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“In the past, we discovered risks too late. Now
Al gives us warnings days in advance so we
can take action”.
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Understanding the role of artificial
intelligence in risk management

Identifying the uses of artificial intelligence
in risk management

Discussing factors to overcome obstacles and
activate artificial intelligence in risk
management

Exploring artificial intelligence applications

in risk management
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Artificial Intelligence (Al) refers to the technology that enables

computer systems to perform human-like cognition, learning, reasoning,

problem solving and other tasks by simulating human intelligence

processes
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Artificial Intelligence is reshaping risk management across industries by enabling faster, smarter, and
more accurate decision-making. Al systems can analyze massive volumes of data, detect patterns,
and identify potential risks before they escalate. Machine learning enhances early warning systems,
fraud detection, and operational risk analysis, while natural language processing helps organizations

automate compliance and monitor large amounts of unstructured information.
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80%
of project management tasks will be run by Al
by 2030 (PMI, 2025).
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Research shows that Al has become a core component

of risk management and investment decision-making. 3 bl 3 Lzl w3 5y bl 5ls)

enterprises. Al models consistently outperform traditional WY & letel LoVl ISl T3 Beas

econometric methods in  prediction  accuracy, e dlly (gl By o e L JEd) dpsLaBY)
adaptability, and their ability to analyze large and Y . . el . - e
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complex datasets, ranging from market signals to ) ) ) y . .
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macroeconomic indicators and textual information.
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As a result, enterprises achieve better portfolio
optimization, improved risk-adjusted returns, and
stronger hedging strategies. The studies also
emphasizes the Importance of  governance,
explainability, and regulatory compliance in ensuring
responsible Al adoption. Overall, Al represents a
transformative advancement that captures patterns and
behavioral dynamics that classical models often miss,

enabling more informed, resilient, and adaptive decision-
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For Al to work effectively, it needs enough :
y $ S ) it e U3 ISy eVl (ST oy S
data—and that data must also be accurate and Luiiag 2ids bl alle 0,55 Of Lty el n 2015

well-organized. This means the first thing an oo 3B i of Lot U Jof OF sm liny 1

organization must think about is its overall LB Bl (3 Loy L) 35Y Lebalt Lozl
strategy for managing data. Because of this, 2 JlsY) 3 o Vi ST gudesy 5l LL)

preparing good data and introducing Al into the 5yls) 3 3 el o dpdall Lo S5 10ine By i

business becomes a complex project that bl

affects many departments, including risk
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Leveraging Al to analyze data and identify patterns.
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Enhancing decision-making and predicting risks. byl

X4

Supporting automation and improving accuracy. bl gadly AN BT s
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Enabling advanced simulations and personalized B sy i) .

guidance.. pra® SL| Uiy Gl BT pSE
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Uses of Al in risk management

1. Predictive Capability

Al is widely recognized for its strong ability to
predict risks early, making it one of the most
valuable tools in project risk management. Across
different industries, IT, construction, and finance,
experts agree that Al tools such as predictive

analytics and anomaly-detection models help

identify potential risks before they become serious.
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Uses of Al in risk management

1. Predictive Capability

&5t Byl Y
= At JPMorgan Chase, Al was used to analyze massive
J y SaS” oot ol oY) (SW pasizal JPMorgan Chase 3 =

financial transaction data through AWS SageMaker to
_ o AWS SageMaker iaw pe il ool ©bly o Geses
forecast financial risks.

= Al's predictive power allows organizations to shift from AW bl s Gus

reactive to proactive risk management, helping them 31} o JESY) e lennsll clla N1 IS &5 50l) delis
detect and prevent risks that were previously 28 bl mieg DLasT s S L bbeald 23laul 5] ) adelis
unknown.
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Uses of Al in risk management

2. Real-time responsiveness Sl C3g) (3 dloa ) Y
< Real-time responsiveness has become a necessary - o
_ - _ e oledl (3 Gye o Uls Jadll cigl 3 hlnza¥) ool %0
requirement in high-risk and fast-moving ) y )

environments. Al systems can monitor live data, 43l ollaoV) ST adaY S AT dny g bl

send immediate alerts, and recommend quick gl le) Yl I3y sl g Jlfy i,ole L

actions, making them highly valuable for safety and
e laSlg Aol 35S ded 13 Lelagt L2

efficiency.
T . . * & 9 s A vor . \ - N¢
< Al alerts teams within seconds when something ) Sod L Ol I Gl ain LoV IS pody LaS™ 4¢
goes wrong. This demonstrates that real-time @w\ I3l 55 edll 23 & Gzl of S N

responsiveness enhances project performance and . )
supports faster, more effective decision-making.
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Uses of Al in risk management

Y. Decision Accuracy S, A BBy v

¢ Al enhances decision accuracy by providing precise

L _ _ _ (F3e5y 533 L eam IV e (LA BN By el oY) (ST ey 600
and objective analysis, especially when handling ; "

: : Gyg e (Spind) a2 ddel) bL) el s Aol
complex data. However, human input remains D972 rid J Jle (205 oy 8 S o e e
essential for situations involving ethical or contextual 155 3 (JU e e Bl o BT BSs Cllas B oYW
judgment. For example, at Siemens, Al-driven B> et (3 pllao¥) (S Lo deze 355 Bl cPlor ¢ Giages
predictive maintenance improved decision accuracy V0N RV WS - SOUETS VIV SR W PR

and reduced downtime by up to 30%.
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¢ An analyst noted, “Al improves accuracy, but human
judgment is needed for final decisions, as machines
lack context awareness.” This demonstrates that Al
improves risk response planning and helps overcome Age Catsally bl il @ i) 5sdll e CAA
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Uses of Al in risk management

4. Communication Efficiency JLas¥l 3. S ¢
< Al improves risk communication by collecting information I e bl JLasY) et (3 Sl S el X
and presenting it in clear, visual formats. Tools like Jxe lgsY) Bl Ay dm2ly may Leo oy leglall aa
dashboards, smart assistants, and automatically updated L5y S paslidly (Dashboards) (Sl o
risk maps help bridge the gap between technical experts UW‘J O sl G ) Sgoedll s (3 UW st A

2l

and stakeholders.
ollell il e 3 elloW) S del 3SRl 3
Il e iy dadassd
< SUL M\ Ol 393 L3 1§ g peoligs Jeiy ®
) o C:—‘)-%" cC)S}\ .J.):)\.a:j‘ Cj& 3 L:.::EJ X LS"Q'Z" Lfcu&wx“
time was spent explaining reports. Now, everyone sees the ey
(23 parg (JLai¥) 3 US jm ello¥) (ST OF 1ia gla, 9

Al o 5 S BaN (3 dnls (B4 u Ogladl (Ssig

- In Mastercard, Al reduced the time needed for fraud
prevention planning.

- A project engineer noted, “Before Al dashboards, half our

same real-time story"

4

L)

% This shows that Al enhances communication efficiency,

saving time and improving collaboration, especially in large

- o0 g
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Applications of AlI-Based Methods in Risk Management
b s Cllol ods plisanl oS L gra Jaladlly bl Ll

Al-based methods have transformed risk management across
various fields by providing better tools for measuring and
handling risks. These methods can be applied in several key
ways.

First:

Al algorithms leverage historical data, market trends, and
external factors to accurately assess risks and predict potential
outcomes, enabling a proactive management approach.
Second:

Al excels at fraud detection by using anomaly detection and
pattern recognition techniques to analyze vast amounts of
transactional data and identify suspicious activities in real time,

helping organizations prevent financial losses.
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SVl 45,Wl CLL pllo¥) (SN Olasy)lss pdsins
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Applications of AlI-Based Methods in Risk Management

% Third:

Al plays a crucial role in cybersecurity by helping to
strengthen defenses through the analysis of network traffic,
identification of anomalies, and detection of potential cyber
threats. This allows organizations to monitor and protect
critical infrastructure, identify vulnerabilities, and respond
swiftly to emerging cybersecurity threats.

s Fourth :

Al also aids in credit risk management by analyzing borrower
information, payment history, financial statements, and market
data, leading to more accurate credit risk assessments and

supporting lenders in making informed lending decisions.
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Ethical Limitation

Ethical Limitation

s Despite the benefits of Al, ethical concerns remain significant.

Issues such as data privacy, algorithmic bias, and lack of
transparency were frequently mentioned, even in high-
performing systems.

were carefully audited to prevent bias.

training data. If we're not careful, we could automate bad

decisions faster.”

design, and accountability. Ethical limitations must be

considered in every Al system, especially in high-risk or sensitive

environments.

% At NASA, Al models used to identify risks in space missions

» A technology consultant noted: “Al can replicate biases from its

» This highlights the importance of explainable Al, transparent

31 55,41

Y Ol o ¢ el oV ST Aslsh a2 )1 e 60
UL dogas (]S Sy LY E 3L deg
s adle a3 g cadlasd aldy o ajyled) il

ntnzdl el oV ST 3 s (L 2S5 0
ot Gl ik 383 3 cladl e 3 b i

OF bl oW1 ST S sl izl asl oy 950
i oy S5 I3 gy Slly (3 emgl) el LSS
ST e g el BN e fy

ooy il BN oUW (ST 2T o5 5
oS3 allas |87 (3 4301 250 Blele gt LWLy (lasl)
Asladl o bl e ol 3 asls ( ol



|
UMNI|I:3EORCS|ETAY | aﬁéw:j\ J}?&‘

Ethical Limitation

Other Limitations e LIEYW]
% challenges still exist. Concerns include data privacy, laglal Jj} ) Fpno i (e chagr Sbtd Slia i L o
cybersecurity, algorithmic bias, and the lack of

: : : . | S ~3L6 G dslaid) lod) JLLY]
transparency in some Al models. These issues raise Gpwy g Gl LR Ax2 g ‘st% 5Nl

important ethical and governance questions that Aads ddklee Loy daSey 2T alswl LL2a) o g
1l ST bl 5)0s) 52 Vod  slda oV LIS 553 cale |SCiy 999

ZUE cain B3linal bl gadmdy L SUL) e Talazely T35,

organizations must address.

¢ Overall, Al is driving a major shift toward automated,
predictive, and data-driven risk management. To
maximize value, organizations need strong 3 Uaguns luy g (A ply Wluling (iygd LaSe> 1] wliww sl
governance, clear policies, and responsible Al Bl . 3.1y 3:US 50 aiar & 0oVl SIS plisind

practices. This ensures that Al improves efficiency

and accuracy while maintaining fairness, Al vl

accountability. and trust.
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< The application of artificial intelligence in risk management colandl e 13ae bl )] (3 el (ST gk 4y X
involves a number of obstacles, each of which must be

LBl Ll jlae) |8 e ST Je Clad) g

overcome before integration can be considered
successful. Lasldely UL 354 —
1- Data Quality and Preparation

UL 35 ad bl 5] & sllaoVI SSIUI e 4 Oleial 0
% One of the most significant challenges in successfully F

integrating Al into risk management is ensuring the high U wlawsll Jo g gtles st ) bl oal s Lzdisas

quality and reliability of the data used for training and s Slhes Jad (L) Ba9r Olaz J] Bud myylie 3 etz
analysis. Financial institutions need to invest in data

ey - . . . . . "L«a.;w\.b-kigwbdhig .L@.M" : <§.£>=..J“ e ado5 -G LI
guality initiatives, including data cleansing, normalization, i i ) o S Ty e

and validation. This involves identifying inconsistencies, l BLEYL Lgdlad Jol> azgy cbL Jols 3524l ally s Yl
inaccuracies, and missing values within the data and L B Ol LU A5 A6 bt sl n Y ll3
implementing solutions to address them. Additionally,

robust data governance practices must be established to skl sl e Lgilusly LSy
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Bias and Fairness in Algorithmic Decisions a ool P 4 o
J Teny gt Sy, 3 DNty joed) —
 Algorithmic bias is a major concern in the application

. . F F 3 O
: . 3 bV S gk dbs L CGalsl) 0 asl ayyledl dl A2 %°
of Al for risk management. Historical data may 7 g JICT LB sl o

contain biases, which can lead to skewed outcomes g £ W (ol s 4] 420 UL (605 S8 . b 515
or unfair treatment of individuals or groups. s Slegag o 23Y Asle 18 dalas of B s s

¢ To effectively address this issue, financial institutions

o0

o5 iSOl gades ol S e s Sl 1da jeloeddy  ®
should implement techniques for bias detection and

_ . _ LoV ST 231 oy 1iag L Wa)BT e Cigisedly ol
mitigation. This includes analyzing Al models for - <

potential biases, considering alternative data Slapls slerely bl SOl j3bae @ by dlezsl Sl dyiod

sources, and deploying fairness-aware algorithms. SV Sl Aadail da) ey dyy0ll 2314 OF LS L OLasY) oles =
Regular monitoring and auditing of Al systems are L 5T g ayalad oLl o8 oL
essential to ensure fairness and prevent potential

harm
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3- Interpretability and Explainability 43l prendd! ELB ¥

« Al algorithms often operate in complex oy bline Olty end SV S ls s Jani L LS 40
enV|ron-ments,-mak|n9 It dlfjfl(.:u|t to understand the ” sl (f"&” Gl i it Jut L gngs
reasoning behind their decisions. However, .
interpretability and explainability are crucial in risk S 292 W29 & Ll oV ST )3 el 2L IR (23
management to ensure regulatory compliance, dAdlacd e blidly e daud) i) Q) Olea) blsdi 5] 3
maintain transparency, and build stakeholder trust.

¢ Developing interpretable Al models that can

. . . : 5 i b alts el o S i 5 f o2
provide clear explanations for their actions should e 336y il BB olias) (53 3K s 00 OF 2 %

be a priority for financial institutions. A Sl sl 2slal BladY Ol e
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4- Integration with Previously Deployed (s el alasy & Sl —¢
Systems A
y . . M\ CA L;OL«.E‘,DY\ ;L{.U\ LSLO 2\.45\.3.“ J.ia\}:l‘ Sjbl Z\».b;‘ GAQ J:.Q A8 ’:‘
“ Integrating Al-based risk management

_ L b lawwsl s Ao dege 46AAN AelasYly LI Lasedl
systems with existing infrastructure and el 1o and ‘4 j

legacy systems can be a challenging task. by (UL gy (I Olaal B Loty oS 2ke

Institutions must meticulously plan and 2l s e

design the integration process to ensure Lo JsSS By bkl i) sludl o Gy folss gy (gyapall o 0
compatibility, data flow, and system .
SR Y gl e S i 2l elde oW1 SIS gy bl
Interoperabllity.

sl

4

L)

» Close communication between risk

)

management departments, IT teams, and Al
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5- Talent and Skill Gap ylghly aalshl 8gmd— 5

\/
000
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Applying artificial intelligence in risk management . .
_ N _ o _ _ Oaasen b bl 6] (3 el ST goles Clley %
requires hiring trained specialists with an in-depth i

understanding of Al methods, the fundamentals of alal Sllaly sl oV SA CILY Grae 0gd el Onple
risk management, and extensive experience working ol 3 Baaly 5 ) BLEYL bl
in the financial sector.

q . /
To bridge the talent and skill gap, institutions should s

invest in training and upskilling their existing SSI ) ek (3 Baslld) (S o Blles glaiy () (il sl

workforce. Developing specialized Al capabilities Soladl I e bl 3] e 3k ) Raasdll elbas)
relevant to risk management can be aided through , ,
collaborations with academic institutions, industry i

groups, and Al experts.
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6- Regulatory and Compliance Considerations Juza¥ly dragaidl Cilylas1—6
The application of Al in risk management must ] TR . : . L
PP 9 FU aet bl 5yls) (3 bW (ST ko a0 £

comply with all regulatory requirements and

i e | S e 4 OF olassll de  Jls) juleny dadais)
compliance standards. Institutions should pay close Al 8 e 4, Slwwsll e J SRER)

attention to applicable rules and actively engage Tpeebaid) Oledl Olles (3 bl 2,Las Ofy b Jgenl) delsdl
with relevant regulatory bodies to ensure their Al- ST Lo aalall bladd) 5l0) bt of ol 1 et

based risk management systems align with

: : LAl ol »Slel) 32100 Lo b oY
pertinent regulations. el b0l e 3310 LR
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7- Reliable Testing and Validation B el Oldisdly Ol ylas-Y1— 7

% It is crucial to conduct comprehensive testing and rigorous sy Aadisl Lo 2255 i ilals il o) oanll o %
validation on Al-based risk management systems before

: : . : : oY) Aty 3 eoas L sl ST L) bl
deploying them in a production environment to ensure their ‘TE G S i S >

accuracy, reliability, and efficiency. A85LaSy Lgndsians Ly Olaa) M3y

4

% Rigorous testing should be performed to evaluate the (#lao (STl 5 o1of i) Byl llas ) sha) ot o0

performance of Al models, examine their robustness f ] W .
: . ‘ . . : Bl e idly degie Olagyliow dgrlse (3 B3 amiy
against various scenarios, and validate their outputs against

established benchmarks or historical data. Furthermore, Slelar] 450 0 it LST L AKb Sl o BB pples i
validation procedures must take into account model osand) (3 Sl g gl 45,03 (il Dl laeNl 3 g
stability, predictive power, and generalization capabilities to

P P J P A ) lagy i e s tie 3Ll 85> Ol
ensure the models are accurate when applied to real-world )

scenarios.
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8- Continuous Monitoring and Improvement Efforts Re IETYE Y °;‘“‘“L‘ 4-:9‘}‘— 8

s Continuous monitoring of Al-based risk management e aasld) bl 5l PN 5 s 43 5l (G0, e oo

systems is essential to identify and address S ¢ ,

Y fy (39 BLEy sV OUSas Bdhlang Lo el oN (ST
performance issues, model drift, and emerging risks )

: A2ygk sl bl
as they arise. pit S S )

% Institutions should prioritize establishing monitoring ok N b Al Sl slad] bl Slglal 0 05 Of .t %
frameworks that track the performance of Al models, bl oV ity (hendd LELSG iy NIt

assess their ongoing relevance, and identify potential f

_ 5oles 83lel g chalozie oo ilyes oY) Cllay LS L dlezst
areas for improvement. Regular feedback loops,
model recalibration, and retraining are required to ol 8l Boodl LSl ASToh (g Bolely (3L
adapt to the constantly changing market dynamics oV SIS 3L sy 883 ezl Olaialy
and ensure that Al models remain accurate and

relevant
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9-Collaborative Efforts and Knowledge Exchange Sloghall J3lgg dggladl 34¢3-1 —9

+ Collaboration and knowledge sharing among regulatory oy Aelial] ole e allln il Sl Ogles O gyl KX

bodies, industry groups, technology providers, and

. R _ _ Clall Bl Jslas Lo Lt AW ol gllg (Lomg) oK)
financial institutions are vital to overcoming challenges S T e g lorgly S

and fostering innovation in Al-based risk management. ST e Bl bl yls) Ji (3 Sl jidy sl

s Sharing experiences, best practices, and lessons learned silsY)

4

can accelerate the adoption of Al and enable . . o
solizedl gy dlly olu)loll Laily Glndl Jols dsluy OF S 4

: : e B0 A 9 < :

collaborative problem-solving. Furthermore, establishing

industry standards, guidelines, and benchmarks can be ol Sty o) adblany  lla oY1 ST slazsl 1y 3
instrumental in advancing the successful implementation @y cigodl Loally cdeliall jules D, 05 O S LS

of Al in risk management. sl &8 ool SISTAl C*w‘ e il o T i Ll

bl
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Sl 515y e ST Sitgal

Al Tools for Risk Identification: 4 ;
o il bl wdd sl Y) (ST Ol g

= Data Mining: Analyze historical data to detect i
potential risks. Alaxs) bl Olaas™ 4z Wl oL J.:l;‘- ;UL ol X
= Natural Language Processing (NLP): Scan o)y il JL}%} ) el GAU) Alas

documents, news, and reports to identify
emerging risks. Al bl
= Expert Systems: Combine Al knowledge with el 5y ~ oI ST 5 7 1ol y | dolasl o3

expert input to uncover hidden risks.

aAusd) bl (e
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Al Tools for Risk Assessment:

ol ] gc\.:k..o’ﬂ\ SN Clgai 5

Machine Learning Models: Predict the probability and ; .
el bl 15ty alleb gl (V) odad) 230 o

impact of risks based on historical patterns.

sl bl
Simulation Tools: Al-driven simulations to test risk ST ozl bl Solagy i 512 BT Clgaf o5
scenarios. L FlikasY!

Lol g alannd) bl Gl sudl 1dsad) o) o5
9

Predictive Analytics: Forecast future risk trends and

outcomes.
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Sl 515y e ST Sitgal

Al Tools for Risk Mitigation:

= Optimization Algorithms: Recommend best strategies to bl e sl g;"wy‘ ACRURGIPEY
reduce risk exposure. o2 kel Sl ) J;aﬁ 753 oped] Sila)yl g5 oo
= Decision Support Systems: Al-assisted decision making for bl

risk controls. . . 4 B e O
oY) (ST plasuaal LA S es LA ges dokas) oer
= Robotic Process Automation (RPA): Automate risk )

bl 3
prevention measures. Al ekl

AL e Slel) kT gy SV ollenl) Al o
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Al Tools for Risk Monitoring: Jja\_.,,j,y \Jj. g_u,,,,y\ ¢S u\j;\

= Real-time Analytics: Track risk indicators continuously. 4 b 8 e daslen cayedl) Sl
= Al Dashboards: Visualize risk status and alerts.

Loy Olgdly bl Al 56 sk (S Ol
= Anomaly Detection: Detect unusual events or i

deviations from expected patterns. bl il e il Bl

Assel) LLEY)
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Al Byls) @ sl (S Je Sieaal) ol )

A cognitive Al-powered platform from IBM that helps organizations identify risks, monitor
compliance, detect fraud, and analyze large volumes of data to improve decision-making.

o0 deseo SlS Sy (Jlam ) CaiS (Jumel) 4310 bkl s & Ol i) uslus IBM 0 sl cSUL deges dais
* LA A e S

IBM Watson Risk &
Compliance

Juze¥ly sl 5,15y gl

Oracle Risk [t is an integrated cloud-based system from Oracle designed to manage risk, compliance, and internal
Management Cloud |controls within organizations using artificial intelligence and machine learning.
ol 3,05y STl das Y ey el oV ST plasial bl Jsls 2l ) 4601y Jlsa¥ly bl 3y1s) J) SagOracle 255 o JailSas gloew pllss

Palantir Foundry is an advanced data integration and Al analytics platform helps in identifying risks,

Palantir Foundry . ) . : . .
G L predicting emerging threats, and supporting strategic decision-making.
Syl 1L o " PN e PR .
== A ) S S 4835 bW gl gl bl wpid B ASls e duaze B (gyisl Yl
Riskonnect is an Al-enabled integrated risk management platform that helps organizations identity,
] assess, and manage risks through automation, real-time analytics, and centralized risk visibility.
Riskonnect

. Y NS e Bylslg Lgeniy bl wud o Sluwdll delud ( SUlao¥) WL dageus bkl 8ylnY AalSns dnan 98 39S
S sSy Al L5 L a5 0 et Bl
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AlI-Based Risk Management Software

bl 3y1s) § (sl sSUI e duanal) Sl )

SAS Risk Management
SAS o bl 53

SAS Risk Management is an Al-powered platform that provides advanced analytics for credit risk,
operational risk, and financial forecasting. It helps organizations identity potential risks, quantify
their impact, and make data-driven decisions.
debes W lgadly cadazdl bl glasV) bl dedine oNUE 35 cllao¥) oST0L Rageds Baze ASAS e bl 5l
UL e 2l SlLa 3y eyt s ezt blsll wad e ol

LogicManager is an Al-driven risk management software that automates risk assessment,
compliance tracking, and policy management. It helps organizations streamline processes, monitor

LogicManager risks continuously, and ensure regulatory compliance.
o Sl doley bl 5]y (JlmaW) x5 ¢ ikl ks @il ok Ul W STUL pasce bl 815Y oy 3 AL el
S () By atn (St Ul 20 el T
Microsoft Azure Al for Risk is a cloud-based platform that uses artificial intelligence to predict
Microsoft Azure Al for |operational failures, cybersecurity threats, and fraud patterns. It enables organizations to monitor
Risk risks in real time and make proactive decisions.
bld) a5l gy Sbe Jgl LUly (gl 2V Ol cdaid) JUasYU gl ellaoV) (ST sz Byloew Beaie & blivall joil Cdgus Sile Job 24l

ALl O3 3y gy S bl a8 p Slengl) (K& LY
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AI-Based Risk Management Software

ALt sl 3 slkoW S e el Ol )

Resolver

Resolver is an Al-powered platform for risk and incident management that enables
organizations to track, analyze, and respond to risks in real time. It supports compliance
monitoring, risk assessment, and reporting across the enterprise.

o5 om sl (S colydly bl 55y sllaoV) oSTUL dagsia ain o il

BBl (S5t o gy lal) hely bl o8 (Sl Adn veus | el gl (3 U ailoenaVly Lelldy bl

Fusion Risk Management
Al gy e

Fusion Risk Management is an Al-enabled platform that helps organizations with business
continuity, scenario modeling, and risk forecasting. It provides real-time insights and enables
proactive risk mitigation strategies.

L gadly (olag L) 2 dd (JlesY) exal (3 Olansll dolis pllaoV) STUL Aageda Baie & bl 315y g

JlabJ.\ Caisl) 43l Ol ] caj o ugfj ‘U)ﬁ Sy ;9}—‘
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Basic Parts of an
Insurance Contract
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Lecture objectiv

3 o\t (Blal

After studying this chapter, you should be :u.Lo hale C)j.{)“ ol s ¢ }¢.ﬁ$ | Aty da
. ;“ Z s - s wE S
able to: u'\.AL: Jee LSY ML\NY‘ CWY‘ ..«\JJ\.;- ’0‘
o> sRA dﬁd\ ‘0’

¢ Identify the basic parts of any insurance contract. ch M J{ uip

* Understanding the meaning of each section

individually



Basic Parts of an Insurance

Contract

Despite their complexities, insurance . - ] 4 o :
Jlple iy cpald) s5ie s S8 (Blbdas e 080 e

contracts generally can be divided into six

:QL'..Z-T Lo
parts: UL, Y
1. Declarations Syl ¥
2. Definitions Uk"w‘ L3\, v
3. Insuring agreement Ol €
4. Exclusions bl e
5. Conditions 3B iz 2811
6. Miscellaneous provisions
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R U B asic Parts of an Insurance
Contract

6- Miscellaneous provisions 83 yhzo (‘&-’T A

Although all insurance contracts do not 59,020 (55 Y (el 25 i O e (21 e

necessarily contain all six parts in the order DINTEISTRE Ww Lo @l el Y1 e

given here, such a classification provides a VJ”” e Gty Lo ) 2 2 ‘ "
el sgie

simple and convenient framework for analyzing

most insuranc Declarations <l

The declarations section is the first part of an .
Jas uﬁ J}Y\ 9}:’7-\ j.!b ( Q@ﬂaﬂ\ ) CJUL&M VM.B
uuU\
jT Szl oF Slaghas auds UL U < LL
ade el xew ) sudl blad)

Insurance contract.
Declarations are statements that provide information

about the particular property or activity to be insured.
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Definitions <« !

Insurance contracts typically contain a page or Lol L3 )T i sole sl D9dE ran2l
section of definitions. Key words or phrases have i )l Ll o] LSS £y o ol
quotation marks (“. . .”) around them. For slad JU e Je (N7 LS olbdle o
example, the insurer is frequently referred to as L )T ¢ lols ‘"u;" 2 Qe cpeldl sy Jl
“‘we,” “our,” or “us.” The named insured is referred U FOU S ot I
to as “you” and “your.” The purpose of the various Calleast e Al wliy ) e 2 Al

s L Gs i 2 ) Ll o ladST

definitions is to define clearly the meaning of key d
iaS o)l gk ddord) Bl us

words or phrases so that coverage under the

policy can be determined more easily..
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Exclusions are another basic part of any insurance

contract. There are three major types of exclusions

(1) excluded perils, (2) excluded losses, and (3)

excluded property.

¢ Excluded Perils The contract may exclude
certain perils, or causes of loss.

% Excluded Losses Certain types of losses may
be excluded.

¢ Excluded Property The contract may exclude or

place limitations on the coverage of certain

property.

Exclusions otetaay!

Bzt yUasY)

Syl ) o5 N Ol o s Y1 jan daal dagey 43

dliwll J;‘L.é-\
Sl e B gl slazal 3 05
dliznd) o Shiol!

Lgnbss e 1358 a of Ol jan bt dda)) daizey 5
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Conditions

.Ej}.ﬁ\

% Conditions are another important part of an insurance Wu‘ Aie pe o f._y s A Lj}ﬁ‘ .:.
Eeiact of 302 gl Wil (3 53yl a1 o by ) 4

% Conditions are provisions in the policy that qualify or 3 .45\.;\}&\ 535 ub Qﬁjl\ des ‘,51’“‘3}?3 @4’
place limitations on the insurer’s promise to perform. In ) A
effect, the conditions section imposes certain duties on J‘jl | “SLC Ll L)rﬁd | 7 Sl ‘Ce‘j)‘
the insured. If the policy conditions are not met, the Uﬁ’“'u u§.c & jj‘ Jﬂj’“’ gbjj‘ = é 3} A
insurer can refuse to pay the claim. AUl Cé" u’b';i

«  Common policy conditions include notifying the insurer Ji- & U"j'\" t%\ Jﬂj}j‘ & AL L)rw J"’M’ ’:’
if a loss occurs, protecting the property after a loss, s1ely (3)led) dn OShzall Ly (3ylas £ 5%
preparing an inventory of damaged personal property, Q"’f‘h - O)\.xﬂb Al dLpsead) a&l;ol\g 4513
and cooperating with the insurer in the event of a “JJW S35 c;) Jl= &

liability suit.
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Miscellaneous Provisions

Insurance contracts also contain a number of
miscellaneous provisions. In property and casualty

Insurance, miscellaneous provisions include

cancellation , subrogation, requirements if a loss occurs,

assignment of the policy, and other-insurance
provisions. In life and health insurance, typical
miscellaneous provisions include the grace period,
reinstatement of a lapsed policy, and misstatement of

age. Details of these provisions are discussed later in

the text when specific insurance contracts are analyzed.

s gl (Lia-i}!\ o e ch U @uU\ >4a8 ggjz.ﬁ

il sV fois coslydly ASUzall el (3
Bl gl J= (3 ollldlly ¢ Juﬂb cs &yl
3 LAY ol a1y conald) 4259 JisZs
A>3 gad) ds gl ¢L§.>-'>!\ O (d=.2llg o\_:_;.\ W
) @ el ARy s3laraly (Ll 876 fots
i ol oo )l 8 FLadYly gzl
ek e 2l 3 Gy a8V oda fuols 223l
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