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The banking sector is incorporating Artificial Intelligence (AI) and Big Data Analytics (BDA) to comprehensively personalize financing solutions within the understanding of customer behavior. Leveraging modern technology allows financial institutions to conduct the analytics of risk associated with services, enhance service heterogeneity on offer, forecast customer requirements, and mine transactional data (Li et al., 2023). The new paradigm brings along several prospects, but it also creates numerous challenges that preclude the widespread adoption and ethically responsible use of the technology.

Many of these gap areas are underspecified or are based on solely theoretical approaches or extremely narrow datasets, which undermines their validity and relevance (Chen et al., 2020). However, these issues remain particularly concerning with regards to AI-enabled financial decision making analysis (Ahmed et al., 2021). Additive concerns of trust and use that cannot be postponed are Algorithmic discrimination, opacity, and data abuse violations (Omar & Singh, 2021). These issues are quite worrisome in areas attempts to have better digital financial inclusion coverage (Rahman et al., 2021).

This research seeks to close gaps in the current state of affairs by evaluating the effectiveness, ethics, and scalability of AI empowered BDA systems in the banking industry. In addition, it attempts to establish a framework that enables the more responsible adoption of AI technologies to facilitate a deeper comprehension of customer behavior and improve financing methods.
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The goal of this research is to identify and establish an ethical and AI-driven approach that automates the analysis of customer financial behavior to optimize financing decisions within the banking industry.

1. To determine the major behavioral factors that guide decision-making at the banking institutional level.
a. To analyze customer behavior based on transactions patterns for financial services and products (Zhang & Kumar, 2021).
b. To ascertain the most significant determinants of loan eligibility, default risk, and financial spending inclination.
2. To assess the actual impact of existing AI tools on predicting customer behavior.
a. To determine the relevance and effectiveness of existing AI models in different banks (Chen et al., 2020).
b. To evaluate ethics and operations in the context of actual and simulated dated.
3. To create an AI-enabled customer profile and financing strategy conceptual model.
a. To create an ethic-analytical behavioral prediction model (Li et al., 2023).
4. To establish parameters for the ethical and IoT regulatory framework for AI use in banking.
a. To minimize bias and data privacy issues, consent, and accountability within AI systems (Omar & Singh, 2021).
5. To evaluate the contribution of big data and AI to the promotion of financial inclusion.
Focus on understanding the ways in which AI can improve the accessibility of banking facilities among unserved people (Rahman et al. 2021).


[bookmark: _Toc194177098]Literature Review

The banking sector has traditionally resisted change, but the rise of Artificial Intelligence and Big Data is revolutionizing their functions. From customer profiling to operational success, everything now relies on AI technology. However, literature still lacks empirical evidence and ethical discussions regarding its functional frameworks. 
1. AI Customer Phycology Chen et al. (2020) designed a machine learning model tailored for optimistic consumer behavior prediction with 85 percent accuracy based solely on transaction data. The worry is, while the model was powerful, it only worked in one institution which puts its applicability into question. 
2. AI Operational Efficiency Rahman et al. (2021) attempted to analyze automated and mobile banking tools aiming to accelerate financial inclusivity for vulnerable groups. Their study proved that advanced prediction algorithms AI can employ, when coupled with incretion behavior segmentation, could reach out to unbanked lower-class segments.
Nonetheless, the ethical and political aspects of these issues was not examined in detail. 
3. Ethical Gaps in AI Use: Most of us can remember when AI credit risk models were first introduced, as Omar Singh noted in 2021. At the time, it was observed that whilst AI increased the effectiveness of risk assessments by 40%, most of the models neglected critical components such as transparency, consent for data collection, and social equity discrimination. The lack of ethical considerations in such sensitive decision-making processes is alarming. 
4. Theoretical Focus with Limited Empirical Support: Many publications, like Ahmed (2021) for example, reviewed the application of AI technologies in the banking sector, but did not provide any real-life scenarios for analysis or any other data-based evidence. Because of this gap, the literature remains predominantly theoretical and lacking primary research. 
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International publications on the automated provision of banking services suggest a growing interest in the integration of AI in banking. However, there are still problems measuring the effectiveness of AI systems in diverse settings, applying ethical standards, and developing usable, robust, and sustainable models. This paper seeks to solve these questions by defining an ethical, inclusive, and data driven model.
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