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Demand Forecasting Model using Deep Learning Methods .1
for Supply Chain Management 4.0 (Terrada et al., 2022)
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Machine Learning Demand Forecasting and Supply Chain .2
Performance (Feizabadi, 2022)
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Big Data Analytics and Demand Forecasting in Supply .3
Chains: A Conceptual Analysis (Hofmann & Rutschmann,
2018)
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Artificial Intelligence in Logistics Optimization with .4

Sustainable Criteria: A Review (Chen et al., 2024)
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Artificial Intelligence Driving Intelligent Logistics: Benefits, .5

Challenges, and Drawbacks (Gong¢alves & Domingues, 2025)
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