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CHAPTER ONE:
INTRODUCTION TO THE STUDY












1.1 Introduction

The twenty-first century has seen strategic management increasingly affected by managerial decisions around developing technology. Of these technologies, Artificial Intelligence (AI) has emerged as one of the most important strategic tools available to managers today. For managers, AI is not only a technical skill; rather, it is a strategic resource that managers choose to accept, govern, and use in pursuit of competitive advantage, operational excellence, and stakeholder value (Davenport & Ronanki, 2018). Decisions by managers on whether, how, and how fast to deploy AI have become defining choices in establishing the competitive positioning of organisations in practically every industry.

This study is based on accepted management theory in the subject of business administration. The Resource-Based View of strategic management (Barney, 1991) postulates that AI is a potentially valuable, scarce, inimitable and well-organized resource that management can deploy to obtain sustainable competitive advantage. The Technology-Organization-Environment framework (Tornatzky & Fleischer, 1990) illustrates how organisational elements - under direct control of management - affect the results of technology adoption. The Technology Acceptance Model (Davis, 1989) tackles a managerial concern to have the employes of the business genuinely accept and use the AI tools in which the organization invests. These frameworks are representative of a management perspective of AI, not a solely technical approach.
Banking and financial services have emerged as a particularly crucial environment for the strategic management of AI adoption. Banks have been quick to adopt management innovations and information technology and now lead the way in AI-enabled business transformation. Senior bank

Executives in Saudi Arabia and globally are making strategic choices on how much capital to deploy in AI initiatives, how to organise their teams and operational models around AI capabilities, how to manage the human capital implications of AI deployment and how to oversee AI-related risks. These are fundamentally managerial decisions that are fully within the field of business administration.
In the Kingdom of Saudi Arabia, the strategic management of AI adoption has been elevated to the level of national policy with Saudi Vision 2030. Digital transformation and management of emerging technologies are strategic priority for governmental and commercial sector organisations, as explicitly stated in Vision 2030. The creation of the Saudi Data and Artificial Intelligence Authority (SDAIA) in 2019 and the launch of the National Strategy for Data and AI in 2020 are strategic management decisions at the national level that set the context for how organisations from all sectors should approach AI. The Saudi Central Bank (SAMA) has, in turn, published strategic regulatory guidance encouraging banks to deploy AI in ways that promote both innovation and solid risk management - itself a core management challenge.
In this strategic framework, the management teams of Saudi commercial banks have stepped up their strategic investments in AI capabilities. Some of the major banks that have taken a deliberate management decision to incorporate AI-powered chatbots, biometric authentication, predictive credit-risk models and automated back-office procedures are Saudi National Bank, Al Rajhi Bank, Riyad Bank and Banque Saudi Fransi. From a management perspective, these activities are significantly more than technology projects. They entail strategic planning, change management, people management, performance management and governance – all key disciplines of business administration.

Notwithstanding these significant managerial implications, a key management research question is yet to be adequately addressed: from a business administration perspective, does the strategic management decision to implement AI lead to measurable enhancements in the organisational performance of Saudi commercial banks? While managers may point to anecdotal benefits and industry reports, there is still a paucity of robust empirical evidence on the relationship between the adoption of AI as a management decision and numerous dimensions of organisational performance in the Saudi banking sector. This management research gap inspires the present MBA-level study, which aims to give evidence that promotes better managerial decision-making about AI investments.

1.2 Research problem statement

The research topic of this MBA study can be found at the junction of three management challenges that the leadership of commercial banks in Saudi Arabia confronts. The first managerial problem is a strategic resource allocation problem under uncertainty. Bank executives are expected to make multi-year strategic commitments of resources, talent, and management attention to AI initiatives, but they do so without solid local empirical information on the projected return on these investments. From the point of view of strategic management this is a basic capital allocation challenge under uncertainty: managers must make decisions today whose return will depend on poorly understood linkages. In the absence of empirical evidence particular to the Saudi banking sector, AI investment decisions may be driven by industry hype, vendor influence or imitation of competitors rather than good strategic rationale.

The second management challenge is the multidimensionality of organisational performance. In the contemporary strategic management literature, organisational performance is treated as a balanced construct, including operational, customer, and financial dimensions (Kaplan & Norton, 1996). AI adoption, as such a management choice, should therefore be assessed against numerous performance aspects, not a single statistic. Previous studies have typically focused on AI in connection to a single dimension of performance, leaving managers without the integrated evidence they need to analyse the relative impact of alternative AI investment options across operational efficiency, customer happiness, and financial outcomes. The third managerial difficulty concerns contextual transferability. 
Most of the empirical management research on AI in banking has been performed in Western and East Asian markets and management environments that differ from Saudi Arabia in terms of institutional environment, organisational culture, regulatory regime, consumer demographics and strategic aims. From the standpoint of management theory, the findings from one management setting may not be transferable to another. The Saudi banking setting, moulded by Vision 2030, Islamic finance concerns, SAMA's distinctive regulatory approach, and a young digitally engaged client base, demands research anchored in the local management environment.
The research problem of this study is composed of these three management challenges, along with the sample of bank employes from which the study gathers data: there is an empirical knowledge gap from a management perspective on how the strategic decision of adopting AI - across its four dimensions of customer service, decision-making, risk management and operations - affects the multidimensional organisational performance of commercial banks operating in the Kingdom of Saudi Arabia. The present study

This research responds to this management research problem by offering systematic empirical evidence that supports better managerial decision-making, contributes to the body of management knowledge on strategic adoption of emerging technologies, and identifies practical management actions that can maximise the strategic value of AI investments in the Saudi banking sector.



1.3. Objectives of the Study

This MBA study aims to investigate the organizational performance of commercial banks operating in the Kingdom of Saudi Arabia from a strategic management viewpoint by managerial choice to use Artificial Intelligence. From this major management purpose, the following sub-objectives are derived:

• To determine the extent of AI use in Saudi commercial banks in the four management-relevant dimensions: customer service, managerial decision-making, risk management, and operations and automation.
• To assess the current level of organizational performance in Saudi commercial banks in the three aspects of operational efficiency, customer happiness, and financial performance.
• To analyze the relationship between the managerial decision to adopt AI and overall organisational performance in Saudi commercial banks from the perspective of strategic management theory.
• To identify the characteristics of AI adoption with the strongest managerial impact on each measure of organisational performance, to enable strategic prioritization of management investments.

• To explore if the perceived adoption of AI and organisational performance vary systematically among demographic categories of bank employs.
• To provide bank executives, human resources managers, risk and compliance officers, customer experience leaders, and Saudi banking regulators with actionable management suggestions.
• To add to the management literature on the strategic use of emerging technology, especially in the under-researched Gulf banking management setting.


1.4 Significance of the Study

The value of this MBA research may be explained from two contrasting perspectives: scientific (academic) importance, which adds to the body of management knowledge, and practical (applied) importance, which helps in the procedure of managerial decision-making in Saudi commercial banks.

1.4.1 Scientific (Academic) Significance

• That addresses a recognized vacuum in the strategic management literature about the adoption of emerging technology, particularly within the under-researched setting of Gulf banking management. Most previous studies on AI adoption were done in Western or East Asian contexts.
• It adapts and synthesizes three famous management theories, namely, the Resource-Based View, the Technology-Organization-Environment framework, and the Technology Acceptance Model, to the specific context of Saudi commercial banks, thus contributing to the extension of these theories to a new institutional setting.
• It adds methodologically by operationalizing AI adoption as a multidimensional construct with four sub-dimensions, instead of considering it as a single undifferentiated variable as in many past studies.
• It adds to the literature on organisational performance measurement by exploring three complimentary dimensions - operational, customer-related, and financial - in a single integrated empirical model.
• It offers a benchmark for future scholars, notably other MBA students engaged in the strategic management of emerging technologies in Saudi Arabia and the wider Gulf region.


1.4.2 Practical (Applied) Significance

• The study offers evidence-based feedback to top bank executives and board of directors to support strategic decisions on capital allocation toward AI initiatives across different functional areas of the bank.
• For human resources managers and talent management executives, the report discusses the consequences of AI adoption for workforce planning, training and development, organisational design and change management.
• The research highlights the greatest potential performance benefit of AI-enabled risk management skills for chief risk officers and compliance managers, supporting business justifications for further investment in risk-related AI solutions.
• The study reveals the elements of AI adoption that have the highest influence on customer satisfaction and operational efficiency correspondingly, for heads of customer experience and operations leaders.
• For Saudi banking regulators and policy makers including SAMA and SDAIA, the study provides evidence that may be used to guide the creation of regulatory structures and national-level capacity-building programs.
• The study gives insights for management consultants and fintech firms serving the banking industry into which AI solutions resonate most strongly with bank stakeholders.

1.5 Questions of the Study

From the strategic management perspective, the main research question of this study is: What is the impact of the managerial decision to adopt Artificial Intelligence on the organisational performance of commercial banks operating in the Kingdom of Saudi Arabia?
This core management question leads to the following sub-questions:

• What is the present state of AI adoption in Saudi Commercial banks in the areas of customer service, managerial decision-making, risk management, and operations and automation?
• What is the current level of organisational performance in terms of operational efficiency, customer satisfaction, and financial performance?
• Are there statistically significant relationships between the adoption of AI as a managerial decision and whole organisational performance at the alpha <= 0.05 level?
• What is the effect of AI in customer service on organisational performance dimensions?

• What is the effect of AI in management decision-making on the parameters of organisational performance?

• How does AI in risk management influence the parameters of organisational performance?

• What is the effect of AI in operations and automation on the aspects of organisational performance?

• Are there statistically significant changes in the perceptions of employes due to demographic variables such as gender, age, management position and years of experience?


1.6 Hypothesis of the Research

As per the current practice of management research and according to the directions of the supervisory body, the hypotheses of this study are stated as scientific null-hypotheses (H0), with the main null-hypothesis being broken down into a series of sub-null-hypotheses. All null hypotheses are tested at the alpha <= 0.05 significance level. Rejection of a null hypothesis suggests that there is a statistically significant management relevant link.
Null Hypothesis (H₀ 1)

H₀ 1: There is no statistically significant link at the alpha <= 0.05 level between the managerial decision of adopting Artificial Intelligence and the organisational performance of commercial banks in the Kingdom of Saudi Arabia.
Sub Null Hypotheses

H₀ 1a: There is no statistically significant link at the 0.05 alpha level between AI in customer service and organisational performance in Saudi commercial banks.

H₀ 1b: There is no statistically significant link at the alpha <= 0.05 level between AI in management decision-making and organisational performance in Saudi commercial banks.
H₀ 1c: There is no statistically significant link at the alpha <= 0.05 level between AI in risk management and organisational performance in Saudi commercial banks.
H₀ 1d: There is no significant link at the alpha <= 0.05 level between AI in operations and automation and organisational performance in Saudi commercial banks.
Additional Null Hypothesis on Demographic Differences (H₀2)

H₀ 2: The demographic variables (gender, age, position, and years of experience) do not have statistically significant impact on respondents’ management view of AI adoption and organisational success at alpha <= 0.05 level.

1.7 Theoretical Model of the Study

As shown in Figure 1.1, the theoretical model of this MBA study shows the management-oriented relationship between the independent variable (AI Adoption as a managerial decision) and the dependent variable (Organisational Performance). The model is based on existing management theory and operationalises the correlations into testable null hypotheses. The independent variable is operationalised across four management-relevant dimensions and the dependent variable across three dimensions, with demographic factors as control variables.
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Figure 1.1: Theoretical Model of the Study


1.8 Operational Definitions of Key Management Terms

The following operational definitions are employed in this management study.

Strategic Management The process of developing and implementing strategies that assist the organization in achieving its objectives and sustaining a competitive edge by top management. This paper considers the decision to deploy AI as a strategic management problem.
Artificial Intelligence (AI) - Management Perspective: The collection of computer-based capabilities – including machine learning, natural language processing, predictive analytics and robotic process automation - that management may utilize as a strategic resource to perform or enhance functions traditionally requiring human intelligence. AI is a management tool, not a technological artefact.
AI Adoption (as Managerial Decision): The strategic management decision to adopt AI-based tools and systems into the processes, products, and services of the business, assessed on four dimensions: customer service, managerial decision-making, risk management, and operations and automation.
Organisational Performance: The degree to which an organization accomplishes its strategic and operational management objectives operationalized thru operational efficiency, customer satisfaction and financial performance.
Operational Efficiency: The bank’s management ability to provide products and services with minimum resources of time, cost and effort while keeping quality.
Customer Satisfaction: The extent to which the bank meets or exceeds the expectations and needs of its clients.
Financial Performance: The bank’s capacity to provide financial returns and economic value, assessed by profitability, return on assets, return on equity, and revenue growth.
Change Management: The planned management approach for moving the bank, its teams and operating model from the current state to a desired future state that incorporates AI capabilities.
Competitive Advantage: A situation in which a bank exceeds its competitors by employing precious, rare, inimitable, and well-organised resources and competencies, including the strategic use of AI.
Commercial Bank A financial institution regulated by the Saudi Central Bank (SAMA) to accept deposits, offer loans and a range of financial services to individual and corporate customers.
Vision 2030: The Government of Saudi Arabia developed this strategy framework in 2016 to diversify the economy and strengthen public service sectors, with digital transformation and AI as essential enablers.

1.9 Organization of the Study

This MBA study is organized in four management-oriented chapters with front matter, references and appendices. Chapter One presents the Introduction, Problem Statement, Objectives, Significance, Questions, Null Hypotheses, and Theoretical Model as the research basis. Chapter Two The literature review and theoretical premises are outlined in this chapter. The chapter opens with the foundations of theory, where the variables are defined and classified, earlier studies are reviewed, the research gap is identified, and the theoretical framework is presented. The third chapter clarifies the research methodology that has been followed in the research. It explains the descriptive-analytical approach, research philosophy, population and sample, data collection instrument, validity and reliability testing, statistical analysis processes, study determinants and ethical issues. In Chapter Four the data analysis, the testing of the null hypotheses, the discussion of the findings, the conclusions and the practical recommendations are presented. The study concludes with references in the APA format and appendices that include the research instrument and the Arabic translation of the abstract.

1.10 Relevance of the Study to the Field of Business Administration

The way this MBA study is grounded in the discipline of Business Administration should be thoroughly shown. The study is characterized by the following characteristics that clarify management discipline orientation:
• AI adoption as the independent variable is a strategic management decision and not a technical artefact. The research treats AI not as a collection of algorithms or software architectures but as a decision made by senior management on how to deploy, govern, and integrate AI capabilities within the company. Organisational performance as a dependent variable is a key notion in Strategic Management, Management Accounting and the Balanced Scorecard approach.

• The foundations of theory – Strategic Management, RBV, TOE and TAM – are all established management theories taught in MBA programs around the world; none are technological or computer science theories.
• The respondents are bank managers, supervisors and management staff - not software developers or data scientists - which guarantees the management emphasis of the empirical investigation.
• The study instrument measures management-related constructs such customer service management, decision-making, risk management, operations management, operational efficiency, customer satisfaction and financial performance.
The results are analyzed thru the glasses of management and the recommendations are directed to management audiences.

• Contribution to the literature on strategic management of emerging technologies, change management in financial services, and organisational performance management in the Gulf banking setting.
To summarise, these elements make it clear that the study is undeniably an MBA level management research effort. The AI is considered as a tool that managers choose to utilize, not as an object of technical investigation, and it is analyzed purely from the management perspective.

1.11. Conceptual boundaries of the study

To maintain methodological clarity, it is helpful to specify what is examined in this study and what is not. The paper explores the strategic management decision of bank executives to embrace AI as a managerial tool and its consequences on several facets of organisational performance. The study does not discuss the technical architecture, algorithmic design or computer science aspects of artificial intelligence systems. It does not look at the customer facing user experience of AI from the customer’s perspective, but it does capture the perceptions of bank employs on the impact of AI on customer satisfaction. It does not explore the effect of AI on the overall macroeconomic performance of the Saudi financial industry but the results have implications for sector-level performance thru aggregation of outcomes at the bank level.
The study is situated at the level of analysis of the individual commercial bank as a strategic management unit. The unit of observation is the individual bank employee. The perceptions of AI use and organisational performance are aggregated to characterize the management status of the industry. This level of-
The choice of analysis is typical of MBA-level management research on technology adoption and helps to generate insights that are practical at the level of decisions made by bank leadership.

1.12 The Importance of the Saudi Banking Environment for Management Research

The Saudi banking sector has various grounds to deserve dedicated management research attention that support the management discipline approach of this study. First, the industry is undergoing one of the fastest strategic revolutions of any banking sector in the world, fueled by the Vision 2030 framework and the active leadership of SAMA and SDAIA. This rapid transition provides a very rich study setting in which strategic decisions and their implications can be studied at compressed time periods.
Second, the context combines features rarely found together in a single research setting: a young digitally native customer base; substantial management resources available to incumbent banks; a strong regulatory environment combining principles-based supervision with active fintech enablement; and the strategic ambition of becoming a regional and global financial hub. Third, the ramifications of discoveries from Saudi Arabia go beyond the Kingdom, as many other Gulf Cooperation Council countries, and emerging market economies are following similar strategic shifts.

1.13 Chapter Summary

This chapter has laid the foundation of the study from the viewpoint of strategic management. The study topic was introduced, the research problem was formulated as the junction of three management challenges, and the objectives, importance, questions, null hypotheses and theoretical model were provided. It also defined the key words, highlighted the conceptual boundaries, and specifically showed how the study is grounded in the field of business administration. The next chapter elaborates on the theoretical premises and the previous literature in detail, which then leads to the identification of the research gap and the presentation of the integrated theoretical framework guiding the empirical investigation.
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CHAPTER TWO:
THEORETICAL PREMISES AND LITERATURE REVIEW












2.1. Introductory

The theoretical foundations and literature evaluation of the study are presented in this chapter from a strategic management perspective. The section has two main aims. Firstly, it covers the theoretical premises thru the presentation of the management theories, definitions, types, classifications and conceptual bases related to the variables of the investigation. Second, we evaluate and compare existing empirical studies on AI adoption and organisational success and highlight the research gap our work covers.

The chapter is organized in several major sections. Theoretical frame Strategic Management theory Resource-Based View Technology-Organization-Environment framework Technology Acceptance Model Section 2.2 The hypotheses concerning the independent variable are presented in section 2.3. Section 2.4 describes the premises connected to the dependent variable. Section 2.5 discusses earlier empirical investigations. The research gap is identified in section 2.6. Section 2.7 introduces the integrated theoretical framework, followed by comprehensive examination of the Saudi environment, drivers and barriers, supplementary research and specific premises for each variable dimension.

We utilized a systematic literature review method, referencing management journals indexed in Web of Science, Scopus, Google Scholar and ScienceDirect, and supplemented by industry reports from McKinsey, Harvard Business Review and the Saudi Central Bank, as well as policy documents from SDAIA and SAMA.



2.2 Management-Theoretical Basis of the Research

This study is grounded in four acknowledged streams of management theory. Each is discussed below, emphasizing its special relevance for the management of AI deployment in banking.

2.2.1 Theory of Strategic Management

Strategic management is the field of study that addresses the ways in which organizations develop and implement decisions and actions that enable organizations to meet long-term goals and to sustain a competitive edge. Foundational strategic management literature (e.g. Porter, Mintzberg, Hamel) indicates that strategy is about making choices regarding where to compete, how to compete and what resources and competencies to build. In this sense, the choice of adopting AI is a strategic decision, impacting all three dimensions: AI impacts the segments of customers and the lines of business the bank serves, the way it competes in those segments and lines, and the capabilities the bank invests in for the future.

Strategic management theory also emphasizes the necessity of strategic fit between the external environment, the internal organization and management decisions. When considering AI in Saudi banking, strategic fit necessitates that AI investments match the demands of the competitive landscape, the regulatory environment, and the internal organization - data assets, talent base, and organisational culture.




2.2.2 The Resource-Based View of the Firm (RBV)

The Resource-Based View was formalized by Barney (1991) and is a core idea in strategic management. The RBV contends that a firm’s persistent competitive advantage rests on its valuable, rare, inimitable and organized (VRIO) resources and talents. From the RBV perspective, AI itself is becoming increasingly available to all banks. What makes winning banks is the combination of AI with proprietary customer data accumulated thru years of relationships, with skilled human talent, and with the organisational processes that integrate AI insights into managerial action.
The RBV suggests that managers should not consider AI as a stand-alone technology investment, but rather as one component of a broader competence that must be created intentionally over time. Banks that see AI as a strategic capability, along with data, talent and process, can build sustained competitive advantage. Banks that see AI as a technology to be bought will tend to find that any short-term advantage is quickly eroded as competitors replicate the technology.

2.2.3 Technology-Organization-Environment (TOE) Model

A popular approach used to study the determinants of technology adoption by organizations is the Technology-Organization-Environment framework (Tornatzky & Fleischer, 1990). The framework distinguishes three classes of factors. Technological factors include the relative advantage of the technology, compatibility with existing systems and complexity. Organisational factors, which are within direct managerial control, include business size, organisational structure, top management support, slack resources, and absorptive capacity. Environmental considerations include competitive pressure, regulatory restrictions, and availability of external partners.
The TOE framework is of value from a management standpoint in that it positions management at the heart of the technology adoption process. The decision to use AI is based not only on what the technology can achieve, but on the strategic choices management makes regarding how to organize the organization and how to place it within its environment.

2.2.4 Model of Technology Acceptance (TAM)

The difficulty of ensuring that employs really accept and use the technologies in which management has invested is addressed by the Technology Acceptance Model (Davis, 1989), and its later developments including the Unified Theory of Acceptance and Use of Technology. TAM recognizes perceived usefulness and perceived ease of use as two major factors of technology acceptance at person level.
TAM is a reminder to managers that strategic investments in AI only create value when employs, whether they are managers, customer service reps, risk officers, or operations folks, truly leverage the AI tools they are given. Change management, training, communication and incentive design are therefore critical complements to AI investment.

2.3 The Independent Variable’s Theoretical Premises: Adoption of AI

2.3.1 Artificial Intelligence: The Concept – Management Perspective

From a management perspective, Artificial Intelligence is the collection of computer-based capabilities – including machine learning, natural language processing, predictive analytics, and robotic process automation – that management can deploy to perform or augment tasks traditionally requiring human intelligence. Managers don’t care about AI per se, but about the strategic and operational ramifications of implementing AI in a company.

Managers need to see AI as a general-purpose technology that can be applied to various activities in the enterprise. Davenport and Ronanki (2018) for a management readership in the Harvard Business Review, provide a business-oriented classification of AI into three categories: process automation, cognitive insight and cognitive engagement. This classification is of more utility for management decisions than pure technical taxonomies. It gives managers a framework for aligning AI capabilities to business challenges.

2.3.2 AI Evolution and Classification in Banking Management

The development of AI in financial management can be divided into five waves as shown in Figure 2.1. There are numerous stages of management acceptance and use of AI capabilities in banks and each wave has different management goals, organisational structures, and performance implications. The evolution has been from rule-based expert systems in the 1980s and 1990s, to data mining and early machine learning, and now to the current era of generative AI and enterprise-wide hyper automation initiatives driven from the top of the business.
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Figure 2.1: Evolution of AI Adoption in Banking Management


2.3.3 Types and Dimensions of AI Adoption Relevant to Management

For the aim of management research, this paper decomposes AI adoption in banking into four management-relevant variables. These dimensions map into diverse domains of bank management, each with its own performance targets, organisational structure, and managerial priorities.

2.3.3.1 Artificial Intelligence in Customer Service Management

AI in customer service management is the application of AI-powered solutions like chatbots, virtual assistants, personalization engines, and sentiment analysis to better manage customer interactions. From a marketing-management and service-management standpoint, this dimension supports objectives including service quality, customer experience, retention, and cross-selling. The managerial consequence is that AI in customer service should be integrated with the larger customer experience strategy of the bank and not implemented in isolation.


2.3.3.2 Artificial Intelligence in Managerial Decision Making

AI in managerial decision-making means using AI-based analytics, predictive models and prescriptive recommendations to support choices taken by managers across the bank. Applications: Credit-decision management Customer-churn management Pricing-decision management Strategic-planning support the management consequence is that AI augments, rather than replaces, human judgement, and the most successful banks build AI to support managers, with clear governance and accountability.

2.3.3.3 AI for Risk Management

AI in risk management refers to the use of AI capabilities in the risk management discipline, including fraud-risk management, credit-risk management, market-risk management, operational-risk management, AML/CFT compliance management, and cybersecurity management. From a financial-management and risk-management standpoint, AI allows more precise and fast risk choices and helps the bank manage its capital and reputation more holistically.




2.3.3.4 AI for Operations and Automation Management

Artificial intelligence in operations and automation management is the application of AI and Robotic Process Automation to manage back-office and middle-office procedures. This dimension supports operations-management objectives such as cost efficiency, processing speed, quality, and scalability, and is often managed by an operations-management function or an enterprise transformation office.


2.4 Theoretical Premises of the Dependent Variable: Organisational Performance

2.4.1 Concept of Organisational Performance from Management Perspective

Organisational performance is a fundamental element in strategic management and management accounting. Performance, from a management perspective, is how well the organization meets its goals and provides value for its stakeholders. Strategic management theory and practice stresses that performance is multifaceted in nature. An example is the Balanced Scorecard, developed by Kaplan and Norton (1996). Adoption of AI is a management decision that can’t be measured by one metric.. It must be judged on many performance aspects that together encapsulate the value provided.




2.4.2 Management-Relevant Dimensions of Organizational Performance


In line with the Balanced Scorecard tradition and previous research on technology adoption in banking, this study measures organisational performance by three management relevant variables.
2.4.2.1 Operating Efficiency

Operational efficiency is an essential concept in operations management and management accounting. It is the ability of the bank to deliver products and services with minimum resources of time, cost and effort, while retaining quality. Typical measures include cost-to-income ratio, processing time per transaction, error rate, and employe productivity. The characteristic most closely associated with operations-management decisions on AI in automation is operational efficiency.

2.4.2.2 Satisfaction of the Customer

Customer satisfaction is a fundamental element in marketing management, services management, and customer relationship management. It is a measure of how well customer expectations are met or exceeded. Indicators include satisfaction surveys, Net Promoter Score, customer effort score and complaint rates. The SERVQUAL model (Parasuraman et al., 1988), a popular tool in services management, measures customer perceptions of service quality across five dimensions: tangibles, reliability, responsiveness, assurance, and empathy.

2.4.2.3. Performance financière

Financial management is built upon the foundation of financial performance. It measures the bank’s ability to generate profits, returns and economic value. Common metrics are net profit, return on assets (ROA), return on equity (ROE), revenue growth, and cost-to-income ratio. The current study uses perceptual measures of financial performance as the dependent variable; nonetheless, perceptual measurements have been shown to be reasonably linked with objective financial indicators (Wall et al., 2004).


2.5 Review and Comparison of Previous Management Studies

This section evaluates selected prior empirical/conceptual studies on AI adoption in banking, compares the techniques and conclusions, and indicates the research need. The studies are listed chronologically and then there are two summary tables.

In a conceptual paper aimed at a management audience at the Alan Turing Institute, Buchanan (2019) examined the strategic implications of AI for banks. The study found that AI has the potential to disrupt the entire banking value chain and identified a number of considerations that bank executives would have to make concerning their AI strategy. The investigation was not empirical but conceptual.
Mhlanga (2020) investigated the role of AI in fostering financial inclusion in emerging economies. The author used a literature review approach to argue that AI-enabled credit scoring, mobile banking and chatbots can provide financial services to underserved communities, and emphasized the significance of regulatory, infrastructure and consumer protection decisions.

Hofmann et al. (2020) talked about Robotic Process Automation in the financial services. The case studies of European banks have shown considerable improvements in operational efficiency, processing time and cost reduction, with the lesson that benefits are strongly dependent on judgments on process selection and change management.



Mogaji et al. (2021) studied the marketing dimension of AI-based chatbots in the banking industry. The study presents qualitative interviews with bank customers who suggest chatbots provide convenience and speed, but can fail to satisfy customers with complex or sensitive issues and recommends hybrid models of AI and human service agents.

Sheth et al. (2022) explored the use of AI-based personalization in marketing for financial services and found the positive impact on client engagement and cross-selling, however, the issue of privacy and fatigue of customers due to over-personalization were raised. Kaur et al. (2023) conducted a comprehensive literature analysis of AI applications in banking and found AI to be most mature in risk management and customer service, but applications in strategic decision-making are still under development. Governance, explainability and human monitoring were stressed in the review.

Konigstorfer and Thalmann (2020) investigate the use of AI in commercial banks from a behavioral perspective and show that AI creates new forms of bias and decision-making error, while reducing some traditional biases, indicating the need for continuous human supervision. Belanche et al. (2019) studied the adoption of robo-advisors by bank clients and found perceived utility, attitudes toward technology and subjective norms to be significant predictors of adoption intentions and perceived risk as a barrier. Alsheibani et al. (2020) discuss the competitive landscape for AI adoption across industries, arguing that early movers gained long-lasting strategic advantages, highlighting the significance of timely AI investment. A review of these previous studies shows three tendencies.

A review of these previous investigations reveals three tendencies. The literature mainly agrees on the beneficial association between AI adoption and different performance outcomes. First, Second, the direction and strength of the link vary considerably among performance measures – a multidimensional analysis is therefore needed. Third, there is insufficient focus to the Saudi banking context in previous studies, regardless of the fact that Vision 2030 has made this an essential study setting.



Table 2.1: Summary of Prior Management Studies on AI in Banking
	Author / Year
	Context
	Methodology
	Main Findings

	Buchanan (2019)
	Global banking
	Conceptual analysis
	AI has transformative potential across the banking value chain

	Belanche et al. (2019)
	Robo-advisors
	Survey, TAM extension
	Usefulness and attitudes drive adoption; perceived risk is a barrier

	Mhlanga (2020)
	Emerging markets
	Literature review
	AI supports financial inclusion via credit scoring and digital channels

	Hofmann et al. (2020)
	European bank operations
	Case study analysis
	RPA delivers efficiency and cost gains with strong change management

	Konigstorfer & Thalmann (2020)
	Commercial banks
	Behavioral analysis
	AI introduces new biases; human oversight is essential

	Alsheibani et al. (2020)
	Cross-industry
	Strategic analysis
	Early movers in AI gain durable competitive advantage

	Mogaji et al. (2021)
	Customer service
	Qualitative interviews
	Chatbots improve convenience but need human backup for complex cases

	Sheth et al. (2022)
	Marketing management
	Survey-based study
	AI personalization improves engagement, with caveats on privacy

	Kaur et al. (2023)
	Global banking
	Systematic review
	AI most mature in risk and customer service; governance is critical


Source: Compiled by the researcher from the reviewed literature.






Table 2.2: Comparison of Findings on the AI-Performance Relationship

	Study
	Performance Dimension Examined
	Direction of Relationship

	Buchanan (2019)
	Strategic outcomes (conceptual)
	Positive - conceptual

	Hofmann et al. (2020)
	Operational efficiency
	Positive - significant

	Study
	Performance Dimension Examined
	Direction of Relationship

	Mogaji et al. (2021)
	Customer experience / satisfaction
	Mixed - context-dependent

	Sheth et al. (2022)
	Customer engagement, cross-selling
	Positive - calibration-dependent

	Kaur et al. (2023)
	Multiple performance dimensions
	Positive - uneven across dimensions

	Alsheibani et al. (2020)
	Strategic / competitive performance
	Positive - durable advantage for movers



2.6 The Management Research Gap

The evaluation and comparison of previous studies show a number of specific research gaps which the present work addresses:
• To date, most previous research on AI in banking has been conducted in Western or East Asian contexts, leaving the Saudi banking sector under-researched, despite the strategic relevance of Saudi Arabia vis-à-vis Vision 2030.
• Existing literature has investigated the single dimension of AI adoption or organisational effectiveness, and the integrated multidimensional link has not been researched. This study investigates four AI dimensions and three performance dimensions in one model.
• Compared to consumer or management perspectives, the perspective of bank employes, the key users and mediators of AI systems, has been researched less frequently.
• Previous research have rarely merged three management theories (RBV, TOE, TAM) into one empirical model as this study does.
The use of recognized research methodology, null-hypothesis testing using multiple regression analysis with SPSS, into the Saudi banking setting gives empirical evidence that past conceptual and case-based studies were unable to provide.

2.7 Theoretical Framework of the Study

Based on the theoretical underpinnings and the previous investigations discussed above, the integrated theoretical framework of this study is depicted in Figure 2.2. The paradigm incorporates ideas from Strategic Management, RBV, TOE, and TAM to conceptualise AI adoption as a multidimensional construct influencing multidimensional organisational performance, with demographic variables as controls.
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Figure 2.2: Theoretical Framework of the Study


2.8 Strategic management context: vision 2030 and the Saudi banking sector

To conclude the literature evaluation from a management perspective, it is vital to place this study in the broader strategic context of Saudi Arabia. Launched in 2016, Vision 2030 is the Kingdom’s blueprint for one of the most ambitious strategic reforms at the national level in contemporary economic history. Vision 2030 is a top-down strategic framework that tackles economic diversification, social development and government change, with stated targets for the financial industry and explicit acknowledgement of digital transformation as a strategic enabler.
From the perspective of strategic management, Vision 2030 introduces a number of specific circumstances affecting the deployment of AI in Saudi banks. The top-down character of the vision first gives a clear strategic direction to integrate public sector, corporate sector, and regulatory agencies around a common agenda. Second, the Financial Sector Development Program establishes precise targets for digital adoption, financial inclusion, fintech development, and competitiveness. Third, the National Strategy for Data and AI, launched by SDAIA in 2020, supports the financial sector strategy by defining targets for AI talent development, infrastructure investment and national AI readiness.
The Saudi Central Bank (SAMA) is a key player in the AI adoption landscape. SAMA’s regulatory strategy is a blend of principles-based guidance and the management of a fintech regulatory sandbox, giving a structured avenue for banks to test and enhance AI-enabled solutions under controlled settings. This regulatory climate is far more receptive to AI adoption than the environment in certain other markets, where regulatory uncertainty has stifled investment in AI.
This regulatory environment is far more favorable to AI adoption than the environment in some other markets, where regulatory uncertainty has stifled investment in AI. Large banks have the scale and resources to engage heavily in AI, including developing internal competence and acquiring sophisticated AI platforms. The advent of digital banks, fintech firms and Buy-Now-Pay-Later suppliers is putting competitive pressure on incumbent banks to speed their AI agenda. Additional demographic considerations unique to Saudi Arabia impact adoption: the population is remarkably young, with a significant share of digital natives, driving robust customer demand for digital banking services and reinforcing the business case for AI-enabled customer care and personalization.

2.9 Drivers and Barriers to AI Adoption from a Managerial Perspective

The literature finds numerous drivers and impediments shaping the strategic choice to use AI in commercial banks. Understanding these elements is important for evaluating the outcomes of the study and for developing appropriate managerial actions.


2.9.1 Motivations for AI Adoption by Management

• Competitive pressure from fintech companies and digital-native banks forcing traditional bank management to use AI to maintain market dominance.
• Regulatory expectations on risk management, anti-money laundering and consumer protection, which increasingly expect the deployment of AI capabilities.
• Customers, especially younger people, need fast, personalized, and digital service experiences
• Top-down push for AI adoption as expressed in Vision 2030 and the National AI Strategy.
• Cost-management potential thru automation, particularly beneficial in markets with rising labour prices.




2.9.2 Management barriers to AI adoption 

• Data quality challenges, as many banks are struggling to consolidate, clean and govern the data needed to train effective AI models.
• Systems issues: Most core banking systems are legacy systems and don’t have the application programming interfaces required to integrate with AI.
• Cultural resistance, especially from middle managers worried about what AI means for their teams and jobs.
• Talent gaps, with the worldwide demand for AI talent greatly exceeding supply 
• Complexity of change management – AI adoption often demands significant organizational changes that some banks struggle to manage successfully.
changes that some banks find difficult to manage successfully.
• Cost factors, since AI investments usually need a considerable initial outlay and the profits may take a while to come thru.
The balance of these incentives and barriers will determine the pace and efficacy of AI adoption in each given bank. The banks that have seen the most performance advantages from AI tend to see such gains as the outcome of holistic transformation projects that tackle both the technological and the human factors, not isolated technology expenditures.

2.10 Other Prior Management Studies

To strengthen the literature review and to follow the evaluator’s advice to compare previous studies, the following studies are grouped topically, with clear discussion of findings and methodological decisions.

2.10.1 Research on Strategic Management of AI in Banking

Manser Payne et al. (2021) analysed the strategic value drivers of AI-enabled banking from a marketing standpoint. Based on a study of US banking clients, they found that perceived trust and perceived simplicity of use were the primary predictors of customer desire to engage with AI-driven financial services. The implication of this study is that strategic investments in AI should not only target the functional performance of artificial intelligence systems, but also the trust dimension – especially in the Saudi setting where trust may be more important due to the relationship-based banking culture.
Eren (2021) investigated customers’ responses to AI-enabled chatbots in the Turkish banking sector. The research, which surveyed over three hundred customers, discovered that perceived usefulness, perceived ease of use and trust had a strong impact on adoption, with demographic factors, particularly age and digital competence, moderating these associations. The effect of conversational AI agents on customer experience in banking was experimentally investigated by Northey et al. (2022). They found that AI agents performed comparably to human agents for simple tasks, but worse for complex or emotionally charged interactions, suggesting that deployment should be calibrated to task complexity.

2.10.2 AI research in the area of risk and compliance management 
Leo et al. (2019) carried out a systematic review of machine learning applications in banking risk management and found a strong consensus that AI-driven risk management improves the accuracy of credit risk assessment, fraud detection and AML compliance. The opinion is that AI in banking is a particularly developed area of application for risk management. Aldasoro et al. (2024) examined the implications of generative AI for financial stability and prudential supervision in a Bank for International Settlements publication, and emphasized the need for balanced and principles-based regulatory structures that support innovation and preserve systemic stability. Bhatore et al. (2020) studied the machine learning based credit risk evaluation, with significant performance improvements over traditional statistical methods, but also issues related to model interpretability, fairness and governance.


2.10.3 Study on the Application of AI in Banking Operations Management

Lacity and Willcocks (2016, 2018) did substantial research of Robotic Process Automation in financial services via detailed case studies of major banks and insurers. Their findings found that well managed RPA programs typically realise 25 to 50 percent cost reductions, 50 to 80 percent reductions in processing times and 50 to 95 percent reductions in error rates - benefits that depend critically on discipline in process selection, change management and ongoing operational management. Aguirre and Rodriguez (2017) researched RPA adoption in a global shared services center and found that successful implementation needed concentrated attention to organisational transformation, employe engagement, and governance of the automation portfolio.

2.10.4 Researches in Saudi and Gulf Banking Management

Several recent studies have investigated digital transformation and technology adoption in the Saudi and Gulf setting. Research on Saudi commercial banks has found that the influence of Vision 2030 has led to an acceleration of digital transformation initiatives, with most of the major banks experiencing significant increases in investment in digital and AI capabilities since 2016. Research in the wider GCC environment has shown that the adoption pattern of sophisticated banking technology differs from the Western markets, with mobile-first adoption being particularly common. Research in Islamic Banking and AI has explored how AI applications might be matched with Sharia principles, establishing specific prerequisites for the deployment of AI in certain product sectors, such as profit and loss sharing agreements.

2.11 Synthesis and Commentaries on Earlier Management Studies

Synthesising the preceding works mentioned above, the following synthesising observations can be made:
• Across regional, methodological, and academic borders, there is a broad consensus that the use of AI has a favourable influence on various parameters of bank performance. This finding was consistent across designs, samples and circumstances, bolstering confidence in its robustness for strategic decisions.
• The magnitude and pattern of the AI-performance link differ across contexts, demonstrating that implementation decisions and organisational skills are important determinants of outcomes, highlighting the need for contextual research like the present study.
• There has been some tendency to focus more on some dimensions of AI (customer-facing and risk applications) than others (e.g., AI in strategic decision-making), and this provides a research opportunity to establish a more balanced multidimensional understanding.
• The research is dominated by studies in mature Western and East Asian economies, and relatively few empirical studies in Gulf banking situations.
• Most earlier research have utilized either qualitative case-study approaches or quantitative survey methods, but few have combined various theories and tested integrated models with rigorous statistical procedures.

2.12 Further Theoretical Bases: Theory of Diffusion of Innovations

Apart from the four ideas provided in section 2.2, the innovation adoption field is based on the theory of Diffusion of Innovations by Rogers (1962, 2003). From a managerial perspective, Rogers' theory highlights five aspects of an innovation that affect its rate of adoption: relative advantage, compatibility, complexity, trialability, and observability. When applied to AI in banking, this framework suggests that AI applications that provide clear advantages over existing approaches, that are compatible with the bank’s existing systems and culture, that are manageable in complexity, that allow for pilot testing, and that produce visible results, will tend to be adopted more rapidly.
The idea also recognises five types of adopters: innovators, early adopters, early majority, late majority and laggards. When considering the Saudi banking sector, the early adopters of AI are beginning to reap the rewards of early investment, putting pressure on the laggards to accelerate their own AI agendas. This dynamic supports the strategic urgency of AI investment decisions and helps in explaining why the present analysis finds high overall levels of AI adoption across the surveyed banks.

2.13 Management Theories Integration

The five theories discussed in this chapter - Strategic Management, RBV, TOE, TAM and Diffusion of Innovations - together offer a thorough theoretical basis for understanding AI uptake in Saudi banks. Strategic Management theory emphasises the strategic choice of AI adoption. The RBV demonstrates how AI, along with complementary resources, can be a source of sustainable competitive advantage. The TOE framework determines the determinants which influence adoption outcomes.. The TAM deals with the problem of getting employes to accept and use AI products. The idea of the Diffusion of Innovations provides additional insight into the dynamics of AI uptake in the banking industry. One of the methodological contributions of this study is the integration of all five streams in a single empirical model.


2.14 Detailed Management Premises: The Dimensions of the Independent Variable.

2.14.1 Artificial Intelligence in Customer Service Management – Extended Premises

client service is a strategic function in banking having direct ramifications for client retention, brand management and revenues. Artificial intelligence in customer service is used in a few different ways. These include chatbots and conversational agents, virtual personal assistants, automated voice-response systems, sentiment analysis tools, and personalisation engines. The complexity-based classification is mapped to a maturity trajectory starting from basic applications (e.g., FAQ chatbots, rule-based routing) , intermediate applications (e.g., natural-language conversational agents that handle routine transactions) , and advanced applications (e.g., AI-driven personalisation, predictive next-best-action recommendations, and emotion-aware service systems) .
These include cost reduction thru automation of routine enquiries, service quality improvement thru twenty-four-seven availability, customer experience enhancement thru personalisation and insight development thru analysis of interaction patterns. Deployment processes typically consist of five steps: strategy and use case identification, design of the customer journey integration, technical implementation, change management and training of human service teams, and continuing monitoring and refining.

2.14.2 AI in Management Decision-Making - Extended Premises

Managerial Decision Making is the process of identifying problems, collecting and analysing relevant information, assessing alternative and choosing courses of action by managers. The technique uses AI tools that enhance human judgement not replace it. The kinds include credit decision assistance, customer management decisions (segmentation, churn prediction, product recommendation), strategic planning support (scenario analysis, demand forecasting, competitive intelligence) and pricing decisions. This classification is based on the distinction between operational, tactical and strategic decisions. Operational decisions are repetitive and can be considerably automated. Tactical decisions can benefit from augmentation while maintaining human judgement. Strategic decisions are best supported by AI tools that inform but not drive the decision process.
Sources of value include better decision accuracy from data-driven analysis, faster decision-making, increased consistency, and the generation of insights that human managers may miss. The problems are ensuring that AI-generated suggestions are read accurately, maintaining accountability for decisions in which AI plays a role, and keeping judgement in instances in which the training data may not capture essential aspects.

2.14.3 AI in Risk Management – Extended Premises

Risk management is a core banking activity that involves the identification, measurement and management of credit, market, operational, liquidity, reputational and compliance risks. AI in risk management has grown swiftly and is currently one of the most established applications of AI in banking. Types range from credit risk management (machine-learning scoring, automated underwriting, portfolio analytics) and fraud risk management (real-time monitoring, anomaly detection, identity verification) to operational risk management, compliance management (AML monitoring, sanctions screening, regulatory reporting automation) and cybersecurity management.
The classification by criticality is representative of regulatory and reputational importance: some applications, like AML monitoring, are subject to strict regulatory expectations and require careful documentation and validation; others, like fraud monitoring, are commercially critical but less prescriptively regulated. These procedures demand especially cautious governance. Model risk management—the discipline of identifying, measuring, and managing the risks created by reliance on quantitative models—has become a substantial function in major banks, so the deployment of AI in risk management usually requires more extensive documentation, validation, and ongoing monitoring than other AI applications.

2.14.4 Operations and Automation Management AI - Extended Premises

Operations management in banking refers to the design, implementation and continuous development of the processes by which the bank delivers its products and services. Operations is perhaps where the greatest significant documented increases in performance for any AI application domain have come from the implementation of AI and automation. Types include Robotic Process Automation (rule-based, high-volume processes including data entry, account opening, and report generation), Intelligent Document Processing (combining machine learning with optical character recognition for semi-structured documents), workflow automation (orchestrating end-to-end processes across multiple systems), and predictive operations management (forecasting volumes, scheduling resources, and identifying bottlenecks).
The classification differentiates between routine high-volume procedures (well-suited to RPA), variable semi-structured processes (well-suited to intelligent automation), and complicated processes requiring judgement (best suited to AI-augmented workflows rather than complete automation). “The value is reduced cost, reduced processing time, reduced error rates, scalability and visibility into operational performance. Among the problems are selecting the correct processes to automate, addressing the organisational impact on the employes involved, ensuring quality controls and not falling in to the trap of automating failing processes instead of reforming them.

2.15 Detailed Management Premises: Dimensions of the Dependent Variable
2.15.1 Operational Efficiency – Extended Premises

Operational efficiency is a base element in operations management and management accounting. Its major performance measures include cost-to-income ratio, cost per transaction, processing time per transaction, throughput per employe, and mistake rate. Bank management routinely tracks these metrics, which are a major emphasis of performance reporting to executives and boards. Operational efficiency theoretically refers to the bank’s ability to convert inputs (capital, labour, technology) into outputs (transactions, services, goods) with little waste. Operations management has produced a lot of concepts to analyse and enhance operational efficiency as lean principles, Six Sigma, business process reengineering, and continuous improvement.

2.15.2 Customer Satisfaction – Extended Premises

Customer satisfaction is a fundamental element in marketing management, services management and customer relationship management. It’s important measures are direct satisfaction surveys, Net Promoter Score (NPS), Customer Effort Score (CES), complaint rates, retention rates and customer lifetime value. Theoretically, customer satisfaction measures the difference (or lack thereof) between customer expectations and customer perceptions of the service experience. The SERVQUAL model identifies five characteristics of service quality that affect satisfaction: tangibles, reliability, responsiveness, assurance and empathy. AI-driven service efforts can impact all of these dimensions and effective deployment must take all five into account.

2.15.3 Financial Performance – Extended Premises

The financial performance is the cornerstone construct in finance management. Its important metrics are net profit, return on assets (ROA), return on equity (ROE), revenue growth, net interest margin and cost-to-income ratio. These indicators are disclosed externally to shareholders and regulators and are tracked internally as the ultimate measurements of strategic performance. In principle, financial results demonstrate the bank’s ability to generate economic value for its shareholders whilst serving clients and functioning within the bounds of regulation. Although this study relies mostly on perceptual measures of financial achievement, perceptual measures have been verified in past studies as reasonably associated with objective financial indicators, as precise financial data are generally confidential at the individual respondent level.

2.16 Chapter Summary


The theoretical underpinnings and the literature review that support the investigation have been discussed in this chapter. It identified five interrelated streams of management theory - Strategic Management, the Resource-Based View, the Technology-Organization-Environment framework, the Technology Acceptance Model, and Diffusion of Innovations - and used them to conceptualise AI adoption as a multidimensional managerial decision. It defined and classified an independent variable and a dependent variable, reviewed and compared a wide range of previous studies, positioned the study within the Vision 2030 context, explored the drivers and barriers of AI adoption, and identified the particular research gap the study seeks to fill. The integrated theoretical framework shown in Figure 2.2 converts the premises into the model that is empirically evaluated in the next chapters. The next chapter describes the research approach used to operationalise and test this paradigm.
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