The Role of A/B Digital Marketing Testing for Increasing the Online Sales in Saudi Arabia

CHAPTER 1: INTRODUCTION

1.1 Research Background
Measuring the effectiveness of marketing efforts is crucial for businesses nowadays, particularly those that conduct their sales online, as they must establish or preserve a competitive edge.  There are several reasons why this can be extremely difficult. Companies analyze key performance indicators like conversion rate, number of orders, cart abandonment rate, bounce rate, time spent on the website, number of unique visitors, and other indicators to learn important details about the characteristics of online sales and customer behavior (Esteller-Cucala, Fernandez & Villuendas, 2019). Businesses can use this information to determine whether the choices made by marketers have a positive or bad effect on their internet business.  Using A/B testing is one method to get such data.  
One common and growingly popular method of controlled experimentation carried out on real consumers is A/B testing (Kohavi & Longbotham, 2017). In today’s business environment, this testing approach is crucial for assessing how new website modifications affect users (Esteller-Cucala et al., 2019).  A/B testing is based on an online experiment wherein various users are shown different versions of a website, and the data collected is measured to determine which version is most successful in converting users into customers (Kohavi & Longbotham, 2017). In addition to storing and analyzing raw data, A/B testing can provide definitive answers to questions about how to increase a company's overall efficiency and determine the best combination of website elements for its customers. This improves user experience and builds trust in a specific brand or business (Grundy, 2016). Figure 1 visualizes the process of A/B testing. The aim of this study is to examine the role of A/B digital marketing testing on increasing the online sales in Saudi Arabia. 
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Figure 1: General Process of A/B Testing. Adapted from Quin et. al. (2024)



Most of the research on A/B testing method in the Saudi context focused on the technical issues and scattered outcomes of the employment of A/B techniques. For instance, Alkhalil et al (2024) study used empirical A/B testing on an online store and a review of the literature to examine the key elements affecting consumer trust in e-commerce. With A/B testing confirming their influence on user behavior and preferences, the results show that privacy, customer feedback, and simplicity of use are the most important components in establishing trust.  The study shows that improving data security, incorporating transparent feedback, and optimizing usability greatly increase consumer confidence by methodically comparing several website versions. This gives firms concrete insights to improve e-commerce success. Figure 2 shows the A/B Testing Usage Distribution in Saudi Arabia.
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Figure 1: Statistics for websites using A/B Testing technologies
Source: (https://trends.builtwith.com/analytics/a-b-testing/country/Saudi-Arabia, 2025)



1.2 Research Questions
This study intends to examine the impact of three A/B digital marketing testing characteristics namely variation design, call-to-action effectiveness and audience segmentation, on the firms’ online sales in Saudi Arabian context. In this regard, this research intends to provide answers to the following questions:
1. How does the design of A/B testing variations affect the online sales performance in Saudi Arabia, and how is this relationship moderated by the accuracy of data analysis?
2. What is the effect of call-to-action (CTA) in A/B testing on online sales performance in Saudi Arabia, and how does data analysis accuracy influence this effect? 
3. How does audience segmentation in A/B testing affect online sales performance in Saudi Arabia, and to what extent does data analysis accuracy influence this effect?

1.3 Research Motivation

1.3.1 Theoretical Motivation

This research employs the Technology-Organization and Environment (T-O-E) framework to examine the impact of A/B digital marketing testing on the online sales of Saudi Firms. The desire to increase empirical knowledge of how A/B testing tools and methodology impact e-commerce optimization in understudied areas serves as the technological foundation for this study.  A/B testing is commonly used in Western e-commerce ecosystems, but little is known about how beneficial it is in Saudi Arabia, a country with distinct digital infrastructure, smartphone penetration rates, and platform preferences.  This study looks at how localized user behavior interacts with technological factors, including testing software capabilities and data gathering accuracy, to influence online sales performance.  By doing this, it adds to the larger discussion of how adaptive testing tools need to change to adapt to local digital environments.  
The study fills in gaps in the way Saudi Arabian companies integrate A/B testing into their operational frameworks from an organizational and environmental perspective.  The Kingdom's e-commerce industry is expanding quickly because to Vision 2030's digital transformation objectives. This creates a special organizational environment where data-driven decision-making and conventional retail methods collide.  This study examines how businesses set up testing teams, analyze data, and apply findings—all of which affect how well A/B efforts work.  It also takes into account environmental factors that modify the relationship between testing tactics and sales outcomes, such as cultural purchasing practices and customer privacy expectations.  This study offers a comprehensive theoretical model for the effectiveness of A/B testing in developing digital economies by including the TOE framework.

1.3.2 Practical Motivation
Practically speaking, this study tackles the urgent need for Saudi e-commerce companies to implement data-supported tactics that improve sales results.  Online merchants need actionable information to improve user experience, increase conversions, and optimize return on investment from A/B testing, since the Kingdom's Vision 2030 places a strong emphasis on digital transformation.  This study offers concrete recommendations for marketers and web developers by determining which testing components (such as CTAs and segmentation) most successfully increase sales—and how data accuracy affects results.  The results will boost the region's e-commerce competitiveness by assisting companies in effectively allocating resources, lowering trial-and-error expenses, and customizing strategies to Saudi consumer preferences.

1.4 Thesis Structure
This master thesis is composed of five subsequent chapters. A brief explanation of each chapter is presented below.
Chapter 1: Introduction:  The study background and overview is presented in this chapter, emphasizing the increasing significance of A/B testing in Saudi Arabian e-commerce sales optimization.  The three primary study topics are presented, with an emphasis on the effects of audience segmentation, call-to-action (CTA) tactics, and A/B testing variants on online sales success, as regulated by the correctness of the data analysis.  The chapter concludes with the thesis framework after outlining the goals, importance, and technique (exploratory interviews and surveys) of the study.  
Chapter 2: Literature Review: This chapter examines the body of knowledge regarding customer behavior in digital markets, e-commerce optimization, and A/B testing.  It examines important ideas such audience segmentation strategies, the efficacy of CTAs, and the significance of accurate data analysis in decision-making.  The chapter lays out the theoretical framework for the investigation and points out gaps in the literature, especially with regard to Saudi Arabia.  
Chapter 3: Research Methodology: The research design is described in depth in Chapter which explains the mixed-methods strategy that combines survey questions aimed at Saudi Arabian internet shoppers with exploratory interviews with industry experts.  The chapter covers data gathering methods, sampling strategies, and analysis tools (such as statistical tests for data from A/B testing).  Limitations and ethical issues are also covered.  
Chapter 4: Data Analysis & Findings: In order to address the three study questions, the empirical results are presented in this chapter through an analysis of survey data and interview replies.  The study looks at both quantitative results (such sales performance metrics from A/B tests) and qualitative insights (like professional comments on data accuracy).  The chapter assesses the moderating effect of data analysis accuracy as well as the effects of various A/B testing techniques on sales.  
Chapter 5: Conclusion & Recommendations: Key findings are given in the last chapter, with a focus on the useful implications for Saudi e-commerce companies.  It talks about how improving audience segmentation, CTAs, and A/B testing designs can boost sales performance while maintaining accurate data analysis.  The chapter also notes the limitations of the study and makes recommendations for future lines of inquiry. 

CHAPTER 2: THEORETICAL FRAMEWORK AND LITERATURE REVIEW

2.1 Theoretical Framework
Data is a tool for competitive advantage in the knowledge economy; businesses want technological applications that are simple to use and save stakeholders money and time.  Businesses assess the best moment to invest in a given technology by attentively observing the surroundings.  Adoption of technology is therefore information-based and refers to the free choice made by an individual or organization to first accept and/or operationally employ it to produce information for problem-solving. One aspect of information systems that has generated a lot of interest is innovation and/or technology adoption. Tornatzky et al. (1990) developed the TOE framework to fully explain behavioral intentions and innovation adoption at the firm level.  Its ability to reflect the effects of various factors (internal and external) on adoption decisions based on the following three contextual groups—technology, organization, and environment—makes it superior to other behavior models.  The technical context shows new technologies that are pertinent to each organization as well as current technologies in use.  While environmental context depicts the environment in which businesses operate, including the industry, rivals, and government, organizational context shows the firm's attributes in terms of its size, scope, and resources. While TOE is more comprehensive and focuses more on organization-level factors, traditional adoption theories like the Technology Acceptance Model (TAM, Davis, 1989) and the Unified Theory of Acceptance and Use of Technology (UTAUT) (Venkatesh et al., 2003) are almost technocentric and therefore address adoption at the individual level (Oliveira and Martins, 2011).  According to scholars, the TOE framework has garnered more theoretical and empirical support in the field of information systems (Yoon and George, 2013) than many other adoption frameworks and satisfies the need for more socio-economic advancements (Jacobsson and Linderoth, 2010).  Furthermore, the TOE framework's suggested generic characteristics offer more insightful lenses for examining users' perceptions of particular systems (Al-Natour and Benbasat, 2009), making it valid, most prevalent, and specific for enterprise-context adoption (Gangwar et al., 2014). 

The T-O-E framework was used by Nguyen et al. (2022) to identify the factors that drive the adoption of online retailing (ORE) and business performance among Vietnamese companies in the formative stage of digital transformation. They proposed that ORE adoption is significantly boosted by key elements of organizational context (such as top management support, entrepreneurial orientation, and technological orientation), technological context (such as relative advantage, compatibility, and observability), and environmental context (such as perceived trend, government support, and legal framework).  Furthermore, one crucial control variable that has a significant impact on firms' participation in ORE is firm age.  Surprisingly, ORE adoption is not significantly impacted by company size, competitive pressure, or control variable (i.e., number of employees).  Adoption of ORE also acts as a driving force behind company performance.  Finally, ramifications for theory and practice are examined.
Despite the T-O-E framework's increasing scholarly recognition, researchers (Awa et al., 2017; Henderson et al., 2012) still want to expand its contexts in order to increase its academic usefulness.  According to Hart et al. (2017), adoption is more influenced by T-O-E factors than by individual characteristics because of the direct statistically significant association between adoption and factors in the organizational, technological, and environmental contexts.  Hedonistic drive was not statistically substantiated for individual context, but the social aspect was.
 
	
A/B Testing Variation Design

                                                                H1
Online Sales Performance

                                                                      H4a		Call-to-Action Effectiveness

	H2	
                        H4b

	H3                                                              H5Audience Segmentation

Controls:
Firm Size
Type of Industry
Marketing Budget
Target Market
Payment Option



                                              H4c

A/B Testing Data Analysis Accuracy






Figure 3: Proposed Research Model
The current research examines the impact of a/b testing variation design, call-to-action effectiveness and audience segmentation on the online sales performance while considering the moderating role of a/b testing data analysis accuracy in the context of Saudi Arabia.
Because A/B digital marketing testing allows companies to make data-driven decisions and enhance their marketing tactics, it can dramatically boost online sales in Saudi Arabia.  Businesses can find the most successful strategies that appeal to the Saudi market by experimenting with different designs, call-to-action (CTA) effectiveness, and audience segmentation.  Conversion rates and engagement can be increased, for example, by segmenting audiences according to local demographics or customizing CTAs to suit cultural preferences.  This effect is further mitigated by the precision of A/B testing data processing, which guarantees that the conclusions are trustworthy and useful.  In a competitive and quickly expanding digital market like Saudi Arabia, companies may enhance user experience, boost customer happiness, and eventually increase online sales by continuously improving campaigns based on exact A/B test findings. When assessing how well digital marketing tactics affect online sales, the moderating variable of A/B testing data analysis accuracy is crucial.  Businesses may decide whether variants (such as design, call-to-actions, or audience segmentation) actually result in greater performance by using accurate data analysis, which guarantees that the insights obtained from A/B tests are trustworthy.  On the other side, inaccurate analysis may result in incorrect conclusions and less-than-ideal marketing choices that could negatively impact sales results.  Accurate data analysis is even more important in the Saudi Arabian environment, where regional and cultural quirks can have a big impact on customer behavior.  High accuracy maximizes the impact of A/B testing on online sales growth by enabling firms to reliably adopt changes that resonate with the target audience. Therefore, a major factor that either increases or decreases the overall efficacy of A/B testing efforts is the accuracy of data analysis.

2.2 Current Research on A/B Testing
Any technology adoption refers to the voluntarily made decision at the person and/or organizational level to initially embrace and/or operationally employ it to solve problems.  The relationship between adoption and the factors within the contexts of technology, organization, environment, and task was found to be statistically supported, even though some of the factors had negative coefficients. Awa et al. (2017) contended that although the TOE framework enjoys strong scholarly accolade, it rarely explicitly advocates task and individual factors.  According to Awa et al. (2017), hedonistic drive lacked statistical evidence, but the social element had a statistically significant negative coefficient for the individual setting.  Eze et al. (2013) used the T-O-E framework in their research and found that the external environment, the organization's technology, and the innovation's features were all very helpful in the adoption process. Technology competence, firm size, financial commitment, competitive pressure, and regulatory support were identified by Zhu and Kraemer (2005) as crucial adoption factors in the T-O-E framework. Building on their arguments, this study aims to investigate whether A/B digital marketing testing can be used to increase the companies' online sales in the Saudi Arabian context.
Controlled experiments are the most effective means of demonstrating the relationships between potential modifications and their effects on user behavior as quantitative research tools (Kohavi, Long-botham, Sommerfield & Henne, 2009).  These kinds of trials produce a lot of data, which may be examined using a variety of data mining approaches to better understand the variables influencing a company's objectives.  Businesses can enhance their systems with automated optimization and real-time analysis by using controlled experiments and applying explicit evaluation criteria (Gallo, 2017). 
According to Kohavi and Longbotham (2017) and Esteller-Cu-cala et al. (2019), A/B tests are also known as split testing, bucket testing, randomized experiments, control/treatment tests, and online field studies.  In order to ascertain which version of a variable (web page, web page element, email, etc.) performs better and enhances the observed KPIs of the website, two or more versions of the variable are simultaneously shown to various website visitor segments in a process known as random experimentation (Mullin, 2022).  This is a common method for assessing user engagement or satisfaction with a new product, service, or feature on a website. Mandić et al. (2023) investigated the use of A/B testing to assess the effectiveness of online sales and identify which user interface modifications to a website had the biggest impact on improving key performance metrics.  The findings of the first A/B test, according to the authors, indicate that the current version of the website should occasionally be retained.  The second, fourth, and fifth A/B tests, however, demonstrate that alterations to a website's user interface can significantly aid in raising KPIs.  To fully realize the potential of an online business, the third A/B test made clear that the identical user interface piece must be tested many times. Numerous significant issues are listed by Braun and Schwartz (2025), and they are directly related to research on A/B testing and online sales. These challenges include nonrandom exposure, divergent delivery, difficulties with causal inference, and platform incentives.  Understanding these traits is essential for producing accurate results and proactive recommendations, since they can significantly affect the validity and efficacy of A/B testing.

	Table 1. Summary of Related Studies on A/B Testing
	Gaps

	Study
	Research Focus
	Data Source
	Theoretical Lens
	Major Findings
	Theme: A/B and Online sales
	Multi-Methods Analysis
	Scope: Saudi Arabia

	Braun and Schwartz (2025)
	Factors affecting the validity of A/B testing. 
	Experimental and platform Data
	Causal Inference Theory
	The validity of A/B testing is influenced by nonrandom exposure, divergent delivery, causal inference challenges, and platform incentives.
	N. A
	N. A
	N. A

	Mandić et al. (2023)
	examine the impact of A/B testing on improvement of key performance indicators
	Experimental data
	controlled experiment theory
	The performance indicators can be improved by the existing version of the website should be kept, or changes to a website’s user interface. 
	N. A
	N. A
	N. A

	Masoero et al (2023)
	explores the use of covariate-adjusted estimators to improve the precision of causal effect estimates in online A/B testing
	Real-World A/B Testing Data and Covariates 
	Causal Inference
and Statistical Estimation
	Provides a scalable framework for implementing covariate-adjusted estimators in real-world online A/B testing platforms.
	N. A
	N. A
	N. A

	Cruz-Benito et al. (2018)
	Employing A/B testing to evaluate different versions of adaptive web forms and determine which designs perform best for specific user segments.
	User Interaction Data
and A/B testing Data
	Human-Computer Interaction 
	Adaptability can be achieved by detecting users’ behaviors, preferences, and profiles using
A/B testing.
	N. A
	N. A
	N. A

	Esteller Cucala et al (2020)
	Identifying common mistakes and challenges in designing, implementing, and interpreting A/B tests for online personalization.
	A/B testing data and Simulated Data

	Causal Inference and Experimental Design

	A comprehensive list of common A/B testing errors in the context of online personalization
	N. A
	N. A
	N. A

	Kohavi and Longbotham (2017).
	the role of A/B testing in evaluating the impact of changes to websites, apps.
	Experimental data and case studies.
	Causal Inference and Statistical Theory

	provide valuable resource to implementing A/B testing in organizations
	N. A
	N. A
	N. A

	Koning et al (2022)
	Experimentation as Entrepreneurial Strategy and the impact of A/B testing adoption
	Startup Performance Data and
A/B Testing Adoption Data

	Entrepreneurial Strategy and Causal Inference
	Provides empirical evidence on how A/B testing impacts startup performance. 
	N. A
	N. A
	N. A

	This study
	A/B Testing and firms’ Online sales
	Qualitative: Semi-structured interviews and Quantitative: Surveys
	Technology-Organization-Environment (TOE) Framework

	effective design variations, clear CTAs, and personalized audience segmentation can significantly boost sales, while accurate data analysis enhances these effects.
	Yes
	Mixed Method: Interviews and Survey.
	Yes


Technology-Organization-Environment (TOE) Framework is significant to research on how A/B testing effects online sales in Saudi Arabia, particularly because it provides a structured framework to examine the adoption and impact of technical breakthroughs (like A/B testing) within businesses.   The Technology-Organization-Environment (TOE) Framework studies how three factors—technology (tools and innovations), organization (internal structures and tactics), and environment (external market and cultural conditions)—influence company outcomes.The current study argues that organizations discuss variant design and call-to-action efficacy, technology pertains to A/B testing tools and data analysis accuracy, and the environment influences audience segmentation by reflecting Saudi Arabia's market and cultural setting.  How these interrelated elements influence how well A/B testing works to increase online sales in Saudi Arabia is explained by the TOE framework.
 By analyzing the effects of A/B testing on online sales from a variety of perspectives—technological, organizational, and environmental—the TOE framework is a reliable tool for gaining a thorough grasp of its impact.   Regarding the technical aspect, this study examines the kinds of A/B testing instruments that are employed, their perceived efficacy, and implementation difficulties. Using the TOE framework, this research can systematically analyze how A/B testing influences online sales in Saudi Arabia, making theoretical and practical contributions to the field. With regard to the organization's dimension, this study evaluates organizational readiness, the roles of IT managers, and resource allocation for A/B testing. Lastly, the current study highlights the environment dimension by investigating how market competition, cultural preferences, and regulatory factors in Saudi Arabia influence the adoption and outcomes of A/B testing.

2.3 A/B Testing Data Analysis Accuracy
Since it guarantees accurate insights into consumer behavior and campaign efficacy, the precision of A/B testing data in digital marketing is essential for evaluating online sales performance. Choosing what to test is the first step in the A/B testing process. Next comes deciding how to assess the effectiveness of the initial choice.  Two groups of visitors, or actual users, are randomly assigned to one of two variants or two distinct versions of a website in order to conduct the test: variant A (the control group), which is typically the most recent version of the system under evaluation, and variant B (the treatment group), which is typically a more recent version with only minor modifications. To determine whether version has a bigger influence on the key performance indicators being tracked, the two versions are contrasted using specific metrics of interest pertaining to user preferences. 
According to Kohavi et al. (2009), the variant that exhibits a statistically significant improvement is kept after testing, while the other version is eliminated.  Researchers found that conducting A/B testing takes a lot of time (several weeks), which impacts the test's cost (Masoero et al., 2023).  Esteller-Cucala et al. (2019) highlighted the experimental difficulties of using A/B testing, pointing out that the primary hazard is that most businesses lack a defined process for choosing their assessment measures. Accurate data removes uncertainty and maximizes return on investment by assisting marketers in determining which variations—such as ad language, design, or CTAs—actually increase conversions.  Inaccurate information can result in poor choices, squandered funds, and lost income prospects.  Businesses can confidently improve user experience, increase sales, and optimize strategy by adhering to strict testing standards, such as appropriate sample sizes and controlled variables.  In the end, data-driven growth in e-commerce is based on the accuracy of the data used in A/B testing.

CHAPTER 3: RESEARCH METHODOLOGY 

3.1 Target Population and Sampling 
This study uses a quantitative research method. Additionally, convenience sampling approach will be employed to collect data from our target population: Digital marketing professionals, e-commerce managers, and business owners. The selection of convenience sampling techniques was based on the time and resource limitation and the nature of data required to undertake this research. The scope of is research is confined to two major cities in Saudi Arabia: Jeddah and Riyadh. The choice of these two cities goes back to their suitability and validity as geographical scope for our research as both cities are considered as well-urbanized and have more companies employing A/B digital marketing testing. Further, this study intends to collect more than 200 questionnaires to fulfil the research objectives and uses SPSS software to analyze the hypothetical relationships among the constructs. Table 1 summarizes the key points of the research methodology. 
Table 1: Summary of Research Methodology 
	Research Method 
	Quantitative

	Sampling approach 
	Convenience Sampling 

	Target Population
	Digital marketing professionals, e-commerce managers, and business owners 

	Data collection method 
	Exploratory Interviews and Surveys

	Sample 
	6 exploratory interviews and ~200 questionnaires

	Data Analysis
	Structural Equation Modelling using SPSS

	Research Scope
	Jeddah and Riyadh Cities. 



3.2 Data Collection
3.2.1 Exploratory Interviews
Depending on the participants' availability and location in Saudi Arabia, the interviews will either take place in person or online (via Zoom or Microsoft Teams).  For precise transcription and analysis, each semi-structured interview will be recorded (with consent) and run between thirty and forty-five minutes.  In order to guarantee that participants have direct involvement in creating, carrying out, or evaluating tests that affect online sales, they will be chosen based on their experience with A/B testing in digital marketing.  Participants will get a quick rundown of the study's goals and confidentiality guarantees before to the interview.  Their experiences with audience segmentation, call-to-action efficacy, and variant design will be examined through open-ended questions, which will allow for in-depth insights while also being adaptable for follow-up inquiries. 
The main conclusions will be compiled at the conclusion of each session, and participants may be contacted for further information if necessary.  To find trends in how A/B testing tactics affect online sales in the Saudi market, the gathered data will be subjected to a thematic analysis.  Digital marketing managers, e-commerce managers, performance marketing specialists, data analysts working on marketing campaigns, and heads of digital transformation in businesses are among the target population's Saudi Arabian digital marketing professionals, managers, or decision-makers with experience using A/B testing in digital marketing campaigns. The interview questions are divided into 5 fundamental themes as follows:

 1. Variation Design  
In your A/B tests, how do you usually go about creating variations (e.g., layout, color, content changes)?  Could you provide an example of a test in which the variation design had a major effect on sales?  
 What difficulties did you encounter when developing various iterations of a digital marketing component (such as advertisements or landing pages) for A/B testing in the Saudi market?  

 2. Call-to-Action (CTA) Effectiveness  
How do you choose which CTAs to test in your campaigns—such as "Buy Now," "Learn More," and "Sign Up"?  Have you observed cultural preferences in the way Saudi customers react to various calls to action?  
 Could you give an instance when altering a call to action in an A/B test resulted in a discernible shift in sales or conversion rates?  

 3. Audience Segmentation  
For A/B testing in Saudi Arabia, how do you divide up your audience based on demographics, behavior, and geography?  Which segmentation strategy has increased online sales the most?  
 Regarding various Saudi client segments (e.g., age groups, gender, urban vs. rural), have you noticed variations in A/B test results?  
4. Data Analysis Accuracy
How do you make sure that A/B test findings are reliable and accurate before making data-driven decisions?
How would you respond if the findings of an A/B test were unexpected or contradicting?

5. General A/B Testing Practices & Impact on Sales  
Which important metrics—such as conversion rate, average order value, and bounce rate—do you monitor to assess how well an A/B test is generating online sales?  
 Before making modifications, how can you make sure that an A/B test's findings are statistically significant?  
 
 5. Challenges & Cultural Considerations in Saudi Arabia  
In comparison to other markets, what particular difficulties have you faced while performing A/B testing for digital marketing in Saudi Arabia?  
 What effects can cultural or religious considerations have on the design and results of A/B tests in Saudi Arabia? Examples of these aspects include campaign timing, messaging, and imagery.  

3.2.2 Questionnaire and Measures
This research assesses the impact of a/b testing three major characteristics: variation design, call-to-action effectiveness and audience segmentation on the online sales performance of firms in Saudi Arabia while considering the potential moderating role of a/b testing data analysis accuracy on these relationships. The current study has 3 independent variables: A/B testing variation design, call-to-action effectiveness and audience segmentation on the online sales performance while considering the moderating role of a/b testing data analysis accuracy in the context of Saudi Arabia. This study examines the impact of A/B testing variation design, call-to-action (CTA) effectiveness, and audience segmentation on online sales performance, with A/B testing data analysis accuracy as a moderator. All constructs were measured using a 5-point Likert scale (1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, 5 = Strongly Agree). Appendix 2 shows the components of the survey questionnaire. 
The A/B Testing Variation Design variable compares the efficacy of several design variations in A/B testing. Respondents agreed on whether the variants were well-structured, visually appealing, and useful in distinguishing performance. Examples include: "The variations in A/B testing were well-designed to effectively compare different versions," and "The A/B testing design assisted in identifying the better-performing version." Call-to-Action (CTA) Effectiveness assesses the persuasiveness and impact of CTAs in increasing user engagement and conversions. Respondents evaluated the clarity, placement, and design of CTAs. A couple of examples: "The call-to-action (CTA) was clear and compelling" or "The CTA design (color, size, wording) was effective in increasing clicks." 
The audience segmentation variable assesses the accuracy and utility of audience segmentation in personalizing marketing operations.  Respondents evaluated whether segmentation enhanced personalization and relevance.  A few examples include: "The audience was segmented effectively based on relevant criteria" or "Audience segmentation improved the relevance of the marketing messages."  
 The dependent variable, online sales performance, assesses the perceived effect of A/B testing tactics on sales results.  Respondents judged if the testing resulted in increased conversions, engagement, and income.  Some examples include: "The A/B testing strategy led to an increase in online sales" or "The conversion rate improved due to the implemented variations."  The moderating variable, A/B Testing Data Analysis Accuracy evaluates the reliability and accuracy of A/B testing data interpretation.  Respondents judged the statistical analysis' correctness and the reliability of the insights.  Examples of phrases include: "The data collected from A/B testing was accurate and reliable" along with "The insights from A/B testing were actionable and trustworthy."   This measurement approach allows a structured examination of how A/B testing strategies influence sales success in Saudi Arabia, while also taking into account data analysis quality.  
To account for contextual influences on A/B testing outcomes in Saudi Arabia, this study measures five control variables tailored to the local business environment. Firm size follows Saudi SME Authority (Monsha’at) classifications, categorizing businesses by employee count (1-5 for microbusinesses, 6-249 for SMEs, and above 250 for large companies) and annual revenue in SAR (under 1 million to over 200 million).

RESEARCH PLAN

	Time 
	Task

	December 2024
	Identify research area and general research topic with the help of my supervisor

	February 2025
	Decide on the exact research topic and download relevant articles from different databases

	March 2025
	Complete the initial research idea and discuss it with my supervisor, take notes and embark on writing my master thesis proposal

	April 2025
	Complete the thesis proposal and present it in front of the internal committee of professors and examiners. 

	April- May 2025
	Receive feedback from professors and modify my thesis accordingly; and embark on the data collection.

	June- July 2025
	Complete the data collection process and input data into excel file.

	August 2025
	Share the initial and major findings with my supervisor and update literature review

	September-October 2025
	Complete chapters 4 and 5, revise thesis and submit initial draft of the whole thesis to my supervisor.

	November 2025
	Upon discussion with my supervisor, refine and complete my thesis and prepare PPT for thesis defense.

	December 2025
	Present my thesis before the committee, revise my thesis based on their feedback and suggestions, print out and submit hard copy of my final thesis version.
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Appendix 1: List of Exploratory Interview Questions
1. In your A/B tests, how do you usually go about creating variations (e.g., layout, color, content changes)?  Could you provide an example of a test in which the variation design had a major effect on sales?  
2. What difficulties did you encounter when developing various iterations of a digital marketing component (such as advertisements or landing pages) for A/B testing in the Saudi market?  
3. How do you choose which CTAs to test in your campaigns—such as "Buy Now," "Learn More," and "Sign Up"?  Have you observed cultural preferences in the way Saudi customers react to various calls to action?  
4. Could you give an instance when altering a call to action in an A/B test resulted in a discernible shift in sales or conversion rates?  
5. For A/B testing in Saudi Arabia, how do you divide up your audience based on demographics, behavior, and geography?  Which segmentation strategy has increased online sales the most?  
6. Regarding various Saudi client segments (e.g., age groups, gender, urban vs. rural), have you noticed variations in A/B test results?  
7. Which important metrics—such as conversion rate, average order value, and bounce rate—do you monitor to assess how well an A/B test is generating online sales?  
8. Before making modifications, how can you make sure that an A/B test's findings are statistically significant?  
9. In comparison to other markets, what particular difficulties have you faced while performing A/B testing for digital marketing in Saudi Arabia?  
10. What effects can cultural or religious considerations have on the design and results of A/B tests in Saudi Arabia? Examples of these aspects include campaign timing, messaging, and imagery.  
11. How do you make sure that A/B test findings are reliable and accurate before making data-driven decisions?
12. How would you respond if the findings of an A/B test were unexpected or contradicting?


























Appendix 2: Questionnaire
 
Title: The Impact of A/B Testing Strategies on Online Sales in Saudi Arabia  

Dear Participant,  

This is Hamza….., a postgraduate student at ….University. Currently, I am undertaking my master thesis:” The Impact of A/B Testing Strategies on Online Sales in Saudi Arabia”. I would like to invite you to participate in this study.  I appreciate you taking the time to complete this survey.  The purpose of this study is to investigate the effects of three distinct A/B testing techniques on online sales performance in the Saudi Arabian market: variation design, call-to-action (CTA) efficacy, and audience segmentation.  Your knowledge of digital marketing will be useful in identifying best practices and obstacles when it comes to optimizing A/B tests for higher conversion rates.  It should take seven to ten minutes to complete the survey, and all answers will be kept private and used only for scholarly study.  

 Your input to this significant study is much appreciated, and your experience is highly respected.  


Section 1: Firm’s Profile 

1. Firm Size (No. of employees)
	Freelance/Micro (1-5)
	Small (6-49)
	Medium (50-249)
	Large (250 and above)

	
	
	
	



2. Annual revenue in Saudi Riyal (SAR)
	Under 1 million  
	1–10 million  
	10–50 million  
	50-200 million
	Above 200 million

	
	
	
	
	



3. Type of Industry
	E-commerce
	Oil/Gas/Energy  
	Retail & Shopping Malls
	Banking/FinTech
	Tourism/Hospitality

	
	
	
	
	



4. Marketing Budget (% of total marketing budget)
	<10%  
	10–30%  
	31–50%  
	>50%  

	
	
	
	



5. Target Market
	Saudi Nationals  
	Expatriates in KSA  
	GCC Regional Customers  
	B2B (Business Clients)  

	
	
	
	



6. Payment Option
	Credit/Debit Cards
	Cash on Delivery
	Mobile Wallets
	Buy Now, Pay Later
	Mada
	Bank Installments  

	
	
	
	
	
	




Section 2: Please share your professional perceptions about three key aspects: variation design, call-to-action effectiveness, audience segmentation, data analysis accuracy and level of firm’s online sales . Please respond using the provided 5-point Likert scale where 1 = Strongly Disagree, 2 = Disagree, 3 = Neutral, 4 = Agree, and 5 = Strongly Agree. There are no correct answers - we simply value your honest assessment based on your experience.

	 2.1 A/B Testing Variation Design  
	1
	2
	3
	4
	5

	The variations in A/B testing were well-designed to compare different versions effectively.  
	
	
	
	
	

	The A/B testing variations were visually appealing and user-friendly.  
	
	
	
	
	

	The differences between A/B testing versions were clear and meaningful.  
	
	
	
	
	

	The A/B testing design helped in identifying the better-performing version.  
	
	
	
	
	



	2.2 Call-to-Action (CTA) Effectiveness 
	1
	2
	3
	4
	5

	The call-to-action (CTA) was clear and compelling.  
	
	
	
	
	

	The CTA placement was optimal for driving user engagement.  
	
	
	
	
	

	The CTA language was persuasive and encouraged conversions.  
	
	
	
	
	

	The CTA design (color, size, wording) was effective in increasing clicks.  
	
	
	
	
	



	2.3 Audience Segmentation
	1
	2
	3
	4
	5

	Effective audience segmentation was done using pertinent criteria (e.g., demographics, behavior).  
	
	
	
	
	

	The results of the A/B tests revealed clear preferences for the divided groups.  
	
	
	
	
	

	Segmenting the audience increased the marketing messages' relevance.  
	
	
	
	
	

	Customizing the user experience was made possible by the segmentation strategy.  
	
	
	
	
	



	2.4 A/B Testing Data Analysis Accuracy
	1
	2
	3
	4
	5

	The data collected from A/B testing was accurate and reliable.  
	
	
	
	
	

	Statistical analysis was correctly applied to interpret A/B test results.  
	
	
	
	
	

	The insights from A/B testing were actionable and trustworthy.  
	
	
	
	
	

	The A/B testing tools used provided precise and meaningful data.  
	
	
	
	
	



	2.5 Online Sales Performance
	1
	2
	3
	4
	5

	The usage of A/B digital advertising testing method resulted in increasing our online sales.  
	
	
	
	
	

	The conversion rate improved due to the implemented A/B digital advertising testing variations.  
	
	
	
	
	

	The average order value increased as a result of the A/B digital advertising testing.  
	
	
	
	
	

	Customer engagement with the A/B digital advertising testing positively influenced sales performance.  
	
	
	
	
	



Thank You
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