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"On the other Side of ¢'s*» Domokos, and Baracskai, (2022) 4wl 2
Technology: Examining of Different Behavior Patterns with Artificial

Intelligence"
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"Study of employee behavior based ¢ s<»: Hu, and Zhao, (2021) 42
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"Machine Learning Approaches for ¢)six: Talebi,. et al, (2025) 4wl,2

Predicting Employee Turnover: A Systematic Review"
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"Developing an advanced prediction ¢\six: Park, et al, (2024) 4wl 2
model for new employee turnover intention utilizing machine learning

techniques"
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"Prediction of Health Care ¢)si= Khati, and Kadariya, (2023) 4wl

Employee Turnover using Gradient Boosting Algorithm"
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La) )l sa Jie dediall (V) alacil) ol aladiin) dleal gay Al ol Cuasl il sda e plg
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"Predicting and explaining employee ¢)s»: Lazzari,. et al, (2022) 4wl 2
turnover intention"
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"Enhancing the prediction of ()si2 Al Akasheh,. et al, (2024) 4w 2

employee turnover with knowledge graphs and explainable AI"
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Jal 2l maa35 «(More Nuanced Feature Extraction) 48 ySYI & juall iyl
A8 Ll 5 ¢l ol L ) 5 edaduls o) Al 3aas &5 Cua o(Pivotal Factors) 4 ssall 5 5 sal)

19



Jolaill 5y kil mgia Ao Al Hall o3 chnaie ) 5 e puill Ay 81,80 Jal el IS 4g ks
Aal) ey il gall Slans o Al sall waine ()5S g cudn gai elal apdil o jlaal) LS
Giob o8 Gl aes &y il ge ,470 SOl aai IBM A8 5 (ge Alels Cilily 4 sane
iy Lehdas 23y o laall i) de sane o Aalaiall s A ganall ads ol opuatl) Uil
52l L-SVM zasad e 385l &5 «(Benchmarking) 45l saaeia A alad 23l
ey el dpaal Jdail XAT liis Gadai o5 LS i jaall gy o dealiiuall <l ually

s ol ) 8

(GCON S5 4 jaall  gu ) dediial) elilaa¥) oIS il ad of gl < jelal S8
38 A8 Glaadll L-SVM gased s Cua e iilagll copully sl &8y (e € S0 5 mg
zalil) Jalsil) ool celly e 5 Dl aile T aled zla dased e W giie 0,925 sy 421
Gl 3 &l Y e e gl Lalis ) (XAT) sl Ji) e lilaal) oSA )
Gl iliill oda e 2liys el 45 e dainda gl A8 Ll 5 ¢ aida gl Laa il 5 dainda )
AL (50 Slanial) 355 (Al gl o puill dasiia 43 zilai ey Caadll 138 ol Al )
el JS8 el S ane JlE 5 dadlaa (e LgaSiail aiill

"Embedding transparency in artificial &5 Kharlamov, (2023) 42
intelligence machine learning models: managerial implications on

predicting and explaining employee turnover"
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using machine learning techniques"
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Prediction Model in Determining Employee Turnover"
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