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“In the past, we discovered risks too late. Now Al gives
us warnings days in advance so we can take action”.
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% Understanding the role of artificial intelligence in risk JLBJ.\ 5,5 L} Ls;wy\ S 93 Ls‘Lc Jjﬁj\
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» |dentifying the uses of artificial intelligence in risk management
% Discussing factors to overcome obstacles and activate artificial
intelligence in risk management

» Exploring artificial intelligence applications in risk management
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Artificial Intelligence (Al) refers to the technology that enables computer

systems to perform human-like cognition, learning, reasoning, problem solving

and other tasks by simulating human intelligence processes



MIDOCEAN

UNIVERSITYll

*»

Introduction 4ués

I3 AL e Sl gl K& IV e colelbd)l Calie e blsl) 5yl & Tj}‘ffﬁjﬁ ‘;c\.ﬂz,a‘ﬂ\ ST Boul
Ll a5 (LY BlasTy (ULl e Wls LS b2 el (ST adaty o839 5 STy ol
olsl) Ly (Jles1 CaleasTy S I aedas] et 8 SV (,st oleaj g W LS™ Ledles |8 alazs)

Al 8 Slegdall s 38T laS da ey L) 22 (3 lacw sl b)) Gl LS dely Loty cddaid)

g

Artificial Intelligence is reshaping risk management across industries by enabling faster, smarter, and more
accurate decision-making. Al systems can analyze massive volumes of data, detect patterns, and identify
potential risks before they escalate. Machine learning enhances early warning systems, fraud detection, and
operational risk analysis, while natural language processing helps organizations automate compliance and

monitor large amounts of unstructured information.
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Introduction
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by 2030 (PMI, 2025).

of project management tasks will be run by Al
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Research shows that Al has become a core component of risk
management and investment decision-making. enterprises. Al
models consistently outperform traditional econometric
methods in prediction accuracy, adaptability, and their ability
to analyze large and complex datasets, ranging from market

signals to macroeconomic indicators and textual information.

Introduction
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As a result, enterprises achieve better portfolio optimization,
improved risk-adjusted returns, and stronger hedging
strategies. The studies also emphasizes the importance of
governance, explainability, and regulatory compliance in
ensuring responsible Al adoption. Overall, Al represents a
transformative advancement that captures patterns and
behavioral dynamics that classical models often miss,
enabling more informed, resilient, and adaptive decision-

making in a rapidly evolving global market..
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For Al to work effectively, it needs enough data—
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and that data must also be accurate and well- tlaieg 3585 Ll 0,55 of gy (oLl n Al

organized. This means the first thing an organization W L i ol cg L JJT o gL, [

must think about is its overall strategy for managing A, s 5 UL 300y Bl Lgzmsl
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data. Because of this, preparing good data and & - , o A o
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project that affects many departments, including bl

risk management...
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% Leveraging Al to analyze data and identify patterns.
*¢ Enhancing decision-making and predicting risks. By
% Supporting automation and improving accuracy. ol sadly ) Al LN e

* Enabling advanced simulations and personalized guidance.. B sy i) w3
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Uses of Al in risk management

1. Predictive Capability

Al is widely recognized for its strong ability to predict
risks early, making it one of the most valuable tools in
project risk management. Across different industries, IT,
construction, and finance, experts agree that Al tools
such as predictive analytics and anomaly-detection
models help identify potential risks before they become

serious.

dy gt 85480 1

&y 92)) 45 )4 sl dle e Lfthaa’ﬁ\ fSUL 25
& lga ool o alet Lo G bl sl Lo
i e oleladll Caliz 3y . mladl bl 5l
JSTU wlgsl Of e e aan Wl cLlg olaglall
LS 23y Bygadl Sl e el

3Lz Of Js blsll ad (3 delus Gl 4Y)



|
MIDOCEA
UNIVERSITY | Jb\,,l\ 3)\;\ gSQWY\ ;\:.U‘ SR C T

Uses of Al in risk management

= At JPMorgan Chase, Al was used to analyze massive

LS W el (ST szl (JPMorgan Chase 3 =
financial transaction data through AWS SageMaker to SleaS” < . ¢ J 5 3

forecast financial risks. AWS SageMaker aaw e U oMl bl 0 deses
= Al’s predictive power allows organizations to shift from AW bl sl Cous
reactive to proactive risk management, helping them i3] oo JUSY e Sl sl ol oV (ST Rl 5,080 acls ®

detect and prevent risks that were previously unknown. 6 sl piny LS 2o e blsadd ailant 3s) U dlels

Tale by el



|
MIDOCEA
UNIVERSITY | Jbbd\ 0)\;‘ gWY‘ ;\;.U‘ SR C T

Uses of Al in risk management

2. Real-time responsiveness gwj\ ;&353\ 3 by 2
** Real-time responsiveness has become a necessary -
idle ol 3 Gy, Uke Jadll 35l 3 LVl ool %

requirement in high-risk and fast-moving environments. p

Al systems can monitor live data, send immediate alerts, a3l g‘wm BLRUpeey u-<‘ S dnglly bl

and recommend quick actions, making them highly Cagpond) el Yl Z173)s iy et el Jlslg (3,500 UL

valuable for safety and efficiency.
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% Al alerts teams within seconds when something goes
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wrong. This demonstrates that real-time responsiveness ) gl e Ol N Gl L;‘ww S 9% Ls™ o
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Uses of Al in risk management

3. Decision Accuracy 3,80 A1 88y .3

% Al enhances decision accuracy by providing precise and * ” ’
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objective analysis, especially when handling complex data.

However, human input remains essential for situations

involving ethical or contextual judgment. For example, at 158 3 W o Jo Bl o BT GSs Cllas g oYU 3
Siemens, Al-driven predictive maintenance improved B Gyt 3 Sl ST Lo e 355 Bl Pl ¢ o
decision accuracy and reduced downtime by up to 30%. %30 s By i) 358 o5y ol 3l

*» An analyst noted, “Al improves accuracy, but human ; .
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judgment is needed for final decisions, as machines lack
context awareness.” This demonstrates that Al improves

risk response planning and helps overcome limitations in
traditional risk identification and mitigation. Lere Crasadly bl id (3 L adl sedll e il e



{
MIDOCEA| Al gyl 3 slbol (5L Ol

Uses of Al in risk management

4. Communication Efficiency JlasNl 5S4
< Al improves risk communication by collecting information and I e bl SVl gnd (3 sl ST deley 40
presenting it in clear, visual formats. Tools like dashboards, smart J~° C)‘j-’i}[‘ VAW LAd a9 Aol @4’ ez ,e QU}-L*U -

assistants, and automatically updated risk maps help bridge the Lol S J”\M‘l‘) ‘(DaShboardS) rg"ﬂ‘ ol
gap between technical experts and stakeholders. UW‘J ) elp 2 (e 8 i) s G Bl Bus Al
ALl
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time and improving collaboration, especially in large or -2\:534-5‘ )T 3):-&5‘ 3,4 3 dols AT ij‘ o

international teams.

- In Mastercard, Al reduced the time needed for fraud prevention
planning.

- A project engineer noted, “Before Al dashboards, half our time
was spent explaining reports. Now, everyone sees the same real-
time story"

L)

* This shows that Al enhances communication efficiency, saving

L)
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Applications of AlI-Based Methods in Risk Management
b s Cllol oda plusaal oS L gra Jaladlly bl Ll

Al-based methods have transformed risk management across
various fields by providing better tools for measuring and handling
risks. These methods can be applied in several key ways.

First:

Al algorithms leverage historical data, market trends, and external
factors to accurately assess risks and predict potential outcomes,
enabling a proactive management approach.

Second:

Al excels at fraud detection by using anomaly detection and pattern
recognition techniques to analyze vast amounts of transactional
data and identify suspicious activities in real time, helping

organizations prevent financial losses.
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Applications of AlI-Based Methods in Risk Management

¢ Third:

Al plays a crucial role in cybersecurity by helping to strengthen
defenses through the analysis of network traffic, identification of
anomalies, and detection of potential cyber threats. This allows
organizations to monitor and protect critical infrastructure, identify
vulnerabilities, and respond swiftly to emerging cybersecurity
threats.

s Fourth:

Al also aids in credit risk management by analyzing borrower

information, payment history, financial statements, and market data,

leading to more accurate credit risk assessments and supporting

lenders in making informed lending decisions.
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Ethical Limitations

Ethical Limitation A3MY1 36,80
¢ Despite the benefits of Al, ethical concerns remain significant. Issues 3‘233&_5_3}\ J)L&J\ sz; Cgﬁwy\ ST ASlgd e v_pjj\ u‘L" o2
such as data privacy, algorithmic bias, and lack of transparency were (UL Ao g ) J)_(M Jg& 3,LaY) s‘: Lyl daga
frequently mentioned, even in high-performing systems. Y Al alssy) 3 &> asladd) A, ‘@)J‘ﬁ'g" gy
¢ At NASA, Al models used to identify risks in space missions were PRI g’ww STl Csu cazs (Ll 2\5\53 & ok
carefully audited to prevent bias. f;«_ Lﬁ? C‘L B3 asad (Lol (LG-‘ 3 bl dpasd
% A technology consultant noted: “Al can replicate biases from its ol gscui‘”m STl O_{;:‘ ] &Jw‘ aa GﬂjE o2
training data. If we’re not careful, we could automate bad decisions A oyl U_Q (1 13 gyl bl 3 Semghl el Jjgi
faster.” VST e ey ardl Ol AN e Eg
% This highlights the importance of explainable Al, transparent design, M‘j ¢ poniild Jeu-“ L;;wy\ ST ;\_:‘:af IR o3

and accountability. Ethical limitations must be considered in every Al (573 CLE th} LY Sl el e gt WLy coladl
system, especially in high-risk or sensitive environments. bl jT bl e ol 3 il ‘u"’\'h )|
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Other Limitations

Other Limitations

¢ challenges still exist. Concerns include data privacy,

cybersecurity, algorithmic bias, and the lack of
transparency in some Al models. These issues raise
important ethical and governance questions that
organizations must address.

Overall, Al is driving a major shift toward automated,
predictive, and data-driven risk management. To maximize
value, organizations need strong governance, clear
policies, and responsible Al practices. This ensures that Al
improves efficiency and accuracy while maintaining

fairness, accountability, and trust.
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** The application of artificial intelligence in risk management

involves a number of obstacles, each of which must be

overcome before integration can be considered successful.

1- Data Quality and Preparation

>

One of the most significant challenges in successfully integrating
Al into risk management is ensuring the high quality and
reliability of the data used for training and analysis. Financial
institutions need to invest in data quality initiatives, including
data cleaning, normalization, and validation. This involves
identifying inconsistencies, inaccuracies, and missing values
within the data and implementing solutions to address them.
Additionally, robust data governance practices must be
established to maintain data accuracy, completeness, and

consistency over time.
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Bias and Fairness in Algorithmic Decisions s 3 el 3w "y
8 Gpoyyl i) DL 3 Blually joudl —2
¢ Algorithmic bias is a major concern in the application of
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Al for risk management. Historical data may contain G S Gl Bl gl s

biases, which can lead to skewed outcomes or unfair E B W ot el () 25U UL oo B8 o L bl 5l
treatment of individuals or groups. s ol jf ,\J;y Usle pé Aalne jf Sein 5 wis
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s To effectively address this issue, financial institutions

(2

L)

should implement techniques for bias detection and y
mitigation. This includes analyzing Al models for 7

potential biases, considering alternative data sources, Olajyles slazely (alily ULy jslas 3 adly cilaast) Ol dyud

and deploying fairness-aware algorithms. Regular oY) Sl Aadail da) ey dyy0ll 2314 OF LS L OLasY) joles 7
monitoring and auditing of Al systems are essential to e o - Dl Olesad Ol ool
ensure fairness and prevent potential harm.
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3- Interpretability and Explainability AUy prdd! &L -3

% Al algorithms often operate in complex environments, oy dddne Olty e Ll oVl ST ol fead Lo Do o
making it difficult to understand the reasoning behind

oy LIS ey oS Gl el Cwdll 0 ot Lo clgags

their decisions. However, interpretability and

explainability are crucial in risk management to ensure S5 882 L FUlao Y S 1A s 2L0 Ao (5

regulatory compliance, maintain transparency, and ddlacd) Je blidly cda ol C"ﬁb JueY) Olaza) bl 3)1s) (3

build stakeholder trust. y
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» Developing interpretable Al models that can provide
. A AL el oy . W1 x>
clear explanations for their actions should be a priority e 320y ALl T 5183 C’u sk dﬁiﬁ O £ %

for financial institutions. AW Sl gall 3500 WY Ol S
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4- Integration with Previously Deployed Systems T slecdt Lty & JelS —4

* Integrating Al-based risk management systems , :
P © Y il o e Uao 1 LIS e 2t Bl 313) Aulail s Jig 15 o8
with existing infrastructure and legacy systems
Lbd Slewsll e tany  daw doge gl sVl AL Ll
can be a challenging task. Institutions must e y

meticulously plan and design the integration by (ULl gy (3Bl Olaal B Lgaresaly Lol 2ebas

process to ensure compatibility, data flow, and ol sd\ e

system interoperability. L J5SG B39 Jolsnll 5)1s) pludl o Gy ol 39mg S0l o 4
* Close communication between risk management

L)

L)

dl Lo LS wbad bl slloV) ST slisg leglall
departments, IT teams, and Al experts is

. . . o
essential to properly address integration

challenges.
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5- Talent and Skill Gap

\/
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Applying artificial intelligence in risk management
requires hiring trained specialists with an in-depth
understanding of Al methods, the fundamentals of risk
management, and extensive experience working in the
financial sector.

To bridge the talent and skill gap, institutions should

invest in training and upskilling their existing workforce.

Developing specialized Al capabilities relevant to risk
management can be aided through collaborations with

academic institutions, industry groups, and Al experts.
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6- Regulatory and Compliance Considerations Juzatlg draaidl Olylasi—6
The application of Al in risk management must comply 51,0 e g o oY1 (ST g adh o A
T e 8,05 & u.c\..la«o ¢ GelaS a5l %

with all regulatory requirements and compliance

| S e s OF ol sl eyl ulasy deudaid)
standards. Institutions should pay close attention to 3l S = ﬁlép d JRR) S

applicable rules and actively engage with relevant Tpeebaid) Oledl Slles (3 bl 2,Las5 Ofy W Jgenl) delsdl
regulatory bodies to ensure their Al-based risk STl L}P Lol blscdd 3lsf bt of ol alall el

management systems align with pertinent regulations.
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7- Reliable Testing and Validation B gell Oldisdlg O ylas-YI— 7
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It is crucial to conduct comprehensive testing and rigorous 3)lo) dedail e dads wliasy aels wllas) ol ] (559,00 e o

validation on Al-based risk management systems before

N 2y 3 laas 1 el ST e Wl bl

deploying them in a production environment to ensure their aad il S J? < ” O e

accuracy, reliability, and efficiency. \85LaSy Lgudsiang Ly Olaa) M3y
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% Rigorous testing should be performed to evaluate the ECPN AU 13T e Bagls SLlasl o) ot 9

performance of Al models, examine their robustness against J ) w .
, , , , , , Bl e imdly ddegie Olagyliow dgrlse (3 B3 amiy
various scenarios, and validate their outputs against established

benchmarks or historical data. Furthermore, validation Slelr) 36 O (ot LS 250 bl o) b jules Jas

rd

procedures must take into account model stability, predictive 3 AL g (gl 45,03, ccsjd\ oS jlael 3 el
power, and generalization capabilities to ensure the models are . S : A d
ce\jj\ e lgdder is C;u.;M B> Ol éM\

accurate when applied to real-world scenarios.
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8- Continuous Monitoring and Improvement Efforts M‘ > 5675 °J"':"“M ‘\"S‘JL‘_ 8
+* Continuous monitoring of Al-based risk management e a5l bl 6l 1PN 5 o i3l 0 o)) ()90l e o

systems is essential to identify and address performance o £ ,
Y b P (z3ped) D21y (elsY) A n Blaay o] elians ¥ (ST

issues, model drift, and emerging risks as they arise.

_ " Y RU-SYPS> sl bl

% Institutions should prioritize establishing monitoring 56l 3 2Bl bl
frameworks that track the performance of Al models, CSLI' g1 W ase PR ol 81 c)tgjjj o O of g %0
assess their ongoing relevance, and identify potential aebdl oV e 6zl LBWGL ) ¢ FllzoY (ST

areas for improvement. Regular feedback loops, model f
— e - 5oles 83lelg chalozie oo ilyes WY Cllay LS L dlezst
recalibration, and retraining are required to adapt to the

constantly changing market dynamics and ensure that Al ozl 8l Boodl OLSalys ASTeh (g Solely (3Ll

models remain accurate and relevant. L SlloY) ST FOW Basdleg &> ) ezl Olazl g
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9-Collaborative Efforts and Knowledge Exchange Sloghall (3l dbgladl 34¢3! -9
+* Collaboration and knowledge sharing among regulatory bodies, poding cieliall oo gl ol o) S, O glns o ol o o2

industry groups, technology providers, and financial institutions

e Claal) Bl Jalsy Leny Lo AW olacslly (Lom gl oS3

are vital to overcoming challenges and fostering innovation in
Al-based risk management. S e 23l bl g)ls) Jie (3 ISV jady glal

%* Sharing experiences, best practices, and lessons learned can syl

4

3

accelerate the adoption of Al and enable collaborative

L)

33lizll vgyllly lujlad) Jadly jlndll Jols dely Of S 4
problem-solving. Furthermore, establishing industry standards,
guidelines, and benchmarks can be instrumental in advancing G Jg‘” ol adlasy wa“‘”y‘ SISl slazel e

the successful implementation of Al in risk management. ety cdggdl toallly cisliall jules 29 06 Of S LS
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Al Tools for Risk Identification: :Jb\éd.\ Ao £ o oY1 LS a\jaf

= Data Mining: Analyze historical data to detect

potential risks. 2\1&.’:5‘1\ Jlab;m ub:afﬁ[ %JL:.S\ CJL:L:.J\ J,‘,L;i CJU\?J\ g_.%.a.é' ’:’
= Natural Language Processing (NLP): Scan Loy s JL."'%“) P i dall 22 ddtas o
documents, news, and reports to identify emerging
risks. sl bl
= Expert Systems: Combine Al knowledge with expert eil) 8y ~ oo (S 3ps > ;;\}g.\ dolail o%

input to uncover hidden risks.
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Al Tools for Risk Assessment:

) gdd | sllao¥) SN gl 40

Machine Learning Models: Predict the probability and g ~
et bl by AU sl 1 JY) Gad) 23U X

impact of risks based on historical patterns.

) oL
Simulation Tools: Al-driven simulations to test risk ST pltsuinl bl Slagy L 35T BT Colgaf o5
scenarios. L FlkasY!

Lemilos Adannd) bl Gl sud) & sad) Mol o3
9

Predictive Analytics: Forecast future risk trends and

outcomes.
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Al Tools for Risk Mitigation:

= Optimization Algorithms: Recommend best strategies to B e Cdsall tf""“"y‘ sISUY g
reduce risk exposure. 2 ki Sl V) il ) o) Sils g5 40
= Decision Support Systems: Al-assisted decision making for bl

risk controls. . . 4 S el O
o) ST plasanl LA ST ges 1yl E1 gos dokail o
= Robotic Process Automation (RPA): Automate risk )

bl 3
prevention measures. P S R JEINY

bl e el xR ) Oldeal) B 60
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Al Tools for Risk Monitoring: Jja\_.,,j,y \Jj. g_u,,,,y\ ¢S u\j;\

= Real-time Analytics: Track risk indicators continuously. Loy b g darkse clgygdll 5o

= Al Dashboards: Visualize risk status and alerts.
Lz Slgedly bl dl- 5o 1 sl (S -4
= Anomaly Detection: Detect unusual events or i

deviations from expected patterns. -G i s B s U

el LY
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i 8yls) & sl (SWI aluses) LS

The integration of artificial intelligence into project management

represents a fundamental shift that changes the nature of the Ao piy G 24 ‘ﬁjﬁ @)L&l\ 8y13) & Skl 15U s S

traditional risk environment. It contributes to reducing certain J.Ya\s'-‘_}*»,b\:&\ 22, Lr"éﬁ‘-ﬁi L gl bl iy

risks, such as communication and health and safety risks, while i )
A dpudad) bl 5411 48 & Aty doeadly Jlast!
the importance of traditional risk management remains

. . . . . Lot oSS aldsuiwl dayg,e dludsr bl by ( oWl (4
essential. At the same time, new risks associated with the use of ‘o g 3 D i (J 33

artificial intelligence are emerging, most notably unauthorized HLily ASW ekl dwglag cay Cﬁ‘-"‘ 25 Jged! u’}ﬁi o
access, Al system hallucinations, and the spread and bbbt oda sl drys Cakif LS 8 Ceadlg Al Coleglall

manipulation of misinformation. The perception of these risks . 2N ¥ 3 . f
> > > Al dgylaY) Clhgradt (8 dols (ddlisl) dughl 19aY) oy
also varies across different professional roles, particularly

between managerial and technical levels.
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Challenges of Using Artificial Intelligence in Risk Management

Sl 8yla) §  sllwl) (SW aluses) LS

Therefore, addressing this evolving environment requires the et Ol ! Sloxe! 8 il &2 oda & Jﬁw\ ey (A

adoption of hybrid strategies that combine Al capabilities with : _ A : . -
. v 2 . ¥ ol 1) i) By Sldawo¥) s8I Silyd oy aed
human expertise, alongside traditional risk management )
. oo 03yl o Jlad O3lg0 384 ey 6 (bl 8410y LU Lad!

approaches, to ensure an effective balance between
leveraging modern technologies and mitigating their L deLall Sl P A1y L) DLl

associated challenges..
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Al ays) @ sl (S s Skl Ol )

A cognitive Al-powered platform from IBM that helps organizations identify risks, monitor

IBM Watson Risk & : : i .
Compliance compliance, detect fraud, and analyze large volumes of data to improve decision-making.
s \i‘ s P de OlweS Jolsy (Jlar ) aiS (Jmed) 310 bl wud @ Cluill dels IBM e sUlaotl (SIUL degeds duaie
VR BREES LA 3 o UL
Oracle Risk [t 1s an integrated cloud-based system from Oracle designed to manage risk, compliance, and internal

Management Cloud |controls within organizations using artificial intelligence and machine learning.
ol 3,05y STl dass Y ey el oV ST plasial bl Jsls 2l 4601y Jlse¥ly bl 3y1s) J) SagOracle a5s o JalSas gloew pllss

Palantir Foundry is an advanced data integration and Al analytics platform helps in identifying risks,

Palantir Foundry I . . : g .
G L predicting emerging threats, and supporting strategic decision-making.
& = P . .
el e ¥l S S (839 AU Mgl el Bkl Wid & ASl Rodize duaze B Syl Yl
Riskonnect is an Al-enabled integrated risk management platform that helps organizations identity,
. assess, and manage risks through automation, real-time analytics, and centralized risk visibility.
Riskonnect

| Al I e By18]9 Wamedly bl ud o Sluwwdll dels ( Sl SUL dogeus bl 315y UalSas dazin 92 S Sy
Beron oald B 255 gt Skl
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AlI-Based Risk Management Software
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SAS Risk Management
SAS o bl 53

SAS Risk Management is an Al-powered platform that provides advanced analytics for credit risk,
operational risk, and financial forecasting. It helps organizations identify potential risks, quantify
their impact, and make data-driven decisions.
debos U Slgadly cadasdl bl bVl bl dadine oV 35 el oVl oST0L Rageds Baze ASAS e bl 5l
UL e 2l SlLa 3y eyt 5 calexdl blsll wad e ol

LogicManager is an Al-driven risk management software that automates risk assessment,
compliance tracking, and policy management. It helps organizations streamline processes, monitor

LogicManager risks continuously, and ensure regulatory compliance.
e Sl sl sl ol 1505 (JmeV) s Bl s 8l pok LoV SSIIL posie bl 85y ol g2 EL Sy
UL Y Sl ¢ peten [S B 3310 collonl) Lo
Microsoft Azure Al for Risk is a cloud-based platform that uses artificial intelligence to predict
Microsoft Azure Al for |operational failures, cybersecurity threats, and fraud patterns. It enables organizations to monitor
Risk risks in real time and make proactive decisions.
bl il cigws Sle Jol bUls (gl 2V Ol adnid) JlasYU gl ellaoV) oS iz Byloew Ruzin o blial) jgill cdgus SGle g2 4l

ALl S5 3y gy S Bl A3 a Slagll (K& LY
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AI-Based Risk Management Software

ALt sl 3 slkoW S e el Ol )

Resolver

Resolver is an Al-powered platform for risk and incident management that enables
organizations to track, analyze, and respond to risks in real time. It supports compliance
monitoring, risk assessment, and reporting across the enterprise.

gl 3 DbVl Ly bl aw o ol oK oslgdly bl 3y bV STL Loges Raie 2 il

B8l (S5te o )il slaely bl o (Jia¥) 2310 e L Jedl

Fusion Risk Management
Al gy e

Fusion Risk Management is an Al-enabled platform that helps organizations with business
continuity, scenario modeling, and risk forecasting. It provides real-time insights and enables
proactive risk mitigation strategies.

bl sy (Ol bl dr il (Jlos V) Byfazel (3 Slansll dolis  olibo¥) sSTUL dageds date & bl 515y s

Rl e Gadseall 8Lzl Slonglinl mdg e Sy s 65) b5
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Lecture objectives

3 o\t (Blal

After studying this chapter, you should be able to: PR Qjﬁj ol 2t edd) s dulys da

el dae (oY Al plusY) sl

s e e ST me e el

¢ ldentify the basic parts of any insurance contract.

* Understanding the meaning of each section individually



Basic Parts of an Insurance Contract

nold) dia) Gl ¥1 1Y)

Despite their complexities, insurance contracts

Jlple Kty cpald) s5ie s S8 (Blind e 0201 e

generally can be divided into six parts: 5
:;‘J’a—\ L
1. Declarations auw‘.l
2. Definitions aw}'ﬂ\.z
3. Insuring agreement el 431, 3
4. Exclusions Oleliwyl 4
5. Conditions J@,m.s
6. Miscellaneous provisions Z\Bje.u (’&"'Tﬁ
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Y EOERAL Basic Parts of an Insurance Contract
ol i) Ll )Y
6- Miscellaneous provisions 33 (‘&-"T 6
Although all insurance contracts do not necessarily by9 2l S5 Y Gl >gae & O e v—‘)‘ le"’
contain all six parts in the order given here, such a V) b ij.xl\ J“‘“i‘“‘ﬂ\”ﬁ e 2o ol LSLC'
classification provides a simple and convenient ¥ ‘-J o LA ‘ e o
neld) ssae

framework for analyzing most insurance contracts.

Declarations «uLJ

The declarations section is the first part of an insurance . )
el dae NI gl DL il ) UL ys
contract. ot . R e ( 4 ) =
bladl o oSl o5 Sleglas ads ULy S < LL
ade el s Sl sus|

Declarations are statements that provide information

about the particular property or activity to be insured.
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Insurance contracts typically contain a page or section Lol L3 jT dm2p ssle w‘w\ 3488 penl
of definitions. Key words or phrases have quotation L I ol Lath jT < LS P9 o ol 2l
marks (“. . .”) around them. For example, the insurer is sbad o Jull J»w ‘jf -(”- : -”) LBl oldle o
frequently referred to as “we,” “our,” or “us.” The i )T ol ‘”Q;” . de CJ}"’w ‘gﬂ J
named insured is referred to as “you” and “your.” The "'w“"'”) FOELL ‘.s"‘“i‘ ale Q"f’u L b
purpose of the various definitions is to define clearly S C“pﬁ" > Al Quﬁfﬁ\ e Upf*ﬂﬁ

s L Gs SCa 2 ) Ll o LadST

the meaning of key words or phrases so that coverage y
iaS o)l gk ddordl Bl us

under the policy can be determined more easily..
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Exclusions are another basic part of any insurance
contract. There are three major types of exclusions
(1) excluded perils, (2) excluded losses, and (3)
excluded property.
s Excluded Perils The contract may exclude certain
perils, or causes of loss.

** Excluded Losses Certain types of losses may be

excluded.

NS

limitations on the coverage of certain property.

Exclusions <icliny!

W s b e ol o AT ol s » Olslimay)
sl uﬁ Ay §15]

alaad) s Y11

Slamad) slud). 2

lazad) Sl 3

Blied! yUas-Y)

Bl ) o & Ol ol s jae dha) dnzey 13

Slizund! lund!
.;wsyw@j;hwsﬁg
3l OSzedl)

« Excluded Property The contract may exclude or place . .. e 13,3 i of Al oy s il ez
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% Conditions are another important part of an insurance

contract.

Conditions are provisions in the policy that qualify or place
limitations on the insurer’s promise to perform. In effect, the
conditions section imposes certain duties on the insured. If
the policy conditions are not met, the insurer can refuse to
pay the claim.

Common policy conditions include notifying the insurer if a
loss occurs, protecting the property after a loss, preparing an
inventory of damaged personal property, and cooperating

with the insurer in the event of a liability suit.

Conditions

.Ej}.ﬁ\

el s e JENIPSES P Loyl

jT S L;.S\ aadell (3 85yl r&:-i}!\ P by,

& Wbl o5 ob sl deg e 1543 —
sl e B Sty Lyl o3 2k )
crgeld S8 g Ly o) o 415) e
Al x> i,

Jom &8 ol ) 1850 3 ALl Ly, futs
saely gladk) day SISzl dlavy 3l ¢ 535
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Adgges 5505 03 J= 3
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Miscellaneous Provisions

Insurance contracts also contain a number of miscellaneous
provisions. In property and casualty insurance, miscellaneous
provisions include cancellation , subrogation, requirements if
a loss occurs, assignment of the policy, and other-insurance
provisions. In life and health insurance, typical miscellaneous
provisions include the grace period, reinstatement of a
lapsed policy, and misstatement of age. Details of these
provisions are discussed later in the text when specific

insurance contracts are analyzed.

Ayl sl e i e Lol aldl sgde (g92f

il s fais cosledly SlSzal) b 8
48)\.%5- gl Jl= (3 ldladly in;\j cs &Y
L3 JP-Y\ u\.wa\.J\ r\.i:—\j cuuU\ 4 J’};'j
%J,us il sV OB cAmaally o\.:.;-\ e
cugsl &) el 4aS Balazaly (Lol B Jots
- gves] O’CC*’“"“ e CLa.éY\j APTRS,
Sk e 2l 3 Gy a8V oda ool 223l
53d] el 5 445
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