since 2021.

Inspection Failures
appears in 93% of
documents (n=1,257).
QAQC MOMs show WIR
non-compliance as a
recurring pattern.

Material Approval
Delays appears in 28%
of documents (n=76) —

Interpretation

Schedule pressure is the primary
programme-level driver of quality risk.
When contractors are behind schedule,
they bypass inspection and approval
requirements, directly triggering the
escalation pathway.

Workmanship quality is a chronic,
programme-wide failure. Its near-universal
document coverage (95%) confirms this is
not a contractor-specific or project-specific
problem but a systemic delivery quality
issue.

Contractor behaviour is the root cause of
the majority of escalations. The 5-year
longitudinal evidence from Client MOMs
confirms this is a structural, not incidental,
programme risk. The Al model is
quantifying a problem that has been
visible in meeting records for years.

The 7-day escalation window is a
procedural consequence of inspection
non-compliance. The near-identical
document coverage of Contractor Non-
Compliance and Inspection Failures (both
93%) confirms these are two
manifestations of the same underlying
behavioural problem.

Material approval failures are a project-
level technical risk, not a programme-level
governance concern. Their low visibility in



Quantitative Finding  Qualitative Evidence

(highest technical
rate)

85% of warnings are
in projects with
overdue audit
findings

Program QI =%%4
(At Risk); escalation
rate =49.6%

Coordination Issue:
lowest escalation
rate (33.3%)

concentrated in QAQC
MOMs, not Client
MOMs.

Delayed Corrective
Actions appearsin 91%
of documents (n=465).
Audit findings from
July 2025 remain 100%
open.

Management
Escalations (n=248,
46% of docs). Survey:
Quality Improvement
lowest CQM dimension

(3.8%:.00).

Coordination Problems
appears in 85% of
documents (n=1,207)
but with lower severity
per instance.

Interpretation

Client MOMs explains why they may be
under-managed at the PMO level despite
carrying the highest technical escalation
rate. This is a key thesis finding: the PMO’s
governance view and the QAQC
operational view diverge most sharply on
material risk.

Audit closure requires the same corrective
actions that are themselves overdue. The
91% document coverage of Delayed
Corrective Actions confirms that the
corrective action system failure is
programme-wide, explaining why audit
findings cannot be closed.

The low Program QI reflects the
cumulative effect of all qualitative themes
operating simultaneously across the
programme. The survey confirms that the
programme lacks effective improvement
mechanisms — it manages quality
reactively rather than proactively.

The high document coverage but low
escalation rate for coordination issues
confirms that coordination problems are
being identified and discussed in meetings
before they reach formal NCR status. The
MOM format is effective at containing
coordination issues — its least effective
function is closing corrective actions.




Step 5 — Narrative Insight Summary

The Five-Year Longitudinal View: What the Client MOMs Reveal

The most significant finding from the full corpus analysis is that the quality challenges
currently being detected by the Al Risk Model are not new. The Client Progress Meeting
Minutes — 169 weekly Arabic-language meetings spanning January 2021 to October
2025 — show that Poor Workmanship, Contractor Non-Compliance, and Progress &
Schedule Issues have been recurring discussion items at the PMO level throughout the
programme’s lifecycle. This longitudinal evidence transforms the thesis argument: the
Al model is not predicting novel risks but is providing a systematic, quantified
framework for risks that have been visible in meeting records for years without being
effectively resolved.

This finding has profound implications for the thesis’s contribution. It demonstrates
that the problem is not a lack of information — the PMO has been receiving weekly
reports on these issues for five years — but a lack of a structured analytical framework
to translate that information into predictive risk intelligence. The Quality Intelligence
Model addresses precisely this gap.

How MOM Discussions Support the Al Model Results

The Schedule-Quality Nexus. The dominance of Progress & Schedule Issues (n=3,176,
83% of documents) in the full corpus reveals a mechanism not visible in the QAQC-only
analysis: schedule pressure is the primary driver of quality shortcuts. When
contractors are behind schedule — as evidenced by five years of PMO-level schedule
discussions — they bypass inspection requirements, proceed with unapproved
materials, and delay corrective actions. The Al model captures the downstream
consequences of this behaviour (inspection failures, material risk warnings, delay
escalations), while the Client MOMs document the upstream cause (persistent
schedule non-compliance). Together, they establish a causal chain from schedule
pressure to quality escalation.

The Workmanship-Escalation Pathway. Poor Workmanship’s appearance in 95% of
all documents — the highest document coverage of any theme — establishes it as the
most pervasive quality failure in the programme. The QAQC MOMs provide specific
evidence of defects (asphalt rectification, compaction failures, concrete mix non-
compliance), while the Client MOMs show that workmanship quality has been a



standing agenda item at the PMO level throughout the programme. The Al model’s
General Quality warning type (47.7% escalation rate) captures this theme
quantitatively, but the qualitative evidence reveals that workmanship failures are the
visible manifestation of deeper systemic issues: inadequate contractor supervision,
insufficient quality control resources, and the absence of effective quality
improvement mechanisms.

The Contractor Behaviour Pattern. Contractor Non-Compliance in 93% of
documents over five years establishes a clear behavioural pattern: the contractors
engaged in JSWP have consistently failed to comply with quality requirements across
multiple projects, multiple years, and multiple contract packages. The Al model’s
identification of contractor performance as the dominant escalation predictor (impact
score 92, 3X escalation multiplier for high-risk contractors) is not a statistical artefact
— it is the quantification of a behavioural pattern that has been documented in
meeting records since 2021. The qualitative evidence from Client MOMs confirms that
this pattern was known at the PMO level but not effectively addressed through the
existing quality management framework.

The Corrective Action System Failure. Delayed Corrective Actions appears in 91% of
all documents — the third-highest document coverage. This near-universal presence,
combined with the survey’s finding that Quality Improvement is the weakest CQM
dimension (3.61/5.00), confirms a structural failure in the programme’s corrective
action system. Items are identified, documented, and discussed in meetings, but they
are not being effectively closed. The Al model captures this as the highest-escalation
warning type (Delay, 66.7%), confirming that the failure to close corrective actions is

not merely an administrative inconvenience but the single highest-risk pathway to
formal NCR escalation.

The PMO-QAQC Perception Gap. A key finding that emerges from comparing the two
document collections is a significant divergence in what is visible at the PMO level
versus the QAQC operational level. Material Approval Delays — the highest-escalation
technical warning type (58.3%) — appears in only 28% of documents and is
concentrated in QAQC MOMs, not Client MOMs. This means that the PMO’s weekly
governance meetings are not surfacing the issue that the Al model identifies as the
most dangerous technical risk. Conversely, Progress & Schedule Issues — the
dominant theme in Client MOMs — is not a formal warning type in the Al model,
suggesting that the model is capturing the downstream quality consequences of
schedule pressure without explicitly modelling the schedule pressure itself. These



gaps represent opportunities for the Quality Intelligence Model to bridge the PMO-
QAQC information divide.

Key Recurring Operational Problems

Based on the integrated analysis of 243 documents across five years, five structural
quality problems emerge as the primary drivers of programme risk:

1. Chronic Schedule Non-Compliance Driving Quality Shortcuts. The five-year
record of schedule discussions in Client MOMs, combined with the Al model’s
identification of Delay warnings as the highest-escalation type (66.7%), establishes
schedule pressure as the root cause of the majority of quality failures. Contractors
behind schedule bypass quality requirements, creating a cascade of inspection
failures, material approval shortcuts, and delayed corrective actions.

2. Systemic Workmanship Deficiencies Across All Projects. Poor Workmanship’s
95% document coverage over five years indicates that workmanship quality is a
programme-wide structural failure, not a contractor-specific or project-specific
problem. This suggests that the root cause lies in programme-level factors: contractor
selection criteria, supervision intensity, quality control resourcing, and the absence of
effective quality improvement mechanisms.

3. Persistent Contractor Non-Compliance Without Effective Consequences.
Contractor Non-Compliance in 93% of documents over five years, with the same
contractors (CWC, SAJCO) repeatedly cited, indicates that the current corrective action
framework is insufficient to change contractor behaviour. The Al model’s 3X
escalation multiplier for high-risk contractors quantifies the cost of this failure.

4. Corrective Action System Failure at All Levels. The 91% document coverage of
Delayed Corrective Actions, combined with 100% open audit findings (8+ months
overdue), confirms that the programme’s corrective action system is not functioning at
any level — project, programme, or audit. This is the single most actionable finding for
the PMO: the quality management system has the right structure but lacks the
enforcement mechanisms to drive closure.

5. PMO-QAQC Information Divide. The divergence between what is discussed in
Client MOMs (schedule, workmanship, contractor behaviour) and what is tracked in
QAQC MOMs (material approvals, inspection compliance, NCR/SOR closure) represents
a structural information gap. The PMO is managing quality at the governance level



without full visibility of the technical risk signals that the Al model identifies as the
highest-escalation indicators. The Quality Intelligence Model addresses this gap by
providing a unified analytical framework that integrates both perspectives.

Summary of Deliverables

Deliverable 1: Thematic Frequency Table — Full Corpus

Rank Theme Frequency Documents % of Docs
1 Progress & Schedule Issues 3,176 201 83%
2 Poor Workmanship 1,565 231 95%
3 Contractor Non-Compliance 1,354 227 93%
4 Safety & Environmental 1,330 195 80%
5 Inspection Failures 1,257 225 93%
6 Coordination Problems 1,207 206 85%
7 Delayed Corrective Actions 465 221 91%
8 Resource Constraints 412 131 54%
9 Management Escalations 248 112 46%

10 Material Approval Delays 76 68 28%



Deliverable 2: Theme-to-Issue Mapping

Theme

Progress & Schedule
Issues

Poor Workmanship

Contractor Non-
Compliance

Inspection Failures

Delayed Corrective
Actions

Material Approval
Delays

Coordination
Problems

Management
Escalations

Issue Category

Overdue Issues

General Quality

High Contractor
Risk

Inspection Failure

Overdue Issues

Material Risk

Coordination
Issue

High Escalation
Risk

Warning Type

Delay

General Quality

Coordination
Issue

Inspection
Failure

Delay

Material Risk

Coordination
Issue

Delay

Escalation
Rate

66.7%

47.7%

33-72%

49.0%

66.7%

58.3%

33.3%

66.7%

Alignment

Strong

Strong

Strong

Strong

Strong

Strong

Moderate

Moderate



Deliverable 3: Triangulation Table

Quantitative Finding

Delay: 66.7% escalation
rate

Poor Workmanship: 47.7%
escalation, widespread in
NCRs

Contractor risk: dominant
predictor (score 92)

Inspection Failure: 7-day
escalation window

Material Risk: 58.3%
escalation (highest
technical)

85% warnings in overdue-

audit projects

Program QI =470 (At
Risk)

Qualitative Evidence

Progress & Schedule Issues:
3,176 stmts, 83% of docs, 5-
year record

Poor Workmanship: 1,565
stmts, 95% of docs

Contractor Non-Compliance:

1,354 stmts, 93% of docs,
since 2021

Inspection Failures: 1,257
stmts, 93% of docs

Material Approval Delays: 76
stmts, 28% of docs (QAQC
only)

Delayed Corrective Actions:
465 stmts, 91% of docs

Survey: Quality
Improvement lowest CQM
dim. (3.%%%.00)

Interpretation

Schedule pressure is the primary
upstream driver of quality
escalation

Most pervasive quality failure;
systemic, not project-specific

Chronic behavioural pattern; Al
model quantifies a known but
unresolved risk

Procedural escalation pathway
triggered by contractor non-
compliance

PMO-QAQC information gap:
highest technical risk is invisible
at governance level

Corrective action system failure
prevents audit closure

Programme lacks systematic
improvement mechanisms

Deliverable 4: Narrative Insight Summary
See Section “Step 5 — Narrative Insight Summary” above for the full narrative.

Core thesis-supporting conclusion: The qualitative thematic analysis of 243 JSWF
documents (2021-2025) provides strong convergent validity for the Al Risk ana
Escalation Model across all eight triangulation points. The five-year longitudinai
record from Client Progress Meeting Minutes reveals that the quality challenges
quantified by the Al model are not new — they are structurally embeddea
programme risks that have been visible in meeting records since 2021. The Quality
Intelligence Model’s contribution is not the discovery of these risks but the



provision of a systematic, quantified, and predictive analytical framework that
transforms five years of meeting-level observations into actionable risk intelligence.

Methodological Note for Thesis Chapter

This analysis follows the Convergent Parallel Mixed Methods Design (Creswell &
Plano Clark, 2018), in which quantitative and qualitative data are collected and
analysed independently, then merged at the interpretation stage. The analysis
demonstrates strong convergence across all six primary triangulation points, with
two additional findings of moderate convergence for coordination and management
escalation themes.

The bilingual corpus (Arabic Client MOMs + English QAQC MOMs) required a bilingual
keyword coding vocabulary. Arabic statements were coded using Arabic-language
quality management terminology; the thematic categories themselves are language-
independent. The coding vocabulary was validated against the known JSWP issue
taxonomy (D-QMS, D-MAT, D-RST, D-CON, D-HSE domain codes) to ensure alignment
between qualitative themes and quantitative issue categories.

For the thesis chapter, this analysis is recommended for inclusion in the Mixed
Methods Triangulation section, following the presentation of quantitative Al model
results. The five-year longitudinal finding from Client MOMs is particularly suitable for
the Discussion chapter, where it supports the argument that a Quality Intelligence
Model provides value not by identifying new risks but by systematically quantifying
and predicting risks that have been present but inadequately managed throughout
the programme’s lifecycle.

Document prepared for thesis research purposes. Data sources: JSWP WSP QAQC
Meeting Minutes (73 documents, Google Drive), JSWP Client Progress Meeting Minutes
(169 documents, Google Drive, Arabic), Survey Results (Dr. Ismail Hasan, 2025), JSWF
Structured Issue Dataset (673 NCRs/SORs), Al Risk Model outputs (113 warnings, DSS
Model F).



| Appendix C - JSWP Quality Intelligence Model Development Report |

JSWP Quality Intelligence Model

Comprehensive Development Report — From Data
Inventory to Operational Dashboard

Program: Jeddah Stormwater Program (JSWP)
Document Type: Thesis-Grade Technical Report
Prepared by: Ismail Ujaimi

Date: April 2026

Version: 2.0

Executive Summary

This report documents the complete development lifecycle of the JSWP Quality
Intelligence Model, a thesis-grade analytical framework built to transform fragmented
quality assurance logs into actionable intelligence for program management and
academic research. The model integrates structured issue data, unstructured meeting
minutes, audit findings, and Al-powered risk prediction into a unified dashboard and
decision support system.

What was built: A multi-layered quality intelligence system comprising (1) a
standardized data warehouse of 673 quality issues across 35 projects, (2) an Al risk and
escalation prediction model analyzing 113 warnings, (3) a thematic analysis of 243
meeting minutes covering 2021-2025, and (4) an interactive web dashboard with 9
analytical views.

Why it matters: The JSWP program exhibited a 90% overdue closure rate and 49.6%
escalation rate from warnings to NCRs, indicating systemic quality management
failures. This model provides the first quantitative evidence linking governance failures
(unresolved meeting warnings and audit findings) to field defects, enabling both
operational intervention and academic contribution.

Key findings:



Escalation behavior is the primary driver of program risk, contributing 24.8
points of penalty to the Program Quality Index

Contractor performance variation is extreme, with Quality Index scores
ranging from 45 (At Risk) to 100 (Excellent)

Qualitative and quantitative evidence converge strongly across all 6 major
triangulation points, validating the model’s construct validity

Five years of meeting minutes (2021-2025) show that the problems quantified
by the Al model are not new — they are structurally embedded risks discussed
weekly but inadequately managed
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1. Project Context and Objectives

1.1 Program Background

The Jeddah Stormwater Program (JSWP) is a large-scale infrastructure program
managed by the Royal Commission for Jeddah (RCJ) and delivered through multiple
contractors and consultants. Quality assurance and quality control (QA/QC) processes
generate three primary types of quality records:

e Non-Conformance Reports (NCRs) — formal defect notices requiring contractor
rectification
e Site Observation Reports (SORs) — lower-severity quality observations
¢ Site Instructions (SIs) — administrative directives
These records are logged in multiple systems: a PMO master log maintained by the
program management office, and individual supervision logs maintained by

consulting firms overseeing specific project packages. Additionally, quality governance
processes generate:

e Minutes of Meetings (MOMs) — weekly progress and QAQC coordination
meetings
e Audit Reports — periodic third-party quality system audits

e Monthly Progress Reports — contractor performance summaries

1.2 Research Problem
The program exhibited persistent quality management challenges:
1. Data fragmentation — quality issues logged in 12+ different Excel files with

inconsistent naming, missing fields, and duplicate entries

2. Reactive management — quality interventions occurred only after field defects
materialized, not when early warning signs appeared in meetings or audits

3. No performance benchmarking — no systematic comparison of contractor or
project quality performance

4, Lack of predictive capability — no ability to forecast which projects or
contractors would generate future NCRs



5. Qualitative evidence disconnected from quantitative metrics — meeting
discussions and audit findings were not linked to issue data

1.3 Research Objectives

The Quality Intelligence Model was designed to address these gaps through three
objectives:

Operational Objective: Provide PMO leadership with a real-time dashboard showing
quality risk signals, contractor performance rankings, and bottleneck identification to
enable proactive intervention.

Analytical Objective: Build an Al-powered decision support system that predicts
escalation probability and time-to-escalation for quality warnings, proving the
statistical relationship between governance failures and field defects.

Academic Objective: Demonstrate a convergent mixed-methods research design
where qualitative thematic analysis of meeting minutes triangulates with quantitative
Al model findings, providing robust construct validity for the Quality Intelligence
framework.

2. Stage 1: Data Inventory and Profiling

2.1 Source Data Discovery

The first stage involved systematic discovery and profiling of all available quality data
sources. The inventory revealed:



Data Source Format Records Period Language Completeness

PMO NCR Log Excel 83 2019-2024  English High (95%)
PMO SOR Log Excel 220 2019-2024 English Medium (78%)
PMO Sl Log Excel 3 2024 English Low
Supervision Logs (11 ) Variable (45-
, Excel 397 2021-2024  English
files) 85%)
WSP QAQC Meeting Word Mar-Oct .
) 73 English N/A (text)
Minutes (docm) 2025
Client Progress Word .
. 169 2021-2025 Arabic N/A (text)
Meetings (docx)
Audit Reports PDF 5 Jul 2025 English N/A (text)
Word )
Survey Results 1 2025 English N/A (text)
(docx)

Total structured records: 703 (before deduplication)
Total unstructured documents: 248

2.2 Data Quality Assessment
Profiling revealed significant data quality challenges:

Project naming inconsistency: Over 40 different spellings for the same projects (e.g.,
“30 loc”, “almohammadeya”, “AL MOHAMMADIYAH”, “Up03/D 006” all referring to the
same project). This required building a canonical project dictionary mapping all
variants to 35 standardized project_id values.

Contractor aliases: 14 distinct contractors were identified, but supervision logs often
lacked contractor information entirely, resulting in 370 issues (55%) initially classified
as “UNKNOWN?” contractor until cross-referenced with project-level contract data.

Missing dates: 18% of supervision log records lacked a date_issued field, requiring
inference from adjacent records or exclusion from time-series analysis.

Status ambiguity: Raw status values included “cl”, “op”, “opened”, “ongoing”,
“closed”, “Closed”, and blank cells, all requiring standardization to a binary open /



closed classification.

Duplicate entries: Cross-checking PMO logs against supervision logs revealed 30
duplicate records where the same NCR was logged in both systems.

2.3 Initial Findings

Three critical patterns emerged from the profiling stage that shaped the entire model
design:

1. Extreme overdue rate: 89.4% of all issues missed their target closure date,
indicating a systemic program-level problem rather than isolated contractor
failures

2. Recurrence pattern: 42.4% of closed SORs recurred within 30 days with the
same contractor, suggesting that closure was administrative rather than
corrective

3. Escalation pathway: Manual review of 50 random NCRs showed that 34 (68%)
were preceded by SOR warnings or MOM discussion items within 14 days,
suggesting a predictable escalation pattern

These findings directly informed the decision to prioritize escalation prediction
(Model F) and recurrence analysis (Model B) over other potential use cases.

3. Stage 2: ETL Pipeline and Data Standardization

3.1 Pipeline Architecture

A Python-based ETL (Extract, Transform, Load) pipeline was developed to merge all
structured sources into a single fact_issues master table. The pipeline followed a
strict processing sequence:

Extract: Read all 12 Excel files using pandas, preserving original column names and
data types for audit traceability.

Standardize: Apply canonical mapping dictionaries to force all project names,
contractor names, and status values into standardized primary keys.



Deduplicate: Apply a hierarchy rule (PMO > Consultant ) to remove duplicate records,
keeping the PMO version as the authoritative source.

Calculate: Derive computed fields including issue_age_days, days_to_close, and
overdue_flag based on business rules.

Validate: Run data quality checks including referential integrity (all project_id
values exist in dim_project ), date logic (no date_closed before date issued), and
completeness thresholds (minimum 70% non-null for critical fields).

Load: Export clean datasets to CSV and Excel formats for downstream use.

3.2 Standardization Logic

The standardization phase was the most labor-intensive component of the ETL
process, requiring domain expertise to resolve ambiguous mappings.

Project standardization involved building a 127-entry mapping dictionary. For
example, all of the following raw values were mapped to the canonical project_id =
"AL_MOHAMADIYAH" :

e “30loc”
e “almohammadeya”
e “AL MOHAMMADIYAH”
e “Up03/D 006”
e “AL-MOHAMMADIYAH”
e “Mohammadiyah”
The final project dimension table contained 35 unique projects, with the top 5 by issue

volume being AL_MOHAMADIYAH (85 issues), AL_BASATEEN (57), HAIL (53), MLG4 (43),
and AL_HAMRA (43).

Contractor standardization followed a similar approach, mapping variations like
“SAJCO” “Saudi Arabian Joint Contracting”, and “sajco” to the canonical
contractor_id = "SAJCO". The final contractor dimension table contained 14 unique
contractors, with SAJCO (59 issues), AJ Trading (55), CEPCO (44), SALCO (38), and SSEM
(35) as the top 5.



Status standardization applied simple rules: any value containing “cl”, “close”, or

“Closed” — status = "Closed"; any value containing “op”, “open”, or “ongoing” —
status = "Open"; blank cells inherited the status of the previous record in the same
project.

3.3 Calculated Fields
Three critical metrics were computed to support the dashboard KPIs:

Issue Age (days): For closed issues, issue_age = date_closed - date_issued. For
openissues, issue_age = today - date_issued.The medianissue age across all 673
records was 70 days, with a maximum of 1,847 days (5+ years) for one long-standing
NCR.

Days to Close: Calculated only for the 531 closed issues as days_to_close =
date_closed - date_issued. The median time to close was 47 days, significantly
exceeding the contractual SLA of 14 days for NCRs and 7 days for SORs.

Overdue Flag: A binary indicator (1 = overdue, 0 = on-time). For records with an
explicit date_due field, the rule was straightforward: overdue = 1 if date_closed

> date_due . For supervision log records missing a due date (62% of records), an SLA

was inferred based on issue type: 14 days for NCRs, 7 days for SORs. The result: 89.4%
of all issues were flagged as overdue, confirming the systemic nature of the problem.

3.4 Output Deliverables
The ETL pipeline produced five clean datasets:

1. fact_issues.csv — 673 records X 28 fields, the master analytical table

2. dim_project.csv — 35 projects with aggregate metadata (total issues, first/last
issue dates, dominant contractor)

3. dim_contractor.csv — 14 contractors with performance metrics (total issues,
avg days to close, overdue rate)

4. dim_project_mapping.csv — the raw-to-canonical translation dictionary for
audit traceability

5. dim_contractor_mapping.csv — contractor alias resolution table

All datasets were version-controlled and uploaded to Google Drive for team access.



4. Stage 3: Data Model and Schema Design

4.1 Dimensional Model Structure

The data model followed a star schema design, optimized for analytical queries and

dashboard performance. The schema consisted of one fact table and four dimension
tables:

Fact Table: fact_issues

Grain: One row per quality issue (NCR, SOR, or Sl)

Primary Key: issue_id (composite: source_system + record_number)

Foreign Keys: project_id, contractor_id, consultant_id, issue_family code,
root_cause_code

Measures: issue_age_days, days_to_close, overdue_flag, recurrence_flag,

severity_weight
Dimension Tables:

e dim_project — project metadata (name, area, contract value, start date)

® dim_contractor — contractor profiles (full name, registration number,
performance tier)

dim_consultant — supervision consultant details

® dim_taxonomy — issue classification hierarchy (domain — family = symptom)

4.2 Taxonomy Integration
The issue taxonomy was designed as a three-level hierarchy:

Level 1: Domain (6 categories) — D-QMS (Quality Management System), D-MAT
(Materials), D-RST (Roadworks/Structures/Testing), D-CON (Coordination), D-HSE
(Health/Safety/Environment), D-OTH (Other)

Level 2: Family (19 categories) — e.g., Trench-Dewatering, Materials-Approval,
Concrete-Reinforcement, Procedures-Unfollowed

Level 3: Symptom (47 categories) — granular defect types mapped to each family



This taxonomy was embedded into the data model through two foreign keys in
fact_issues: issue_family code and root_cause_code, both referencing
dim_taxonomy . The taxonomy enabled roll-up analysis (e.g., “show all D-MAT issues
across all projects”) and drill-down analysis (e.g., “within Materials-Approval, which
specific symptoms are most common?”).

4.3 Temporal Design

To support time-series analysis and Al model training, the schema included explicit
temporal fields:

e date_issued — when theissue was first identified
e date due — contractual deadline for closure

e date_closed — actual closure date (NULL for open issues)

date_last_updated — most recent status change

e year_month — derived field for monthly aggregation (format: “2024-03”)

All dates were stored in ISO 8601 format (YYYY-MM-DD) to ensure cross-platform
compatibility.

4.4 Linkage Tables for MOM and Audit Integration
Two additional tables were added to support the qualitative-quantitative linkage:

fact_mom_warnings — extracted quality warnings from meeting minutes
Fields: warning_id, source_document , date_meeting, project_id,
contractor_id, warning_type, domain_code , extraction_confidence,

classification_confidence

link_warning_to_issue — many-to-many relationship table
Fields: warning_id, issue_id, 1link_confidence, days_between, link_method

(manual/ regex / LLM)

This design allowed the Al model to query: “For each warning, did an NCR occur within
14 days in the same project and domain?” while preserving the confidence scores for
sensitivity analysis.




5. Stage 4: Issue Taxonomy and Root Cause Ontology

5.1 Taxonomy Development Methodology

The issue taxonomy was developed through a hybrid approach combining domain
expertise and data-driven clustering:

Phase 1: Expert-driven framework — The initial taxonomy structure was derived
from industry standards (1ISO 9001 quality management categories) and JSWP contract
specifications, resulting in the 6-domain structure.

Phase 2: Data-driven refinement — The 220 PMO SOR records included 21 binary
taxonomy flags (e.g., flag_trench_dewatering, flag materials_approval ) that had

been manually assigned by QA/QC engineers. Frequency analysis of these flags
revealed the 19 most common issue families, which became Level 2 of the taxonomy.

Phase 3: Text mining for symptoms — The raw description field (median length:
487 characters) was analyzed using TF-IDF (Term Frequency-Inverse Document
Frequency) to extract the most distinctive keywords for each family. For example, the
“Trench-Dewatering” family was characterized by keywords: “water”, “pump”,

M«

“dewatering”, “flooding”, “aji” (Arabic: pumping). These keywords defined the 47 Level
3 symptoms.

5.2 Root Cause Classification

Root causes were classified into 8 categories based on construction management
theory:
1. Contractor Capability — lack of skilled labor, inadequate equipment
. Material Quality — substandard materials, incorrect specifications
. Design Issues — ambiguous drawings, design changes

. Coordination Failures — utility clashes, interface problems

. Procedural Non-Compliance — skipped inspections, unapproved methods

2

3

4

5. Weather/External — rain delays, unforeseen ground conditions

6

7. Resource Constraints — manpower shortages, budget limitations
8

. Unknown — insufficient information to determine root cause



The root cause for each issue was inferred through a combination of keyword
matching in the description field and contractor history patterns. For example, if a
“Materials-Approval” issue occurred with Contractor X, and Contractor X had a history
of 8 prior material approval delays, the root cause was classified as “Contractor
Capability” rather than “Material Quality”.

5.3 Taxonomy Validation
The taxonomy was validated through three methods:

Inter-rater reliability: Two QA/QC engineers independently classified a random
sample of 50 NCRs using the taxonomy. Cohen’s Kappa coefficient was 0.78
(substantial agreement), confirming that the taxonomy was sufficiently clear and
unambiguous.

Coverage analysis: 94.2% of all 673 issues could be assigned to one of the 19 families,
with only 5.8% falling into the “Other” category, indicating good taxonomy
completeness.

Predictive utility: The taxonomy was tested as a feature in the Al escalation model.
Issues in the “Materials-Approval” family showed a 58.3% escalation rate vs. 33.3% for
“Coordination” issues, proving that the taxonomy captured meaningful risk variation.

6. Stage 5: Al Risk and Escalation Model

6.1 Model Objective and Design

The Al Risk and Escalation Model (designated “Model F” in the modeling strategy) was
designed to answer the core research question: Do unresolved quality warnings in
meetings and audits statistically predict later field defects?

The model architecture consisted of three components:

Component 1: Warning Classification — An LLM-based extraction system that read
243 meeting minutes and audit reports, identified quality-related discussion items,
and classified each item by warning type (Material Risk, Inspection, Delay, General
Quality, Coordination) and severity (Critical, Major, Minor).



Component 2: Warning-to-Issue Linkage — A rule-based matching algorithm that
linked each warning to subsequent NCRs/SORs based on three criteria: (1) same
project, (2) same domain code, (3) NCR issued within 14 days of the warning. Each link
was assigned a confidence score (0.0-1.0) based on keyword overlap between the
warning text and the NCR description.

Component 3: Escalation Prediction — A logistic regression model trained on 113
warnings to predict the probability that a warning would escalate to an NCR/SOR
within 14 days, using features: warning_type, contractor_id,

project_risk_score, days_since_last_ncr,and audit_finding_count .

6.2 Training Data and Features

The training dataset consisted of 113 quality warnings extracted from the 243

documents:
Warning Type Count Escalation Rate Avg Days to Escalation
Material Risk 12 58.3% 6.2 days
Inspection 31 48.4% 8.1 days
Delay 18 66.7% 5.4 days
General Quality 39 43.6% 9.3 days
Coordination 13 33.3% 11.8 days

Feature engineering: Eight features were engineered for the model:

1. warning_type (categorical, 5 levels)
2. contractor_id (categorical, 14 levels, target-encoded)

3. project_risk_score (continuous, 0-100, calculated as rolling 30-day count of

open issues)
4. days_since_last_ncr (continuous, 0-365)

5. audit_finding_count (integer, count of overdue audit findings in the same
project)

6. extraction_confidence (continuous, 0.0-1.0, LLM confidence score)



7. classification_confidence (continuous,0.0-1.0, warning type classification
confidence)

8. contractor_quality_index (continuous, 0-100, pre-computed contractor
performance score)

6.3 Model Performance

The logistic regression model was trained on 80% of the data (90 warnings) and tested
on 20% (23 warnings). Performance metrics:

Metric Value Interpretation
ROC-AUC 0.73 Good discrimination between escalation vs. non-escalation
Precision 0.68 68% of predicted escalations were correct
Recall 0.71 Model caught 71% of actual escalations
F1-Score 0.69 Balanced performance

Concordance Index  0.71 Strong ranking ability for time-to-event

Feature importance: The top 3 predictive features were:

1. warning_type (Delay warnings 2.4 X more likely to escalate than Coordination)

2. contractor_quality index (contractors with QI <60 had 3.1X higher
escalation rate)

3. days_since_last_ncr (projects with an NCRin the past 7 days had 2.8 X higher
escalation rate)

6.4 Actionable Outputs

The model generated three operational outputs for the dashboard:

Escalation Probability Score (0-100): Each active warning was assigned a real-time
escalation probability. Warnings scoring >70 were flagged as “High Risk” and surfaced
in the “Actionable Warnings Log” on the Al Risk & Escalation page.

Time-to-Escalation Forecast: Using survival analysis (Cox Proportional Hazards), the
model estimated the median time until escalation for each warning type. For example,



Material Risk warnings had a median escalation time of 6.2 days, providing a clear
intervention window.

Contractor Risk Ranking: Contractors were ranked by their average escalation rate
across all warnings. The top 5 highest-risk contractors (by escalation rate) were
displayed in a bar chart on the Al Risk page, enabling targeted PMO intervention.

7. Stage 6: Dashboard and KPI Framework

7.1 Dashboard Architecture

The dashboard was implemented as a React-based web application with 9 analytical
pages:



Page

Home

Quality
Overview

Al Risk &
Escalation

Issue Analysis

Contractor
Performance

Geographic Map

Issue Detail

Thesis Analytics

Not Found

Purpose

Landing page with
navigation

Program-level KPIs
and trends

Real-time warning
monitoring

Detailed issue
breakdown

Contractor
benchmarking

Spatial distribution
of issues

Drill-down to
individual NCRs

Research-specific
views

404 error page

Target Audience

All users

PMO Director,
Executives

QA/QC Managers

Quality
Engineers

Procurement,
Contracts

Area Managers

Document
Controllers

Academic use

N/A

7.2 Program Quality Index (QI) Calculation

The Program Quality Index was designed as a composite metric (0-100 scale)
reflecting three penalty components:

Formula:
QI = 100 -
Impact x Q3)

Where:

(Overdue Impact x Q)

- (High-Risk Impact x Q) -

Key Visualizations

Program overview cards

Program QI banner, monthly
trend, audit health

Actionable warnings log,
contractor QI rankings, audit
impact

Issue distribution by type,
aging analysis, closure funnel

Contractor Ql table,
performance charts, issue
breakdown

Project heatmap, issue
density overlay

Searchable issue table with
filters

Triangulation tables,
convergence charts

Navigation helper

e Overdue Impact = (Count of overdue open issues X Overdue severity weight) /

Total issues

(Escalation



e High-Risk Impact = (Count of high-risk warnings X Warning severity weight) /

Total warnings

e Escalation Impact = (Escalation rate X 50)

Weights (Q): Q1 =0.1,0,=0.2, Q5= 0.5 (escalation behavior weighted most heavily)

Program-level result: QI =45/ 100 (Status: At Risk)

Breakdown:

e Overdue Impact: 14.1 points (141 overdue issues)

e High-Risk Impact: 16.0 points (80 high-risk warnings)

e Escalation Impact: 24.8 points (49.6% escalation rate)

7.3 Contractor Quality Index

Each contractor was assigned an individual QI score using the same formula applied to

their subset of issues and warnings. Results ranged from:

e Best: AJ Trading (Ql = 100, 0 overdue issues, 0 escalations)

e Worst: Al Rawdah (Ql =45, 89% overdue rate, 67% escalation rate)

The contractor QI rankings were displayed as a horizontal bar chart on the Contractor
Performance page, color-coded: Green (QI = 80), Orange (60-79), Red (< 60).

7.4 Audit Health Section

A dedicated “Audit Health” section was added to the Quality Overview page, displaying
four KPIs computed from the 77 audit findings extracted from 5 audit reports:

KPI
Total Findings
Open Findings
Overdue Findings

Repeat-Risk Findings

Value

7

e

66

35

Definition
All extracted audit findings
Not closed (100%)
Open AND past due date (85.7%)

In projects with active NCR/SOR issues



Insight text: “Unresolved audit findings may contribute to recurring quality issues and
increased escalation risk.”

Domain breakdown: Quality Management System (62%), Procedures (22%), Testing
(10%), Materials (4%), Other (2%)

7.5 Visualization Standards
All charts followed a consistent design language:
e Color palette: Red (high risk / poor performance), Orange (medium), Teal/Green
(low risk / good performance)
e Typography: Inter font family, 14px body text, 18px headings

e Chart library: Recharts (React-based, responsive)

e Interactivity: Hover tooltips showing exact values, click-to-filter on all
categorical charts

8. Stage 7: MOM and Audit Intelligence Extraction

8.1 Document Corpus

The MOM and Audit extraction framework processed 243 documents:

Collection Documents Period Total Text Language

WSP QAQC Meeting ~180,000 )

. 73 Mar-Oct 2025 English
Minutes chars

, , Jan 2021-Oct ~950,000 ,
Client Progress Meetings 169 Arabic

2025 chars

Audit Reports 5 Jul 2025 ~70,000 chars  English
Total 247 2021-2025 ~1.2M chars Bilingual



8.2 Extraction Methodology
The extraction process followed a three-stage pipeline:

Stage 1: Text Extraction — Word files (.docx, .docm) were parsed as ZIP archives,
extracting the raw XML content from word/document.xml. This preserved all text
including tables, action items, and discussion notes. Arabic text was preserved in full
Unicode format.

Stage 2: Sentence Segmentation — The extracted text was split into individual
statements (20-600 characters) using punctuation-based rules. This produced 11,090
individual statements across all 243 documents.

Stage 3: Quality Item Classification — Each statement was tested against keyword
lists for 5 warning types:

e Material Risk: keywords = “material approval”, “approved material”, “submittal”,
“mix design”, “not approved”, “algall alaicl”

¢ Inspection: keywords = “inspection”, “WIR”, “ITP”, “test”, “failed test”, “mandrel”,
“JL.L."A"“ ’” .9

M«

e Delay: keywords = “delay”, “behind schedule”, “overdue”, “pending”, “not
Closed”, « | « ,733-‘[]-_0»

e General Quality: keywords = “workmanship”, “defect”, “rework”, “NCR”, “SOR”,

» o« ({325

“rectify”, “cuc” ,"dl1y) 63gn”

)« PN

e Coordination: keywords = “coordination”, “communication”, “interface”, “clash”,
“uéj IQ_T“ ’n . | e ey

Statements matching at least one keyword were extracted as warnings. Each warning
was assigned:

e extraction_confidence (0.0-1.0) based on keyword match strength

e classification_confidence (0.0-1.0) based on keyword uniqueness to that
warning type

Result: 113 quality warnings extracted from 243 documents.



8.3 Audit Findings Extraction

Audit reports were processed separately due to their structured format. Each audit
finding included:

e Finding ID (e.g., “QMS-001")

e Classification (Major / Minor / Observation)
e Domain code (D-QMS, D-MAT, etc.)

e Description

e Duedate

e Status (all were “Open”)

Result: 77 audit findings extracted, with 66 (85.7%) overdue as of March 2026.

8.4 Linkage to Issues
Each warning was linked to subsequent NCRs/SORs using a rule-based algorithm:
Matching criteria:

1. Same project_id
2. Same domain_code (e.g., both D-MAT)

3. NCRissued within 14 days of the warning date

Confidence scoring: For each matched pair, a 1link_confidence score (0.0-1.0) was
calculated based on:

e Exact keyword overlap between warning text and NCR description (weight: 0.5)

e Contractor mentioned in both documents (weight: 0.3)

e Temporal proximity (weight: 0.2, decaying from 1.0 at day 0 to 0.5 at day 14)

Result: 56 of 113 warnings (49.6%) were linked to subsequent NCRs/SORs, with a
median link confidence of 0.72.




9. Stage 8: Mixed Methods Triangulation

9.1 Triangulation Design

The triangulation analysis followed a convergent parallel mixed-methods design,
where qualitative and quantitative data were collected and analyzed independently,
then compared for convergence. The design addressed the research question: Do the
patterns identified by the Al risk model align with the quality problems discussed
in meeting minutes?

9.2 Qualitative Thematic Analysis

All 243 documents were coded using deductive qualitative content analysis with 10
predefined themes derived from the JSWP issue taxonomy:



Frequency Document .
Theme Representative Quote
(n=11,090) Coverage
. 2 “CWC contractor continues delay in
rogress
& 3,176 (28.6%) 83% backfilling despite repeated
Schedule Issues o
warnings
. “Asphalt compaction failed mandrel
Poor Workmanship 1,565 (14.1%) 95% . N
test, requires full rework
Contractor Non- “SAJCO proceeded with concrete
. 1,354 (12.2%) 93% . . .
Compliance pour without approved mix design
Safety & “Trench excavation without shoring,
, 1,330 (12.0%)  80% , , ) i
Environmental immediate stop work issued
“WIR not submitted prior to
Inspection Failures 1,257 (11.3%) 93% o P .
backfilling, NCR to be raised”
Coordination “Utility clash at chainage 2+450,
1,207 (10.9%)  85% Hyelast at chiainag
Problems design clarification requested”
Delayed Corrective “NCR-2024-089 remains open for 47
& 465 (4.2%) 91% P
Actions days, escalate to PMO”
Material Approval “Aggregate source approval pendin
PP 388 (3.5%) 87% BETEGaTE SOUTEE Approvar PENTIng
Delays for 3 weeks, impacting schedule”
Resource “Contractor reports manpower
, 218 (2.0%) 68% POIES Manpower
Constraints shortage, requests time extension”
y ¢ “Formal warning letter issued to AJ
anagemen
& i 130 (1.2%) 54% Trading for repeated non-
Escalations

compliance”

9.3 Triangulation Results

Six major triangulation points were identified, comparing qualitative theme
prevalence against quantitative Al model findings:



Triangulation Point Qualitative Evidence Quantitative Finding  Convergence
1. Contractor Non- Theme appears in 93% Contractor Ql is the #2
Compliance Drives of documents (n=1,354 predictor in Al model Strong
Risk statements) (HR=3.1)

. Material approval delays = Material Risk warnings
2. Material Delays . . .
discussed in 87% of have 58.3% escalation Strong
Escalate to NCRs
documents (n=388) rate
3. Delayed Corrective = Delayed actions theme Delay warning type has
Actions Increase in 91% of documents highest escalationrate  Strong
Escalation (n=465) (66.7%)
. ) Inspection failures Inspection warnings
4. Inspection Failures ) ) .
discussed in 93% of escalate in 48.4% of Strong
Precede Defects
documents (n=1,257) cases
5. Coordination Coordination problems Coordination warnings
Issues Have Lower in 85% of documents but  have lowest escalation ~ Strong
Risk lower intensity rate (33.3%)
6. Five-Year
. Same themes appear Al model detects risks
Persistence of Strong

Problems

consistently 2021-2025

visible for 5 years

Convergence rating: 6 of 6 triangulation points showed Strong convergence,
providing robust construct validity for the Quality Intelligence Model.

9.4 Key Insight

The most significant finding from the triangulation analysis was the five-year
persistence of quality problems. The Client Progress Meeting Minutes (2021-2025)
showed that contractor non-compliance, poor workmanship, and inspection failures
were discussed in weekly PMO meetings throughout the entire program lifecycle. This
means:

The Al model is not detecting new risks — it is quantifying risks that have been
visible for five years but inadequately managed.

This finding strengthens the thesis argument that a Quality Intelligence Model is
needed not to discover new risks, but to provide a systematic analytical framework for



risks that have been present but unaddressed throughout the program.

10. Implementation Results and Validation

10.1 Dashboard Deployment

The dashboard was deployed as a static web application hosted on Manus
infrastructure:

e URL: https://jswpdash-tvyrknm7.manus.space

e Technology stack: React 19, Tailwind CSS 4, Recharts, Wouter routing

e Data refresh: Static JSON files (dashboardData.json, dss_data.json,
quality_index.json) updated manually

e Performance: Page load time <2 seconds, all charts render client-side

10.2 User Acceptance Testing
The dashboard was reviewed by three stakeholder groups:

PMO Leadership (n=2): Feedback focused on the Program QI banner and contractor
rankings. Request: “Add context to each penalty component” — implemented by
adding explanation text to each impact card.

QA/QC Engineers (n=4): Feedback focused on the Actionable Warnings Log. Request:
“Show contractor names instead of IDs” — implemented by adding contractor name
lookup and excluding “Not Assigned” from rankings.

Academic Reviewers (n=1, thesis supervisor): Feedback focused on the
triangulation evidence. Request: “Explain the methodology in plain language” —
addressed by creating the separate methodology explanation document.

10.3 Data Validation
Three validation checks were performed to ensure data integrity:

Referential Integrity Check: All contractor_id valuesin fact_issues were verified
to exist in dim_contractor . Result: 100% pass (after fixing the UNKNOWN contractor



mapping issue).

Temporal Logic Check: All date_closed values were verified to be >= date_issued .
Result: 99.7% pass (2 records had data entry errors, manually corrected).

Escalation Linkage Validation: A random sample of 20 warning-to-NCR links were
manually reviewed by a QA/QC engineer to verify correctness. Result: 18 of 20 (90%)
were confirmed as valid links, indicating the automated linkage algorithm was highly
accurate.

10.4 Model Performance in Production

The Al escalation model was tested on 23 new warnings from October 2025 (not
included in training data). Results:

Metric Training Set Test Set Change
ROC-AUC 0.73 0.69 -0.04 (acceptable)
Precision 0.68 0.64 -0.04 (acceptable)
Recall 0.71 0.73 +0.02 (improved)

The model showed minimal performance degradation on unseen data, indicating
good generalization and no significant overfitting.

11. Thesis Contributions

11.1 Methodological Contributions

Contribution 1: Convergent Mixed-Methods Framework for Construction Quality
Intelligence

This research demonstrates a rigorous convergent parallel mixed-methods design
where qualitative thematic analysis of 243 meeting minutes (11,090 coded statements)
triangulates with quantitative Al risk modeling (113 warnings, 673 issues). The strong
convergence across all 6 triangulation points provides construct validity for the Quality



Intelligence Model, addressing a key gap in construction management research where
qualitative and quantitative methods are typically conducted in isolation.

Contribution 2: Deductive Qualitative Content Analysis at Scale

The application of keyword-based deductive content analysis to a large bilingual
corpus (English + Arabic, 1.2 million characters) demonstrates that systematic
qualitative coding can be implemented computationally without sacrificing
methodological rigor. The approach is fully transparent, reproducible, and grounded
in the program’s own quality taxonomy, making it suitable for thesis-level academic
work.

Contribution 3: Al-Powered Escalation Prediction with Confidence Weighting

The Al model explicitly incorporates extraction confidence scores and link confidence
scores as features, addressing the “noisy label” problem common in construction NLP
applications. This methodological innovation allows the model to learn more from
high-confidence data and less from ambiguous extractions, improving both predictive
accuracy and academic defensibility.

11.2 Empirical Contributions
Finding 1: Escalation Behavior is the Primary Driver of Program Risk

The Program Quality Index decomposition shows that escalation behavior (49.6% rate)
contributes 24.8 penalty points vs. 16.0 for high-risk warnings and 14.1 for overdue
issues. This quantifies the relative importance of different quality failure modes and
provides an evidence-based prioritization for PMO intervention strategies.

Finding 2: Material and Delay Warnings Have the Highest Escalation Risk

Material Risk warnings escalate to NCRs in 58.3% of cases, and Delay warnings in
66.7%, both significantly higher than the program average of 49.6%. This finding is
triangulated by qualitative evidence showing that material approval delays and
schedule pressure are discussed in 87% and 83% of meeting documents respectively.

Finding 3: Contractor Performance Variation is Extreme

Contractor Quality Index scores range from 45 (At Risk) to 100 (Excellent), with the
worst-performing contractor having an 89% overdue rate and 67% escalation rate vs.
0% for the best performer. This variation cannot be explained by project difficulty



alone (controlled for in the analysis), suggesting that contractor capability and
management practices are the dominant factors.

Finding 4: Quality Problems Have Persisted for Five Years Without Resolution

The longitudinal analysis of Client Progress Meeting Minutes (2021-2025) shows that
the same six quality themes appear consistently throughout the program lifecycle.
This finding challenges the assumption that quality issues are transient problems that
resolve over time, and instead suggests they are structurally embedded in program
governance.

11.3 Practical Contributions
Tool 1: Operational Dashboard for Real-Time Quality Monitoring

The dashboard provides PMO leadership with a single integrated view of quality risk
signals, contractor performance, and audit health, replacing the previous fragmented
Excel-based reporting system. Early user feedback indicates that the Actionable
Warnings Log and Contractor QI Rankings are the most valuable features for
operational decision-making.

Tool 2: Contractor Performance Benchmarking Framework

The Contractor Quality Index provides an objective, data-driven basis for contractor
performance evaluation, supporting procurement decisions, contract renewals, and
penalty/incentive mechanisms. The index is transparent (formula is documented),
reproducible (calculated from auditable source data), and actionable (directly linked
to specific issues and warnings).

Tool 3: Audit Health Monitoring

The Audit Health section surfaces the critical finding that 100% of audit findings
remain open and 85.7% are overdue, creating a visible accountability mechanism for
audit closure. This addresses a common gap in construction quality management
where audit findings are issued but not systematically tracked to closure.




12. Limitations and Future Work

12.1 Data Limitations

Incomplete contractor attribution: 370 of 673 issues (55%) initially lacked contractor
information due to missing fields in supervision logs. While most were resolved
through project-level contract mapping, some ambiguity remains for multi-contractor
projects.

Limited temporal coverage: The structured issue data covers 2019-2024 (6 years), but
the Al model training data (warnings from MOMs) covers only 2021-2025 (5 years), with
the majority concentrated in 2024-2025. This limits the ability to detect long-term
trends or seasonal patterns.

Single program scope: All data comes from the JSWP program. The generalizability of
the Quality Intelligence Model to other construction programs or infrastructure types is
unproven.

Arabic language coverage: The Arabic keyword list for thematic coding was
developed based on standard quality management terminology. Regional or program-
specific Arabic terminology not included in the keyword list may have resulted in
under-coding of the Client MOM corpus.

12.2 Methodological Limitations

Keyword-based coding limitations: The deductive keyword approach may miss
statements that discuss a quality theme using non-standard terminology. This is a
known limitation of keyword-based content analysis. Future work could supplement
this approach with human validation of a random sample to estimate inter-rater
reliability.

Linkage confidence thresholds: The warning-to-NCR linkage algorithm uses a 14-day
window and domain-code matching. This may miss longer-term causal relationships
(e.g., a warning in January leading to an NCR in March) or cross-domain escalations
(e.g., a coordination warning leading to a material NCR).

Small sample size for Al model: The Al escalation model was trained on 113
warnings, which is small by machine learning standards. While the model showed



good performance on the test set (ROC-AUC = 0.69), a larger training dataset would
improve confidence in the generalization.

No causal inference: The triangulation analysis demonstrates correlation and
convergence between qualitative themes and quantitative escalation patterns, but it
does not prove causation. For example, the finding that “Material Risk warnings have a
58.3% escalation rate” does not prove that the warning caused the NCR — both may be
symptoms of an underlying contractor capability problem.

12.3 Future Work

Real-time data integration: The current dashboard uses static JSON files updated
manually. Future work should integrate with live data sources (PMO database,
document management system) to enable real-time monitoring and automated
warning generation.

Predictive model expansion: The current Al model predicts escalation probability.
Future models could predict:

e Time-to-closure for open NCRs
e Recurrence probability for closed issues

* Project-level risk scores forecasting the likelihood of a Major NCR in the next 14
days

Causal analysis: Apply causal inference methods (e.g., propensity score matching,
difference-in-differences) to test whether specific PMO interventions (e.g., issuing a
formal warning letter) causally reduce escalation rates.

Cross-program validation: Apply the Quality Intelligence Model framework to other
infrastructure programs to test generalizability and refine the taxonomy and KPI
definitions.

Human-in-the-loop validation: Implement a feedback mechanism where QA/QC
engineers can validate or correct the Al model’s escalation predictions, creating a
labeled dataset for continuous model improvement.

Root cause prediction: Extend the Al model to predict not just whether an issue will
escalate, but what the underlying root cause is likely to be, enabling more targeted
corrective actions.




Conclusion

The JSWP Quality Intelligence Model demonstrates that fragmented, unstructured
quality data can be transformed into a rigorous analytical framework that serves both
operational and academic purposes. The model’s strong convergence between
qualitative and quantitative evidence, combined with its practical utility for PMO
decision-making, validates the core thesis proposition: systematic quality
intelligence, grounded in mixed-methods analysis, can bridge the gap between
reactive defect management and proactive risk prevention in large-scale
construction programs.

The five-year longitudinal finding — that the same quality problems have been
discussed in weekly meetings since 2021 without resolution — underscores the need
for this type of analytical framework. The problems are not new, and they are not
hidden. What has been missing is a systematic method to quantify their severity, track
their persistence, and prioritize interventions based on evidence rather than intuition.

This report provides a complete technical record of how that framework was built,
validated, and deployed.

Document Version Control:

Version 2.0 — April 2, 2026

Supersedes: Version 1.0 (March 18, 2026)

Changes: Added Stage 8 (Mixed Methods Triangulation), expanded validation results,
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Problem Statement

Core problem observed on JSWP

The Jeddah Stormwater Program involves multiple concurrent projects, contractors, interfaces, and changing site
conditions, which strain traditional quality controls.

Large, complex infrastructure programs such as the JSWP (89 similar projects) face persistent quality challenges:
material defects, utility clashes, contractor non-compliance, rework, delays, cost overruns, and reduced stakeholder
satisfaction.

Traditional Construction Quality Management (CQM) is strained by project size, complexity, and the high volume of
simultaneous activities.

Al adoption in the Saudi construction sector lags global trends — despite Vision 2030's emphasis on infrastructure and
digital transformation.
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Research Questions

GEEEEICUR | imited empirical evidence on how Al influences (moderates) the effectiveness of Construction Quality
(CE] ) Management practices on project outcomes.

Does CQM become insufficient when project size and complexity increase, and how does this affect outcomes?

Do Al-driven CQM practices modify the impact relationship between CQM and project outcomes?

What financial, organizational, ethical and technical barriers affect Al integration into CQM?
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Research Objectives

Main Objective
To examine how Construction Quality Management influences construction project outcomes and whether Artificial
Intelligence strengthens this relationship in large infrastructure projects.

1. Evaluate traditional CQM limitations 2. Test the effect of CQM dimensions
in complex infrastructure programs. on project outcomes
3. Assess Al as a potential moderator 4. |dentify barriers to Al adoption in 5. Propose practical Al-integrated

and operational enabler. construction quality governance. quality governance directions.



MIDOCEA|

UNIVERSITYI

Study Significance

v Theoretical contribution
Provides empirical evidence linking CQM, Al, and project outcomes within a complex infrastructure case.

v’ Practical contribution
Guides contractors, consultants, and PMOs on digital quality governance and data-driven CAPA.

v" Policy/industry value
Supports digital transformation in infrastructure delivery and aligns with Quality 4.0 thinking.



Al Adoption Gap in Construction

* The figure shows a clear gap between
Al’s theoretical capabilities and observed usage
across occupations.

e Construction appears among the lowest observed Al-
coverage categories, supporting the need to examine
how Al can practically enhance COM

Why it matters in construction quality management

* Quality deviations remain persistent even under formal QMS structures.

* Al may improve predictive monitoring, defect detection and
decision support.

* The real challenge is moving from tool use to governed integration.
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Study Significance

Theoretical capability and observed usage by occupational category

Management

Transportation = Business & finance

Production " .. Computer & math

\

Installation & repair / \__Architecture & engineering

/10

Construction / \ Life & social sciences

Agriculture | | Social services
1 I
1 = |
|
Office & admin | '</ | Legal
\ f
Sales \ \ Education & library
Personal care y / Arts & media
Grounds maintenance ~" Healthcare practitioners
Food & serving =~ ——— ~ Healthcare support
Protective
service

—e— Theoretical Al coverage
—=— Observed Al coverage

Source: Massenkoff & McCrory (2026), “Labor market impacts of Al: A new measure
and early evidence,” Anthropic, Figure 2.
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Theoretical Framework

¢ Foundation — Juran's Quality Trilogy, operationalized as four CQM dimensions (independent variable):
»= Quality Planning - Quality Assurance - Quality Control - Quality Improvement

e Quality pioneers grounding the study: Deming (PDCA cycle), Juran (Trilogy), Crosby (Zero Defects), Feigenbaum (Total
Quality Control), and Ishikawa (root-cause tools).

e Project outcomes (dependent variable) measured by four universal indicators:

= Cost - Schedule (Time) - Quality - Customer Satisfaction




Theoretical Framework

Research Stream Key References Study Relevance

Salvi & Kerkar (2020); Khan et al.

(2019); Othman et al. (2018); Zakaria et Confirms CQM drives project outcomes (basis for H1) and
al. (2017); Neyestani (2016); Low & that CQM is strained in large, complex projects

Ong (2014); Hwang & Yang (2014);

Datta et al. (2024); Pan & Zhang (2021);
Abioye et al. (2021); Makaula et al.
(2021)

Dabous et al. (2023); Seyman-Giliray
Al and digital technology (2023); Luo et al. (2022); Westenberger

Construction Quality
Management and project
outcomes

Al in construction and
project management

Establishes Al's broad potential but shows it rarely targets
quality management — defining the research gap

Closest prior work — Al enhances CQM but benefits are
rarely tied to outcomes, and adoption barriers explain the

for construction quality g;llé()?on); SULaITE (AP T G Elk transitional maturity (basis for H2/H3 and Al as moderator)
Saudi construction and Al Hamdan (2024); Mazher et al. (2015); Shows that Saudi construction faces recurring quality and
adoption context Aichouni et al. (2014); Assaf & Al-Hejji performance challenges, including weak QMS
(2006); implementation, limited training, management commitment

gaps, delays, rework, and compliance-focused quality
practices.
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Research Design

. Design Purpose
HESEET phl‘losophy Convergent mixed-methods cee Statistical testing +
Pragmatism case study Jeddah Stormwater Program contextual triangulation

Data sources:

Quantitative: structured questionnaire measuring CQM (4 dimensions), Al, and Project Outcomes on Likert scales.

Qualitative: project records — NCRs, SORs, and 243 governance meeting records (11,000+ coded statements).

Al model input data — NCR/SOR records, governance statements, quality warning indicators, and recurring issue categories.

Triangulation: survey results, qualitative themes, and Al-assisted escalation outputs were integrated to support, contrast, and
contextualize the quantitative findings.
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Study Population & Sample:

= JSWP professionals / similar Projects: project & quality managers, QA/QC teams, engineers, contractors,
and suppliers.

* Purposive sampling; 167 survey responses collected, with ~130-140 valid observations used for SEM.

Data Analysis Tools:
Analysis software: IBM SPSS v25 and SmartPLS (Structural Equation Modeling):

= SPSS — robust for descriptive statistics, reliability testing, and regression analysis of observed (composite) variables.

= SmartPLS / SEM — models latent constructs and accounts for measurement error, estimating all structural paths
simultaneously.

= SEM provides a more rigorous and conservative test of moderation than regression on observed scores — critical for a
reliable conclusion on Al's interaction effect.
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Key Findings

Key Findings
R = 0.590 R? = 34.8% B =0.451 B =0.017
CQM has strong positive CQM explains substantial SEM confirms direct CQM Al moderation is not
correlation with project variance in project effect, p < 0.001 supported in SEM,
outcomes outcomes ' p=0.448

Interpretation

CQM remains a statistically significant foundation for improving project outcomes. Al shows value as a direct operational
enhancer, but the tested SEM model does not support a mature structural moderating effect.
Hypotheses outcome

H1 supported: H2 not supported under SEM: H3 supported conceptually: barriers
CQM - Project Outcomes Al x COM limit integration
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Conclusion & Recommendations

Conclusion

The sector is transitioning toward Al-enhanced CQM. Current Al use improves monitoring and decision support, but it
is not yet embedded enough to transform quality governance structurally.

Stage 0 ) Stage 1 ) Inte igigg czii ital
Traditional CQM Al-enhanced CQM & g
governance
Recommendations
Establish executive digital quality n Build Al competency programs for a Integrate Al analytics into quality
governance. guality and project teams. monitoring and reporting.
n Reduce spreadsheet dependency a Strengthen CAPA using centralized n Develop standardized data

through integrated platforms. NCR databases and analytics. architecture and governance.
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Appendix A - Questionnaire

Exploring the Moderating Role of Artificial Intelligence

This questionnaire aims to understand Construction Quality Management (CQM) practices and
changes, as well as the potential for utilizing artificial intelligence (Al) tools effectively to
enhance various aspects of project quality management and their impact on project outcomes.

Your insights will help us identify current challenges and potential solutions for integrating Al in
this crucial domain.

By: Eng. Ismail Hasan Ujaimi

PhD Candidate in Quality Management at Midocean University

Part A: Project Management Background & Experience
1. What is your role in the company?
O Director or Higher

O senior Manager

(O Manager

O senior Engineer
O Engineer

O Inspector



* 2. What is your department?

O Management
(O Construction
O Quality

O HsE

(O Planing / Cost control

(O Technical

(O other

* 3. What is the role of your organization in the project?

O Client
O PMO/PMC
(O Supervision Consultant

(O Contractor / Sub-Contractor

O supplier

* 4. How many years of experience do you have?

O 0 -5 Years
Q 6 -10 Years
O 11-15 Years
()16 - 20 Years

(O More than 20 years

* 5. What is your highest level of Education?

O PhD

(O Masters

O Bachelor

O Diploma



* 6. What is the scale of the project based on the budget?
(based on MOMRA classification)

O Small < SR 50 million
(O Meduim SR 50 - 200 million

O Big > SR 200 million

*7. What is the scale and complexity of the project team

(O Small team (Less than 50 members)
O Meduim team (50-150 members)
O Large team (150+ members)

O Large multinational team (150+ members)

8. Did you acquire any of the following certificates? (chose all that applies)

(] pPmpP

[ ] rRMP

(] Prince

[ ] 1S0 Lead Auditor

[ ] Lean Six Sigma

[ ] certified Manager of Quality

(] other (please specify)

9. If working on the Jeddah stormwater program please include the project name for
analysis purposes?

*10. What isyour gender?

O Male

O Female



Exploring the Moderating Role of Artificial Intelligence

Part B1: Construction Quality Management “CQM” Practices Background:

Please indicate your level of agreement with the following statements (1 = Strongly Disagree, 5 = Strongly

Agree)

*11. Construction Quality Management “CQM” Practices Background

Quality is considered a core value within my
organization and supported by higher management

Organizations” Quality cultural patterns, like rituals,
beliefs, values, and everyday procedures, directly or
indirectly affect CQM practice?

ISO 9001 certification among stakeholders positively
contributes to orgnasational and projects sucess

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree  Agree

o O O O O

o O O O O

o O O O O

*12. We are facing the following challenges in maintaining quality across the current

projects?

Difficulty in identifying quality defects at early stages
Challenges in managing and tracking defect resolution

Difficulty ensuring compliance with
standards/specifications

Ineffectiveness in implementing corrective actions
Lack of structured preventive action mechanisms
Gaps in workforce skill level and training

Absence of standardized quality strategies or best
practices

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree Agree

O OO0 O OO0
O OO0 O OO0
O OO0 O OO0
O OO0 O OO0
O OO0 O OO0



*13. How frequently do you use the following tools or techniques for quality
monitoring and analysis in your current project? Please rate based on your current

project experience

Not
used

Spreadsheets (e.g., Excel) O

KPIs Dashboards (Power Bl / Tableau) O

Generic project software (e.g., MS Project, O

Primavera)

Document-sharing platforms (e.g., SharePoint, Cloud O

storage, Google drive, Dropbox)

Enterprise software (e.g., Oracle Unifier, Procore, O

Aconex)

Rarely Sometimes Frequently Always

used

O

O
O
O
O

used

O

O
O
O
O

used

O

O
O
O
O

14. Which tool of the above mentioned do you find most effective, and why?

used

O

O
O
O
O

15. Please describe any specific challenges faced in implementing or improving quality

practices?

Exploring the Moderating Role of Artificial Intelligence

Part B2: Dimensions of Construction Quality Management practices (Quality Planing - Quality

Assurance - Quality Control - Quality Improvement)

Please indicate your level of agreement with the following statements (1 = Strongly Disagree, 5

= Strongly Agree)



*16. To what extent do you agree with the following statements related to Quality
Planning practices in your current project?

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree Agree
There is a formal Quality Management System with

clear Quality objectives, policy, procedures, and KPIs O O O O O
within the organization

Project Quality Plans are prepared during the planning
stage for each project

We use defined quality objectives, performance
indicators, and checklists

Stakeholders are involved in the process of quality
planning.

Lessons learned from previous / similar projects are
used

Risk-based thinking is applied during quality planning
to anticipate potential quality issues

Quality planning includes clear roles, responsibilities,
and communication plans

O O O O O O
O O O O O O
O O O O O O
O O O O O O
O O O O O O

*17. To what extent do you agree with the following statements related to Quality
Assurance practices in your current project?

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree Agree

Quality audits are conducted regularly and effectively O O O O O

Management review meetings are conducted regularly
and effectively

Audit results are documented, communicated, and
followed up with corrective or preventive actions

There are procedures to evaluate and control the
quality performance of contractors, subcontractors,
and suppliers

There are clear internal communication processes for
enforcing quality standards

Top management demonstrates strong commitment to
quality assurance

O o O O O
O O O O O
O O O O O
O O O O O
O o O O O



*18. To what extent do you agree with the following statements related to Quality

Control practices in your current project?

There are a flow chart and procedures showing the
process of quality control such as inspections, NCRs,
SORs.

Regular inspections and testing procedures are
followed as per ITP

Non-conformities are identified and corrected in a
timely manner

Documentation systems (e.g., NCR logs, SORs, issue
logs) are consistently used to track quality issues

Inspection and test results are reviewed and analyzed
to identify trends and recurring issues

Coordination occurs between site engineers, QA/QC
staff, and contractors to resolve quality issues

Strongly

Disagree Disagree

O

O O O O O

O

O O O O O

Neutral
/ Not
sure

O

O O O O O

Agree

O

O O O O O

Strongly
Agree

O

O O O O O

*19. To what extent do you agree with the following statements related to Quality

Improvement practices in your current project?

Quality procedures are reviewed and updated regularly

There are effective mechanisms for capturing feedback
and lessons learned

Training programs on quality standards are provided
continuously

Corrective and preventive actions (CAPA) are actively
implemented and monitored

Quality performance data is analyzed periodically to
identify improvement opportunities

Strongly

Disagree Disagree

O

O O O O

O

O O O O

Neutral
/ Not
sure

O

O O O O

Agree

O

O O O O

Strongly
Agree

O

O O O O



Exploring the Moderating Role of Artificial Intelligence

Part C: Project Outcomes (Time-Cost-Quality-Customer satisfaction) and Perceived Impact of

CQOM Practices

Please indicate your level of agreement with the following statements regarding how current
quality management practices have influenced project outcomes (1 = Strongly Disagree, 5 =

Strongly Agree)

*20. To what extent do you agree with the following statements related to the impact
of Quality Management practices on project cost in your current project?

Quality practices help in controlling project cost

overruns by reducing reworks

Rework due to quality issues increases project costs

Cost-related risks due to poor quality are identified and

mitigated proactively

The organization tracks and reports both direct quality
costs and indirect costs related to quality

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree  Agree

o O O O O
o O O O O
o O O O O
o O O O O

* 21. To what extent do you agree with the following statements related to the impact
of Construction Quality Management practices on project schedule?

The presence of robust CQM practices can reduce the
frequency of rework and schedule overruns

Quality-related delays (e.g., material rejection, repair,

rework) are concerning in our project

Early detection and resolution of quality issues
contributes to avoiding negative schedule disruptions

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree  Agree

o O O O O
o O O O O
o O O O O



*22. To what extent do you agree with the following statements related to the impact
of Construction Quality Management practices on overall project quality?

Strongly

Disagree Disagree

Robust CQM practices help in improving the overall O
quality of works

Few defects are observed during project handover and
included in the snag list

standards

Post-handover claims due to quality defects are
minimal, as issues are addressed before final project
handing over

O
Project outputs comply with specifications and quality O
O

O

O
O
O

Neutral
/ Not
sure

O

O
O
O

Agree

O

O
O
O

Strongly
Agree

O

O
O
O

* 23. To what extent do you agree with the following statements related to customer

satisfaction in your current project?

Strongly

Disagree Disagree

CQOM practices help to improve the overall quality of O
work, therfore increasing customer satisfaction

Clients or end users express satisfaction with delivered
quality

Quality management improves stakeholder
communication and satisfaction

Customer feedback is regularly collected and used to
improve project delivery and quality performance

O O O

O

O
O
O

Neutral
/ Not
sure

O

O
O
O

Agree

O

O
O
O

Strongly
Agree

O

O
O
O

Exploring the Moderating Role of Artificial Intelligence



Part D: Potential Al Applications in Construction Quality Management Practices

Please indicate your level of agreement with the following statements (1 = Strongly Disagree, 5

= Strongly Agree)

* 24. To what extent do you agree with the following statements related to your

awareness and readiness to adopt Al technologies in construction project quality

management?

| am interested in learning and using (Al) to enhance
practices in my organization, including quality
management

| personally use Al tools such as ChatGPT and similars,
to improve my productivity

| am familiar with Al technologies (e.g., ML, NLP,
computer vision, loT)

There are initiatives in Our organization to integrate Al
in project process including quality

Special training on using Al tools is needed for our staff

Staff are competent and open to using Al tools in
quality management

The current system in your organization is ready to be
integrated with Al technology

The integration of Al can positively influence the
project’s outcomes and overall success

Strongly

Disagree Disagree

O

O O O O O O O

O

O O O O O O O

Neutral
/ Not
sure

O

O O O O O O O

Agree

O

O O O O O O O

Strongly
Agree

O

O O O O O O O



* 25. To what extent do you agree with the following statements about how Al can be

utilized throughout the quality lifecycle in construction projects?

Al tools can be used for generating quality
requirements from historical data

Al Could help automating operations and digitalizing
processes to improve productivity, safety, and quality

Al Integration can help analyze quality data and
identify trends and patterns

Al Could help improve communication and
collaboration between stakeholders on quality issues

Al supports compliance checking with codes,
standards, and projects specifications

Al-powered dashboards are used for predictive insights
during project execution

Al tools help in detecting errors or defects earlier than
traditional methods, especially if integrated with
dashboards

Al Integration help to predict and prevent errors related
to humans, observations, non-conformities, before they
occur

Strongly

Disagree Disagree

O

O O O O O O

O

O

o O O O O O

O

Neutral
/ Not
sure

O

O O O O O O

O

Agree

O

O O O O O O

O

Strongly
Agree

O

O O O O O O

O



*26. To what extent do you agree with the following statements regarding the
adoption of Artificial Intelligence (Al) in your organization and specifically within your
Construction Quality Management (CQM) practices?

Neutral
Strongly / Not Strongly
Disagree Disagree  sure Agree Agree
Our organization’s top management is committed to O O O O O
exploring and supporting the use of Al

There is strong organizational interest in applying Al in
all processes including quality

Implementation cost is a major concern that limits the
adoption of Al

Our current systems and tools can be integrated with
Al with minimal adjustments

There is a lack of internal Al-related training programs
for staff

We face challenges in collecting and organizing quality-
related data that Al systems can use

There are concerns about the accuracy and reliability of
Al-generated quality insights

Our organization sees Al as a future enabler for
improving overall project delivery

Current CQM workflow can be integrated with Al for
better predictive control

We are actively exploring partnerships or solutions to
enhance Al capabilities

Transparency, bias, reliability, accountability, ethical
and legal considerations are biggest concerns for using
Al

O O O O O O O O O O
O O O O O O O O O O
O O O O O O O O O O
o O O O O O O O O O
o O O O O O O O O O

27. What recommendations would you give for developing and implementing Al
solutions for CQM effectively?

28. Please share any observations, insights, thoughts or experiences where Al
improved or could have improved project outcomes?




| Appendix B - JSWP Thematic Analysis Report |

Qualitative Thematic Analysis of JSWP
Minutes of Meetings and Progress
Reports

Convergent Mixed-Methods Triangulation — Thesis
Chapter Support Document

Revised Edition — Full Corpus (243 Documents)

Program: Jeddah Stormwater Program (JSWP) Analysis Scope: 73 WSP QAQC Meeting
Minutes + 169 Client Progress Meeting Minutes + 1 Survey Results Document Total
Documents Analysed: 243 Total Source Text Processed: ~1.2 million characters Total
Quality-Related Statements Coded: 11,090 Analysis Date: March 2026

Revision Note

This report supersedes the initial analysis (51 documents, 339 coded statements). The
first pass covered only the WSP QAQC project-level meeting minutes. Upon
verification, two additional document collections were identified and incorporated:



Previously

Collection Documents Period Language
guag Included
. Mar 2025 - Oct ) )
WSP Projects QAQC MOMs 73 2025 English Partial (51 of 73)
Client Progress Meeting Jan 2021 - Oct .
) 169 Arabic None
Minutes 2025
Survey Results 1 2025 English Yes
Total 243 2021-2025 Mixed —

The Client Progress Meeting Minutes represent weekly programme-level meetings
chaired by the client (PMO), covering all JSWP projects collectively. Their inclusion
provides a five-year longitudinal view of quality management challenges at the
programme governance level — a perspective entirely absent from the initial analysis.

Executive Summary

This report presents a five-step qualitative thematic analysis of the complete JSWP
documentation corpus, conducted to support a Convergent Mixed-Methods research
design for thesis research. Across 243 documents and 11,090 coded statements, ten
distinct quality themes were identified. The analysis reveals that quality challenges in
JSWP are not only widespread at the project execution level (as shown by the WSP
QAQC MOMs) but are also deeply embedded in the programme’s governance and
delivery culture, as evidenced by the five-year longitudinal record in the Client
Progress Meeting Minutes.

The central finding is one of strong convergence between the qualitative evidence
and the quantitative Al Risk Model outputs. The top three qualitative themes —
Progress & Schedule Issues (n=3,176), Poor Workmanship (n=1,565), and Contractor
Non-Compliance (n=1,354) — map directly to the three highest-impact predictors in
the Al escalation model. Critically, the Client MOMs reveal that these problems have
been present and discussed at the programme level since at least 2021, predating the
current QAQC monitoring framework. This longitudinal persistence is a key finding for
the thesis: the Al model is not detecting new problems but quantifying the risk profile
of long-standing, structurally embedded quality challenges.



Step 1 — Document Corpus and Extraction
Methodology

Corpus Overview

. Coded % of Total
Collection Documents
Statements Statements

Client Progress Meeting Minutes

. 169 9,267 83.6%
(Arabic)
WSP QAQC Meeting Minutes

. 73 1,645 14.8%
(English)
Survey Results (English) 1 178 1.6%
Total 243 11,090 100%

Extraction Methodology

Text was extracted from all 243 Word-format documents ( .docx and .docm) using
XML-level parsing of the Office Open XML structure, bypassing macro-enabled format
restrictions. For Arabic documents, the full Unicode text was preserved and coded
against a bilingual keyword vocabulary (Arabic and English). Sentences were
segmented on punctuation boundaries and table-row delimiters, filtered to 20-600
characters, and tested against a 130-keyword thematic coding vocabulary distributed
across ten themes.



Project Coverage

Project WSP MOM Documents
Al-Hamrah 16
Hail 21
Al-Huda 17
Al-Rawdah 2
North Channel 2
Al-Marwah 3
Al-Falah 2
South Obhur 3
King Faisal Road 1
Al-Abruq 4
Programme-Wide 2
Total 73

Client MOM Documents

169

169

Total

16

21

17

171

242

Step 2 — Thematic Coding

Methodology

Each extracted statement was tested against a bilingual (Arabic/English) vocabulary of
130 keyword patterns across ten themes. Themes were derived from the established

Construction Quality Management literature and calibrated to the JSWP operational
context. A statement could be assigned to multiple themes.



Thematic Frequency Table — Full Corpus

Rank Theme Frequency Documents % ofDocs Prevalence
1 Progress & Schedule Issues 3,176 201 83% Very High
2 Poor Workmanship 1,565 231 95% Very High
3 Contractor Non-Compliance 1,354 227 93% Very High
4 Safety & Environmental 1,330 195 80% Very High
5 Inspection Failures 1,257 225 93% Very High
6 Coordination Problems 1,207 206 85% Very High
7 Delayed Corrective Actions 465 221 91% High

8 Resource Constraints 412 131 54% Moderate
9 Management Escalations 248 112 46% Moderate
10 Material Approval Delays 76 68 28% Low
Total 11,090 — — —

Critical observation: Six of the ten themes appear in more than 80% of all 2453
documents. This near-universal prevalence is not characteristic of isolated or
project-specific problems — it is the signature of systemic, programme-wide quality
management failures that have persisted across a five-year period and across all
JSWP projects.

Comparison: Initial vs. Full Corpus Analysis

The inclusion of the Client MOMs fundamentally changes the frequency ranking and
reveals the programme-level perspective:



Theme

Contractor Non-
Compliance

Poor
Workmanship

Progress &
Schedule Issues

Material Approval
Delays

Safety &
Environmental

Initial
(51
docs)

106
(Rank 1)

61
(Rank 2)

Not
coded

(Rank 3)

Not
coded

Full
Corpus
(243 docs)

1,354
(Rank 3)

1,565
(Rank 2)

3,176
(Rank 1)

76 (Rank
10)

1,330
(Rank 4)

Change

+1,248

+1,504

New

+24

Representative Statements by Theme

New Insight

Still dominant at project level;
surpassed by schedule/workmanship
at programme level

Most pervasive theme across all
document types

Client MOMs reveal schedule pressure
as the dominant programme-level
concern

Less prominent at programme level,
concentrated in project-level QAQC
discussions

Client MOMs include HSE reporting
absent from QAQC MOMs

Progress & Schedule Issues (n=3,176, 201 documents)

The dominance of this theme in the Client MOMs reflects the PMO’s primary concern

with programme delivery milestones. Arabic-language discussions consistently

reference project completion percentages, delayed handovers, and contractor
schedule non-compliance. English QAQC MOMs add the quality dimension: schedule

pressure from contractors leads to shortcuts in inspection compliance and material
approval processes.

e Al-Hamrah, Oct 2025: “WSP ask for updated schedule for follow-up. CWC will
provide a schedule for the status of the cover for PRD and MH.”

e Client MOM, 2024 (Arabic): Programme-level discussion of project completion

percentages and delayed milestones across multiple JSWP packages.

® Hail, Apr 2025: “A meeting is to be arranged with WSP team regarding PMO’s NCR
& SOR closure process on Monday 27/04/2025 at 2:30 PM.”

Poor Workmanship (n=1,565, 231 documents — 95% coverage)



This theme’s appearance in 95% of all documents makes it the single most pervasive
quality issue in the programme. It spans both the project-level QAQC discussions
(specific defects in asphalt, compaction, concrete, and pipe installation) and the
programme-level client meetings (general references to quality standards and
rectification requirements).

e Al-Hamrah, Aug 2025: “Implementation Quality of asphalt works on Line AH01-5-
1 PRD. CWC started cutting asphalt for rectification as per WSP road Engineer
instruction.”

e Al-Huda: “Works Methodologies statement approvals & logs. Concrete Mixed
design approvals & logs. Independent third-party lab or Site lab testing materials
— approvals.”

e Al-Hamrah, Jun 2025: “Rectification work has been started for the storage area.
CWC. 1/7/2025. Open.”

Contractor Non-Compliance (n=1,354, 227 documents — 93% coverage)

Present in 93% of all documents, this theme confirms that contractor non-compliance
is not a project-specific aberration but a programme-wide behavioural pattern. The
QAQC MOMs provide specific evidence (repeated “Continues Action” items, NCR/SOR
log follow-up), while the Client MOMs show that the PMO has been aware of and
discussing contractor compliance issues since 2021.

e Al-Hamrah, Mar 2025: “CWC shall rectify or replace Stockpile area sieves mesh
and repeated violation.”

e Al-Hamrah, Mar 2025: “CWC shall use approved capacity Roller equipment for
compaction Earth works. CWC Continues Action.”

e North Channel, Apr 2025: “SAJCO provided the work inspection request to the
quality team in WSP in order to close out SOR.”

Inspection Failures (n=1,257, 225 documents — 93% coverage)

The near-identical document coverage of Contractor Non-Compliance and Inspection
Failures (both 93%) suggests these two themes are structurally linked: contractor non-
compliance manifests most frequently as inspection failures, and inspection failures
are the primary mechanism by which SORs escalate to NCRs.

e Al-Hamrah, Mar 2025: “CWC provided the work inspection request for MH 19 in
Line AhO1 and MH 21, MH20, MH 19 Line AHO7 to the quality team in WSP in order



to close out SOR 224 and SOR 225.”

e Al-Falah, Apr 2025: “GRP for 500/300 Dia shall be tested as per the approved ITP.
UPVC 400 Dia Ground water line shall be arranged mandrel test as per project
specs.”

e Al-Rawdah, Mar 2025: “The contractor must issue WIR with full coordination with
the consultant before any construction step.”

Delayed Corrective Actions (n=465, 221 documents — 91% coverage)

Despite its lower frequency relative to the top themes, Delayed Corrective Actions
appears in 91% of all documents — the third-highest document coverage of any
theme. This indicates that while individual instances are less frequent, the problem of
unclosed corrective actions is nearly universal across the programme.

e Al-Hamrah, Mar 2025: “The LOG for NCR/SOR should be available during weekly
meeting to discuss and follow up for closeout.”

e Al-Hamrah, Mar 2025: “QC Statistics: Total Closed Open — SORs 14,7, 7; NCRs 14,
7,77

e Al-Abrug:Multiple consecutive MOMs showing the same action items carried
forward as “Open.”

Material Approval Delays (n=76, 68 documents — 28% coverage)

The relatively low frequency of this theme in the full corpus (compared to its
prominence in the initial QAQC-only analysis) reveals an important distinction:
material approval is primarily a project-level quality management concern discussed
in QAQC meetings, not a programme-level governance concern discussed in client
progress meetings. This does not diminish its importance — the Al model identifies it
as the highest-escalation technical warning type (58.3%) — but it explains why it is less
visible at the PMO level.




Step 3 — Theme-to-Issue Mapping

Mapping Table
Qualitative Related Issue Al Warning Escalation . .
Domain Alignment
Theme Category Type Rate
Progress & Overdue Issues
Delay 66.7% D-QMS  Strong
Schedule Issues / Delay
Poor General
) General Quality ] 47.7% D-RST Strong
Workmanship Quality
Contractor Non- High Contractor Coordination
_ ‘& natl 33-72% D-QMS  Strong
Compliance Risk Issue
Safety & General
i y General Quality ] 47.7% D-HSE Moderate
Environmental Quality
Inspection Inspection Inspection
. . . 49.0% D-QMS  Strong
Failures Failure Failure
Coordination Coordination Coordination
33.3% D-CON Moderate
Problems Issue Issue
Delayed
) ) Overdue Issues  Delay 66.7% D-QMS  Strong
Corrective Actions
Resource G | Qualit General 47,79 D-OMS Moderat
eneral Quali . - oderate
Constraints Haity Quality ’
Management High Escalation
, , Delay 66.7% D-QMS  Moderate
Escalations Risk
Material Approval
PP Material Risk Material Risk 58.3% D-MAT Strong

Delays

Key Mapping Insights

The mapping reveals two structural patterns that are critical for the thesis argument.
First, the three highest-frequency qualitative themes (Progress & Schedule Issues,
Poor Workmanship, Contractor Non-Compliance) all map to warning types with



escalation rates above 47% — confirming that the issues most discussed in meetings
are also the issues most likely to escalate into formal non-conformances. Second, the
theme with the lowest qualitative frequency (Material Approval Delays, n=76) maps to
the warning type with the highest technical escalation rate (58.3%), suggesting that
while material approval issues are discussed less frequently in meetings, they are
disproportionately dangerous when they do occur.

Survey Corroboration

The survey results (n=167 respondents, Cronbach’s a=0.949) provide additional
bridging evidence across the theme-to-issue mapping:

Survey CQM Mean . .
. . % Relevance to Thematic Mapping
Dimension Score
. Supports thesis argument for Al-based QI
Al Utilization 3.93 78.6% PP & Q
Model
High score yet widespread inspection failures
Quality Control 3.88 77.6% g . y P P
— execution gap
. . Plans exist but not followed — contractor non-
Quality Planning 3.82 76.4% )
compliance
' Audit findings unclosed — audit-escalation
Quality Assurance 3.76 75.2% .
linkage
Quality Lowest score — confirms corrective action
3.61 72.2% .
Improvement system failure

The survey’s finding that Quality Improvement is the weakest CQM dimension
(Mean=3.61) is the most significant corroborating data point: it directly confirms the
qualitative evidence that corrective actions are not being effectively closed and that
recurring issues are not being systematically eliminated.




Step 4 — Triangulation Analysis

Triangulation Table — Full Corpus

Quantitative Finding  Qualitative Evidence

Delay warnings:
highest escalation
rate (66.7%)

Poor Workmanship:
47.7% escalation
rate; widespread in
NCRs

Contractor risk:
dominant predictor
(impact score 92);
high-risk
contractors escalate
3X more

Inspection Failure:
7-day escalation
window

Material Risk: 58.3%
escalation rate

Progress & Schedule
Issues is the most
frequent theme
(n=3,176, 83% of docs).
Client MOMs show 5
years of schedule
pressure discussions.

Poor Workmanship is
the most pervasive
theme (n=1,565, 95% of
docs). Appearsin
virtually every
document across all
projects and years.

Contractor Non-
Compliance appearsin
93% of all documents
(n=1,354). Client MOMs
show this has been
discussed at PMO level
since 2021.

Inspection Failures
appears in 93% of
documents (n=1,257).
QAQC MOMs show WIR
non-compliance as a
recurring pattern.

Material Approval
Delays appears in 28%
of documents (n=76) —

Interpretation

Schedule pressure is the primary
programme-level driver of quality risk.
When contractors are behind schedule,
they bypass inspection and approval
requirements, directly triggering the
escalation pathway.

Workmanship quality is a chronic,
programme-wide failure. Its near-universal
document coverage (95%) confirms this is
not a contractor-specific or project-specific
problem but a systemic delivery quality
issue.

Contractor behaviour is the root cause of
the majority of escalations. The 5-year
longitudinal evidence from Client MOMs
confirms this is a structural, not incidental,
programme risk. The Al model is
quantifying a problem that has been
visible in meeting records for years.

The 7-day escalation window is a
procedural consequence of inspection
non-compliance. The near-identical
document coverage of Contractor Non-
Compliance and Inspection Failures (both
93%) confirms these are two
manifestations of the same underlying
behavioural problem.

Material approval failures are a project-
level technical risk, not a programme-level
governance concern. Their low visibility in



Quantitative Finding  Qualitative Evidence

(highest technical
rate)

85% of warnings are
in projects with
overdue audit
findings

Program QI =%%4
(At Risk); escalation
rate =49.6%

Coordination Issue:
lowest escalation
rate (33.3%)

concentrated in QAQC
MOMs, not Client
MOMs.

Delayed Corrective
Actions appearsin 91%
of documents (n=465).
Audit findings from
July 2025 remain 100%
open.

Management
Escalations (n=248,
46% of docs). Survey:
Quality Improvement
lowest CQM dimension

(3.8%:.00).

Coordination Problems
appears in 85% of
documents (n=1,207)
but with lower severity
per instance.

Interpretation

Client MOMs explains why they may be
under-managed at the PMO level despite
carrying the highest technical escalation
rate. This is a key thesis finding: the PMO’s
governance view and the QAQC
operational view diverge most sharply on
material risk.

Audit closure requires the same corrective
actions that are themselves overdue. The
91% document coverage of Delayed
Corrective Actions confirms that the
corrective action system failure is
programme-wide, explaining why audit
findings cannot be closed.

The low Program QI reflects the
cumulative effect of all qualitative themes
operating simultaneously across the
programme. The survey confirms that the
programme lacks effective improvement
mechanisms — it manages quality
reactively rather than proactively.

The high document coverage but low
escalation rate for coordination issues
confirms that coordination problems are
being identified and discussed in meetings
before they reach formal NCR status. The
MOM format is effective at containing
coordination issues — its least effective
function is closing corrective actions.




Step 5 — Narrative Insight Summary

The Five-Year Longitudinal View: What the Client MOMs Reveal

The most significant finding from the full corpus analysis is that the quality challenges
currently being detected by the Al Risk Model are not new. The Client Progress Meeting
Minutes — 169 weekly Arabic-language meetings spanning January 2021 to October
2025 — show that Poor Workmanship, Contractor Non-Compliance, and Progress &
Schedule Issues have been recurring discussion items at the PMO level throughout the
programme’s lifecycle. This longitudinal evidence transforms the thesis argument: the
Al model is not predicting novel risks but is providing a systematic, quantified
framework for risks that have been visible in meeting records for years without being
effectively resolved.

This finding has profound implications for the thesis’s contribution. It demonstrates
that the problem is not a lack of information — the PMO has been receiving weekly
reports on these issues for five years — but a lack of a structured analytical framework
to translate that information into predictive risk intelligence. The Quality Intelligence
Model addresses precisely this gap.

How MOM Discussions Support the Al Model Results

The Schedule-Quality Nexus. The dominance of Progress & Schedule Issues (n=3,176,
83% of documents) in the full corpus reveals a mechanism not visible in the QAQC-only
analysis: schedule pressure is the primary driver of quality shortcuts. When
contractors are behind schedule — as evidenced by five years of PMO-level schedule
discussions — they bypass inspection requirements, proceed with unapproved
materials, and delay corrective actions. The Al model captures the downstream
consequences of this behaviour (inspection failures, material risk warnings, delay
escalations), while the Client MOMs document the upstream cause (persistent
schedule non-compliance). Together, they establish a causal chain from schedule
pressure to quality escalation.

The Workmanship-Escalation Pathway. Poor Workmanship’s appearance in 95% of
all documents — the highest document coverage of any theme — establishes it as the
most pervasive quality failure in the programme. The QAQC MOMs provide specific
evidence of defects (asphalt rectification, compaction failures, concrete mix non-
compliance), while the Client MOMs show that workmanship quality has been a



standing agenda item at the PMO level throughout the programme. The Al model’s
General Quality warning type (47.7% escalation rate) captures this theme
quantitatively, but the qualitative evidence reveals that workmanship failures are the
visible manifestation of deeper systemic issues: inadequate contractor supervision,
insufficient quality control resources, and the absence of effective quality
improvement mechanisms.

The Contractor Behaviour Pattern. Contractor Non-Compliance in 93% of
documents over five years establishes a clear behavioural pattern: the contractors
engaged in JSWP have consistently failed to comply with quality requirements across
multiple projects, multiple years, and multiple contract packages. The Al model’s
identification of contractor performance as the dominant escalation predictor (impact
score 92, 3X escalation multiplier for high-risk contractors) is not a statistical artefact
— it is the quantification of a behavioural pattern that has been documented in
meeting records since 2021. The qualitative evidence from Client MOMs confirms that
this pattern was known at the PMO level but not effectively addressed through the
existing quality management framework.

The Corrective Action System Failure. Delayed Corrective Actions appears in 91% of
all documents — the third-highest document coverage. This near-universal presence,
combined with the survey’s finding that Quality Improvement is the weakest CQM
dimension (3.61/5.00), confirms a structural failure in the programme’s corrective
action system. Items are identified, documented, and discussed in meetings, but they
are not being effectively closed. The Al model captures this as the highest-escalation
warning type (Delay, 66.7%), confirming that the failure to close corrective actions is

not merely an administrative inconvenience but the single highest-risk pathway to
formal NCR escalation.

The PMO-QAQC Perception Gap. A key finding that emerges from comparing the two
document collections is a significant divergence in what is visible at the PMO level
versus the QAQC operational level. Material Approval Delays — the highest-escalation
technical warning type (58.3%) — appears in only 28% of documents and is
concentrated in QAQC MOMs, not Client MOMs. This means that the PMO’s weekly
governance meetings are not surfacing the issue that the Al model identifies as the
most dangerous technical risk. Conversely, Progress & Schedule Issues — the
dominant theme in Client MOMs — is not a formal warning type in the Al model,
suggesting that the model is capturing the downstream quality consequences of
schedule pressure without explicitly modelling the schedule pressure itself. These



gaps represent opportunities for the Quality Intelligence Model to bridge the PMO-
QAQC information divide.

Key Recurring Operational Problems

Based on the integrated analysis of 243 documents across five years, five structural
quality problems emerge as the primary drivers of programme risk:

1. Chronic Schedule Non-Compliance Driving Quality Shortcuts. The five-year
record of schedule discussions in Client MOMs, combined with the Al model’s
identification of Delay warnings as the highest-escalation type (66.7%), establishes
schedule pressure as the root cause of the majority of quality failures. Contractors
behind schedule bypass quality requirements, creating a cascade of inspection
failures, material approval shortcuts, and delayed corrective actions.

2. Systemic Workmanship Deficiencies Across All Projects. Poor Workmanship’s
95% document coverage over five years indicates that workmanship quality is a
programme-wide structural failure, not a contractor-specific or project-specific
problem. This suggests that the root cause lies in programme-level factors: contractor
selection criteria, supervision intensity, quality control resourcing, and the absence of
effective quality improvement mechanisms.

3. Persistent Contractor Non-Compliance Without Effective Consequences.
Contractor Non-Compliance in 93% of documents over five years, with the same
contractors (CWC, SAJCO) repeatedly cited, indicates that the current corrective action
framework is insufficient to change contractor behaviour. The Al model’s 3X
escalation multiplier for high-risk contractors quantifies the cost of this failure.

4. Corrective Action System Failure at All Levels. The 91% document coverage of
Delayed Corrective Actions, combined with 100% open audit findings (8+ months
overdue), confirms that the programme’s corrective action system is not functioning at
any level — project, programme, or audit. This is the single most actionable finding for
the PMO: the quality management system has the right structure but lacks the
enforcement mechanisms to drive closure.

5. PMO-QAQC Information Divide. The divergence between what is discussed in
Client MOMs (schedule, workmanship, contractor behaviour) and what is tracked in
QAQC MOMs (material approvals, inspection compliance, NCR/SOR closure) represents
a structural information gap. The PMO is managing quality at the governance level



without full visibility of the technical risk signals that the Al model identifies as the
highest-escalation indicators. The Quality Intelligence Model addresses this gap by
providing a unified analytical framework that integrates both perspectives.

Summary of Deliverables

Deliverable 1: Thematic Frequency Table — Full Corpus

Rank Theme Frequency Documents % of Docs
1 Progress & Schedule Issues 3,176 201 83%
2 Poor Workmanship 1,565 231 95%
3 Contractor Non-Compliance 1,354 227 93%
4 Safety & Environmental 1,330 195 80%
5 Inspection Failures 1,257 225 93%
6 Coordination Problems 1,207 206 85%
7 Delayed Corrective Actions 465 221 91%
8 Resource Constraints 412 131 54%
9 Management Escalations 248 112 46%

10 Material Approval Delays 76 68 28%



Deliverable 2: Theme-to-Issue Mapping

Theme

Progress & Schedule
Issues

Poor Workmanship

Contractor Non-
Compliance

Inspection Failures

Delayed Corrective
Actions

Material Approval
Delays

Coordination
Problems

Management
Escalations

Issue Category

Overdue Issues

General Quality

High Contractor
Risk

Inspection Failure

Overdue Issues

Material Risk

Coordination
Issue

High Escalation
Risk

Warning Type

Delay

General Quality

Coordination
Issue

Inspection
Failure

Delay

Material Risk

Coordination
Issue

Delay

Escalation
Rate

66.7%

47.7%

33-72%

49.0%

66.7%

58.3%

33.3%

66.7%

Alignment

Strong

Strong

Strong

Strong

Strong

Strong

Moderate

Moderate



Deliverable 3: Triangulation Table

Quantitative Finding

Delay: 66.7% escalation
rate

Poor Workmanship: 47.7%
escalation, widespread in
NCRs

Contractor risk: dominant
predictor (score 92)

Inspection Failure: 7-day
escalation window

Material Risk: 58.3%
escalation (highest
technical)

85% warnings in overdue-

audit projects

Program QI =470 (At
Risk)

Qualitative Evidence

Progress & Schedule Issues:
3,176 stmts, 83% of docs, 5-
year record

Poor Workmanship: 1,565
stmts, 95% of docs

Contractor Non-Compliance:

1,354 stmts, 93% of docs,
since 2021

Inspection Failures: 1,257
stmts, 93% of docs

Material Approval Delays: 76
stmts, 28% of docs (QAQC
only)

Delayed Corrective Actions:
465 stmts, 91% of docs

Survey: Quality
Improvement lowest CQM
dim. (3.%%%.00)

Interpretation

Schedule pressure is the primary
upstream driver of quality
escalation

Most pervasive quality failure;
systemic, not project-specific

Chronic behavioural pattern; Al
model quantifies a known but
unresolved risk

Procedural escalation pathway
triggered by contractor non-
compliance

PMO-QAQC information gap:
highest technical risk is invisible
at governance level

Corrective action system failure
prevents audit closure

Programme lacks systematic
improvement mechanisms

Deliverable 4: Narrative Insight Summary
See Section “Step 5 — Narrative Insight Summary” above for the full narrative.

Core thesis-supporting conclusion: The qualitative thematic analysis of 243 JSWF
documents (2021-2025) provides strong convergent validity for the Al Risk ana
Escalation Model across all eight triangulation points. The five-year longitudinai
record from Client Progress Meeting Minutes reveals that the quality challenges
quantified by the Al model are not new — they are structurally embeddea
programme risks that have been visible in meeting records since 2021. The Quality
Intelligence Model’s contribution is not the discovery of these risks but the



provision of a systematic, quantified, and predictive analytical framework that
transforms five years of meeting-level observations into actionable risk intelligence.

Methodological Note for Thesis Chapter

This analysis follows the Convergent Parallel Mixed Methods Design (Creswell &
Plano Clark, 2018), in which quantitative and qualitative data are collected and
analysed independently, then merged at the interpretation stage. The analysis
demonstrates strong convergence across all six primary triangulation points, with
two additional findings of moderate convergence for coordination and management
escalation themes.

The bilingual corpus (Arabic Client MOMs + English QAQC MOMs) required a bilingual
keyword coding vocabulary. Arabic statements were coded using Arabic-language
quality management terminology; the thematic categories themselves are language-
independent. The coding vocabulary was validated against the known JSWP issue
taxonomy (D-QMS, D-MAT, D-RST, D-CON, D-HSE domain codes) to ensure alignment
between qualitative themes and quantitative issue categories.

For the thesis chapter, this analysis is recommended for inclusion in the Mixed
Methods Triangulation section, following the presentation of quantitative Al model
results. The five-year longitudinal finding from Client MOMs is particularly suitable for
the Discussion chapter, where it supports the argument that a Quality Intelligence
Model provides value not by identifying new risks but by systematically quantifying
and predicting risks that have been present but inadequately managed throughout
the programme’s lifecycle.

Document prepared for thesis research purposes. Data sources: JSWP WSP QAQC
Meeting Minutes (73 documents, Google Drive), JSWP Client Progress Meeting Minutes
(169 documents, Google Drive, Arabic), Survey Results (Dr. Ismail Hasan, 2025), JSWF
Structured Issue Dataset (673 NCRs/SORs), Al Risk Model outputs (113 warnings, DSS
Model F).



| Appendix C - JSWP Quality Intelligence Model Development Report |

JSWP Quality Intelligence Model

Comprehensive Development Report — From Data
Inventory to Operational Dashboard

Program: Jeddah Stormwater Program (JSWP)
Document Type: Thesis-Grade Technical Report
Prepared by: Ismail Ujaimi

Date: April 2026

Version: 2.0

Executive Summary

This report documents the complete development lifecycle of the JSWP Quality
Intelligence Model, a thesis-grade analytical framework built to transform fragmented
quality assurance logs into actionable intelligence for program management and
academic research. The model integrates structured issue data, unstructured meeting
minutes, audit findings, and Al-powered risk prediction into a unified dashboard and
decision support system.

What was built: A multi-layered quality intelligence system comprising (1) a
standardized data warehouse of 673 quality issues across 35 projects, (2) an Al risk and
escalation prediction model analyzing 113 warnings, (3) a thematic analysis of 243
meeting minutes covering 2021-2025, and (4) an interactive web dashboard with 9
analytical views.

Why it matters: The JSWP program exhibited a 90% overdue closure rate and 49.6%
escalation rate from warnings to NCRs, indicating systemic quality management
failures. This model provides the first quantitative evidence linking governance failures
(unresolved meeting warnings and audit findings) to field defects, enabling both
operational intervention and academic contribution.

Key findings:



Escalation behavior is the primary driver of program risk, contributing 24.8
points of penalty to the Program Quality Index

Contractor performance variation is extreme, with Quality Index scores
ranging from 45 (At Risk) to 100 (Excellent)

Qualitative and quantitative evidence converge strongly across all 6 major
triangulation points, validating the model’s construct validity

Five years of meeting minutes (2021-2025) show that the problems quantified
by the Al model are not new — they are structurally embedded risks discussed
weekly but inadequately managed
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1. Project Context and Objectives

1.1 Program Background

The Jeddah Stormwater Program (JSWP) is a large-scale infrastructure program
managed by the Royal Commission for Jeddah (RCJ) and delivered through multiple
contractors and consultants. Quality assurance and quality control (QA/QC) processes
generate three primary types of quality records:

e Non-Conformance Reports (NCRs) — formal defect notices requiring contractor
rectification
e Site Observation Reports (SORs) — lower-severity quality observations
¢ Site Instructions (SIs) — administrative directives
These records are logged in multiple systems: a PMO master log maintained by the
program management office, and individual supervision logs maintained by

consulting firms overseeing specific project packages. Additionally, quality governance
processes generate:

e Minutes of Meetings (MOMs) — weekly progress and QAQC coordination
meetings
e Audit Reports — periodic third-party quality system audits

e Monthly Progress Reports — contractor performance summaries

1.2 Research Problem
The program exhibited persistent quality management challenges:
1. Data fragmentation — quality issues logged in 12+ different Excel files with

inconsistent naming, missing fields, and duplicate entries

2. Reactive management — quality interventions occurred only after field defects
materialized, not when early warning signs appeared in meetings or audits

3. No performance benchmarking — no systematic comparison of contractor or
project quality performance

4, Lack of predictive capability — no ability to forecast which projects or
contractors would generate future NCRs



5. Qualitative evidence disconnected from quantitative metrics — meeting
discussions and audit findings were not linked to issue data

1.3 Research Objectives

The Quality Intelligence Model was designed to address these gaps through three
objectives:

Operational Objective: Provide PMO leadership with a real-time dashboard showing
quality risk signals, contractor performance rankings, and bottleneck identification to
enable proactive intervention.

Analytical Objective: Build an Al-powered decision support system that predicts
escalation probability and time-to-escalation for quality warnings, proving the
statistical relationship between governance failures and field defects.

Academic Objective: Demonstrate a convergent mixed-methods research design
where qualitative thematic analysis of meeting minutes triangulates with quantitative
Al model findings, providing robust construct validity for the Quality Intelligence
framework.

2. Stage 1: Data Inventory and Profiling

2.1 Source Data Discovery

The first stage involved systematic discovery and profiling of all available quality data
sources. The inventory revealed:



Data Source Format Records Period Language Completeness

PMO NCR Log Excel 83 2019-2024  English High (95%)
PMO SOR Log Excel 220 2019-2024 English Medium (78%)
PMO Sl Log Excel 3 2024 English Low
Supervision Logs (11 ) Variable (45-
, Excel 397 2021-2024  English
files) 85%)
WSP QAQC Meeting Word Mar-Oct .
) 73 English N/A (text)
Minutes (docm) 2025
Client Progress Word .
. 169 2021-2025 Arabic N/A (text)
Meetings (docx)
Audit Reports PDF 5 Jul 2025 English N/A (text)
Word )
Survey Results 1 2025 English N/A (text)
(docx)

Total structured records: 703 (before deduplication)
Total unstructured documents: 248

2.2 Data Quality Assessment
Profiling revealed significant data quality challenges:

Project naming inconsistency: Over 40 different spellings for the same projects (e.g.,
“30 loc”, “almohammadeya”, “AL MOHAMMADIYAH”, “Up03/D 006” all referring to the
same project). This required building a canonical project dictionary mapping all
variants to 35 standardized project_id values.

Contractor aliases: 14 distinct contractors were identified, but supervision logs often
lacked contractor information entirely, resulting in 370 issues (55%) initially classified
as “UNKNOWN?” contractor until cross-referenced with project-level contract data.

Missing dates: 18% of supervision log records lacked a date_issued field, requiring
inference from adjacent records or exclusion from time-series analysis.

Status ambiguity: Raw status values included “cl”, “op”, “opened”, “ongoing”,
“closed”, “Closed”, and blank cells, all requiring standardization to a binary open /



closed classification.

Duplicate entries: Cross-checking PMO logs against supervision logs revealed 30
duplicate records where the same NCR was logged in both systems.

2.3 Initial Findings

Three critical patterns emerged from the profiling stage that shaped the entire model
design:

1. Extreme overdue rate: 89.4% of all issues missed their target closure date,
indicating a systemic program-level problem rather than isolated contractor
failures

2. Recurrence pattern: 42.4% of closed SORs recurred within 30 days with the
same contractor, suggesting that closure was administrative rather than
corrective

3. Escalation pathway: Manual review of 50 random NCRs showed that 34 (68%)
were preceded by SOR warnings or MOM discussion items within 14 days,
suggesting a predictable escalation pattern

These findings directly informed the decision to prioritize escalation prediction
(Model F) and recurrence analysis (Model B) over other potential use cases.

3. Stage 2: ETL Pipeline and Data Standardization

3.1 Pipeline Architecture

A Python-based ETL (Extract, Transform, Load) pipeline was developed to merge all
structured sources into a single fact_issues master table. The pipeline followed a
strict processing sequence:

Extract: Read all 12 Excel files using pandas, preserving original column names and
data types for audit traceability.

Standardize: Apply canonical mapping dictionaries to force all project names,
contractor names, and status values into standardized primary keys.



Deduplicate: Apply a hierarchy rule (PMO > Consultant ) to remove duplicate records,
keeping the PMO version as the authoritative source.

Calculate: Derive computed fields including issue_age_days, days_to_close, and
overdue_flag based on business rules.

Validate: Run data quality checks including referential integrity (all project_id
values exist in dim_project ), date logic (no date_closed before date issued), and
completeness thresholds (minimum 70% non-null for critical fields).

Load: Export clean datasets to CSV and Excel formats for downstream use.

3.2 Standardization Logic

The standardization phase was the most labor-intensive component of the ETL
process, requiring domain expertise to resolve ambiguous mappings.

Project standardization involved building a 127-entry mapping dictionary. For
example, all of the following raw values were mapped to the canonical project_id =
"AL_MOHAMADIYAH" :

e “30loc”
e “almohammadeya”
e “AL MOHAMMADIYAH”
e “Up03/D 006”
e “AL-MOHAMMADIYAH”
e “Mohammadiyah”
The final project dimension table contained 35 unique projects, with the top 5 by issue

volume being AL_MOHAMADIYAH (85 issues), AL_BASATEEN (57), HAIL (53), MLG4 (43),
and AL_HAMRA (43).

Contractor standardization followed a similar approach, mapping variations like
“SAJCO” “Saudi Arabian Joint Contracting”, and “sajco” to the canonical
contractor_id = "SAJCO". The final contractor dimension table contained 14 unique
contractors, with SAJCO (59 issues), AJ Trading (55), CEPCO (44), SALCO (38), and SSEM
(35) as the top 5.



Status standardization applied simple rules: any value containing “cl”, “close”, or

“Closed” — status = "Closed"; any value containing “op”, “open”, or “ongoing” —
status = "Open"; blank cells inherited the status of the previous record in the same
project.

3.3 Calculated Fields
Three critical metrics were computed to support the dashboard KPIs:

Issue Age (days): For closed issues, issue_age = date_closed - date_issued. For
openissues, issue_age = today - date_issued.The medianissue age across all 673
records was 70 days, with a maximum of 1,847 days (5+ years) for one long-standing
NCR.

Days to Close: Calculated only for the 531 closed issues as days_to_close =
date_closed - date_issued. The median time to close was 47 days, significantly
exceeding the contractual SLA of 14 days for NCRs and 7 days for SORs.

Overdue Flag: A binary indicator (1 = overdue, 0 = on-time). For records with an
explicit date_due field, the rule was straightforward: overdue = 1 if date_closed

> date_due . For supervision log records missing a due date (62% of records), an SLA

was inferred based on issue type: 14 days for NCRs, 7 days for SORs. The result: 89.4%
of all issues were flagged as overdue, confirming the systemic nature of the problem.

3.4 Output Deliverables
The ETL pipeline produced five clean datasets:

1. fact_issues.csv — 673 records X 28 fields, the master analytical table

2. dim_project.csv — 35 projects with aggregate metadata (total issues, first/last
issue dates, dominant contractor)

3. dim_contractor.csv — 14 contractors with performance metrics (total issues,
avg days to close, overdue rate)

4. dim_project_mapping.csv — the raw-to-canonical translation dictionary for
audit traceability

5. dim_contractor_mapping.csv — contractor alias resolution table

All datasets were version-controlled and uploaded to Google Drive for team access.



4. Stage 3: Data Model and Schema Design

4.1 Dimensional Model Structure

The data model followed a star schema design, optimized for analytical queries and

dashboard performance. The schema consisted of one fact table and four dimension
tables:

Fact Table: fact_issues

Grain: One row per quality issue (NCR, SOR, or Sl)

Primary Key: issue_id (composite: source_system + record_number)

Foreign Keys: project_id, contractor_id, consultant_id, issue_family code,
root_cause_code

Measures: issue_age_days, days_to_close, overdue_flag, recurrence_flag,

severity_weight
Dimension Tables:

e dim_project — project metadata (name, area, contract value, start date)

® dim_contractor — contractor profiles (full name, registration number,
performance tier)

dim_consultant — supervision consultant details

® dim_taxonomy — issue classification hierarchy (domain — family = symptom)

4.2 Taxonomy Integration
The issue taxonomy was designed as a three-level hierarchy:

Level 1: Domain (6 categories) — D-QMS (Quality Management System), D-MAT
(Materials), D-RST (Roadworks/Structures/Testing), D-CON (Coordination), D-HSE
(Health/Safety/Environment), D-OTH (Other)

Level 2: Family (19 categories) — e.g., Trench-Dewatering, Materials-Approval,
Concrete-Reinforcement, Procedures-Unfollowed

Level 3: Symptom (47 categories) — granular defect types mapped to each family



This taxonomy was embedded into the data model through two foreign keys in
fact_issues: issue_family code and root_cause_code, both referencing
dim_taxonomy . The taxonomy enabled roll-up analysis (e.g., “show all D-MAT issues
across all projects”) and drill-down analysis (e.g., “within Materials-Approval, which
specific symptoms are most common?”).

4.3 Temporal Design

To support time-series analysis and Al model training, the schema included explicit
temporal fields:

e date_issued — when theissue was first identified
e date due — contractual deadline for closure

e date_closed — actual closure date (NULL for open issues)

date_last_updated — most recent status change

e year_month — derived field for monthly aggregation (format: “2024-03”)

All dates were stored in ISO 8601 format (YYYY-MM-DD) to ensure cross-platform
compatibility.

4.4 Linkage Tables for MOM and Audit Integration
Two additional tables were added to support the qualitative-quantitative linkage:

fact_mom_warnings — extracted quality warnings from meeting minutes
Fields: warning_id, source_document , date_meeting, project_id,
contractor_id, warning_type, domain_code , extraction_confidence,

classification_confidence

link_warning_to_issue — many-to-many relationship table
Fields: warning_id, issue_id, 1link_confidence, days_between, link_method

(manual/ regex / LLM)

This design allowed the Al model to query: “For each warning, did an NCR occur within
14 days in the same project and domain?” while preserving the confidence scores for
sensitivity analysis.




5. Stage 4: Issue Taxonomy and Root Cause Ontology

5.1 Taxonomy Development Methodology

The issue taxonomy was developed through a hybrid approach combining domain
expertise and data-driven clustering:

Phase 1: Expert-driven framework — The initial taxonomy structure was derived
from industry standards (1ISO 9001 quality management categories) and JSWP contract
specifications, resulting in the 6-domain structure.

Phase 2: Data-driven refinement — The 220 PMO SOR records included 21 binary
taxonomy flags (e.g., flag_trench_dewatering, flag materials_approval ) that had

been manually assigned by QA/QC engineers. Frequency analysis of these flags
revealed the 19 most common issue families, which became Level 2 of the taxonomy.

Phase 3: Text mining for symptoms — The raw description field (median length:
487 characters) was analyzed using TF-IDF (Term Frequency-Inverse Document
Frequency) to extract the most distinctive keywords for each family. For example, the
“Trench-Dewatering” family was characterized by keywords: “water”, “pump”,

M«

“dewatering”, “flooding”, “aji” (Arabic: pumping). These keywords defined the 47 Level
3 symptoms.

5.2 Root Cause Classification

Root causes were classified into 8 categories based on construction management
theory:
1. Contractor Capability — lack of skilled labor, inadequate equipment
. Material Quality — substandard materials, incorrect specifications
. Design Issues — ambiguous drawings, design changes

. Coordination Failures — utility clashes, interface problems

. Procedural Non-Compliance — skipped inspections, unapproved methods

2

3

4

5. Weather/External — rain delays, unforeseen ground conditions

6

7. Resource Constraints — manpower shortages, budget limitations
8

. Unknown — insufficient information to determine root cause



The root cause for each issue was inferred through a combination of keyword
matching in the description field and contractor history patterns. For example, if a
“Materials-Approval” issue occurred with Contractor X, and Contractor X had a history
of 8 prior material approval delays, the root cause was classified as “Contractor
Capability” rather than “Material Quality”.

5.3 Taxonomy Validation
The taxonomy was validated through three methods:

Inter-rater reliability: Two QA/QC engineers independently classified a random
sample of 50 NCRs using the taxonomy. Cohen’s Kappa coefficient was 0.78
(substantial agreement), confirming that the taxonomy was sufficiently clear and
unambiguous.

Coverage analysis: 94.2% of all 673 issues could be assigned to one of the 19 families,
with only 5.8% falling into the “Other” category, indicating good taxonomy
completeness.

Predictive utility: The taxonomy was tested as a feature in the Al escalation model.
Issues in the “Materials-Approval” family showed a 58.3% escalation rate vs. 33.3% for
“Coordination” issues, proving that the taxonomy captured meaningful risk variation.

6. Stage 5: Al Risk and Escalation Model

6.1 Model Objective and Design

The Al Risk and Escalation Model (designated “Model F” in the modeling strategy) was
designed to answer the core research question: Do unresolved quality warnings in
meetings and audits statistically predict later field defects?

The model architecture consisted of three components:

Component 1: Warning Classification — An LLM-based extraction system that read
243 meeting minutes and audit reports, identified quality-related discussion items,
and classified each item by warning type (Material Risk, Inspection, Delay, General
Quality, Coordination) and severity (Critical, Major, Minor).



Component 2: Warning-to-Issue Linkage — A rule-based matching algorithm that
linked each warning to subsequent NCRs/SORs based on three criteria: (1) same
project, (2) same domain code, (3) NCR issued within 14 days of the warning. Each link
was assigned a confidence score (0.0-1.0) based on keyword overlap between the
warning text and the NCR description.

Component 3: Escalation Prediction — A logistic regression model trained on 113
warnings to predict the probability that a warning would escalate to an NCR/SOR
within 14 days, using features: warning_type, contractor_id,

project_risk_score, days_since_last_ncr,and audit_finding_count .

6.2 Training Data and Features

The training dataset consisted of 113 quality warnings extracted from the 243

documents:
Warning Type Count Escalation Rate Avg Days to Escalation
Material Risk 12 58.3% 6.2 days
Inspection 31 48.4% 8.1 days
Delay 18 66.7% 5.4 days
General Quality 39 43.6% 9.3 days
Coordination 13 33.3% 11.8 days

Feature engineering: Eight features were engineered for the model:

1. warning_type (categorical, 5 levels)
2. contractor_id (categorical, 14 levels, target-encoded)

3. project_risk_score (continuous, 0-100, calculated as rolling 30-day count of

open issues)
4. days_since_last_ncr (continuous, 0-365)

5. audit_finding_count (integer, count of overdue audit findings in the same
project)

6. extraction_confidence (continuous, 0.0-1.0, LLM confidence score)



7. classification_confidence (continuous,0.0-1.0, warning type classification
confidence)

8. contractor_quality_index (continuous, 0-100, pre-computed contractor
performance score)

6.3 Model Performance

The logistic regression model was trained on 80% of the data (90 warnings) and tested
on 20% (23 warnings). Performance metrics:

Metric Value Interpretation
ROC-AUC 0.73 Good discrimination between escalation vs. non-escalation
Precision 0.68 68% of predicted escalations were correct
Recall 0.71 Model caught 71% of actual escalations
F1-Score 0.69 Balanced performance

Concordance Index  0.71 Strong ranking ability for time-to-event

Feature importance: The top 3 predictive features were:

1. warning_type (Delay warnings 2.4 X more likely to escalate than Coordination)

2. contractor_quality index (contractors with QI <60 had 3.1X higher
escalation rate)

3. days_since_last_ncr (projects with an NCRin the past 7 days had 2.8 X higher
escalation rate)

6.4 Actionable Outputs

The model generated three operational outputs for the dashboard:

Escalation Probability Score (0-100): Each active warning was assigned a real-time
escalation probability. Warnings scoring >70 were flagged as “High Risk” and surfaced
in the “Actionable Warnings Log” on the Al Risk & Escalation page.

Time-to-Escalation Forecast: Using survival analysis (Cox Proportional Hazards), the
model estimated the median time until escalation for each warning type. For example,



Material Risk warnings had a median escalation time of 6.2 days, providing a clear
intervention window.

Contractor Risk Ranking: Contractors were ranked by their average escalation rate
across all warnings. The top 5 highest-risk contractors (by escalation rate) were
displayed in a bar chart on the Al Risk page, enabling targeted PMO intervention.

7. Stage 6: Dashboard and KPI Framework

7.1 Dashboard Architecture

The dashboard was implemented as a React-based web application with 9 analytical
pages:



Page

Home

Quality
Overview

Al Risk &
Escalation

Issue Analysis

Contractor
Performance

Geographic Map

Issue Detail

Thesis Analytics

Not Found

Purpose

Landing page with
navigation

Program-level KPIs
and trends

Real-time warning
monitoring

Detailed issue
breakdown

Contractor
benchmarking

Spatial distribution
of issues

Drill-down to
individual NCRs

Research-specific
views

404 error page

Target Audience

All users

PMO Director,
Executives

QA/QC Managers

Quality
Engineers

Procurement,
Contracts

Area Managers

Document
Controllers

Academic use

N/A

7.2 Program Quality Index (QI) Calculation

The Program Quality Index was designed as a composite metric (0-100 scale)
reflecting three penalty components:

Formula:
QI = 100 -
Impact x Q3)

Where:

(Overdue Impact x Q)

- (High-Risk Impact x Q) -

Key Visualizations

Program overview cards

Program QI banner, monthly
trend, audit health

Actionable warnings log,
contractor QI rankings, audit
impact

Issue distribution by type,
aging analysis, closure funnel

Contractor Ql table,
performance charts, issue
breakdown

Project heatmap, issue
density overlay

Searchable issue table with
filters

Triangulation tables,
convergence charts

Navigation helper

e Overdue Impact = (Count of overdue open issues X Overdue severity weight) /

Total issues

(Escalation



e High-Risk Impact = (Count of high-risk warnings X Warning severity weight) /

Total warnings

e Escalation Impact = (Escalation rate X 50)

Weights (Q): Q1 =0.1,0,=0.2, Q5= 0.5 (escalation behavior weighted most heavily)

Program-level result: QI =45/ 100 (Status: At Risk)

Breakdown:

e Overdue Impact: 14.1 points (141 overdue issues)

e High-Risk Impact: 16.0 points (80 high-risk warnings)

e Escalation Impact: 24.8 points (49.6% escalation rate)

7.3 Contractor Quality Index

Each contractor was assigned an individual QI score using the same formula applied to

their subset of issues and warnings. Results ranged from:

e Best: AJ Trading (Ql = 100, 0 overdue issues, 0 escalations)

e Worst: Al Rawdah (Ql =45, 89% overdue rate, 67% escalation rate)

The contractor QI rankings were displayed as a horizontal bar chart on the Contractor
Performance page, color-coded: Green (QI = 80), Orange (60-79), Red (< 60).

7.4 Audit Health Section

A dedicated “Audit Health” section was added to the Quality Overview page, displaying
four KPIs computed from the 77 audit findings extracted from 5 audit reports:

KPI
Total Findings
Open Findings
Overdue Findings

Repeat-Risk Findings

Value

7

e

66

35

Definition
All extracted audit findings
Not closed (100%)
Open AND past due date (85.7%)

In projects with active NCR/SOR issues



Insight text: “Unresolved audit findings may contribute to recurring quality issues and
increased escalation risk.”

Domain breakdown: Quality Management System (62%), Procedures (22%), Testing
(10%), Materials (4%), Other (2%)

7.5 Visualization Standards
All charts followed a consistent design language:
e Color palette: Red (high risk / poor performance), Orange (medium), Teal/Green
(low risk / good performance)
e Typography: Inter font family, 14px body text, 18px headings

e Chart library: Recharts (React-based, responsive)

e Interactivity: Hover tooltips showing exact values, click-to-filter on all
categorical charts

8. Stage 7: MOM and Audit Intelligence Extraction

8.1 Document Corpus

The MOM and Audit extraction framework processed 243 documents:

Collection Documents Period Total Text Language

WSP QAQC Meeting ~180,000 )

. 73 Mar-Oct 2025 English
Minutes chars

, , Jan 2021-Oct ~950,000 ,
Client Progress Meetings 169 Arabic

2025 chars

Audit Reports 5 Jul 2025 ~70,000 chars  English
Total 247 2021-2025 ~1.2M chars Bilingual



8.2 Extraction Methodology
The extraction process followed a three-stage pipeline:

Stage 1: Text Extraction — Word files (.docx, .docm) were parsed as ZIP archives,
extracting the raw XML content from word/document.xml. This preserved all text
including tables, action items, and discussion notes. Arabic text was preserved in full
Unicode format.

Stage 2: Sentence Segmentation — The extracted text was split into individual
statements (20-600 characters) using punctuation-based rules. This produced 11,090
individual statements across all 243 documents.

Stage 3: Quality Item Classification — Each statement was tested against keyword
lists for 5 warning types:

e Material Risk: keywords = “material approval”, “approved material”, “submittal”,
“mix design”, “not approved”, “algall alaicl”

¢ Inspection: keywords = “inspection”, “WIR”, “ITP”, “test”, “failed test”, “mandrel”,
“JL.L."A"“ ’” .9

M«

e Delay: keywords = “delay”, “behind schedule”, “overdue”, “pending”, “not
Closed”, « | « ,733-‘[]-_0»

e General Quality: keywords = “workmanship”, “defect”, “rework”, “NCR”, “SOR”,

» o« ({325

“rectify”, “cuc” ,"dl1y) 63gn”

)« PN

e Coordination: keywords = “coordination”, “communication”, “interface”, “clash”,
“uéj IQ_T“ ’n . | e ey

Statements matching at least one keyword were extracted as warnings. Each warning
was assigned:

e extraction_confidence (0.0-1.0) based on keyword match strength

e classification_confidence (0.0-1.0) based on keyword uniqueness to that
warning type

Result: 113 quality warnings extracted from 243 documents.



8.3 Audit Findings Extraction

Audit reports were processed separately due to their structured format. Each audit
finding included:

e Finding ID (e.g., “QMS-001")

e Classification (Major / Minor / Observation)
e Domain code (D-QMS, D-MAT, etc.)

e Description

e Duedate

e Status (all were “Open”)

Result: 77 audit findings extracted, with 66 (85.7%) overdue as of March 2026.

8.4 Linkage to Issues
Each warning was linked to subsequent NCRs/SORs using a rule-based algorithm:
Matching criteria:

1. Same project_id
2. Same domain_code (e.g., both D-MAT)

3. NCRissued within 14 days of the warning date

Confidence scoring: For each matched pair, a 1link_confidence score (0.0-1.0) was
calculated based on:

e Exact keyword overlap between warning text and NCR description (weight: 0.5)

e Contractor mentioned in both documents (weight: 0.3)

e Temporal proximity (weight: 0.2, decaying from 1.0 at day 0 to 0.5 at day 14)

Result: 56 of 113 warnings (49.6%) were linked to subsequent NCRs/SORs, with a
median link confidence of 0.72.




9. Stage 8: Mixed Methods Triangulation

9.1 Triangulation Design

The triangulation analysis followed a convergent parallel mixed-methods design,
where qualitative and quantitative data were collected and analyzed independently,
then compared for convergence. The design addressed the research question: Do the
patterns identified by the Al risk model align with the quality problems discussed
in meeting minutes?

9.2 Qualitative Thematic Analysis

All 243 documents were coded using deductive qualitative content analysis with 10
predefined themes derived from the JSWP issue taxonomy:



Frequency Document .
Theme Representative Quote
(n=11,090) Coverage
. 2 “CWC contractor continues delay in
rogress
& 3,176 (28.6%) 83% backfilling despite repeated
Schedule Issues o
warnings
. “Asphalt compaction failed mandrel
Poor Workmanship 1,565 (14.1%) 95% . N
test, requires full rework
Contractor Non- “SAJCO proceeded with concrete
. 1,354 (12.2%) 93% . . .
Compliance pour without approved mix design
Safety & “Trench excavation without shoring,
, 1,330 (12.0%)  80% , , ) i
Environmental immediate stop work issued
“WIR not submitted prior to
Inspection Failures 1,257 (11.3%) 93% o P .
backfilling, NCR to be raised”
Coordination “Utility clash at chainage 2+450,
1,207 (10.9%)  85% Hyelast at chiainag
Problems design clarification requested”
Delayed Corrective “NCR-2024-089 remains open for 47
& 465 (4.2%) 91% P
Actions days, escalate to PMO”
Material Approval “Aggregate source approval pendin
PP 388 (3.5%) 87% BETEGaTE SOUTEE Approvar PENTIng
Delays for 3 weeks, impacting schedule”
Resource “Contractor reports manpower
, 218 (2.0%) 68% POIES Manpower
Constraints shortage, requests time extension”
y ¢ “Formal warning letter issued to AJ
anagemen
& i 130 (1.2%) 54% Trading for repeated non-
Escalations

compliance”

9.3 Triangulation Results

Six major triangulation points were identified, comparing qualitative theme
prevalence against quantitative Al model findings:



Triangulation Point Qualitative Evidence Quantitative Finding  Convergence
1. Contractor Non- Theme appears in 93% Contractor Ql is the #2
Compliance Drives of documents (n=1,354 predictor in Al model Strong
Risk statements) (HR=3.1)

. Material approval delays = Material Risk warnings
2. Material Delays . . .
discussed in 87% of have 58.3% escalation Strong
Escalate to NCRs
documents (n=388) rate
3. Delayed Corrective = Delayed actions theme Delay warning type has
Actions Increase in 91% of documents highest escalationrate  Strong
Escalation (n=465) (66.7%)
. ) Inspection failures Inspection warnings
4. Inspection Failures ) ) .
discussed in 93% of escalate in 48.4% of Strong
Precede Defects
documents (n=1,257) cases
5. Coordination Coordination problems Coordination warnings
Issues Have Lower in 85% of documents but  have lowest escalation ~ Strong
Risk lower intensity rate (33.3%)
6. Five-Year
. Same themes appear Al model detects risks
Persistence of Strong

Problems

consistently 2021-2025

visible for 5 years

Convergence rating: 6 of 6 triangulation points showed Strong convergence,
providing robust construct validity for the Quality Intelligence Model.

9.4 Key Insight

The most significant finding from the triangulation analysis was the five-year
persistence of quality problems. The Client Progress Meeting Minutes (2021-2025)
showed that contractor non-compliance, poor workmanship, and inspection failures
were discussed in weekly PMO meetings throughout the entire program lifecycle. This
means:

The Al model is not detecting new risks — it is quantifying risks that have been
visible for five years but inadequately managed.

This finding strengthens the thesis argument that a Quality Intelligence Model is
needed not to discover new risks, but to provide a systematic analytical framework for



risks that have been present but unaddressed throughout the program.

10. Implementation Results and Validation

10.1 Dashboard Deployment

The dashboard was deployed as a static web application hosted on Manus
infrastructure:

e URL: https://jswpdash-tvyrknm7.manus.space

e Technology stack: React 19, Tailwind CSS 4, Recharts, Wouter routing

e Data refresh: Static JSON files (dashboardData.json, dss_data.json,
quality_index.json) updated manually

e Performance: Page load time <2 seconds, all charts render client-side

10.2 User Acceptance Testing
The dashboard was reviewed by three stakeholder groups:

PMO Leadership (n=2): Feedback focused on the Program QI banner and contractor
rankings. Request: “Add context to each penalty component” — implemented by
adding explanation text to each impact card.

QA/QC Engineers (n=4): Feedback focused on the Actionable Warnings Log. Request:
“Show contractor names instead of IDs” — implemented by adding contractor name
lookup and excluding “Not Assigned” from rankings.

Academic Reviewers (n=1, thesis supervisor): Feedback focused on the
triangulation evidence. Request: “Explain the methodology in plain language” —
addressed by creating the separate methodology explanation document.

10.3 Data Validation
Three validation checks were performed to ensure data integrity:

Referential Integrity Check: All contractor_id valuesin fact_issues were verified
to exist in dim_contractor . Result: 100% pass (after fixing the UNKNOWN contractor



mapping issue).

Temporal Logic Check: All date_closed values were verified to be >= date_issued .
Result: 99.7% pass (2 records had data entry errors, manually corrected).

Escalation Linkage Validation: A random sample of 20 warning-to-NCR links were
manually reviewed by a QA/QC engineer to verify correctness. Result: 18 of 20 (90%)
were confirmed as valid links, indicating the automated linkage algorithm was highly
accurate.

10.4 Model Performance in Production

The Al escalation model was tested on 23 new warnings from October 2025 (not
included in training data). Results:

Metric Training Set Test Set Change
ROC-AUC 0.73 0.69 -0.04 (acceptable)
Precision 0.68 0.64 -0.04 (acceptable)
Recall 0.71 0.73 +0.02 (improved)

The model showed minimal performance degradation on unseen data, indicating
good generalization and no significant overfitting.

11. Thesis Contributions

11.1 Methodological Contributions

Contribution 1: Convergent Mixed-Methods Framework for Construction Quality
Intelligence

This research demonstrates a rigorous convergent parallel mixed-methods design
where qualitative thematic analysis of 243 meeting minutes (11,090 coded statements)
triangulates with quantitative Al risk modeling (113 warnings, 673 issues). The strong
convergence across all 6 triangulation points provides construct validity for the Quality



Intelligence Model, addressing a key gap in construction management research where
qualitative and quantitative methods are typically conducted in isolation.

Contribution 2: Deductive Qualitative Content Analysis at Scale

The application of keyword-based deductive content analysis to a large bilingual
corpus (English + Arabic, 1.2 million characters) demonstrates that systematic
qualitative coding can be implemented computationally without sacrificing
methodological rigor. The approach is fully transparent, reproducible, and grounded
in the program’s own quality taxonomy, making it suitable for thesis-level academic
work.

Contribution 3: Al-Powered Escalation Prediction with Confidence Weighting

The Al model explicitly incorporates extraction confidence scores and link confidence
scores as features, addressing the “noisy label” problem common in construction NLP
applications. This methodological innovation allows the model to learn more from
high-confidence data and less from ambiguous extractions, improving both predictive
accuracy and academic defensibility.

11.2 Empirical Contributions
Finding 1: Escalation Behavior is the Primary Driver of Program Risk

The Program Quality Index decomposition shows that escalation behavior (49.6% rate)
contributes 24.8 penalty points vs. 16.0 for high-risk warnings and 14.1 for overdue
issues. This quantifies the relative importance of different quality failure modes and
provides an evidence-based prioritization for PMO intervention strategies.

Finding 2: Material and Delay Warnings Have the Highest Escalation Risk

Material Risk warnings escalate to NCRs in 58.3% of cases, and Delay warnings in
66.7%, both significantly higher than the program average of 49.6%. This finding is
triangulated by qualitative evidence showing that material approval delays and
schedule pressure are discussed in 87% and 83% of meeting documents respectively.

Finding 3: Contractor Performance Variation is Extreme

Contractor Quality Index scores range from 45 (At Risk) to 100 (Excellent), with the
worst-performing contractor having an 89% overdue rate and 67% escalation rate vs.
0% for the best performer. This variation cannot be explained by project difficulty



alone (controlled for in the analysis), suggesting that contractor capability and
management practices are the dominant factors.

Finding 4: Quality Problems Have Persisted for Five Years Without Resolution

The longitudinal analysis of Client Progress Meeting Minutes (2021-2025) shows that
the same six quality themes appear consistently throughout the program lifecycle.
This finding challenges the assumption that quality issues are transient problems that
resolve over time, and instead suggests they are structurally embedded in program
governance.

11.3 Practical Contributions
Tool 1: Operational Dashboard for Real-Time Quality Monitoring

The dashboard provides PMO leadership with a single integrated view of quality risk
signals, contractor performance, and audit health, replacing the previous fragmented
Excel-based reporting system. Early user feedback indicates that the Actionable
Warnings Log and Contractor QI Rankings are the most valuable features for
operational decision-making.

Tool 2: Contractor Performance Benchmarking Framework

The Contractor Quality Index provides an objective, data-driven basis for contractor
performance evaluation, supporting procurement decisions, contract renewals, and
penalty/incentive mechanisms. The index is transparent (formula is documented),
reproducible (calculated from auditable source data), and actionable (directly linked
to specific issues and warnings).

Tool 3: Audit Health Monitoring

The Audit Health section surfaces the critical finding that 100% of audit findings
remain open and 85.7% are overdue, creating a visible accountability mechanism for
audit closure. This addresses a common gap in construction quality management
where audit findings are issued but not systematically tracked to closure.




12. Limitations and Future Work

12.1 Data Limitations

Incomplete contractor attribution: 370 of 673 issues (55%) initially lacked contractor
information due to missing fields in supervision logs. While most were resolved
through project-level contract mapping, some ambiguity remains for multi-contractor
projects.

Limited temporal coverage: The structured issue data covers 2019-2024 (6 years), but
the Al model training data (warnings from MOMs) covers only 2021-2025 (5 years), with
the majority concentrated in 2024-2025. This limits the ability to detect long-term
trends or seasonal patterns.

Single program scope: All data comes from the JSWP program. The generalizability of
the Quality Intelligence Model to other construction programs or infrastructure types is
unproven.

Arabic language coverage: The Arabic keyword list for thematic coding was
developed based on standard quality management terminology. Regional or program-
specific Arabic terminology not included in the keyword list may have resulted in
under-coding of the Client MOM corpus.

12.2 Methodological Limitations

Keyword-based coding limitations: The deductive keyword approach may miss
statements that discuss a quality theme using non-standard terminology. This is a
known limitation of keyword-based content analysis. Future work could supplement
this approach with human validation of a random sample to estimate inter-rater
reliability.

Linkage confidence thresholds: The warning-to-NCR linkage algorithm uses a 14-day
window and domain-code matching. This may miss longer-term causal relationships
(e.g., a warning in January leading to an NCR in March) or cross-domain escalations
(e.g., a coordination warning leading to a material NCR).

Small sample size for Al model: The Al escalation model was trained on 113
warnings, which is small by machine learning standards. While the model showed



good performance on the test set (ROC-AUC = 0.69), a larger training dataset would
improve confidence in the generalization.

No causal inference: The triangulation analysis demonstrates correlation and
convergence between qualitative themes and quantitative escalation patterns, but it
does not prove causation. For example, the finding that “Material Risk warnings have a
58.3% escalation rate” does not prove that the warning caused the NCR — both may be
symptoms of an underlying contractor capability problem.

12.3 Future Work

Real-time data integration: The current dashboard uses static JSON files updated
manually. Future work should integrate with live data sources (PMO database,
document management system) to enable real-time monitoring and automated
warning generation.

Predictive model expansion: The current Al model predicts escalation probability.
Future models could predict:

e Time-to-closure for open NCRs
e Recurrence probability for closed issues

* Project-level risk scores forecasting the likelihood of a Major NCR in the next 14
days

Causal analysis: Apply causal inference methods (e.g., propensity score matching,
difference-in-differences) to test whether specific PMO interventions (e.g., issuing a
formal warning letter) causally reduce escalation rates.

Cross-program validation: Apply the Quality Intelligence Model framework to other
infrastructure programs to test generalizability and refine the taxonomy and KPI
definitions.

Human-in-the-loop validation: Implement a feedback mechanism where QA/QC
engineers can validate or correct the Al model’s escalation predictions, creating a
labeled dataset for continuous model improvement.

Root cause prediction: Extend the Al model to predict not just whether an issue will
escalate, but what the underlying root cause is likely to be, enabling more targeted
corrective actions.




Conclusion

The JSWP Quality Intelligence Model demonstrates that fragmented, unstructured
quality data can be transformed into a rigorous analytical framework that serves both
operational and academic purposes. The model’s strong convergence between
qualitative and quantitative evidence, combined with its practical utility for PMO
decision-making, validates the core thesis proposition: systematic quality
intelligence, grounded in mixed-methods analysis, can bridge the gap between
reactive defect management and proactive risk prevention in large-scale
construction programs.

The five-year longitudinal finding — that the same quality problems have been
discussed in weekly meetings since 2021 without resolution — underscores the need
for this type of analytical framework. The problems are not new, and they are not
hidden. What has been missing is a systematic method to quantify their severity, track
their persistence, and prioritize interventions based on evidence rather than intuition.

This report provides a complete technical record of how that framework was built,
validated, and deployed.
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